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Abstract

The purpose of this research is to explore the popularity and study the skills
required of the Data Analysts, Data Scientists and Data Engineers categorize their skills
into two categories: technical skills and soft skills. A model is created to predict the
correctness of job posting messages. A text mining method consists of two-step modeling
learning algorithm, which is divided into two machine learning methods, namely the
support vector machine and a logistic regression methods those methods are compared
with two deep learning models, the multilayer perceptron and the convolutional neural
network methods. The performance is compared using accuracy, precision, recall, and
F1-score. The survey found that the most popular career is the Data Analysts. The results
of comparing the model performance concluded that the support vector machine
method is the best performance with the highest accuracy, precision, recall and F1-score

of 85.62%, 85.37%, 85.62% and 84.78%, respectively.
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Jatuaeanuiliiertesiunisinnisdeyanasinsgidayalasuaudeuunyusu
\WasnannnsshanuLswestayavunlvg (Big Data) Toyavuinluggnasiausgeunuiey

oAl a v | v 2 a

umA1aINuaINatena sy TeauvesteyavuiatuaUsenauluaieg 3V Ae Usuia
(Volume) A1111L5 2 (Velocity) Lagminunainnaie (Variety) (Yagoob et al., 2016) 8 nils
MATeinaateavuningfeuideuas Nocker and Sena (2019) lana1vinviangs oefins
Suasendniinislduselevdaintdeyavwinlvszdioinyaailiiuesdns  a1unsedunld
Ansrgsienitentaniagsnalude wazdndulalusosd Ay luyrmadrsseiruuini sl
Usglerinndayavwavgiulanaefunfonegnaunvaty uimsessinsmieg susvadnag

1 a =3

yarafiazvihmihilunsdanisuagiinseiteyaileliliuseloviguandessia aduaivnd
o1¥wvesasnudeyaidaiuidesnislunaiaussnuetan ludlagduiinisuisansnunis
Jinseidoya (Data Analytics) sanléifiu 3 aremdn Uohari, 2022) dseluiife Wniase
Toya (Data Analyst) WnInegrmaniteya (Data Scientist) uaz3aanivaya (Data Engineer)
dwdu 3 menudananiwiiiesieteriunsinnsdeyanienmsiessideya usaedl
uazdeavarulaginuzisTusonisuszneuarinunnsieiy Jslasundudisvaziden
vosumagiinugresmsnuisylulsgmasuatasouiulasdulmgasdeuluzuuuuves
Fomnuiiiudselon msdamsiudeyanidudnvuedemamseuszlonifagiuiinisldimaia
nsviuiestend I (Text Mining) s'amﬁ’*uLL‘U‘Uf\Tmmmiﬁaué’ﬁumm%‘m (Machine Learning)
LAzLUUTIa8IN15I50uLT9aN (Deep Learning) 1iwthelunisitaszvideyafioglusves
fomnunieusslonnaquiinseidlemdayaiiedn (nsight) 1ni

Tuswideues Kobayashi et al. (2018) ladnwinszuiunsiiuiiestenulagldinadea
N139na35LA3YLanuia (Latent Dirichlet Allocation : LDA) saufunisvinmiesdayalagly
wuuiaeInsSeuiveanisadtisiinsziternuitedinzimniideieg meldnguues
unANa (Topic Modelling) FsmsiseuiveaniaaztaslunsnsiaaeusUnuuresnuAvesi
9133884 Hiranrat and Harncharnchai (2018) la@Anwnvinwgnianaila (Technical Skill) uaz
vsaninuzfisududmivgnamnssurendnslulszmalneiev luldlunsesnuuundngns

WeauinwevesinseulnAnwilagldisnisvinvilestanunigyalusunsy NLTK (Natural



Language Toolkit) 91nHANIANWINUINYEMamadafinusnnfgalulsenmaduainsey
49gn 3 SuAULINAB MW7 JavaScript N9 SQL wazn1919191 IneAndu 32.34, 26.44 uay
25.72 Wesidud audidu uazasuinue 3 Sudunsnfe n1wdingy n1sdeans waznis
BasziilasAndu 35.80, 31.14 waz 15.97 wWosldus mua1au

Tulsean Shirani (2019) leFnwsinuziisnduresaesnumsiinszsideyalaiinses
fnusaesszandaollilie Wnusmanaiawavasainee Tnefidunounissiiiuauise 2

[

JUNDUVANAD TUNDULINIONNTVIMLB9UDANULALAILTUNSANAT (Tokenization) WAENINAN

|
Y

Nlyidfny (Stop Words) sanaindeua 1y AdusiukaraAiludue) lifeites tunouiass
I TunowisuiingudauaiuuAnaie (K-means Clustering) tiamiA1 k NAanlun1shuIuen

FinweiadesUssinn tnenaaesdund k avapaueifesteluife 2, 3 uas 4 YauszAvinn
Tneldranuniiou (Similarity) :npan1sinumudna k fnfiaslunsuisinuetigesssnm
vosusazeinddetalull eninindiesisideya uasniinwldffandioan k whiu 3 uas
vinvgiisnduses@nie vnvgmamadn: msuansdeya Tusunsu Tableau TUsuns Qlik M3
aakuvInaedaya gIudeya@edunus N1y SOL Tsknsa Microsoft Office Tusunsu Excel
lUsunsa Excel Solver WUsunsal Power Bl N13U31153AN1LATINAT S¥UUANTINNITRNANEUNUS
FEULUTIMTIANINTNeININelueAns wasinanosy Salesforce A5autinue: N15LUNLE1
nsfs nsgsla mssiases nasvhauluiiy nmsuilaw msyadugndt e1dnwdndneraans

v I [% [

Toya wusmeninueldanandgan k Wiy 3 wag 4 uagiinweNdndusenndnde vinwena
wAlA: NNTAATILININERR N1ATNUUUTINBINTIUIY N1TUAGEU NTITLTeamn Awiln
oUW N15LLANING Pandas Wiinina NumPy uazuiininadue wen@uas Apache Spark sanduwas
Hadoop n3iieu3reesas Mwianan nsvitbiiuls Tsunsy MATLAB ghudeyaidedusiug
N1938UTITIAN MIMAUMNIENEA WALAITATIUUUTIARINA TN N15F0ET JUNBY
szaulan N1339 Meviudufiy nsudteym weznsinuiniuddy endwiansteys
wlauenvinwelaffiganiedn k windu 3 way 4 wasvinwsidndureeTnde vinvenamada:
faNAwI$ Apache Hadoop 9aneiis Spark Hive 9an#uis Sqoob TuUsuasu NiFi 119197177
a = a - a - a = A A
AMW1AN1A1 AT B3ll0 HBase 1AT 4@ PySpark 1AT8eile Flume 1A 04ile Impala 13 04il0
A A . A A & v 9 a o o & A A
Parquet 13043l Oozie 1ATBIE Storm NsiuTayaluy Avro grudeyaidaduiug n3esile
Bitbucket 1u¥ByAKUY Columnar WazWUU NoSQL unannasy Pig unanwasy Yam uaz
1Usunsu Docker a5anuwe: nsillsularnisdeans nsinwduiu wagnisuideynn Tud

Weniulu Maer-Matei et al. (2019) finnslawmaiianisvinmiisetennulagldmainnisainassia
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d" 1 a M Y o d‘ o I~ | a v a o v 1 :’/ o 6 1 ) [
Felaiiwausilavinwe i dudeintdnidouasiamumini uwiddivselovisensinumanans
N19158UNTTADUVRIEITUNTANEI9Y TuauIAndneA18 Wana1nil Gurcan and Cagiltay
(2019) Tiwadiansiuniiasdenruiiefnenierduanudias inveidnduluondnineides
funsinn1steyavuinlngaindeanulseniasuadasay ngldinatdanisinass lasuanwi
PNNANIANBINUIIIN LN NATIABNNULADS (Programing Language) N1d1A5Y 3 SUAULINAD
AW NWINBU karN1¥IEN1AT MNaEU Vinwensldnseolun1sdnnisteyavuia
g (Big Data Tool) 3 susuwsNA® tAT89HO Hadoop, Spark tag Kafka m1uafyu wagas
Minwe (Soft Skil) 3 duauLsnAe n1sdea1s nsualadayn karn1susmIsIAnNIsiASINIg &9
annsananladiuenainitnegniaveiaugl asuvinveAtduinueidAynesinsange 9
o W & f P a v A va o v a a v o
anudAglueg1ann vilsludgynngmaunied nideisaziuisuaenuiazins oy
JNANYINANFIAUNIINADINITIZUTLNOUDITNIANAIINAUNITANEIAD bUNIIVINTNBENTLTY
msaglurlusunisle inweneg iz dudunisla vomsagiasurinueiulalunisae
Audderdniiieesiun1sinnisteyaiayn1sliasieiveya InnaNuLaniluyazidun
YBIIULALITABEA 19 N1531ATI9Y 3 nwelad 197 Tl usoodnidnInsizsideya
iningeansdeyauazirmnsteya Jdiaudrdyilivegiunnlunistisysyneunsindule
Fareri et al. (2021) Anwasuninuzlaaldlisnnsvinmiaatannukasldmaian1sainen
mealUsknsu Spacy Safumalianisianveianie (Named Entity Recognition : NER) a1ty
P | aa ° ° Y] Yoy a a a A P ~ ° = 9
AnwidndleanunsatiyiuneinegladiussdnSnmanan lagluSeuiuwuudnaeanisiseus
a ° = Y oa et A ad o & ¢ a
YDAUATDIHATLUUTIADINTSHUFLTEN 2 F8A0 FBdnnesainnosu u¥Tu (Support Vector
Machine : SVM) uagianesifdunsounatsdu (Multilayer Perceptron : MLP) TaUsz@nsnmlag
Tdaraues (Precision) AsenAY (Recall) hazAnaziuutanl (F1-Score) 91nNan15An®I
| ad o & & a v a o a | P &
wuIIsdunetannmesuurTulimANUe AlSenfukarAIAzuILeN lasiande 68.1, 77.8
waz 72.6 oy Tuvasfisesiiunsounaladuldnadnsae 59.1, 65.7 way 62.2 AUAGU
lngasurinuenlaanyadeyanaaey (Testing Data) Ao NMsuidaym Mslianadagn N3
& & A a 2 Y o ° & A & | | .
doa1s anululiear¥n auduil nMsihauduily wagaudangy d3u Wings et al.
(2021) lenanntuneunisAnnsesalinsiuldiauaraiiiunisdwiuiin Jeliinisfnm
n1sAansedadaTuLUUSALlULR (Automating Screening Process) logflsaussauvinyzuaz
3NN ¥EANToYATIVALIBAURIY 1AENITVUTBITRANAI8LUUTIIADY BERT 210ty

a
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(Logistic Regression : LR) 35 Gradient Boosting Classifier (GBC) "“J%ﬂ’]?ju (Random Forest : RF)
AFF NSNS LUBTY hazdSnasidunsounatatu Tauszansamlasldansanay an
ALY AZANAZLUULEN T INRNANTITANYINUINIDTNNDIALINLADS T ULRANTNAN AN

