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Abstract

This special problem aims to develop a natural language processing model to
synthesize Thai news headlines that emphasize emotions from the ThaiSum Thai
news dataset. The dataset is categorized into three approaches for training the model
to find the most effective dataset format for synthesizing emotional news headlines.
These are categorization by sentiment analysis, categorization by frequency of
emotion-emphasizing keywords, and categorization by basic emotion theory using the
most frequent emotion-emphasizing keywords. The evaluation was divided into two
stages. The first stage tested the performance of the three dataset formats using
BERTScore and ROUGE to find the most suitable format that yields the best results
for synthesizing Thai emotional news headlines. The second stage then tested the
performance of three different model architectures: MT5, OpenThaiGPT, and Gemini,
using the sad news dataset, which was the best-performing dataset from the first
stage. The performance evaluation with BERTScore and ROUGE showed that the MT5
model performed best, with a ROUGE-1 score of 39.54, a ROUGE-L score of 36.39, and
a BERTScore of 75.99, indicating that the MT5 model is most suitable for synthesizing

emotional Thai news headlines.
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fendannimitldesnunazdulmauiiaunsmidlolulnald ()
2.5 SentencePiece

SentencePiece Lulaiosiladmsunisdnatonuifiusslonegluguuuy
193i98nysu3 0f18nwsy il (Unicode) Tnovilidunisuysdud fusedniam
wazimunzaniunisUszatananisluszuunisiSousvesa’ eanionsiiougidedn
(Deep learning) Ingianiz SentencePiece dngniuldlusunisuusdun1¥sssuya
waza v dgunuulassadisidudeu wu awigJu wazawilne welnisuusday
fUszAvBam uaznzauiunsiuidoyalussuunisioudveanies egraunisaing
luman1¥sIsuIAvIeLlan wanludi 1ag SentencePiece audangulunisusuuss
N1TWUIAWAIUAIINABINITVO 1T wazarursausuusslamuaududaureiniwm
wazdoyaditley [5]

ieee "adantlnl

["ﬁ’?ﬁa", n?_J n, ueL‘V‘li u]



2.6 PyThaiNLP
PyThaiNLP 1ulausi3uesnwilumen (Python) fign TNty ensUszaiana
fornulunwlne lneflinguszasiiietislunmsiinsey wazdszananadonuaiuilng
THi1eTu §1 Pythainlp Silsidunannnanefianunsadielunmsusvananadonanuld wu
1) m3faAn (Tokenization) lausaiidesdienivaelumssndmuiinessnfumie
A9 9 WU A1, Uselen, Aees (Wudu
2) nsuUsUselem (Sentence segmentation) iilewusUsglepsananiuludoninu
nwlng
3) n3as1asensAdng (Vocabulary creation) Hifieasesenisimdnyianndeniny
mMwilnedidvue
4) n1sas1slananiw (Language modeling) Toasns wagldaulumanivdiniy

MsUsTInaNan g (6]

2.7 Wordcount

Wordcount Wulausiadmsutiusausimualudonusseionansiiimun &
Hunszurunsidlunsinusunamesenu M’%@Lﬁamﬁmswﬁ%gamm i Tuauide
PUFIUAIATERS N5 BUUNAILTTINTS N oNsVNuTiA g st uden it alk

ansaUsuwssiseusulaldnuAumIngan 7]

2.8 NM5AT12AN3EN (Sentiment analysis)

AU AN (Sentiment) vunefia n1suansfivosualAuganluldauin Weay
visoldunans JsagviousenuninuawiBeu uazawme

MsesIEANEan (Sentiment analysis) Ae33nsfisiuszansanlunsussidiy
uazilasgianuianiudseglunwideu waznwige ieazanunsaszylsinnisuanieen

napnuAndululu@auin Weau visewdunans [8]

POSITIVE NEUTRAL NEGATIVE

"Great service for an affordable "Just booked two nights "Horrible services. The room
price. at this hotel.” was dirty and unpleasant.
We will definitely be booking again.” Not worth the money."

o ]

U 2.1 A1981915911 Sentiment analysis

CaN



¥
=1

2.9 nuauianiiugiu (Basic emotions)

&9

¥ '
A = ¥ (% a

nguianugdniugiu 1ungulfii eadesduininerfi naadanisuenues

Y <9
v

Usslananusaniugiuiuywdivavun ngudigninauslagindninel Paul Ekman
3 Ekman lasgyinanuidniiugiu 6 anuidndsenaulume anuae anued Anulngs

ANUNEGD ANUVBLLVLD hazANUUSENAIAL [9]

