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Data Sparsity Problem is known as a major problem of Collaborative Filtering Method,
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Abstract

Data Sparsity Problem is known as a major problem of Collaborative Filtering Method. That is, it is difficult for
collaborative filtering to accurately measure user similarities from the data that contain many missing value. In this paper we
propose the method for reducing the impact of mentioned problem by incorporating social friend information to improve the
performance of collaborative filtering methed. Experiment test with the real online social network web application and the result
reveals that the proposed method not only yielded lower error of recommendation but also increase the resistant to data

sparsity.

Keywords: Recommender system/ Collaborative filtering/ Data sparsity/ Social friends/ Social network
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