=

AnaLdies Lmz@i’mmmumﬂlqﬁqma 0.90, 0.91 lag 0.93 MUFIAU TOIAIUIABITNITONNDY
aedafn 0.89, 0.90, 0.90 AU FawedifUnsounatetu 0.89, 0.89 way 0.89 MUY 33
Undu 0.72, 0.95 uaz 0.78 MUAMY kag 35 Gradient boosting Classifier 0.38, 0.40 uag 0.39
AU wda91ntu Florentin et al. (2021) WWudnuilsnuisednuineslngldlusunsusi
ludRannAteanu1annsvazid uavesluysednnisvieu (Resume) lagladasnnsidnsie
(Encoding) 3 35 Word2vec, Doc2vec uag One-Hot mﬂﬁ?um?smLﬁ&JULLUU'«iwaaamiL%uif
Guaam’%aaL.LazLLUUﬁi’maﬂmiﬁﬂuiL%ﬁﬂ 2 788 A/N1T0NNYAIARNLALIDLATITIEUTETEMLUY
Aaulig 3u (Convolutional neural networks : CNN) ¥nusgdns anlagldaSonay an
AT BAZAIAIIULNY (Accuracy) 9INRANISAN®INUL1E Word2vec Jaufuizlaseaneg
UszamuuupsuligdulienSendu drmnandies uazAtuuiugsiiande 98.79, 91.34 uay
90.22 Wasidud mud1sy 599891175 Doc2vec sHuiuisnisanasuaedain 94.68, 81.45
waY 78.63 Wasius mud1nu wazds One-Hot s1ufuisnisannssasiain 92.28, 80.11 way
78.07 Wosidus muddu anenuddmuastlymfinaiandnsdu msieseivineeaisudy
YRIUAAZANYDITN uaﬂmﬂ%ﬁwﬁﬁﬁwé’qmmﬂumam%wﬁLﬁmﬁusﬁayjaLLﬁa gareliusen
#naq Aidssvaiasyanatitluavluaserdndeya Weusiwagideavesnulugomisns
Uizmﬁ%’uaﬂmmuﬁgﬂG’Taqmnﬁaﬂﬁu dielwldaudidvnwefvmnzauluudaz o dneg19uiase
waztivansrezattunsaionuanavinuladne e

v
U VYA v X v

U3 adainagfnenseuiunsiminganlunisieneiinwenanadauag
Isainuendndureser@ninineideya Wninemanidoya uazdmnsdoyanionisi
- v ' ) = % a = Y oo o = =~ o - D
willeadenusuiunIsisguveaniewmazsiseusilliedn laswssuiisunisiimilesdeya
AILLUUTIRBINITSHUIVOUATEY 2 T5F TDTNNRTANMOTUNYTY uagdsnsannoeas 3

a ° =) Y =2 add  ad 5 o ad 1
afin uazwuUINaeINSsEusBean 2 35Ae Tomesigunseunanety waylslasanelszamuuy
AUl du Wi uLTBUUsEANTAIMUUUIIABIAIYAIAINLIY ATAIULTIEY ANTENAY WALAT

AZLUULDN L



1.2 IngUsraeAvasnuidY

1) iedsemudenvesedntininsgideya Unineimanideya wagdmnsdoya

2) WlelFeuidioulsravsnmveauuinassnisBouiveanissuazuuuitassnsiFeus
Badn
3) Wleiasueidadnifsiuinueisiduvesednininnegideys dnineimaniteya

wagImnIteya

1.3 YIULUAYUDINIUIY

¥ [ I3 . = [ | [ LY

Toyani vl www.jobsdb.com Faluunassiurindsenasvadasiululszinag
Ing vnsiiudeyadiuau 2 A53 Aeifleuunsiau W.a.2566 91U 542 YA wazAoUNIEY

W.A.2566 91U 287 YA TIUNMUA 829 Y s nduaLiunsauteyangiiu 91U 68 Y0

= L4 ]

=2 v a (3 Q’j o i 4 (X a A
FUNA VY AAINIUNITILAINSUNINNUAITIUIU 761 Ya Ysgnaunleninlsadse (X) Av

S o 1

F8asd8AYe391Y (Description) wazAIKUIAIL (Y) AetarIwLL (Job Title) liafnwvinuy

I

mamnaila (Technical Skill) wazasuinue (Soft Skil) N3110uves 3 01¥ndAe UndiAszideya

v a s Ya

UnIneimaniveya wardansteya laglunuideugidelavivdrsaadoyaiiiady wu n1s

Y

'
a

Amuaa19 ldaaunng wagdmuainsensnadaigfnludunaun1sinsisiinuey
Iudusienndn Taevinnsuusieyasendu 2 yade yadeuailndu 80% uazyadoyavaaey
20% (Wings et al., 2021) 1938n19vwilasteanumeyalusunsy NLTK wWisumgusuudnass
N1UUIVOUATEY 2 T5AR TFTNNDIANNABTUUYTY LagITNITanNeUaRIafn kazkUUTIReY

a Y a = add aa & < o aa ! v [
N15EU3IBeEN 2 38R Tomesidunseunaet kazdslaseneUszavuuuaeuligtu laedn

Us2ANSNNKLUUINBOINYAIANULIY AIAIIULAEY ATBENAY WaLAIRLELUULN 1

1.4 Ussleviiimndnezldiu

1) yihlvmsiuanuienveso@winliasizvideya dningimanideya waimnsleya

2) ylilsuvuinassiiiussansnmgdunsiessiinueisndudeodniniiasey
JoyaunIngmanstoya uazimnsvoya

3) vlvmsurinwednluresedwinliasgideya tninemanstoya wavimnsveya
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uni 2

N Bl uasUILNALIVDS

Wevluuniina1ifmguivesnisiimilesdeniny MsSeuIYaLATod N1SITEUITEN

o a a I av A o 1% = = o &
UINFIAUTLENTAIN NTNAABUAAEIU LAZINUIYNLNEIVDY Ni’]ﬂa%LaEJﬂﬂﬂm@l‘Uu

2.1 NMsVIndlasdan1u (Text Mining)

msvihmiestarnulunssuiunsaindeyaludnvasdeanundvuinlnglagiinis

v o ¥

afamAumsUluULazaudiusieg neludeyaifiolviiinanuvinguasaunsaldusylovd

ndeyaldegiasoungy I5n1sviundosernudunsadnaisaumaiinuaiuazaum

o A

AMUFUIUS VDT BAIUTINIUNIN TAENI5ILATI8NTOYaAINY U0y AT TlATIas1has i

Y

% a

lassaisegedittmang Foihbdeusadunldlunmshusuwasiangudoya n1sEuAuiAT e

kY

Tornuaglidoyanidnvarbifllasiaisdsdesusuliegluteyaiilassaiie iieazainsons
Iianesilaginuiinsiiesgh msAne wegnisTvianamane elilddeyadsinaindoya
yuplygitamnududeu lugnsaiauudiaeanisviuensifouivonaies wuuiiaonis
MUENSEUTTIEN WelilaUssloviunesdng FIPLLAENUBIIUATN (Kwartler, 2017)

Tunasvinmilestorniuil 3 Suneu deunisussuianadussneusasnisuted (Word
Tokenization) N15aUAI7 L& 8A17umung (Stop Word Removal) kagni1sindiuinevasn
(Lemmatization) (Nayak et al., 2016)

1o

2.1.1 n5KUeA1 (Word Tokenization)

nsutsd Ao Tumsunisdnmisudoyatanimlasyhnisuendoenaniululsslen 19
oglusurosdifsadonguiinsurunuiisiauls Tneienin Token nturhnissungush
funnsinatu wagvhmsdusnusimariuiiunngeglugndeyadsanusatin Token Aldlul4ly
msafnnufeenainyadoyaludunowsio 1 W msvinisusdsy nedviodlifioudd
aramsngludtueaviniy udidlermdwiindetuagriliAnarumnsvosslvsifiunneng

NN AMURLIBTAANIZIAZNUINTU WEoausaiuaNdAglitutonunseussloatiue



2.1.2 nsauditlidananumang (Stop Word Removal)

nsaudilddennumneduduneunsaviiiglululseloailidesdenumnany w
A1 a an way the WWusu

2.1.3 MsAndUINEYaIA (Lemmatization)

nsfndTevesiAenisfndiuineresrnwsainguiilisndudenisiuiadu s
%99 es

2.1.4 yalusunsu NLTK

NLTK i unnannesuvinsuiuteyaniviuysdaieyavadlausisuszananateniny

dmsunisdanuany niskUadlvmiAu nskendlu NsAAKTN MSKENIATIER waznsimeNe

L9AINMNNY (Bird et al., 2009)

2.2 n3i38uvailaias (Machine Learning)

nMsi3euvosaies Ae nseenuuuldsunsuliannsaiisusuassinuinueddain
Uszaunsal nannsveanisiSeuiveseies Aenmsihdeyayaiindutazdeyasen sndeudnly
TiruaeufmesioasulrineniiunesiTouiuazviliAnmawanUssaunisaivowialusin su
Junisadrwuuiiaesnsiseus peumawesansaitnevsedndulalamonineag i
Tuifrdganyed n1sSouivsnniasutseoniaidu 3 Ussiavmidng fuieludl (esfi, 2564)

2.2.1 n19t38uuuUlil dau (Supervised Learning) fs n13117ayayan nluidau

1Y [

a ¢ = v = ! 7 = o £ ! v A <
Ao mes Feloyayanniuusiayiiaziiaiua (Lebel) Mrvaginteyausazimidiaivailuesls

Y

o '
v 4 A v 1

niupeNiiumeifvzasuuTIaeInIsseuiiuin auiudefiteyalniggndeudiuinis
Seusvenaaanavausaihuelaindoyauuasinaansiduegsls

2.2.2 Ma3euzuuvlaififaau (Unsupervised Learning) aglaifiiaiuaiiutoyanie

v

Whnnne (Target) laquiasulidupsuiinmes wAnouNILATAzAoIUToyaYARNNUNIE1929

RV 9

' I
= [

menuestayalatnailinudneae susuy wiolassasendendsiuantuindeyaudmdu

(%
&Y

nauvesteyaieniu duulielideyalwmingnioudninfzaunsaviunelaindeyalvnitudned
lungule
2.2.3 n’n‘sl,%ﬂuiil,l,uuamﬁﬂaaagn (Reinforcement Learning) 2sW915419MMgANT5Y
& & a dv AV Y & a Ay v & Y & a av v v & =
Jududsnneanisrsskl ondudandessmsazlranduuin andudaibineanisaglvanduau 39
=