2.10 N153A512%A1UA (Frequency analysis)
a ¢ a a Al a ¢ v A o v a
nsiegianuiidumaidaildlunisieseideya iWevianudilaninud

0%

Yostoyaiindutes o wieaudveInguteyafiuans1aiy nslaszviauddngnilyd

a a a

lunanganv Wy afif 5379 Ine1mans wazn1siiuusvouA3 09 L aAnwikud Ly

9

WarANwLN1INTEALVBITONA

FEsinginnudenasiudenisldied esdlonsadd Wy nsndennsivaiud
n1sasedalaunsy M%msﬁ’]mmmaﬁﬁﬁugm R et E AT PO IS E PP RE PIIRI
viorumlasiainsestoya Fulussloviluvainuasuiun Wu mylnsesimgAnssugndn
MFTNUNLUNNGTAD LagNITHAILILUUTIa89M Machine learning 33n153LATviAME
p1mfansltiag eadon1aadd wu niswdennswlanud nsadiedalawnsy wie
nsfuwanAaiRfiug Y Wiensadeun L i edunmlassadsuesdoya
Fafluszlovilunainvatsuiun Wy M153iAzsingAnssugnAi NN5INUNUNIIEIA9
wazmsianlunansFouivonnies

Tunmsay mMsleszdanudiduedesdiodfylunisianudle wasdese

Poyalurangann Wy myduduuesiudazausingluiierideinmiavun [10]

2.11 m‘sﬁ@ﬁam (Text summarization)
nsaguiiionn Aenszurunisdesidoniluionarsliduadlasdinsnumneify
widlouduenansauaty msas;dLﬁammmsmmaaamﬁu 2 wuunan ¢ laua
1) Extractive summarization tJunsasuemilasidondermumioussloaiiddy
Mnenansiuatiuinsuiu TngldwdsuulademuvieUsslonty
2) Abstractive summarization 1Jun1saguainulasasadeadrruln
menasfuatudenulvaioraunndiin wenasfuatuiidugulennsel

wazlilevisnsiliinldimeadian1siSeusidedn aennnu uagasroaulvl [11]



a a a ' ' . . .
195199 2.1 LUSgUNBUAINULANA1992KUI19 Extractive summarization wag

Abstractive summarization

anweuz Extractive summarization | Abstractive summarization
. dontaanuvseUsslenain | assteadlulainenaisiuatu
A8n15 ..
LenasHuaty
y luasunlasdonnunie Jaaulnts1aunnagaInenans
2R FUSTGEIINTRN s e o Ea s . o
Useluatiu 9 auadunslusubisnsainagiilon
AUEIN 8N alilael

Extractive vs Abstractive Summarization

Extractive Summarization

3UN 2.2 1W3Buiiiguauuane9sendng Extractive summarization

way Abstractive summarization

2.12 1585199218117 (Headline generation)

[

R = D= P o w v @ o o = °
Junszuiumsasieidenieteiresdmsvunanuduady tneniluvilagidondd
4 add = & o o A o = & & Y o v L’
wseandeinilomdrAyanvestannnudeianisasuilon uagn1sasaideyameiiu
nsgeteruliduadasguiuluinmsiiaueteyadAyiignuestaning uwin1sas1aiite
P13 UANUNTETUTRIITRI el nsAnlanud Ay U1eeE 19 A UNANG UATY

aanhl [12]



2.13 n3runasuasluma (Transformer model)
mmWas‘maﬂmmaLﬂuam{]msJﬂiiaJﬂWiL%ug”L%ﬁﬂﬁQﬂLauaﬂ%ﬂLLiﬂ"Luﬂ 2017
Tae Vaswani et al. Tusu3de3eq "Attention is All You Need" luwnaiildnalnaruaule
Luunatewa (Multi-head attention) lun1suszaianatena @eagliaunsaifous
AwdusAdudausTrItedeng 9 ludemuldinianiinenssunsBeusiddnuuuiiag
nuneseslumalsenaumy 2 dunanlaun [13]
1) #adrsia (Encoder) imihfiuszsnanadoyasudieairaduyadoyadiuny
(Representation) flanynsntihunysesiananels
2) faeasiia (Decoder) vhwmihilasistoyadioananyadoyasuny
Tunad aunsathunldugiunisusratananivisssusnfldnainuans wu

AMskUan1®1 (Machine translation) N15%1A10W1 19N 91555U9H (Natural-

language understanding) Lazn13@319UoAIN [13]

