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Academic Year 2015

ABSTRACT

A suitable hairstyle is one of the most important factors, to extremely enhance the
confident. The key of this problem is the most of people loss knowledge about how to choose the
suitable hairstyle for her. Since some hairstyle's attributes does not appropriate for everyone.
However, the similar face's attribute can map to similar hairstyle right. This project is applied
artificial intelligence technique to develop software program that has ability to suggest suitable
hairstyles for user with face classification. This application will take the faces which have similar
attribute in same group. After that the application will choose suitable hairstyles for that group
and show these hairstyles to user. The principal of suitable hairstyle for each group of shape is

referenced from the credible beauty expert's article.
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(¥) WAAWST 1A IANMATIA Face segmentation
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(M) MIUNGUATHAINYIIVEINTIH
(1) MIuenquagunuveIng Iy
(A1) MIUUINGUAUNTIHUNTIIN

(9) MILanguaNITMIdanuuLL laseay

Tupisuugiimssnuis 1dimatiunaTulad nformation Retrieval - 1113014 1ife
Fadiduaumuzanveans sy lugudoyai ldsumsuugah 1duddld Taold
Sawfudaneifiuds Tsunsu 3.1 Miuetesdsznoudanvemssnui Idnan 1 udhedy
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FawagnTamunaziiazuuulunsuuziinoanmaiu ldamgdnsalundhaesdlsan

Tsunsu 3.1 dane3nuasIvasUANNHINZaNYRINs WNG MIVIU TRz LY

INPUT: face_ shape
INPUT: hair styld
[length, style, bang, layered}] = hair style
CASE BASED ON face shape
CASE: round
recommend this hairstyle WHEN

(length = mid length) OR

(length = mid length AND layered =
non_slide) OR

(length = long AND style = mix) OR




Tlsunsa 3.1 daneinunsnasuA NNz aNven I M ulunihudazuuy (de)

(layered = slide) OR
(bang = side_ swept)
NOT recommend this hairstyle WHEN
(bang = blunt) OR
(layered = slide AND length != mid length)
OR
(length = short AND style = wavy)
CASE: oval
recommend this hairstyle WHEN
(length = mid length) OR
(bang = sidg=eweped=QR
(style = mix)
NOT recommend that hairstyle WHEN
(length= pixie) OR
(length = short AND style = wavy)
CASE: oblong
recommend this hairstyle WHEN
bang != none OR
style = wavy OR
(length = short AND layered = non slide)
NOT recommend that hairstyle WHEN
length = pixie/ OR
bang = none OR
(length = long AND style = straight)
CASE: gsgquare
recommend this hairstyle WHEN
style = wavy OR
bang = side swept OR
fayeredos \Slide OR
(length = mid length and layered = non slide)
NOT recommend that hairstyle WHEN
bang = blunt, OR
length = short/pixie OR
(length = long AND style = straight)
CASE: heart
recommend this hairstyle WHEN
style = wavy OR
bang = side swept OR
(length = long AND style = mix ) OR
length = short AND style = mix )
NOT recommend that hairstyle WHEN
bang != side swept OR
length = pixie OR
layered = slide
END CASE
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1314 4. 1 Confusion matrix 910N1391 10-fold cross validation NY training set 5 ﬂijﬂ1uﬁﬁ1

Predicted Label
True Label
Round Oval Oblong Square Heart | Accuracy (%)

Round 62 3 0 20 5 68.89
Oval 5 40 9 10 26 44.44
Oblong 0 4 72 1 13 80.00
Square 22 6 0 59 3 65.56
Heart 2 20 13 6 49 54.44
Total = 62.67

M54 4. 2 Confusion matrix 21AN151 10-fold cross validation N1 test set 5 ﬂﬁjiﬂll‘ﬁ‘ﬁ'l

Predicted Label
True Label
Round Oval Oblong Square Heart Accuracy (%)
Round 8 0 0 ) 0 80.00
Oval 0 5 1 1 3 50.00
Oblong 0 1 6 0 3 60.00
Square 2 0 0 7 1 70.00
Heart 0 1 2 0 7 70.00
Total = 66.00
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71314 4. 3 Confusion matrix 91901311 10-fold cross validation N training set 4 ﬂi;;l:ucl‘lj?'iﬁT

Predicted Label
True Label
Round Oval Oblong Square Accuracy (%)

Round 63 9 0 18 70.00
Oval 8 61 15 6 67.78
Oblong 0 7 81 2 90.00
Square 21 13 1 55 61.11
Total = 72.22

1514 4. 4 Confusion matrix 1M 3111 10-fold cross validation NV test set 4 nguluwvh

Predicted Label
True Label
Round Oval Oblong Square Accuracy (%)

Round 8 1 0 1 80.00
Oval 0 8 2 0 80.00
Oblong 0 2 8 0 80.00
Square 1 2 0 7 70.00
Total = 77.50
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