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Abstract

This academic article presents comparative study results for possibly implementing predictive maintenance
based on machine learning. Not only seven different machine learning algorithms to detect abnormalities in
production machines are explained, but also two system architectures for machine learning-based predictive
maintenance analysis are focused. The first system architecture is based on cloud computing from AWS
(Amazon Web Services), while the latter is based on edge computing. In addition, the comparison results,
which may be useful for further implementation, in terms of architecture, latency, data management capability,
data processing capability, scalability, system reliability, security, and cost are included.
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