2.14 Bidirectional Encoder Representations from Transformers (BERT)

BERT Wulumaniwwalngfildsunswmuilag Google Al Tul a.a. 2018 BERT
Feordvaninanssy Transformer model uaindnnisussuranafiunnsieiu fa BERT
Hulsnauuuaeaiiang (Bi-directional) mansanuinanninUszuanadeyaldvisands
W11 wazarnvaludne lusasiinsuresweslumadulunaiifianuansalunsvieny
Mawuuiirmades (Uni-directional) wazuuuaosiienisdauansnsannlunasy o Adaniy

LUUNANIALINS DLUUEBINANILYINUU WU Recurrent Neural Network (RNN) [14]

2.15 WangchanBERTa

WangchanBERTa Lﬂuiumamwwumiwaj (Large Language Model : LLM)
mwlnedldunmsianlasaniuidetygyiuseAugUssndlng (Al Research Institute
Thailand) Tu¥ A.¢. 2021 WangchanBERTa e1fuanniinenssy RoBERTa dudulumanivn
yualngifild$un15UsuU5991n BERT WangchanBERTa gainsuuuynteyavuialvg
vaadarunwilve Fasuddernuanunasing q wu Aafienwilve 917 unanuuas
Tgeailiie WangchanBERTa Useauanudisaeg1annluaunsuseanananiuisssuei
Mwlnenateu Wi Aslan1® N197AU e 1¥IsIINYIR Larn1Tassdeanlnu
[15]
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2.16 Multilingual Translation Model 5 (MT5)

MT5 delunaniwrvuining A wauilae Google Al Tuiaail basunisd
yuyadoyafiitedn MCa (Multilingual common crawl) Faiduyadeyaniwivuinlng
fivszneu Tsenwindt 101 nwn MT5 SaandnenssuwvunsunesiwesTunafiuseneu
ludaedadswa wagdanansiailaeddanensiaidudinivualassasstoyadesn
(Output) vl MT5 WN1zd M5 UMUNITUTENIANANIYIETINTIAUTELANAITUUAN W)

wazn1sagUTenIu [16]

2.17 Generative Pre-trained Transformer (GPT)

GPT Aslumanwawalngfiiauilng OpenAl Tuwnadildsunsinduuy YAUBYA
guralug 7 Useneuludaenateniun 1Wu BookCorpus Common crawl vudu GPT
flandnonssunvunsuesweslunaiivsznaumeidnsiafissegaioihliiasasng

Yostayadieangangy GPT Jaumngdmiunuusean msasiteniny [17]

2.18 Sequence to Sequence Model (Seq2Seq Model)

Seq2Seq avUsznause 2 e Benidlsdswanmeludulumanuu RNN vimihil
Fufarnuntwdumen udwdashiegluguveainmes (Vector) wazilssnanswaniely
Dulumauuu RNN wufy shudiiisunnwesivadadudennuniwiaienisiidesnis

Wiguldde 9 31 Wuluwawuyu RNN (LSTM, GRU) 2 fseiu sandududaisien [18]

2.19 n1sUsuussluea (Fine tuning)
msUfuussteafunszuiunsufuuddinanisSeuiveandssvielunanisGous
Fednfilnaeunudalivheuldfdutununiedeyaiansiaizas nssviunsiinldile
flnafiaaasaudosmnsiaunlssansanlivinuldadu Tnglideyaiifogidiefnasu
wazUsuAmnimeslimngantununiodoyaln funoundnvesnisnisuiuusidling
Usznausmie
1) msdenlumaBudy : Fonlumaiilassaiimsonnuamnsalndlfssivny
vidodoyaiifesns
2) msusuudsluieg : UsuAmniwesveddunaliininziuanuniedeyalnl
o1 dunsusuaniminluawedang 4 viousunisideuilusuuoesvds

(Backpropagation)
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3) msilnaay : dnlunalmidiedeyaniiey Inelinssuiunsusuuisiinunld
4) nsussliuuasyTuuse : Ussliudsgdniamvedunaiuiuudaudiniedeya
nadey wazUTulalumanmunansusiiiy

n135 Fine-tuning sinltluvane o unazaaiunisal Wy

o =t

1) nsaneneaEeusi (Transfer learning) Tlunanidnasulifudeyanilanlyiu

u

N v = ) ! P v 8 Yo v X
nuviseteyadu o Inen1susuuaduwaiiieusuliineuldavu

2) msuFuudslumanisitung (Model adaptation) Usuusisluaaniloglvinau

[V

loaruteyavvoaululu
3) n1sUTuumsanssaue (Performance tuning) Usuusdluinaliiousuuse

UszaAnSAIN AULLULET MTeaIn1vineu [19]

