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Abstract
The Penalized Spline method is one method of smoothing method for estimating function on
nonparametric regression model. The Penalized Spline method has a smoothing parameter to adjust
the desired flexibility function, so it is very complicated to evaluate function. This paper provides a
command of SemiPar package in Program R that can help the user to estimate unknown function,
while there is the example to compare the efficiency and estimation of Penalized Spline method, linear

regression method , and polynomial regression method.
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2.3% Penalized Spline
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