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ABSTRACT

Nowadays, the Internet becomes a powerful tool for searching information, accessing to
knowledge, and answering any questions. Many depattments realize that the organizational
knowledge of employees is a key for driving the organization. Knowing the movement of
interesting topics of employees and groups of employees who are interested in similar topics in
every period of time can help the organization improve the team effectively such as training plan.
However, doing interviews and collecting questionnaires for finding interesting topics from each
employee are not a good method due to the inconvenient and uncomfortable situations. In order to
access these data efficiently, we have an approach to the analysis of the Internet usages of every
employee, because they access Internet content every day and the department has right to access
the history as well.

For this reason, our study is an attempt to address the according issue. To conduct this
research, we use data analysis methods for analyzing the internet usage logging of employees in a
department for finding the key terms and interest groups. Then, present the analytical result into
the dashboard to be a support system for the management roles to have plans for improving

organizational knowledge.
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