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2.2 Histograms of Oriented Gradients for Human Detection (HOG)
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2.3 Thresholding
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ANA 2-7 Region Of Interest (ROI)
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2.7 Local Binary Pattern (LBP)
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2.8 Local Direction Pattern (LDP)
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Intensity Value Directional Response Bit Response
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2.9 Support Vector Machine (SVM)
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