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ABSTRACT

Nowadays in the world has many personal authentication method such as password , smart card ,
fingerprint scan , and retina scan.Then we should choose a proper method to use depend on situation.
In the secret place or celebrity place security must come first or in busily public place that has many
people. They’ll need a speedy and comfortably method.

Then we had develop system that help at personal authentication via camera with face to identify
person that entering place by use face recognition and identification theory with image processing for
identify and display personal data in real time with augmented reality technology that we can use
more less time and have more easily to authenticate person. System will improve accuracy of
identification and reduce false positive rate by specify region of interest on face image , masking
image , use many result to find final result , and retrain image that has enough confident into

database.
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2.3 MAAMIATIIVTUHIN (Face detection)
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/ Read image from camera —
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by use haar cascade classifier

Find eye position in face region

No

Found pair of eye?

Yes

Calculate inner face region by use face
position and eye position

4

Crop inner face region

.
/ Get face irﬁ&ge /

Recognize face image by use Eigen
object recognizer

"
/ Write result label /
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/ Read image from camera /

Find the biggest face position in image
by use haar cascade classifier

Found face?
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No
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Find eye position in face region
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Found pair of eye?

Yes

Calculate inner face region by use face
position and eye position
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Crop inner face region
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/ Get face image /
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