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ABSTRACT

When you are looking for a new glasses. You not only realize about colors but also realize about
the glasses frame that suit for your face shape too. People have a personal face shape not everyone
are good looking on the same glasses. When you choose the right shape, it can make you good
looking and smarter. Choosing a new glasses is spend a lot of time. This project can help people to
solve this problem. we understand about different face shape and we can help them to choose the
best glasses. We create the application and everyone can accessible and apply it more efficiency

with the deep learning.
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2.2.2.3 Xception

Depthwise Convolution
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311 2.12 Xception Model
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® Pointwise Convolution : 911 1x1 convolution Gl,ﬁwlﬁj 914U channel

AUADINT
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1 9
KxKxC datmldamnsaadia Volume 99 KxK x N Iayuiag
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channel 84nNdU
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Pointwise Convolution

Depthwise Convolution

gﬂ‘ﬁ 2.15 Depthwise Separable Convolution
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Self-consistency Test
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Split Test
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2.2.3.3 Cross-validation Test
Qddy 3 axaa o Ao A Y A A
'J‘.ﬁu!.ﬂu')‘ﬁ“lﬂuflllcluﬂ']i‘ﬂ']\‘l']u'mfl LW@1%1Uﬂ15ﬂﬂﬁﬂUﬂ5$ﬁﬂﬁﬂ1W
A A Iy A A [ a A 9y as . . dy o
GUENIillﬂaLuﬂ\‘lﬁﬂﬂwﬁ‘ﬂ]lﬂuﬂﬂ'mu%‘lfﬂﬂﬂ ﬂ'l'i'lﬂ‘]J'ﬁZﬂ'“Vl'ﬁﬂ?Wﬂ'Jﬂ'J‘ﬁ Cross-validation H3&M
[ 3 1 o J ] o
ﬂT'ill‘]J\‘lsﬁ}ﬂﬂJ”aﬂﬂﬂl‘]JuWﬁ'lﬂﬁ'Ju (Nﬂ‘ﬂgllﬁﬂ\‘]ﬁ}ﬂﬂﬂ'l k) 4¥U 5-fold cross-validation ﬁ'ﬁ] NnInI3
[ 3 [ ~ 1 1 A o 9 " A . . A
umﬁuayae@mﬂu 5 a3 Tﬂﬂmmazmuummumayammu Y199 10-fold cross-validation 19
"9 I 1 A 1 1 A o Y Y o ?,’, Y )
mmuwayaa@mﬂu 10 97U Tﬂﬂmmazmuummumay‘mmﬂu HAINUUVDYANUITIU

9 v
wldidudnaasulszansninuedlutaa 1w lthsuilauasusiuaunuialy



17

training training training training training

Tl ]“ T‘ L7
v YNy
P _\_:l; i '\ﬁ;— model
testing te;;ing testing testing

soui 1|

31 2.18 M3NATOUAIEIT 5-fold cross-validation
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® Landmark recognition
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2.5 Kotlin
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3.2.1 mseenuunuelwanT Y

3.2.1.1  Use case diagram

31] 3.2 Use case diagram
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3.2.3 Application API

- Tensorflow lite
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4.1 EINVBY Deep Learning

=

iimsnaaealashdeyailduudrignszuiunsdoudfrensSendizedn foya
disl$ 01 Tvne 299x299 winiaa uaziiu RGB Tae Trlawe? fu Label Tunisuen class
alén

Class 0 : Heart shape 914U 178 gﬂ

Class 1 : Oblong shape 391431 178 gﬂ

Class 2 : Oval shape 911471 178 g‘ﬂ

Class 3 : Round shape 91471 178 g‘ﬂ

Class 4 : Square shape 911U 178 gﬂ

lunsawsnist Idhnsnageudeya TnedsuiliFuitoadutoyauazinideyalae
il

® Training set 75%

® Testset 25%
@0 library model selection 11 sklearn az1i111)Souid8Tuiaa Xceptionlagidon s Tuaa

= ]
1NMIITeUNEY Accuracy Vo Laas laaa

M1 4.1 nfSsumanuuiuivemnazluaa

Model Accuracy
VGG16 0.54
VGG19 0.57
InceptionV3 0.75
Xception 0.88




4.1.1 Code M3911911UD9 Machine Learning Model

xcep_model = Xception(weights = “imagenet’, include_top = False,input_shape=(299, 299, 3})
x = xcep_model.output

A= GIobaIAveragePDoling?_D{}(xj

x = Dense{1024, activation="relu)(x)

predictions = Dense(nb_classes, activation = "softmanx'){x)

maodel = Madel(inputs = xcep_model.input, outputs = predictions)

31] 4.1 Code M5N1914VD9 Convolutional Neural Network

Training and Validation Accuracy
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31.] 4.2 nnluaaswamsmsu Xception Model
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4.1.2 Wanmsming
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o g g Y Y g
mﬂm‘ﬂfmlumummﬁu"lﬂwamiwﬂam U

© classes = train_generator.class_indices
classes = {value : key for key, value in classes.items()}
print(classes)

> {0: 'heart! 1: 'oblong', 2: ‘oval’, 3: 'round’, 4: 'square’}

31 4.3 naA3 Class Y03 Model

[57] img_width, img.height = 295,299

image_path="/content/03839.jpg"

img = image.load_ima(image_path, target_size=(img_width, img_height))
plt.imshow(img)

img = image.img_to_array(img)

img = np.expand_dims(img, axis = )

predictions = model.predict(img)

classes = np.argmax(predictions, axis=1)

print(classes)

- 0]
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31 4.4 uAAIWANITMNUIBYDI Model

J
4.2 aIUUD3 Application
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31.] 4.5 Application Interface (1)
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31] 4.6 Application Interface (3)
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