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ABSTRACT

The waste problem directly effects our way of living and still causing so many problems.
Everyone uses plastic bottles Plastic is strong and durable; therefore, it takes a long time to degrade.
Landfill is piled up very quickly. Most plastic bottles are recyclable. They must be sorted according
to their types first. Plastics of different types cannot be recycled together. Sorting plastic bottles
before recycling is very important. Doing it with manually is not efficient and time consuming.
This project proposes an automatic plastic bottles classification using deep learning

The system is expected to improve the correctness of plastic bottles classification,

reduce time, and facilitate the waste segregation business for recycling.
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Table 3-3 Total Classification Accuracy

) _ Plastic type
Color classifier ) Over all
, classifier accuracy ,
accuracy [%] Accuracy [%]
(%]

Clear (no color) 86.67 96.67 83.33
Clear (light blue) 83.33 93.33 76.67
Clear (light green) 96.67 93.33 90

Natural 93.33 --- 93.33
Opaque (different colors) 85.19 88.88 74.07
Total accuracy
83.67
[%]>

o d
31 2.17 waansueniszon

2.6.2 RecycleNet: Intelligent Waste Sorting Using Deep Neural Networks [2]
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