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Evolving Neural Networks Topology using

Ant Colony System
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Abstract

This paper proposed a new method using Ant Colony System (ACS) to evolving the NN structure both
link between neurons and connections weights simultaneously and partially train the network of ant by BP
learning for adjust parameter and pheromone value in ACS process. Due to training difficulties in general
NN structure, this method can cope with trapping, local optimum and overfitting problem. For evaluating
our algorithm, we apply it to pattern classification problems from PROBENT1 benchmark data set [2], we
chose Cancerl, Biabetes] and Glass1 for our experimentation. The proposed method is compare with the
standard ANN and ACO-BP method in [1]. The computing results show that the precision and efficiency
of the proposed method are all better.
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