ARLIMETIEABTEUTMENTVAaeslUF oy IUN s likuUTIaRINTSISBuiTaRATRNYIUY

vsedindulanaansnananseny



2.2.4 FNWaTALINABSLUNTITIU (Support Vector Machine)

FameiannnosuusuduiuneuisnimesnmaFouivonaiosiidnogluszinnnis
Souduuuiifaeu ndnnisvhauresduneuisiAeiteyaiogaundengadeya aintu
anidunsautsgateya (Hyperplane) iloutsteyasenifunguvidenana idunsautsgateyais
fanfoduiiuiangudeyaldifian vannmsfemnidudguumidun 2 Wusnussnudu dunsus
ndoya Bsannsaviild 2 33de

1) Hard Margin agliigaslvidyateyala sguuiduguuiuy nndivayauiadiunszalsdi

sanuanNnaudeya usliausaainduinugadeyalaq b Nezviliduguuuuauas

1 [ |

2) Soft Margin gaxlvitiyneguududvuulatne Mellielalviiduduiuuavawiuly ans

Y

farsanindunsuvaateyananaananmsfediduduuiulaniteian dszevvineseninadoya

9 Y

VILARLNFUNTDARAGINAALAD 3ZDDINAUATIUUIYATBUANBYATINANTENTNUAUATUIUIY

Y
AOLAURTILUIRATRYATIAVIEN

\/

sUN 2.1 MImidunsautagadoya

9n3U7 2.1 10ulleymn Binary Classification 151dieen1sdnuundeyasenduasinqude &
3 a = a a o & D} I v a 2 =N~ S VIR~ § a X '
WRuLazduaa &9 SYM shaensuidundinmsdnaulanduduivdaduilagiindusening
navesdulsgiudenazed nedteulringdemnavendulseiinifianvinazduly

19 @angd, 2563)



2.2.5 n1sannagaadann (Logistic Regression)
msnnnesaelafndutuneuituiesnisSeuiveneiesidnedlutssnnadsuiuuy

fifaou n1sitnsginisnnanesasdadniiyauszasdiiioviurslenianinaninaziduiiaziia

wnnisaifiaula Taglddudsdass 1 fmTounndt 1 duflethundinsgst anunsautsnis

ATNLNT0N08aRIARNDRN ALY 2 USEnnAe (USIAFNG hay dATUUN, 2564)

'
a = o

1) AN5AATIZNITANNBYADIARANNINIA A N1SIATITARIARNTIFLUTAUALT 2 AN
2) N1531AT1LNNTTANNBYADIAANNIUIN Ao N15IATITYRRTAANT wiauUInUaLdl

110N 2 AN

2.3 N3138U3LeAN (Deep Learning)

nsBeudidadniidmnawuioriumsisoudvenniesierilineufiamesiianisisous
udrtharmdiuildon winsbsuiidaanliisnimiemedadnvuslasaisuszamdoy
(Artificial Neural Network) frEnnansdu (Deep Neural Network) PAEULUUNTYIUTD
\adlassngaNes (NeulNesi, 2565)

2.3.1 wediduasauvanedy (Multi-Layer Perceptron)

Tnseadrsmaanesidunseunatsdulsznausiedu (Layer) Ane Taourasduay
Usznaudaglnua (Node) lnsutadu 3 Sumdnindnmaihnudwiolud

1) Fusayaidin (nput Layer) Hudufisudoyaidn (nput Data) viorsauds Tnousiay
TnunluduiiaglaififteiFunsesu (Activation Function) agvwithiifudedeyaiinluuszananaly
Fugnly

2) Yusgau (Hidden Layer) utnasidunsau wiosuauandudeyaidniinissiuna

wagsindu uinanlaannisdndulatuildslilddeyaeen (Output Data) aaviny usazddliines

dunsoudniulssinananely msifidudeuivaelfannsafautsvdosuunndudoyaiidudou
5]
3) %y’u%'agaaan (Output Layer) iJuduiisudeyaieandugouudiuszmana (3ruuay
findaw) sniilirwadnddeyanonaaiing
2.3.2 Tasednguszamuuunaulagdu (Convolutional Neural Network)
laseteUsgamnuuuAsulIgduiluIAnNI9INNISTUFVRITEUVUT NN TUBUAUTE 4
uywdlasuosingrienmiluiiufigesq Fsnsusaiuiiufisesvesuyuddvhnsuenaudnums

Wl IeUsENauUNTHANTAN kAINFUANAN YEAUYINUNgDENNTIRNTTINAY LivelH



leiseazdenitinguianmiufonsls lasseUszamuuurauligtudunissivaesdiufe
nsafnAuanuMe (Feature Extraction) uavlasstiguszam (Neural Network) lagnsguiuns
annAuanNvuraIdenann1TUsEIIan I eYiN1s I UNAMENYUzIAUYBLIng Nog lunn

ganuneu W Wwwey Wulds 1dwdes yntuihdeyanudnvasnuludeyadunusziiana

Tulassvneuszameald

2.4 31959aUszansn (Evaluation Metrics)

2.4.1 wnsndanududau (Confusion Matrix)

wnsnganuduauduasoaliolun1susyiiunadnsyanisvinuie (Prediction) Mvinune

PNUUUIRRIiaztulunsseuveAToaEn s EusITaEN InelindnnsAediiuudnaed

o v a aa dy a o
MUNYAUFINIENAVUIIIUER

Confusion Matrix

drnuusdsls (Pagon, 2019) é’ummlugﬂﬁ . %

Actually Actually
Positive (1) | Negative (0)

Predicted Tr.u_e F§I§e

d Positives Positives
Positive (1) (Ps) (FPs)

F

Predicted aIs'e Tru.e

3 Negatives Negatives
Negative (0) (FNs) (TNs)

JUN 2.2 msirsndanuduay

U2n339 (True Positive, TP) Ao FIN¥NUgASINUENINATUISIIUNSUYVINUIY

14
Aa = &

T13IALEITLNAVUNABDT
aua34 (True Negative, TN) Ao Fsviunenseivdsiinnvulunsalvinuneinly
SarAAnTuARellas

< ore A a Ao 1 U a aa < a [ 1 a

VAN (False Positive, FP) Ad awmu'mlmamuawLﬂmuﬂammmwsq
A A a £ & I a
LLG\ﬁﬂVILﬂWUUﬁ@IﬂNN

aua (False Negative, FN) fa d@sivihungldnsesiuiiintuass Aeviunednly

' ' ¥
a aa =

239 LAFIVLNATUADDS
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2.4.2 AU (Accuracy)

[ '
=< a 2 ]

AanuwinduannugndesivineliuSsuiisuiuAmiintuase deeunisy
2.1
Accuracy = TP+ TN/ (TP + TN + FP + FN) (2.1)
2.4.3 A1AUNEY (Precision)
1 a @) al al o a £ 1 a @ a d%' a [y
AAuisudunsiuTeuisun1siuefgnaesnas wasiiiaduase (TP) Aunis
U5 easrilinduAsliase (FP) Asauni1si 2.2
Precision = TP / (TP + FP) (2.2)

2.4.4 a3enAu (Recall)
AsenfuduAmmnugniewensyhweislussuileuduiuanasiveannnsalng
) a :g 1 I~ a [ d'
UYL ALIANTUINTUITI ANENNITN 2.3
Recall = TP/ (TP + FN) (2.3)
2.4.5 arnzuuuanl (F1-Score)
| s | a ) l | A oA a
A1AZLUULW LU UALRA YLUU Harmonic Mean $£1319AAULN89LaE AT YNAY
I3 v | X -'-ﬂl 1< | 9 Ao o
UTZAIATINITATNAIAZLULIENITUNINELUW Single Metric NIAAINAINNITOVDILUUINGDY
AIAUNITN 2.4

F1-Score = 2 x (Precision x Recall) / (Precision + Recall) (2.4)

Tuuddeilauinsinlse@nininAe AR IUTIEY ANTUNAL LaYAIAZLUULEN
\Weanyadayasivavidenuduluglildvinusaraviliwuuiassinnegiuseleanienm
dlnglulyinee Armnuudueasgs uadsluineanalunisusueniiwuudnaeetug &

UsednsnmAasevseld (Wings et al,, 2021)
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2.5 mMsnagdaulaniasaas (The Chi-square Test)
2.5.1 mMmagaudayaduuUNMLFeD
mimaausﬁaqﬂafé’wLLuﬂwNLamLﬁumwmaawﬁagaﬁﬁﬂLLuﬂmué’ﬂwmsashﬁm D81
wilafissegnafien e eziifisawan (row) uwiodnus (column) Wesegrafien Wy s1uau

o
(% v =

PNAENEIIMUNAUTUTNAEIANY F1UIUSDEURIIMUNINETDTD WUAU (Bnewa, 2563)

T o, wnu  Fwuenuddunalalunguvtetun i i= 1.,k
° P ' A O oA .
E, Wiy wsuesdeavsnglunguvsetun i i=1,.,k
n WAL IUIUAUDNINUA
k WY 9IUIUTUIAUA
v & 3 B
AT y o, = E, = n
i=1 i=1
Lba1 e E, = np,
laed p, — wnu  auuwsiuiasinlunguvsetuin i
2
(o, ¢)
o = aa [V | | = Y a [
lngodenguiniads azleqn ZT dn1swanuastaeuszanalnapeeny
i=1 i
NSWANLAILANIFIEDS HURB
2
2 .4 : (Oi - Ei)
® & E
i=1 i

U

lnelagAaSvinAUIIIUNGUVTBTUAUMIY 1 LagaumeTIUIUNITITNDTNABIUTEUIUAIFIY
Ar91ndaeg e dude dewrnaSuiiiu k—1-n, We n, fAe Twsumslinesiidesnts
Uszanaud wddalaifinsuseanueannsfines a9 aseiniu k-1 wazasUfias H,
o2 Adwadldidunnnin g2

X Xu;k~l—|’1p

[

FadNnvaIn1snadaulAnIasE ITMUNTILAYT
1. dunannaazsendudassiu
2. doyatupmsafisziiundiesgiasituteyaidueud liaseglusudadiunse
¥ =) & @ 12 Y v 1 £ 1 = ¥ =] f @ 2 v £ 74 < Qll
Tovazvtaofidud dveyasglusUdndiuviesevasvselesitud deswdaoyailumiud
3. IIUIUAINDTRIUNANIDVUINAIDE INNAAIsHvWIAIng Aslininin 50
4. ayudaavanglundaznquazaedaiegiates 1 wazddiuiuaudaIanuned
Woandn 5 laldliiu 20 % vesdwunguiavan widinauladdinnudaenunedesndn