2.20 N1509NUUUATIEINSONN (Prompt engineering) wazn15USULAIANE INTDUN
(Prompt tuning)

o o v ¢ & o U v ¢ I3 ~ 1% o s
ﬂ’]iaaﬂLLUUﬂ’lﬁQWﬁE)SJWL‘LJUﬂ’]ﬁE)E]ﬂLLU‘UM?N‘W?@J,J‘WE]EJNLU‘LJizUULW@I‘mﬂNaaWSW

ABINTAINMLAAUTTLIARAN IS TTUYIALALILATOUARUTIINSAIMUALATETS Lo wae

Y s

sUBUUYBIAAmTauie livunzauiuuily nMseenuuumdmsauiazidun1sesnwuy

Y 6o

MENSaunNiUsEaNS nwazaunsalolaanulunauseiIaNan IS ISUTR

nsusuussidanseauniiiunisusuuasiansfiwesuazadansoud (Prompt)

fa a

wialvlanadnsn AT uainnsldlumaysetananiuwisssued lngagiinisusuAves
W3fwesiieg Tulassaiiwesidmiaun Wy n1sdnguuuy Msliternuielilanadns

A v ) I o o % & 1y ) ] o o Y s & Y P 1%
NHBINTT NISUTULASATAINS BUNALLUUNITUTULASAIUVDIANFINTONN LT UNAN LW@Im@

NAANSNATUINNATITAAUTEUIRNANIYISTIUTR [20]

] v
S [

2.21 Anadefidaeiutn (Weighted average)

I a A H 9 < M N A o o ! N o )
ANRAYNDITUINRUN LUULﬂiaﬂllamsﬂjﬂiuﬂqiwqﬂ’]U'JMﬂ’]LQaﬂiﬂﬂlwﬁ'ﬂqm 1Aty

v '

wansneiuliundeyauiavdiumudmdnidmualiamd nsawiuenademedsiilve
low3euitdAty WesnndudielianansalinnudAyiuteyadidfauntulunssuiunis

' v
a1 o v

AL HIDARINTAMUINAMALTNa T NTTUR auAB LU

(%

1) Mvuadnin (Weight) Munuathwiniinesnslikiusasdeya lngliniud

(9

geamdu 1 w30 100% wazarud1Ayatandu 0 n3e 0% FenrudAy

o

2%
&
U

I3 i Ao ! B = a cal Y o a ¢
#1115 UUANNNNNUARITNUN Miamﬁﬂﬂa\‘ﬁ]’mmm%wLﬂEJ’JﬁlJENﬂUﬂ’ﬁ?Lﬂﬁzﬁ
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2) AuAeyadeivin ndindmumivineds desueiteyausazyadae
dwiindirnvue

3) TmadwSTHINA tkanmyndnuInfuielildnaruvesmadndiamun

6) MIHATINFIENATINTI VTR nasandigauarunadnsynduds T

% H v O P Vo a A ¢
WA IINUIVIINIYNAIINVDIUNNRUNVINUUA LW@IﬁlﬂﬁqLaaﬂmﬁuuim [21]

2.22 n39UsEaNSA (Evaluation standard)
2.22.1 Recall-Oriented Understudy for Gisting Evaluation (ROUGE)
ROUGE umsinuszansnniiniiishelvimsuisUssansnmvaslunatignaiig
Fuan Tudhuvesnsagifevnaedenld ROUGE Fudiuisnmstaauediendafulasum
9INANLAEN W Recall 9 ROUGE Aagdinausinnsliiaziuuvatsuuy [19] wu
1) ROUGE-N dmnandifinssfuduyn 9 yaay n dmsgnitanasgudadies
unagUitesnsmagou dwluajasld 1 uag 2 i
2) ROUGE-L Tmg L 11270 Longest Common Subsequence (LCS) agilunisiden
A n 910 n-gram wUUSHILTR Taethanandauminsstusioidesnndign
3) ROUGE-W 113911 Weighted Longest Common Subsequence (WLCS) A0
Tne Wazuuumiinssmunnsgiudade uazayldavuuududuidswaudid
e saileung
4) ROUGE-S funaandiinssfuuuuaduluwnsy (Skip-bigram) FENINWATFIY
$adauazunaguiideanisnaaey dnvamieunisiugmliasulneviuady
suvina wudselea ABCD vld luwnsuluguuu AB, AC, AD, BC, BD uag CD
5) ROUGE-SU 1138 silia3uain ROUGE-S Munmanditassiunuvaduluun
susanfugdunsy (Unigram) AefinstiuAidenfinssfuseninannsgiugieds
uay unaguiidesnismadeu mnsanuidluluunsuduiifies 1 Minseiu
fagld pzuuuanIBneuntazioinlinseiues
nfieduneundnediu Hdnihlaldnisinuseansamluguuuu ROUGE-N (N-gram)

