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Abstract

In this paper, we focus on the challenging issue of music emotion recognition (MER). Specifically,
we use the Polynomial Neural Network algorithm, also known as Algorithm of Group method of data
handling (GMDH), to predict the arousal and valence (AV) values of each music sample directly. To
compare the performance with other regression techniques, we use the same dataset with all data feature,
The performance of generalization is better than other method when using GMDH to predicting AV

values.

Keyword : Music emotion recognition (MER), arousal, valence, regression, polynomial neural network, GMDH
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