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BY MACHINE LEARNING
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ABSTRACT

People take a lot of time to Select eye glasses frame that appropriate for their own face shape
because everyone doesn’t have the same face shape so the appropriate glasses frame is different
to each other too, This project created for advice someone who want to select their proper glasses
frame for their face shape by use machine learning system for analyzing face shape and selection

the most appropriate glasses frame for them,
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2.2.2 Support Vector Machine(SVM)
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2.3 Image Processing
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3.5 codeM3MNUVBIMachine Learning Modeld1nsklearn

.read_csv("' uaiasetiE clman') 2
E dfll'a','b","c","'d" 2 G I g 11 BNt o e U T )
df[['tpe 1] =
K train, X tert. y traln, z test train (X, Y,

adict(X tPstJ
_test,prediction) |
print(
print(acc)

31 3.5.1Code Decision Tree Model

= . read_csv('datasetCE_clean')
D( d f [ [ |a ] i b ] r' c ] 'l d (I f g " h 10 l 3 J ; K i L J |
Y = df[['type']]
[X_train, X test, y train, y test = train_test split(X, Y,
"Dataset Lenght ", len{df) R

[ y_test : len(y_test) )

len(y_train) |

31 3.5.2Code SVM
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df = pd.read /{ 'datasetCE_clean')
k=t e h L i N K )
Y = df[['type'l]
split(X, Y,

print{acc)

31 3.5.3Code Neural Network
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Face shape(online)

Auvailable :https://goo.gl/oHL{DT

Neural Network(online)

Available :https://goo.gl/Yrz7Vp
https://goo.gl/YBpY3i

SVM(online)

Available :https:/goo.gl/geR5GG
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