Tngazaunlanadl [22]

Number of overlapping N — grams in reference and generated summaries

ROUGE — N =
Number of N — grams in reference summaries
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1at Number of overlapping N-grams in reference and generated summaries
Muedes uIuYes N-grams Adadudidiures N Audendfinssiussninedonuitadnetu
(Generated summaries) kagUaAuAuUaty (Reference summaries) ﬁgﬂiﬁm%mﬁﬂu

Number of N-grams in reference summaries ¥1188991UIUUDS N-grams ﬁy'\‘mmm

ludeanuduaduignliiieneuiisuanuaseadslunsauin ROUGE-N

M'm hello a cat dog "1) N —
match n

count(gram,)

reference text
"the fox jumps" —> ['the', 'fox', 'jumps']
5UN 2.3 f9e19n15A1UIUAT Recall Y99 ROUGE-1

3
—=100% recall
3

\') Countmatch(g ramn)

count(gram,)

"[iE hello a cat dog

reference text 43% o
" . " ke PRy Jressnany —— =43% precision
the fox jumps" —> ['the', 'fox', 'jumps'] 7

UM 2.4 A29819115AUIUAT Precision ¥8s ROUGE-1

"[i5 hello a cat dog [ [T

1.0 recall
0.43 precision

['fhe', 'fow>“<', 'jumbs‘]

043*1.0
22— =06 60% f1 score
043+1.0

Uil 2.5 Aape19nsAIuIAAT F1 989 ROUGE-1

2.22.2 BERTScore
BERTScore Wuwminiildlunisussiiunanimvesdeanuiignasisvulng
lumanisasnsdennulag BERTScore ddelauTaumilomn3ndu 9 wu ROUGE Tu

= a ° c{' Y o
UTNU 199N BERTScore @unsanaIsainAINUBRUIgUDIAILNUNILLUULNES
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A1TATINUVDIAGIDNET F298190U A191 "Cold" way "Freezing"

AUV LNALAS N ULAR BUA9 Y Fudutesinveaunsnag1s ROUGE Tunis

=

UszilluaaunmeasdeninuignaiieuininednaanAnloumidouiu luue
BERTScore a¢ltluma BERT lunsiSsuiisuamnuminevesditliludeainuign

Uszidiu ilianusaUssdiuguninlaaninussniiiiuanizanumileuiuve s

(23]
F

Reference = — | oo )

The weather is \%

cold today Ro = (0713X127)4(0.515%7 94)+...

—> TBERT™ T127+7.94+1.82+7.90+8.88

B =0.753

Candidate & — (&)

It is freezing today =

Contextual Pairwise Importance Weighting
Embedding Cosine

Similarity

5UN 2.6 A9E19N13A1UIUAY BERTScore

2.23 eAdeingatas
PING LI et al. (2021) la@nwinsasralunaasuinilagléinaiinvesseuudsvam

v sda

= = = 1 A o aa a
LY FILFAAINARNENALUUDE9UA LllE]u’]'ﬂﬁﬂ']'isl]@\‘iig‘LlUUiga’]WL‘ﬂSNNWIﬂUﬂqi'ﬁ?U

Toay unAnudgatunisailunadunsgiiitenn nelddnauelunadunsieiiite

' v
1 aa A 1

Fndififiugusguulinanislinusmivlunaiilinaounuds waglditausluganisiii
Audnuuziivanuas Busadansgiidotniviaueluunarud fifieshnonstais
nalndduarnudnuazn1w N-gram Tuvneilunaasedu 1 Waswadansdista-nis
nansa Mavasasuatayatnandlifiuit Tuadiiausluumanuiinednslunis

fupsrzsindernisuwindulinadu ¢ [24]

FUCHENG YOU et al. (2020) l#@nwin1snaudeyadii sadosduiidonas
arwdutusnsibensaidmiunisagudemny densiamiamiivesnaifousdn
TunadigninnoundilldviliAesadnsifludunisUssanananusssud sghdlsin
nsidelunsagudeanudslildfansaiuiiaudents ssuvasuilfauningadasle
mmﬁﬁﬁgﬁ’uLﬁamﬁumLaﬂm'ﬁl,l,axmmﬂéﬁaﬂﬁqujwaiuLLazLaﬂmié\’uaﬂ’U Tuunauil

ladausnisnandoyad i eadesduiidenavainudunusdulunisasudenny
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FUCHENG YOU et al. (2020) (#®) Fine-tuning BERT (TIF-SR) laguannis
gRasanunumdduesdeyaifsiuidelunisaiiagy uneuldaindudnvesinde
waznandfuenasiuatuitudunilwesteyathd vonani Wweuediendeseming
agUiiadalunasienansfuaty Tnemsdumeuadisadsusngnisilensal vl
@mmwmawwﬁﬂs}mﬁuﬁu Toyan1Menaodantinfvil ROUGE wagaueuitglausuuss
Tulaunadl [25]

