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ABSTRACT

Nowadays, the influence of dressing including wearing sneakers often comes
from celebrities - whether they’re artists, influencer or wearable bloggers —that make their
followers want to wear or want to know the sneakers. But if user want to find a model of the
sneakers on the internet by their own, it can be difficult because there’ve a lot of sneakers’ picture
on the internet.

The purpose of this project is developing Andriod Application by using classification
model that can classify the various models or brands of 31 pairs of sneakers based on Convolution
Neural Networks (CNN). The benefit of this project is to search models or brands of sneakers
from the pictures in the specified angle. The system is expected to ease a user to find the model of

shoes that they want to know from the image easily and accurately.
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