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Abstract
This research proposed a variable selection method based on the Tabu Search for multiple
linear regression models. In this study two objective functions, mean squared error (MSE) and
mean absolute error (MAE), were used in the Tabu Search. The results of Tabu Search were
compared with the results obtained by the stepwise regression method based on the hit percentage
criterion. The simulations covered both cases, without and with multicollinearity problems.

Without the multicollinearity problem, the hit percentages of the stepwise regression method and
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Tabu Search using the objective function of MSE were almost the same but slightly higher than the
Tabu Search using the objective function of the mean absolute error. With the multicollinearity
problem, the hit percentages of Tabu Search using both objective functions were higher than the hit

percentage of the stepwise regression method.

Keywords: Variable selection, Tabu search, Stepwise regression, Multicollinearity
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r<0.1 0.965 <r <0.974
S5y Harary Fovaz Shald Parau Jouay
wWhine ihine
Tabu MSE 88.60 Tabu MSE 71.00
Tabu MAE 85.60 Tabu MAE 70.40
Stepwise MSE 89.40 Stepwise MSE 10.20
0.495 < <0.504 0.975 <r<0.984
S3il4 i Fouay iy Harau Touay
ihwane hyne
Tabu MSE 79.40 Tabu MSE 71.20
Tabu MAE 79.20 Tabu MAE 69.40
Stepwise MSE 45.20 Stepwise MSE 9.20
0.945 < r <0.954 0.985 <r <0.994
BrTTiL larr Jouay S5il¥ Hlarnau Jovay
e whvne
Tabu MSE 71.40 Tabu MSE 70.60
Tabu MAE 70.20 Tabu MAE 69.60
Stepwise MSE 15.60 Stepwise MSE 7.40
0.955 <1 <0.964
5314 laridr Fovay
Whwine
Tabu MSE 70.80
Tabu MAE 70.00
Stepwise MSE 12.40
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