Y a

Pongsatorn Harnmetta way Taweesak Samanchuen (2022) §RgUULELDULUIAR
Y9IN15IATIERANianiunainiulageiuigisnisiiduinldlunismennsalsiaviuuag
Fay1dove mwmmms‘]’mﬁﬁaﬁwﬁ’maﬁ%mﬁms’]zﬁmmiﬁﬂﬁ'ﬁﬂﬂuaxmm
Sududediinadaiidudounnniy meumenaldiauenisiinneinnuidnvesiimulng
Taglinsurleswesluna unarueSuisinszuugnesnuuuaniiefiezudladodiinves

Bnsmlduagyhweenuidnvesiuluuiunlveliegiawiugn [26]

Sheher Bano Wag Shah Khalid (2022) iﬁﬁﬂmLﬁ'mﬁ’umiaqﬂﬁﬁwmﬂwawgﬂLL‘U‘U
FausiazrFBiideldiuTouuazdeids egnalsAnulidisladuisianysal damneanuingad
fiadlunsauiluanndues BERT WueTednonsudresumarsdudildsunisiindeu
dwdunansueunalnduiltnsasuies egnslsiniy iesandrianimennvesdeyatiii
BERT wnzriudonnuiiduwindu dafu @oinnsld BERT Tunsaguionansiiemasdus
e vnenalstinauesnslvaifl BERT anansoldaguienansfiony unarailiisnisuus
nanssunfutuges q waswiarduiiussloanis uundediugiufenssunmdsann
BERT wanthanldivluea mswWhsva-nsnensia naaesmieyndoyalvin1saedsents
(arXiv waz PubMed) nanaaswansliiuinmaiavesunanudussdninimmionans
Tuwaivuadeiedidna e fmeiimsamnisadnifoguasausanitnenssului
14 BERT lunnsasUienanseniiznisiifsadastunisutsonarseandudu 9 Sunisils
Usglonan BERT uazmsldifdnsia-nensiadisnuuy BERT ileasunanisnnassuansls
Fuimadaifszavsammdenilunaiianatonasuuuoguasiuane fiuandiifiuly

YATOYANINIVINTARIYA [27]
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v
v

Anandan Chinnalagu wag Ashok Kumar Durairaj (2022) Tusu3dedladne

WNeriunisidluea BERT wazlunanisifeuidedinlun1sussanananusssusnalasunis

[

U ldluseundindusing 9 n1snaianadinuuasanuAndauinvesgnanduladedidy

o

o [ a [

dmsugsivesulainate q 518 nsvhuiganuidnvesgnitegawiugniuanuiididy

) o

a v awy Pl

dmsuusEniideinaneguaanisainuianvesgnAanuniaisalesulal mviune
anufAniwiudndunuilinamnnuazimaidosnunadeyauninsaigndild
Tassadsdiunnuneiinanisveassiewninif Dame YymmeUszansnm uazaaliusiugy
Tudayauniansalgndnvunalg (28]

Jiaohong Yao (2022) ffAnduldiausnisdaasziiaterniiuiunuyaaa
Hrmnesjaduiiasagiunanurrduidernauarusevvesdldfseyld wuilaunse
Peglinsesimiiaulaldifitu wesiudnsnisadnindwiugliuing edilsfinng Tu

aneauill Wedsuianuaulavesldanynigldadndulseid ns3denfegmuingeu

€ Calle

1

anuavlavoslisedum uazsedutnnvindu wldddsisseduussloniiasudoyadl
unaudl Tdiaue luwadldlaodiueuaulaluszduussloadeSoudauailavesyld
wazthmsnsduaneiiadedn welmduluedandenuniu mndunsliaruaula
UizismLLamJ"nquamiugULLUUwaﬁwﬁﬁf’mﬁ’ﬂmaqﬁwLLazﬁﬁxImmuﬁ']ﬁU 191529
Arwdiiusssrinadevndniuansneiu (Fader o uazdeyaiionn) nnmedddu
Tudunslianuadlagnunuiideidondnn nsmeassuuyadeya PENS uandliisiuin
UsrAvBnmaedluiaaimanianilueaiualadaannasinisuseidiu ROUGE Tuflgniianis
voanuiiagilusuanuissznis nufamansgyinfiisatesiussduauals uasdomndl
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1) Hnaouluna MT5 fegadoyauuuil 1 TagliiSmsusuusdinna
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1) Hnaauluna MT5 drgyadayanuui 1 lagldisn1suTuusslaag ()
nsnaaeLEuNINSEnaeulima MT5 meyadeyaguuuui 1 lodinsuuan
v &3
Vvoiaoont Uy
1) yerlnaeu (Training set) 80% dmsullnasuluinadauviniu 5,429 f1oe19
2) yanedeU (Testing set) 10% dmsunageulina@auviniu 678 fees
3) yaUseLilu (Evaluation set) 10% dmiuinuszdniamlunaseninanis

