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Optical Character Recognition (OCR) System

Ms. Peerada Cheepsomsong 59011068
Mr. Suchakree Chatpoch 59011427
Asst.Prof.Dr. Chutimet Srinilta Advisor
Academic Year 2019

ABSTRACT

A pre-printed form contains a number of fields to be filled out. Each field has certain
meaning. It holds data. Most of time, documents given to accounting firms are paper-based pre-
printed forms that are filled with printed text. Before these documents can be processed further,
data must be extracted from them. Such data must be added to the database according to their labels

in the form.

Optical Character Recognition(OCR) converts image documents to digital text. Objective
of our project is to do the OCR for printed text on pre-printed form and insert the extracted text

into the database.

We have developed a web application that helps us manage document templates and data

collection easily by OCR in order to make the information ready to be processed further.
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gﬂ 2.2 HAAIAIDEIININ1IHVBY Character Region Awareness For Text Detection

(CRAFT)
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2.1.2.2  Convolutional Neural Network (CNN)
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2.1.2.2.1.3 Max Pooling
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2.1.2.4  Connectionist Temporal Classification(CTC) Loss
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2.1.3.3 PyCharm
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(N https://www.jetbrains.com/pycharm/)

2.1.3.4  Visual Studio Code (VSCode)
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2.1.3.5 PyTorch
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(Na: https://pytorch.org/)

2.1.3.6  Open source Computer Vision (OpenCYV)
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2.1.3.7 MongoDB
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31 2.14 Talngudioaya MongoDB

(A https://www.mongodb.com/brand-resources)

2.1.3.8 Node.js
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31 2.15 Talfl Node.js

(Nn: https://nodejs.org/en/about/resources/)
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2.1.3.9 React
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(MU https://reactjs.org/)

2.1.3.10 Redux
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2.1.3.11 Docker
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gﬂ 2.18 Itlifall Docker

(M https://www.docker.com/company/newsroom/media-resources)

2.1.3.12 Jenkins
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2.2.1 An End-to-End Trainable Neural Network for Image-based Sequence

Recognition and Its Application to Scene Text Recognition [3]
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