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ABSTRACT

Helmet is an equipment that motorcyclists need to wear while driving. Instead of being
concerned about their own safety, it is interesting that many of Thai motorcyclists wear helmet because
of being afraid of getting fined by the police. Due to a limited number of officers who cannot monitor
all motorcyclists at the same time, it would be a good idea to have an automated system that can identify
the motorcycle riders who do not wear helmets. This system not only reduces the officer’s workload, but
also enforces a good habit to those motorcyclists to wear a helmet while they are driving. Non-helmeted
Motorcyclist Detection System feeds a color image from a camera which is connected through a personal
computer to an image processing unit. Then the resulting image will be taken as an input of the deep
learning system which in turn classifies whether the motorcyclist in an image is wearing a helmet. The

full capture of the image will be reported as an evidence of a traffic violation.
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