Hnaaudwnnnu 678 svgng

2) Hnaauluna MT5 daeyadayauuun 2 lagldisnisuTuudsluing

Wemna Wteum
ANFANTIUIN ANFANTIUIN
g ' L4 1
Wanv7 VTS WteUn
AUFANTIAY ANUFANTIAY
Wy elbLiee!
AuzanMIlY Au3ANIILY

5UT 3.9 ununmnisiingeuluiaa MT5 aeyadayazuuuui 2

nMsvaassukuamnsEinaeulinag MT5 feyadeyasuuuud 2 ldfimsudaa
Toyasanilu
1) ysiinaou (Training set) 80% dmSuilnaeuluinadawiniy 4,784 foens
2) ymadou (Testing set) 10% dwsunaasuluinadaiiiu 597 degn
3) yaUseLilu (Evaluation set) 10% dmiuinusedniamlunaseninenis

Hnaoudaninu 597 A78819
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3) Hnaeuluina MT5 feyadayauuun 2 lngldisnisuTuudelaag
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g 1 LY ¥ 1
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3U7 3.10 ununmn1singauluina MT5 dagyadayazluuun 3

nsnAaeEuNINSEnaeulima MT5 meyadeyaguuuui 3 lalimsuusen
v <
Y RRIIATY
1) Yernaau (Training set) 80% dmsulnaeulanafuviniu 6,254 #0819
2) yaneday (Testing set) 10% dmsunadeuliinadauviniu 781 fiees
3) yaUseLilu (Evaluation set) 10% dmiuinuszdniamlunaseninanis

Hngaudawnniu 781 swgng
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uen9INin1sutanmvaasssenidu 3 sUuuy Snrsiedmniinesivintu
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1) $1useu (Epoch) Winiu 10 mseluduiuseuilvsyavsnwadige
2) $n51M33eu3 (Learning rate) Winfu 0.00005 titeteaiulaliAnimmnisal
lumaSeuslidisans (Underfit) vislaaaiieuginniiuly (Overfit)
3) 1A batch (Batch size) Wiy 2 1ilelailsild GPU RAM snniAulUsEnang

ANSHnaau

3.3.2 NISNAFBUIUABUIN 2 : N1SNAdaUUILANS NNV lunan AlAsIas19
f19NU

Tutuneuil Azl daviladiyadeyauuuui 3 lmzyateyarausan
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ww§dadugadouailinanisiaussdns anddignannmadeutunoud 1
yaaoufivluaadilassadraunniieiy 3 sUuuy fed
1) m3Uiuusislanag (Fine tuning) laaa MT5 sleyadeyaininuidniad
2) msuuussidandeus (Prompt tuning) laima OpenThaiGPT seyadayat
ANUTANLAT

3) n1seonLUUAdITau (Prompt engineering) laaa Gemini f8YAT8YAYT?

ANUTANLAT
MT5
YAUIUAUD )
S > OpenThaiGPT
AN3ANAS
Gemini

JUM 3.11 UNUAWNITNATRUTURDUN 2
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1) msuFuudsluiaa MT5 daeyadayariannuidniasi

Wena A1sUSULAaluAa UaU1
AUSANLAS MT5 AUSANLAS

JUT 3.12 uaunmnisuTuudsluna MT5 daeyatayatninnuidnaimiaundinaauluna
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Tunaeanstl anddaviliuismpdoyadmiviinaeulunasenidy
1) ysinaeu 80% dmivilnaeuluing Fawinfu 1359 fens
2) Yevedey 10% dwiunaaeuliing Jainfu 170 foens
3) yaUssdiu 10% dvduiauszdvsamlumasenintansiinaey Favinfu 170
fBEg
uenanil Aaddnvildvhmadedmnsdmesildlumstinaoulnea fail
1) Srwuseuniiy 10 mssduduseuilissansnmidian
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\iganeviselunaseuunAuly

