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Currently, technology is changing rapidly and constantly as business systems. It has been
keen competition. So it is inevitable that our organization have been surviving, it must have been
used up-to-date and timely information to support it. Quick decision-making can be done in a
timely manner. To acquire the information, the big data need to be analyzed. To overcome these
obstacles, it is necessary to have a system that can help to prepare the insightful and valuable
information for business organizations. In order to provide this help, the underwriting decisions

are made for the development of information technology in order to meet the needs of different

organizations.
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