[

5 prawnlulanad
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[

4.1 Winvavesiaegne (n) Winndu visewiuendunalmnniu
4.2 snguiegfniudisieiy aundirmenudaavanelitdesndn 5 Fetagihla

dianssaunguidimeiusdllavilinnunnevesnguiniiunsiuiuddsusdasly
5. 03ANAWINNYU 1 UAIUINGAI0E1N n <50 Fradavegeulaidassazliiaiy

mawlios snududesldnisusuliirdaiiosveaend (Yate Continuity Correction) esil

1 2
2 B K Ooi - E; _Ej
S —
with n>50 Saasldgnas
K /L E. 2
A\ Z )

i=1
mimaau%gaﬁi’muﬂmqLamLL‘Uaaamﬁu 2 %79 Av
1. mvedeudasiulsyuins k nau (Test for k population proportions)

2. MINAFBUNMTUINUAINTONIINARBUANEAIIUA (Test for distribution or Test

for goodness of fit)
AUTUNISNAABUNISHINKAY LU NISNAFBUNISHANKAUIAR  AnwIsieaziden e by

unil 12
2.5.1.1 nMsnasaudadauyseyns k ngu (Test for k Population Proportions)
mnedeudadulszans k ngu wiseenidu 2 nsdl Ao
1. NInNAERUALLANANTEINdRduUsTrIns k nau (k> 3)

2. MsvegeUdndulszrng k nau 3widuafiaalivsely

1) MINAgaUAINLANANTEAINARduUTEYNs k nau (k >3)
L3IMIIVLAITINTNAABUANULANATENINEAdIUYTEYINS 2 nqu Alddada

NPFBY Z  d@UNISNAABUAINULANAIITEMI AR uYTEaInIA e 3 nau July elden

adfnaaau 2 Fulunsmegevaunfgiudmsudoyadiuunmufen

duNAFIY
1
Ho : Pr=Py == P ==
o - P1=P2 Pk K
H, : 3 p; # Py pg19tey 1 AN ; i=i";i,i"=1,..,k

Nasiau

DD
3D

gl
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I(%Jﬁ E. = np; = ﬂ

L WAINGA

wela v 2 2
WU H, D Y > N

e 1 a U a v IS s a 1 v N LY d' o v A
f9819Y13.13 UNIIURAIANAINNUTEAIATILUTZIUUAIUTDUTDILNUIUNEINULATBIHNNY]
Tgnngluthugedidndenwand iy 4 & audseldillaainnisgudiegiwddiudiuag 200

Au  wddliszudnyeudle

a Al 11A18 91 DRIKLY

AR 61 55 a1 a3

o Ao a Yo v oA oA v U o w
ADINITNIIVINEYY 4 & ‘LﬂiUﬂfﬂﬂJ%@‘UW@ i ﬂ‘UMﬁ@‘lN NIELAUVULEAAEY 5%

W auufigIu

H, : dndiuvataiuveussswitiungatuinsosdndiiine q fiu
H, 1 @9diuv99a 90 ureskivnuneniuasosdndkane 19

. 1
V30 Ho i pi=py=p3=ps=7 v

v |'||u1
H, : 4 p;, 9gndes 1 a1 Alivindu 7

PG ANI2GRNY

X(z:al Q i(oi _Ei)2
i=1 E;



a o, E. (0,-E)°
E;
A 61 200%1/4 = 50 2.42
thana 55 200%1/4 = 50 0.50
e a1 200%1/4 = 50 1.62
iy a3 200%1/4 = 50 0.98
31 200 200 5.52
athuy i = 552 \

aad

/N1 #NA1suanA1Ingm (critical value)

PMNANANUIN MIFWN 5N a=0.05Haz k-1=13

AINOAAD 2055 =7.81 |

15

552 781

e x2, =5.52<7.81 Fdlimnegluweings Faldanunsaues H,

(% (% '
LYY a v = v v 1Y

Aty @ne 4 a Tasurnuflsuannusitiune o fu Asvautvdne 5%
3B 2 Aarsaneine it (p-value)
p-value 23 P(x2 > 5.52)
> (= 0.05)

Feldanagluwnings Aslilauisaufias H, 9 a=005

2) manadavdadiulszrng k ngu difudiaialivels

v

v v ] l & an' v oA | | v
21deInITnAdeUItdadIulsEeIns k ngu lulununatalinield wu deenis

nageuIdndIuve T liwiusieiun1sturlagarssalsedmady 3 wihvewdAviudae

wsoll wiedaanIsvadeuindnsiduveniUiden A : B - AB : O Wu 1 : 2

: 3

viold aglddaifineaey ? Fedwnadunisnaaeuanufgiudviudeyadiuunmnaiien

AUNAFIU
[-C)

Ho  P1 = P P2 =Py -1 P = Pio
H, : § p,=p,, 881Uey 1 @n ; i=1..,k

H, : 8 p,=p,, 981tey 1 @ ; i=1..k



el p, WA

Ardnauiinninmszilu wer 0<p, <1

AENANAHIU
- (0,
2 i i
X cal =
cal ; EI
Logil E, = NP o
LUATINGA

WUHES H,

» - 2
A Ao > Aok

Aaaenedl 3.14 lunskauiuslinenddduniuazdnnn aunguiniaiugnIsuveuuues 9

lomonliidu : Ay

a

[
= U

UAUUAUUNE B

a

AR

Ho @ dnsnduvesldnenddduty . dvun @ fuae = 1 12 :

v

H, : ens1duvedldnenddduny ; dvuy

- Aues Tuomsidu 1 ;2

vpsunavseld Nsgautudiny 5%

Ho i p1:p,:p3=025:05:0.25

Hy ©p;ipy:ip3 #0.25:0.5:0.25

AEDANAEaU

2
X cal

. 2 (0, —E;)*
T E

CAWRS = 1 2

16

v
v

1 dmWannsnnaeramniusldnen @

ansenilslaldnonduny 141 sy Fvxn 291 fu wavduas 132 fu AMAFOUIINANITNAGDY
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dvaananlal o, E, (0,-E)°
E;
m 141 564x1/4 =141 0
YUY 291 564x 2/4 =282 0.29
ON 132 564)(]/4 =141 0.57
37U 564 564 0.86
A
o 1wl = 0.86
31 Fsanandnings (critical value)
PNNIAKLIN WA 5 7 o =0.05uar k—1=2
AINOARD %3 05, = 5.99 TN
0.86 5.99

e x2, =0.86<5.99 Flumnegluningn Jaldawnsaias H,

(%
Y]

1Y 1 2/ ad & 2 dy Y a d' LY
muuammaumaﬂmaaamﬂu L€ A [ 1‘M'ﬁamamwmaawauuaqumwg%ﬂL;Juma nIenu

€

MNo

gen

fity
a al a A
N2 WA11aNAN (p-value)

D

p-value = P(Xz > 0.86)
> o= 0.05)

Felainnagluundngn Fliaansaufias H, 1 a=005
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2.6 uIVeMNYIVD9

INNNTANYIIUITYNLNYIVDI WUINLIUIFENANWILNBINUNITN AL DITDAINY WAL

e

msafauuudiassnisiioudvesniestazuuuiasinsBeuiiedn nuideiiAedesigidels
yhnsfnwfiseasBendielul

Kobayashi et al. (2018) ldfnwinszuaunisimilesdoniulagldyadeyailisrtunis
yihaudnau 270,000 Uszleaigniawainduuseloadisinuzeguiolisl Inglfinadanisdnass
la3manus (Latent Dirichlet Allocation : LDA) faufumsvhuuudiassnisBouiveanieaile

A v

Ainsgviniiaderinueiegnglanguuasunainy (Topic Modelling) Wiodnnguuedinyy Wa

Ya o

N1sAnwINUIiIteinwsNAuNUIINTAgAARYinyeN15F0a1T tnganed Id8LUseuLieunisvh

54

a o s

wuudiassnsiSeuiveanies 3 35de FdwwesannimesuuaTu UL uariSudviud Ia
UszAnSnmuuuinaedlaglddimnuwiuuazaiazsiumen 1 9nran1sAnsnuinTsungu 159w
NOTHLINLADT LTV LLaﬁ%mSwma‘iﬁmmmuﬁuqﬂﬁqmﬁa 97.31, 97.30 way 96.60 LUasidua
mudu lusasiisdnmesnnnimesiaydu 3hdy waedsudniudliirmazuuuen 1gsiiande
0.9751, 0.9750 Lag 0.9554 adny

Hiranrat and Harncharnchai (2018) levinnnsiiaszsideyafisausainivledasing
supsuladiielildvinueniamada (Technical Skil) wazasasinwgAsdudmsvaioau
gnanvinssuvendislulsemelne Tnelinguszasdiionhlulflunisesnuuuvdngnsiiiesinm
WinwzveatinieutnAnwmlagldisnsinmilostamiunisyalusinsy NLTK (Natural Language
Toolkit) 91AHAMIANWINUIWINWEMamadafinusnigaluUssniasvasinsugsan 3 Susu
w3nAe N1w JavaScript N1e7 SQL warn1919191 Wnedndu 32.34, 26.44 uaz 25.72 wWesidud
AdIRU UagasasinuzaNsusiuLInf anwidinge nMsdeans wazn1sieet TaeAndy
35.80, 31.14 way 15.97 Wesidus auaniy

Shirani (2019) I#@nusinuefidnuvesmsnumsiiansideyalneiinneviinuzaos
Ussnndsioluiifie fnweniamaiiuazasuriney Tnedtuneunissniiunuiss 2 funoundn
FodunounsniBnsimiedoaulnesiiunsdn uazidndfiliddyeonandeya 1w
FdusunazAialudug Hlifedos dunouiiaedidunouisungudeyauuuanadedion
AN k ﬁﬁﬁqmslumsLLﬂQLLaﬂﬁﬂwzﬁgﬂaaﬂUizmw Tnannasarmuae k sevunanuadesolus 2,
3 way 4 auszAvdnmlnglimaumilou (Similarity) 9nnnanisAnwwuind k Adfigelunns
wiwinueiaesUssnvesusarenindduiolud erdndninnesideya ulweniinugldfdan