3) u1e batch wiriu 2 e lallsfld GPU RAM wnafiulusysinenisinaeu

2) nsusuusemdandaun (Prompt tuning) OpenThaiGPT Ar8Yndayavia
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1) yailnaeu 80% dvsuilnaeulinna Javiiiu 1359 foes

2) Ymadou 10% dwiunagouluina Sy 170 degh

3) yaUsEdiu 10% dmsuindszdvSamlunaseninnisinasu Favidu 170
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2) 8n5IMIEeEusviniu 0.0001 iedesiulilviinmanisallunaiFeus i

worsolnalieusINiuly

3) qu1n batch wiriu 2 wWislallfls GPU RAM wnaiulusyninensilinasu

3) N159RNUUUAIRINTBUN (Prompt engineering) luiaa Gemini Aleyadayayi1a
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JUT 3.14 UHUATNNITDRAKUUANEINTAUN Gemini Adegadayatitnnuidnaiilaels

Hnaauluna

lunsveaestiaaizddnilaiinswendeyasunusenaumeddamdou
Awlugrdennuidniadi "asasraindednidugifennuidniasianniieniing
aalull" wagiflomunifuiugiauianaii Ingldlddnisinasuluma Gemini

LNLBIY



41

uni 4

NANISALUUIIU

@ =K

MiAdeiingusrasdiilonau linnayssnanan s Admiunisduasz
W10U17 Ineanze avilealda1 ROUGE (Recall-oriented understudy for gisting
evaluation) kazA1 BERTScore (Bidirectional encoder representations from transformers
score) Wurnlunsfnuszans nmueduna TnsudstuneunisTaussansnmeenidu 2

JUADU Mail

4.1 Mydauszansnmdunaun 1 : nMsiauseansnnvesyataya 3 sUwuy

a a v

1) wamsinUszaninmyadeyauuuil 1 Mnaeumelung MT5

2) wamsinUssansa nynteyanuunl 2 Alnaeumelueg MT5

3) HamyinUseanSamyadeyauuun 3 Ninaeumelina MT5

M13199 4.1 AT NATLLLRAENANTIAUSEENEA T WVRYRdaYa 3 JUkUY

Y ROUGE BERTScore
yadoya
ROUGE-1 F1 ROUGE-L F1 F1
yadayauuuil 1 25.46 22.68 70.97
yadayauuuil 2 28.96 26.09 73.60
yadayauuuil 3 34.70 31.56 73.94

IINMTIATIINaNINARUTUA19197 4.1 wud yadeyauuui 3 fazuuuiaieves

a =

BERTScore war ROUGE geign davangainuingadoyauuuil 3 awnsalvinadnsnis

q

dupswimdeynnianuaenadesiudenuduatuiiniian Wemeuiuyateyaiuudu 9
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M13199 4.2 MseRan1TIaUsEansamyatayawuui 1 Nlndeudlsluna MT5

Y ROUGE BERTScore
YAUBYA
; ROUGE-1 ROUGE-2 ROUGE-L
BUun 1 Precision  Recall F1
F1 F1 F1
yadayav1n
AMUSENBe  27.33 10.81 23.25 72.71 6887  70.58
uan
yadayav1n
ANMUIANTY 2172 7.73 19.65 71.67 68.44  69.85
au
yadayav1n
anuiandu  27.33 11.65 25.14 7413 7120  72.48

GME

INMFesziNan1snaaeulunsei 4.2 wui yadeyanuidndunansdinsuun

BERTScore Waz ROUGE gefign yadeyanuidnidsuiniinzuuu BERTScore way ROUGE

aglusrAuToa wazyntoyaruIANwsauliasiuY BERTScore tag ROUGE fnfign

AN5199 4.3 §28819%390U1MN LAINNITFWATIHRTRI1IN8luma MT5 ARlnaauuy
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M13199 4.4 m1senan1sIaUsEansamyatayawuun 2 Nrndaudlelung MT5

v ROUGE BERTScore

YAUBYA

; ROUGE-1 ROUGE-2 ROUGE-L
BUuUN 2 Precision  Recall F1
F1 F1 F1

yadayav1n

ANMUIANTY  29.61 12.29 26.81 75.10 74.13 74.56
uan

yadayav1n

ANMUIANITY  28.49 10.43 25.06 75.46 74.16 74.76
au

yadayav1n

Au3En 28.78 11.80 26.41 73.44 69.94 71.47
My

NATUATIENHANITNAARULUATI9 4.4 WU YATayaR1IRINT A NTIaUl

ATULUY BERTScore guilgn yadayarimnuidnideuiniiaziuy ROUGE aeiign wazyndaya
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