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The Estimation of Nonparametric Regression Model

with SemiPar Package in R Program

OB DIZING
Autcha Araveeporn

a aa a ¢ o @
TVNPITDA AUSINVITAT ﬁﬂ?‘ﬂumﬂiuiﬂgv\liﬁ]Bll!ﬂé}“%)1ﬂm1/|1’i1iﬁ1ﬂﬂigﬂﬂ AIUNNUHIUAT

U Ll
Unaned
o { ' 3 a % ' J o o
3m35150175 suniFen1 Penalized Spline 1HuIsmsnHalumsysyanamlansuaingd
) a 2 & an 2 ° ' Y Y A o 1A
upumsaaneonuywisimes #35msilumsmulaneudsgaenmigaosdinilioan
Vo a J v o do A

Fon9 A dimesUsulRiE ey (smoothing parameter) I¥inmzausulensundoamsdszanm

Ay vo Ve . P ! an .
unanuil Idiuauenguiids SemiPar  TuTsunsuorsnyrelunisdszuma191n3F Penalized

. o q ¥ < 242 Lo o 1A ~ a A

Spline ¥ ldazadnTiaEmIngsdu uennnldinaasdlesunonFouneulseansnmuazns

U3231A191NITUDY Penalized Spline ANMI0ANDUTFUFUDE1IIY LLAZAUATOANDIMNGITD

P as

o o a I | @ Y Y a o
AEINLY : WHHJW]@T]JT}JG!WLEHU, ’J‘ﬁﬂ‘liﬂi‘ﬂclﬁliﬂﬂ, gumsonnesuuylimsilines

Abstract
The Penalized Spline method is one method of smoothing method for estimating function on
nonparametric regression model. The Penalized Spline method has a smoothing parameter to adjust
the desired flexibility function, so it is very complicated to evaluate function. This paper provides a
command of SemiPar package in Program R that can help the user to estimate unknown function,
while there is the example to compare the efficiency and estimation of Penalized Spline method, linear

regression method , and polynomial regression method.
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