Aa8AT k WU 3 wazinweiidnduseandnde sinwenianaia: nsuanideya Tsunsy
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Tableau TUsun5u Qlik N15a3194UUTIa0IT0Y A FIUToyaLTIFURUT A1) SQL TUsunsy
Microsoft Office TUsunsu ExcelUsunsy Excel Solver 1Usunsu Power Bl 115UT®159ANTS
1A59N15 TPUUNITIANITANAIENRUS SeuuUIMIsInnIsnIneInnieluesing uazinanviasy
Salesforce asauinue: M3ldut1 n1sils 393l Msdeses mvihmwduin nsudteym
msyaiiugndn endwininemanideya ulswenvinuzldffignsee k wiidu 3 uaz 4 uaz
vinweAdudusieerTnde vinwemanaia: MylATeinsEdf madauuuiiaeanisiung
NINAEEU N15398LTaame A1wluveu nslduiining Pandas wAnLND NumPy Lazuiinina
e gondurs Apache Spark ¥au#was Hadoop milf%aui?uaﬂm%q Awan1an N3yl
16 TUsunsu MATLAB grudeyaidsduius maidsuiidednnsmenminziian waznisaing
LUUTAedIA avauinee: N1sdeans yumesszdulan MeAde mavieluiin nsuitiymn uas
MyvhnusmAUBu e wimnsdeya waenvinusldafiansean k Winfu 3 way 4 uazvinue
fsnduseerdnde Wnwsvaunale: wenswis Apache Hadoop weuwa$ Spark Hive
g0 U5 Sqoob TUsRATH NIFi 119191971 AwIdnIal a3 esile HBase a5 asile PySpark
\w30dile Flume A5 09ile Impala 1nSesile Parquet 1n3esile Oozie w3asile Storm msifiu
Yoyauuy Avio ruteyaidsdunus n3asdlo Bitbucket grutagauuy Columnar uazLUY
NoSQL unannasy Pig wnanasy Yan wazlusunss Docker 33au¥inue: N1 TUULAZATT
deans msvihauduily waznsuditam

Maer-Matei et al. (2019) dmsldinadanisviumiesdemulagldmaiamsinasslas
slanuslnensisderaaintsemasuasinsnu iemvinwenieanuiidnduseedninise
Lagiau 5 nga Ao IMIN3T iasugeans Inganisaesfianes Ingimaniasuinden uas

a s v a o o I a

AdinA1ans InNansAnwImuIninessenuiidulureendninidouazinuinguisnssy

9

v va o & 1

4 aa ¢ Y] Y] M a s a & AN =
AD Wand Waeau 'JEW! LAIBNNG 11/\"17"'] AAAIANT LATBLANNIBUNE NNWLVIDANUINANTUND

=2

Y]

andninIdeuarimuinguaseganansfo 13U 11390N15 waggsiia invenieanuindnduy

v a

AERTNINTNITeLALNAUINGNINGINTABNN MBI AD NTSHUTITIEN N15LT8UTVBUATDS
& ad aa o a ¢ a ¢ o = val o & | A A U oaw
Tunauls AV Aeuines uarlyyiUseavg vinwenieaiusninluseaInerTndnide
wagiauINguIngImansdwindense Wigdeinia umayns lan anudagu 333men N3
WaAULUAY SYUUNLIA wazAugaty LLazﬁﬂww%ammiﬁaﬁ"}Lﬁuﬁiaaﬁwaﬁwﬂ’ﬂié’faLLaz
Waunnguadamansae nguianunasdu aunsileunus wasiadnd

Gurcan and Cagiltay (2019) ldwmatian1sviuilosdennuuasnalan1sinassatas

ganuds Wefnwifeartumnuduaziineenidnduluedniisidesiunisinnistoyavuinivg
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lngldyadayaindeniulszniafuaingnu InansanwInuitvinyenanwaeuiimes
(Programing Language) 7 d1ésy 3 Susuksnfie A1919191 A1 lnneu wazn1wIanian
pasy sinwznnsldiag esilelunisdnnisdeyavuinlug (Big Data Tool) 3 SufuuInde
\3eaile Hadoop, Spark, Kafka anuasu wazasauinee (Soft Skil) 3 SuiuusnAe n1sdeans
nsunladgm warn1suimsinnislasenis

Fareri et al. (2021) lafnwasauinuelaglditnsinmiiesdeanuuasldinalinnisdne
Fealusunsy SPACY Saufuwmaiiansdirdoianiy andudnurinduneuislaanunsatan
yhunevinueledussansanaigelasrisuiisuiuuitassnisisouiveanisaariuuiiass
nMa3eudidedn 2 Tuneuisde F5dnwmesnninesuusiy uaritwesidunsounaisdu ¥n
Usgansnmlngldaanmiies andonau wagaaziuuont 1nHansAnyInuinsasinug e
Nnyadeyanaaey fe nsuidamn mslimanaidesn msdeans mnuduilootdn amnuduy
frin mavhauduiin uazmnudangy msiSeuiisuluuitassmisFeuivaaiesuin Bam
wosmanmesuusdulidauiios AenAulazapsuuuLen 1gsignfe 68.1, 77.8 uay 72.6
gy lurngiitswesifunseunanetuldnuadns 59.1, 65.7 uag 62.2 auddy

Wings et al. (2021) ¥inanainduseumsdnnsesfadasiuldinauasanduiunisdau
11n liinsfnwinisAnnsosainsuwuudiluli (Automating Screening Process) lngfis
AUTTAUNUEULAYATUNN¥EIINYAT DU ATI8aELBUAV99IU 1nen15vnileedandun g
LuuTaed BERT Andufeuifisuuuudassnaiseuivesaiouaznisdeusidedn 5 35de
Fnsanneuaedasin 35 Gradient boosting Classifier 35U1du BEnwasavINMBTUUYTY uaLds
wosiiunseunanedu Tauszaniamlnsldasonfu Aranandies uasAazuuuoNl anua
MsAnwmuInIddwmesaninesuurdulrirSendy Amnuiios wazAinziuue 1gsiiane
0.90, 0.91 WAz 0.93 MUAWU TBIRIWIABTTNNTAANBLABITAFAN 0.89, 0.90 UAT 0.90 AUAU
Fewosiiunsouvatedu 0.89; 0.89 wag 0.89 nudriy F3Undu 0.72, 0.95 uay 0.78 AudIfy
waz 35 Gradient boosting Classifier 0.38, 0.40 Lag 0.39 HUAIGU

Florentin. et al. (2021) ladnwiinuwelagldlusunsudaludfanarieenuiain
s1eazdunlululszinnisinaulaelgisn1si9159a (Encoding) 3 35A® Word2vec, Doc2vec
ua¥ One-Hot Mntudsuieunuusiassnmasuiveuniosuasuvuiaesnisfoudidedin 2
TeARTEN1sAnnRYaeIaRNLALIslATIeUsTaLUUAUlIgy TaussansnnlagldAnsunay
ANAILTIEs LagA1ALUIL 91NHANSANEINUTY Word2vee Saufuislassnedszaniuy

ARl TuUlMANTENAY ANAINULTI B9 WATAIANLIUGINAAAD 98.79, 91.34 Uaz 90.22
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[y

Wosidus suaIsiu 5998981Ae Doc2vec $aunUISNSannesaadann 94.68, 81.45 way 78.63
WSt uA MINEIRU haz One-Hot AU UASNITannReaRdafn 92.28, 80.11 way 78.07
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9N3UN 3.1 wandbiiudunounisanliunulegduannsiusiusugadeyauain
Viuled www jobsdb.com 9101 wrMN15819997 03 ad 38 TUSUNTN SPSS WAz AAIAY
WordClound a1nuusiauareInteyalaeildsuiidnysniwdinguaindifiulngidu
v a ¢ v v a 1 o a & o av 1 L) o 1 I
ALan auaienuseiley WU | - # / uazauifdudnliddennunnevieriuiles (Stop
Word) ngldaderdninendinguuesygasds NLTK dupsuseluihdeyawisoandu 2 ya Ao

o a b4

Yadayarnasu 80% uazyntoyanadoyu 20% Y1YAvelaRNABUINAIIHUUTIA0INITTEUIVRY

A ad o a

LA389 2 15 AB IDTUNOIALINABTUNTTU (Support Vector Machine) Lazidn1sannasandasn

(%
[

(Logistic Regression) waza319uuud1a0IN15t38u3L898n 2 35A0 T8 mesidunsounaisdu
(Multi-Layer Perceptron) LLaz’?ﬁimwﬁsJstmmeﬂauTaqsﬁ’u (Convolutional Neural
Network) WiI11gatayanaae U1 InUsEanEAImMTeuUTaefigaIALILY (Accuracy) AN
A3 89 (Precision) A3 enfiy (Recall) wazAazwuanl (F1-Score) il aunusuiiioy
UszAnsamszminaiuudnasenisiouiveaassuaziuuiiansnisBousidean Tu%’jumauqmﬁm
Seldwuudnassiiivszansnmanignazyinisiiengiinvemanadauazasuinvsvesudas

91N U WINTATULATIATIZING

< 14
3.1 NM3NUIIUIINVDYA

FAtelvihnsituiusyadeyatszmesuatasnuanniules www jobsdo.com 3
Juuvasruruvsenasvadasnuluvsemalngdnuon 761 gn lnegadeyannaradalmdily
snilugluuusesasisng Tnedoyayniuszneulufrseidnvesininsesitoya 571 oA
Andu 75% a18nimnsdoya 120 Tandnu Andu 16% wazedwinIveadansdoya 70

} %

Joau Andu 9% lneyadeyaiidnvuzselunad

Y

ﬂl U £
f1919N 3.1 ANBUSTRNYAVDAR

cﬂ' % o = =) L%
YaAILLUS ANRIUNY YUAVDINILUS

description (x) TYALIYAVBNY AILUSLTIRUNN

job_title (y) YoMLY AILUILTIRUNN
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310157199 3.1 aeluyadeyausznaunledinusdase (X) Av $18a2L88AY0991Y
(description) kagfiauklsniu (V) A¥asurusau (ob title) vaso¥nvaeindinszivoya

ininenmanitayauazienidoya lneyadeyarimundunwdnguiasdudnusidananin

job_title description
Data Analyst Business Intelligence Analyst eCommerce Market Insights Data
Data Analyst Data Analysis Analysis Data Analysis manager

Data Analyst Opportunity to work in International environment. Have learned digital tools. Office located near BTS and MRT

Data Scientist Data Analysis role Tableau , Power Bl Python , SQL

Data Analyst Experiences in software development Strong analytical skills, Attention to detail Working hybrid, Flexible working hour
Data Analyst Microsoft PowerBl, Dashboard, ETL SQL, SAS, R, Python Capacity Planning and Performance Monitoring

Data Engineer Big Query, 5QL, DOMO, Google studio Data pipelines &transformation/ Data visualization Permanent role/ Hybrid Office
Data Engineer Data Engineer Monitor,plan,create & maintain data architectures Database Management, SQL, Python, MS Excel, Access

sUN 3.2 fegynteyausznmiaAsuadnsu

d‘ [ 1 2 % o PR < 13
MNUN 3.2 d70g 19y ATy auseniAsUalATIIUT LA USIUSINNIAINLT Uled
www.jobsdb.com lagit job_title A Yasiunusy taz description fis ANeSUIETIBAZLDEA

VBNWTU

3.2 Msd1573daya (Data Exploration)

wianifiussuTindeyaudnvhnisdsiateyaiiemauionvesussnmeasuadasauly

Wiz waginerumAUsIngueslulseniasuadasu

o a

3.2.1 N15813529ANULLUVDIBDNTN
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a YVa v o

luuneuilITevin1sd15Iaaulenvesedntniiangiveys Undneirmansioyn waz

Feansdeya Arenmsnsauyfgumstegldnimaaeulanidsaesainlusunsy SPSS Lieiins
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wagImnstayaunneneiy
3.2.2 n15d1529MTinuey
W RInTivnsd IR denvese1 i udr3sihnsdsrasiinuleslundazanTnds
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WorldCloud anuaiau @9n15d1539tuasadaziinluusenaunismanmiludaninununesiuiy

futupeuinAuare1ndeyaluddudaly

o v .
3.3 NMIANUELINYaYa (Data Cleaning)
nsvianuazeiadeya iunsudlaseazideavesrvsednaiilideninuvuigeen
wsaUumdnusvesmlegluguwuuiieniu tne3delaniiunsaaseluil

3.3.1 NITAUYDIINNUAZIATDINNIYITIANDY

index job_title description
Data Analyst Business Intelligence Analyst eCommerce Market Insights Data

Data Analyst Data Analysis Analysis Data Analysis manager

Data Analyst Opportunity to work in International environment. Have learned digital tools. Office located near BTS and MRT

Data Scientist Data Analysis rol(: Tableau , Power Bl Python , SQL

Data Analyst Experiences in software development Strong analytical skills, Attention to detail Working hybrid, Flexible working hour

Data Analyst Microsoft PowerBI, Dashboard, ETL SQL, SAS, R, Python Capacity Planning and Performance Monitoring

Data Analyst Out of Stock Data Analyst Excellent of Analytic Skill Excellent for using Power Query, Python, SQL

Data Analyst Data Analysis Data Visualization Geod in English Communication

Data Analyst Analyze, monitor and measure Department activities Provide financial analysis information Manage project as Project manager
Data Analyst Experience as Data Analyst Understand in SQL or database and Power Bl Experience as Data Studio

S ® N DM R ®WN SO

=

Data Analyst Data Manag Data Analyst Business Analyst

5UN 3.3 freg1untoyausenasUalnTUNeUaUYIIMAZIATNVINEITIARDY

job_title description
Business Intelligence Analyst eCommerce Market Insights Data
Data Analyst Data Analysis Analysis Data Analysis manager
BEIEPGENE Opportunity to work in International environment Have leamned digital tools Office located near BTS and MRT
Data Scientist Data Analysis rol : Tableau Power Bl Python SQL
Data Analyst Experiences in software development Strong analytical skills Attention to detail Working hybrid Flexible working hour
Data Analyst Microsoft PowerBI Dashboard ETL SQL SAS R Python Capacity Planning and Performance Monitoring
Data Analyst Out of Stock Daia Analyst Excelient of Analytic Skill Excellent for using Power Query Python SQL
Data Analyst Data Analysis Data Visualization Good in English Communication
BEEPN ENE Analyze monitor and measure Department activities Provide financial analysis information Manage project as Project manager
Data Analyst Experience as Data Analyst Understand in SQL or database and Power Bl Experience as Data Studio
Data Analyst Data Management Data Analyst Business Analyst

5UN 3.4 dreg1ntayalsenATUaln TN UEIaUYRIIUAZIATRMINYITIARDY

N3UN 3.3 wae 3.4 1 Wunisautesinwannsomuedssanaulaelsenauluiie . 21,

:;l_“ 7’()[]
3.3.2 N1SAUALAY

index job_title description

Data Analyst Business Intelligence Analyst eCommerce Market Insights Data

Data Analyst Data Analysis Analysis Data Analysis manager

Data Analyst Opportunity to work in International environment. Have learned digital tools. Office located near BTS and MRT

Data Scientist Data Analysis role Tableau , Power Bl Python , SQL

Data Analyst Experiences in software development Strong analytical skills, Attention to detail Working hybrid, Flexible working hour

Data Analyst Microsoft PowerBI, Dashboard, ETL SQL, SAS, R, Python Capacity Planning and Performance Monitoring

Data Analyst Out of Stock Data Analyst Excellent of Analytic Skill Excellent for using Power Query, Python, SQL

Data Analyst Data Analysis Data Visualization Good in English Communication

Data Analyst Analyze, monitor and measure Department activities Provide financial analysis information Manage project as Project manager

[
1
2
3
4
5
6
7
8

Data Analyst Experience as Data Analyst Understand in SQL or database and Power Bl Experience as Data Studio

Data Analyst Data Management Data Analyst Business Analyst

Data Analyst Bachelor's degree in Actuarial Sciences or Related Welcome new graduates Excellent in english communication
Data Analyst At least 2 yrs 'vorking experience in data analysis Strong analytical skills Can-do attitude

3UN 3.5 dregrynteyalseniasuadnsnunouaudiiay
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job_title description
Data Analyst Business Intelligence Analyst eCommerce Market Insights Data
Data Analyst Data Analysis Analysis Data Analysis manager
Data Analyst Opportunity to work in International environment Have learned digital tools Office located near BTS and MRT
Data Scientist Data Analysis role Tableau Power Bl Python SQL
Data Analyst Experiences in software development Strong analytical skills Attention to detail Working hybrid Flexible working hour
Data Analyst Microsoft PowerBl Dashboard ETL SQL SAS R Python Capacity Planning and Performance Monitoring
Data Analyst Out of Stock Data Analyst Excellent of Analytic Skill Excellent for using Power Query Python SQL
Data Analyst Data Analysis Data Visualization Good in English Gommunication
Data Analyst Analyze monitor and measure Department activities Provide financial analysis information Manage project as Project manager
Data Analyst Experience as Data Analyst Understand in SQL or database and Power Bl Experience as Data Studio
Data Analyst Data Management Data Analyst Business Analyst

0
1
P
3
4
5
6
7
8

=)
S ©

Data Analyst Bachelor s degree in Actuarial Sciences or Related Welcome new graduates Excellent in english communication

Data Analyst At least yrs working experience in data analysis Strong analytical skills Can do attitude

5UT 3.6 fegwyndeyalsemaTuainsnuraIaufiILaY
9N3UN 3.5 uaw 3.6 \unsaudaay 0-9 eanvndeya

3.3.3 N15AUAINEINEINg

Data Analyst years in Bl and Data Analytics in Finance Advanced in Power Bl and Data Visualization Good communication coordination and team work
Data Analyst Strong analytical skills Good communication and interpersonal skills Details oriented and drive for the result

Data Analyst Design and develop data visualizations Design analysis report Diagnose and Troubleshoot Database errors

Data Analyst Hybrid workplace We are a Tech Company of BDMS Group data architecture and pipelines that adhere to ETL

Data Analyst Over yearsT exp srience in Data Analyst Understanding of manufacturing process Advance in Excel Power Bl

Data Analyst Experienced in Marketing Research Data Analytics Strong presentation skills on verbal presentation days work Work from home Medical Insurance
Data Analyst Collect process and clean data Transform data into structural meaningful format Hybrid working

BEIEPENE Business Analyst Assistant Business Analyst Investment

Data Analyst Woark From Anywhere Good in English Business Analyst Application Service

Data Analyst Multinational company Attractive Benefits Data Analyst

Data Analyst years experience in Business Analyst Core Bank Good command in English

UM 3.7 shegrsyateyaussnmasuadasnuneuausiidnesniwmilng

Data Analyst years in Bl and Data Analytics in Finance Advanced in Power Bl and Data Visualization Good communication coordination and team work
Data Analyst Strong analytical skills Good communication-and interpersonal skills Details oriented and drive for the result

Data Analyst Design and develop data visualizations Design analysis report Diagnose and Troubleshoot Database errors

Data Analyst Hybrid workplace We are a Tech Company of BDMS Group data architecture and pipelines that adhere to ETL

Data Analyst Over years experience in Data Analyst Understanding of manufacturing process Advance in Excel Power Bl

Data Analyst Experienced in Marketing Research Data Analytics Strong presentation skills on verbal presentation days work Work from home Medical Insurance
Data Analyst Collect process and clean data Transform data into structural meaningful format Hybrid working

Data Analyst Business Analyst Assistant Business Analyst Investment

Data Analyst Work From Anywhere Good in English Business Analyst Application Service

Data Analyst Multinational company Attractive Benefits Data Analyst

Data Analyst years experience in Business Analyst Core Bank Good command in English

JUN 3.8 fegvyndeyausenasuainsnuaER AT YIN Y lng

N3UN 3.7 uae 3.8 WWunsauddnwsnwilneeeniaindeya

3.3.4 N15USURIDNUSLTUAINUNLANNINUA

index job_title description
Data Analyst Business Intelligence Analyst eCommerce Market Insights Data
Data Analyst Data Analysis Analysis Data Analysis manager
Data Analyst Opportunity to work in International environment Have learned digital tools Office located near BTS and MRT
Data Scientist Data Analysis role Tableau Power Bl Python SQL
Data Analyst Experiences in software development Strong analytical skills Attention to detail Working hybrid Flexible working hour
Data Analyst Microsoft PowerBl Dashboard ETL SQL SAS R Python Capacity Planning and Performance Monitoring
Data Analyst Out of Stock Data Analyst Excellent of Analytic Skill Excellent for using Power Query Python SQL
Data Analyst Data Analysis Data Visualization Good in English Communication
Data Analyst Analyze monitor and measure Department activities Provide financial analysis information Manage project as Project manager
Data Analyst Experience as Data Analyst Understand in SQL or database and Power Bl Experience as Data Studio

0
1
P
3
4
L
6
7
8
9
0

=Y

Data Analyst Data Management Data Analyst Business Analyst

JUN 3.9 fegnyadeyaussmasuainsnunsuliudmdnusdudfiuian
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index job_title description

Data Analyst business intelligence analyst ecommerce market insights data

Data Analyst data analysis analysis data analysis manager

Data Analyst opportunity to work in international environment have learned digital tools office located near bts and mrt

Data Scientist data analysis role tableau power bi python sql

EIEPNETE experiences in software development strong analytical skills attention to detail working hybrid flexible working hour

Data Analyst microsoft powerbi dashboard etl sgl sas r python capacity planning and performance monitoring

Data Analyst out of stock data analyst excellent of analytic skill excellent for using power query python sql

Data Analyst data analysis data visualization good in english communication

Data Analyst analyze monitor and measure department activities provide financial analysis information manage project as project manager
Data Analyst experience as data analyst understand in sgl or database and power bi experience as data studio

S © NN AW NSO

-

BEIERNENE data management data analyst business analyst

JUN 3.10 segnyeadayalsznmasuainsnundlsuisnusdusifiuriéin
N3UN 3.9 waz 3.10 Humsusuimdnesidudfuidnnmuniiosainaeufiamesae
dnladndsnusiuiivguasfusianuand9iu Wy ‘A’ AU ‘@’ Wudu angaads nitk

3.3.5 N1IAAEIUVIIYVIAT

index job_title description
Data Analyst business intelligence analyst ecommerce market insights data

Data Analyst data analysis analysis data analysis manager

Data Analyst opportunity to work in international environment have learned digital tools office located near bts and mrt

Data Scientist data analysis role tableau power bi python sql

Data Analyst experiences in software development strong analytical skills attention to detail working hybrid flexible working hour
Data Analyst microsoft powerbi dashboard etl sql sas r python capacity planning and performance monitoring

Data Analyst out of stock data analyst excellent of an ill ex t for using power query python sql

Data Analyst data analysis data visualization good in english communication

Data Analyst analyze monitor and measure depariment activities provide financial analysis information manage project as project manager
Data Analyst experience as data analyst understand in sql or database and power bi experience as data studio

O W e NN R WN = O

=Y

Data Analyst data management data analyst business analyst

UM 3.11 Megryadeyaussnasuadasnunsudndinenevasd

job_title description
Data Analyst business intelligence analyst ecommerce market insight data
Data Analyst data analysis analysis data analysis manager
Data Analyst opportunity to work in international environment have learned digital tool office located near bis and mrt
Data Scientist data analysis role tableau power bi python sgl
Data Analyst experience in software development strong analytical skill attention to detail working hybrid flexible working hour
Data Analyst microsoft powerbi dashboard etl sql sa r python capacity planning and performance monitoring
Data Analyst out of stock data analyst excellent of analytic skill excellent for using power query python sql
Data Analyst data analysis data visualization good in english communication
Data Analyst analyze monitor and measure department activity provide financial analysis information manage project a project manager
Data Analyst experience a data analyst understand in sql or database and power bi experience a data studio

0
1
2
3
4
5
6
7
8
9
0

-

Data Analyst daia management data analyst business analyst

5UT 3.12 Megryadeyaussniasualinsunaeindiudiuvengvasm

NJUT 3.11 wag 3.12 \Junsdndiuvenevesiindeussunosuiiugiugu s 3o es

NNYAAFS nltk
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3.3.6 N1sauAN LiFaA unNNY

job_title description
Data Analyst business intelligence analyst ecommerce market insight data
Data Analyst data analysis analysis data analysis manager
Data Analyst opportunity to work in international environment have learned digital tool office located near bts and mrt
Data Scientist data analysis role tableau power bi python sql
Data Analyst experience in software development strong analytical skill attention to detail working hybrid flexible working hour

Data Analyst microsoft powerbi dashboard etl sql sa r python capacity planning and performance monitoring

Data Analyst out of stock data analyst excellent of analytic skill excellent for using power query python sgl

Data Analyst data analysis data visualization good in english communication

Data Analyst analyze monitor and measure department activity provide financial analysis information manage project a project manager
Data Analyst experience a data analyst understand in sql or database and power bi experience a data studio

S © e N ;o bk W N Ao

-

Data Analyst data management data analyst business analyst

JUN 3.13 fedrayadeyalszmasuainsaunouaummlideaumineg

job_title description
Data Analyst business intelligence analyst ecommerce market insight data
Data Analyst data analysis analysis data analysis manager
Data Analyst opportunity work international environment learned digital tool office located near bts mrt
Data Scientist data analysis role tableau power bi python sqi
Data Analyst experience software development sirong analytical skill attention detail working hybrid flexible working hour
Data Analyst microsoft powerbi dashboard etl sqgl sa r python capacity planning performance monitoring
Data Analyst stock data analyst excellent analytic skill excellent using power query python sql
Data Analyst data analysis data visualization good english.communication
Data Analyst analyze monitor measure department activity provide financial analysis information manage proje:t project manager
Data Analyst experience data analyst understand sql database power bi experience data studio

S W N R WN =2 O

-

Data Analyst data management data analyst business analyst

JUN 3.14 fegyntayalsenmeasvainsnundsaueilideninumineg

9N3UT 3.13 uaz 3.14 1 Hun1saumiliFonumuneidu a, an uaz the sendsAdn
NNYARNFS nltk

3.3.7 ﬂ']iLLUaQ{Jlaﬂ'J'mL{‘]uL'Jﬂma’%

1497281193
business: 0.14674889211724642
applicant: ©.5528703265259215
proficient: 9.4161885940885718

improvement: ©.44247666905696853

command: ©.29979493661961887

excel: ©.3067238432188594
0.22749508002366325

JUN 3.15 nMsudasdernuidunnges

93U 3.15 Wunisudasdeaudunnmesiielireuiiamesaiuisauily

ANUILATAS I UUaRdlasalU
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[ 4
3.4 N3UUUDYA
mauuseyaierinsinasunuuiaedaenisuisdeyaseniu 2 ga feo yndoyariney

80% uazynlayanaaay 20%

3.5 N13ETUUUTIADINTTIUUIVUATIINALNTTITHUSLTIEAN

as1quuudiandlagIfnrsviundestaninuateyalusunsy NLTK 3101y

aa A

LTJiEJ‘UL‘VIEJ‘ULL‘U‘U’fﬂ’]ﬁ@ﬂﬂ’]ﬁLiEJU‘J%@QLﬂi@QVNWﬂJ@ 2 35 A9 BTNNOIALINADTULUSTU (SVM) @z

aq s

F5nsonnosaedain (LR) uaruuuiaesnaifeuifedin 2 33 Ae IBimesidunsouvansdy
(MLP) uazislassrsusyamuuuaouligiu (CNN) TnsflsneasiBonduiolull Ao dudunsv
wilostoanufeyelusunsu NLTK wagihnadnsaldainnsinvilodemumdiiunisaing
wuudiassnisiieuivesiaiasneitdnmesnanmesuuadu (SVM) uagiinnsannesasiadin
(LR) uaznuuitaosnadsuiiidnded uwouitmeidunseunaiotu (MLP) uayislasete
Uszanmuuuaeulagdu (CNN) de3deldinisudanimnasseenidunisiSeuiveandes 2 35
uazmaieudidedn 2 Waamdu 4 Fdeludl

1. FTnnesalINmasLLYTL (Support Vector Machine)

2. n1vannoyaniann (Logistic Regression)

3. FRnesdunsouratety (Multi-Layer Perceptron)

4

. Blasengyszamuuuasuligdu (Convolutional Neural Network)

3.6 NSIUSYUNYUUILANSNWRUUDINABY

VAIINETIMUUTIa0IMSITEUTVaUATRASANSITEUIANEN 3T MsIUTULgy

=

UsgANS N INUBILUUINA8IA8AIAIULL Y (Accuracy) ANAINULN B (Precision) ANTENAU

1
dd

(Recall) wagAnAzLLLONL (F1-Score) TnefinnsanandIing 4 i fiflengefign
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a ¢ o/ d' o [~ 1 =
3.7 115LATIZUNNEENINUUNDDIYN

WalduuinaaIianananiive 3.6 Gakuuitasdlanantainnunazidureinesly

wiazednlagisesadumnuiianduanuintutdes mntuwinisagluagiiasizinaiinued
Pdusieo@niniinszideya dninemansdoya wazimnsdeyalasuvaduinweniuveda
(Technical Skill) wazasauiney (Soft Skil) Ineldrmnuiiazidusesdduainuinnlutesingld
iwsesile TextBlob Juduesedianldlunmsszyntnvesdlulselon wu win n3en ARudn
[ £% au AYy (Y &) g Y ¢ o 1 [ o [ I3

Jusu Tunwddeillassyasauinvedumaudnidasanasuinuedulngiidudnudn Tu
druvesinwemamailanie3deldsryinvenianaila (Hiranrat and Harncharnchai, 2018)

oluil

e

Technical_Skills =

['python', 'c, 'r', 'c++, java’,'hadoop’,'scala’,'flask’, pandas’,'spark’,'scikit -learn’, 'numpy’,
'php, 'sql', 'mysql, 'css', 'mongdb’, 'nltk’, ‘fastai' , 'keras','pytorch’, ‘tensorflow, 'linux’,
'Ruby', JavaScript!, 'djanga’, 'react', ‘ai', 'ui', reactjs', 'tableau’, 'nosql, 'big data’, 'clound’,
'‘powerbi’; ‘power bi', 'aws', 'glik, 'excel’, ‘azure', 'hive', 'sap’, 'spss', 'mathematical’,

'digitalocean’, 'etl’, 'nlp',pandas’,'pyspark]
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3.8 1Asavlanlglun1sive

=) 4 A

LASDIUBN

Tluns33uUseneusmeyad1ds a15awas ssuuduinis senduls uag

Tsunsudszendnmaluil

3.8.1 qﬂﬁﬂé’qﬁ%’ﬂumﬁﬁa (Library)

A1B5U"Y

NumPy tJugaedesiugiuildfuiunisednaianssienis) Python
o ) o a aa =) . v
u1TaAIINI aa Ll un1IN1IRssnzlu Array waneila wse Matrix 6

2819570157

pandas

pandas AonHebuyAA1d 9dIAEYY0IN1¥7 Python fiaduaiuisalunis
N3 kagdinTigvideyalaedaiused@nsann awnsaldnsilisulan e

USuusls viseideusiefiulusinsauduy tiveq Data set

nltk

Natural Language Toolkit #38138n731 nltk tIun1sUsEIIan1w15TTUYR
) | = a & ¢ A v a s
Wudunilswasdygiussivguazniwiaiansiialinouiinesaiunse

Aruaginlanwyedla

matplotlib

\Jugaand swesn191 Python vit oldlunisasraniendnsna Data

3

Visualization glunisadrsunugiivaznsmmsings ivetiglunsiiasiena

intigd1eTu

sklearn

Scikit-learn %38 sklearn tlugardwaIn1¥ Python Tddmsunisseui

YDILAT OINATAT NAIMVUNNENANITILUNUTELAN LU Regression,

Classification sy Clustering

3.8.2 g15AL7S

« phgUsEUIaNanans Intel i7-10750H
« RAM 16.0 GB
« NgUSTUIaNAaNI WA NVIDIA GeForce RTX 2060

3.8.3 seuUUUANTS gandwas wazlusunsuuszend

3

yUUUJURN1S Windows 10 Home Single Language 64-bit

 Google Colaboratory
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NAN1SIYLAZN1SAUS19NE

mAdeiiden1sideyaudiassivineenieunadatazasauinveisnduresondn 3

v a 6 v 3

913nAe Unliasigvideya Uninermansdeya wagdainsteya TunouatduuITenys

ganilu 5 Juneunan laun maiusrvrndeya nmsd1siateya msvieuazeiadeya n1s

=

WIguiguUseans NMnuewuudnaedni1sisuireaaI o uluudNaIN1sisousidedn wagnis

v a

JpTERineeNIndusao1dwiniiasizvidoua UnIngrmansdeya uagdminsdoya s

Y

= ¥

Nﬂﬁ@‘uuUU‘ﬂ’]ﬁ@ﬂIﬂﬁJﬂ?iLL'U\‘]‘U’eJZLIa’eJE)ﬂLUu 2 YAAD “UG‘ISUE]iJaNﬂNu 80% aSYNUBIANATRDU 20%

9 9 q

=3

%a;ﬁ Te/lor wmiLLmms‘mmaaaaamﬂummauwmLmaa 2 8 uarms3auiiledn 2 38 saundu
i
- EwwesANLeaIIYTY (Support Vector Machine)
- FBnsannsvadasn (Logistic Regression)
- FRmeddunseunaneiu (Multi-Layer Perceptron)
- TWlasehedszamuuunauligdu (Convolutional Neural Network)
N5NAEUUTEANS NINRUUTI899ENAFaUR 18R ALY (Accuracy) AR B9
(Precision) ANL5unAY (Recall) uagminztuuton (F1-Score)
Lﬁaié’l,l,umi’wamﬁﬁﬁqﬂmmwmﬁ’wamﬁ% 475 mﬂﬁ?u%ﬁwmsaqﬂLLaﬁmswﬁwaﬁﬂwﬁ
ndudeandnvesinimsizvidoya dninenmanstoya uazdenstoua lnsnuadurinuenis

WIANA LAZITUINYY

4.1 nan1siiusIusIndaua

fAtelvinnsiAusunugadeyamaniduled faduundssunuusznasvainsau
Tudseinalne 1w 761 ya Inegateyannaritalidildnulugduuuresasisuznisluyn
feyauszneusefuusdassio s1vaziBuaveanu (Description) waziiuUsnuAedosum
11U (Job Title) Ago1@nvaindiasizvideya Uninermansveya uarimnideya lneyntoya
Fanuaiduawdangy fogeyndeyadmied 4.1 fanaliluuni 3 mmfuﬁmwﬂ’auﬂa
eazdoasuaniuled www jobsdb.com ilusunsu Colab lngldynds pandas Tuns

gulidunana .csv
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A15197 4.1 fegreyadeya

YDALAUIU S19ALLDYAVDINUY

Data Scientist | Python Machine learning NLP

Data Engineer | Data Lake, Data Warehouse, Big data tools, NoSQL

Data Analyst 3+ years of experience in relevant fields Advance in MS

Data Analyst | Excel

] v
4.2 RaN138d1333vdY A
FAdeliihmsdrsadeyausenmaiuadnsudvauianun 761 gadiivunldainiuled

www.jobsdb.com ﬁu%ﬂugﬂﬁ 4.1

500
400
300 S e e O A A A A e I S A Y N = T»—

2004 —

100 -

R L B e [ Failien -

Data Analyst Data Scientist Data Engineer

Ui 4.1 f\ﬁmusﬁayjaﬂizmﬂ%fuaﬁmmuﬁLﬁ"ummam n3Uled www.jobsdb.com

1NFUN 4.1 ENUIIFUAUUTIMUR 761 AksuaUsEnauluMIeMILAL99IU Data
Analyst 9919 571 AU AU9U Data Scientist 19Mua 70 SLAUALAZ AU

Data Engineer yI9%uA 120 $iHAUS

A15199 4.2 Prumsusemasvainsnuresiniedndniiaseideya dnineimanideya

wazdmnsdoya

(3

[S))

91N nwsendeya | dninerdnanideya | Aansdaya

AN 571 70 120

e



http://www.jobsdb.com/
http://www.jobsdb.com/
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1NAITNA 4.2 wudmsuseniesuadasnuvesniednindasendeyaidiuiug

Y Y

a & v a

fianfio 571 ALNUY 509891NARNTNIAINTToYaTIUIY 120 AU kavedndninemans

q

Toya 70 1w

4.2.1 Hamsa1saNuiley
3NN1381539AU T guveIn1sUsENIATUaTATIINYee g N n TR v eya
Tnivenmaniteya warimnstoyminvasoudndiulnefeausfgruddelud
Ho : dndiuvesnisuseniasuadnsmuvesa Tniindnsizideya Uninemanidoya
wagleanstoyabiunneneiu

H, : daduvasnisuseniasuadaseuvessinindinsizviteya Uninemansdeya

uagImnItasauanmN

Chi-Square Test

Frequencies

job_title
Obsaved N Expectad N Residual
Data Analyst 571 253.7 3173
Data Scientist 120 253.7 -133.7 |
Data Enginegs 70 2537 -183.7
Total 761
|
Test Statistics |
job_titie
Chi-Square, 600.397?
df 2
Asymp.. Sig <.001

5UN 4.2 naannnisnaaeudndiureinsusenasuadasenu

INFUN 4.2 wan1snaaeunuIA1laindsdes (Chi-Square) = 600.397 wagal P-Value
< 0.001 gaiArdosnitmweain 0.05 Ineanagluuiiiuuias Hy daudadiuvainisusenia

Suadnsnuvesedndndinsizideya dninermansdeya waziainsteyaiindnuuwaneieiy
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6 v

pglidsdAgynataNTzAutudAy 0.05 lasNondntiniaseidayailvayalseniasualing

AUTWIULNTIFR
4.2.2 HANISEI5IAANNUUDY

1) Anusinglusieadeninuvasartntniiasevideya

ya

Jelaldgadnda “WorldCloud” Faduyaddsildlunisuansuaiusngegludoya

e2

o

Uszniasvadasaulaganivuinlngninmuneainudnusingaudvesaiaituainuiniy
toomudiu Fansdnsluassiaziludssnounsidaditlidennuvinegvestunaui

ANNEzINUaYaluaR ULy

i dNA 1Y S 154

experie

business

sUN 4.3 msngluseazidennuveeindninieiteya

3IN3UN 4.3 wansavasAtuusgnmasuadasnurete niniasgvideya Tusluuy
a o o aa 1 < o 1 o o ! o
Y9IN1TUARIAIUDVOIAT Inainiivwnlvgjazidudnusingueslulseniaiuainsauigu m

11 analysis, business way data \Uuduy
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2) msngluneasideasuvesedninInermansdaya

experience F)>f1:fﬁiﬁf1

hie machine learning

data mod del

_J."”t

UM 4.4 Mdusnglusgasidennuvese imiininemanideya
INFUN 4.4 uansavedAlulsenasuainsurese@ntn e maniveyaluguiuy
~ J o aa 1 ) o o 1 U % 1 o 1
Y9N13kansAMINveA Ingandvunlngagidudmusngueslulseniasvaingigudii

data, data scientist Wag python s

3) Ausngluseazidensuvaseninlsnsdaya

o

E‘U n 4.5 ﬂ?ﬂﬂi’]ﬂ{ﬂﬂﬁ'ma L?JEJ@Q’]U?J@Q@WSUW’J?T’JﬂTUBNa

NFUN 4.5 uananaansvasatulssniasuainsuyee@nimnsteyalusuiuures
nsuanIrufvesd lnemidvwinlingazdumnusingueslulsznmasuadasnuigudii

data, python lLae experience WDudu
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4) AviuaA1NkidanUNNNeY

N9 lananiswannanIufver i usingegludayauseniasuainsaueg

Do

YAF1As “WorldCloud” maadelamuunlideanuvuneiuiuieinnudnlineides

] = test[ ].apply

o v o

JUN 4.6 M3tmuakazManAInlideramnedentwiliney

INFUN 4.6 kaAIFITUABUNISTVIUALEANAAAN FDANMINEAEA W I N U

AdelanruaLiaAY
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M19197 4.3 AfliFennunineinvualaegie

A lsidanunuIY

'master, 'mi', 'bonus', field', 'service', 'technical), 'ba’, 'inventory’, 'project’, 'great,
'lumpini', 'cyber, 'dynamic’, 'industry’, 'budget’, 'security’,'line’, '‘comfort, 'path’, 'fp',
'slobal’, 'open’, 'cobol, 'fast’, 'auditor, 'specification’, 'bb', 'advance','cross’, 'erp’, 'angular’,
'phaholyothin’, 'cdp’, 'cost', 'method’, 'approach’, 'operation’, 'administration’, 'failure'
,future' ,'promtpong’, 'mall’, 'shopping','brand’, 'marketplace’,'studio’,  manufacturing,
'mock’, 'aws', 'algorithm’; 'unlimited’, 'ecosystem’, 'phloen’, 'tree’, 'fluent’, 'friday’,
'‘campaign’, 'visa', 'node’, 'pharmaceutical' ,'redshift’, 'able','uat’,
junior','senior','experience’,'etc’,job','work’,'’company','technique’,'candidate’,'skill’,
'skills','language’,menu,'inc','new’,'plus','years','technology','organization’,'ceo’,'cto’,
'account’,'manager’,'data’,'scientist’,'mobile','developer’,'product’, revenue’,'strong’,
'ago’,'ekkamai’,'behavior', bts','analyticsexpert’,'using’,'day’','work','working','year',

‘analyst’, 'least', 'permanent, ‘actuarial’, 'central!, 'level, 'interpersonal, ‘process’,
'welcome', 'chidlom!, 'raw/, ‘follow', 'adhere','thb' fri',forest!, provident)'sa’, 'pra',fluent’,
'tree’, 'remotely','system’, ‘salary’, ‘'support, 'good', 'degree'backend’, ‘'bdms/,
'sense’)'insurance’, 'customer, ‘multinational’, 'tool’, 'stock’, 'thai’, 'esg', 'jlpt', 'capacity’,
'performance’, requirement’, 'life', 'solution’, 'audit’, 'sale’, 'time', 'net’, 'medical’, 'balance’,

‘agile’, 'banking', 'sraduate’, 'required’, 'market’, 'regional’, 'collecting', 'content’,

INENTNA 4.3 wanstamlaldonnumnennvualagdI3enaanilanansuanHa
AnudvesAmusINg agludeyausymasuadnsaumieyn1as “WorldCloud” lngidanidas
AlddaAnumunetiu@y 1wu A131 bts, work wag year Wudy issanldlamdumfuanedie

YiNye
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4.3 wan13vinAuazeIndaya

deyailaanmsdrsinteyauuaninanilanagui 4.7

index job_title
EIERENE
Data Analyst
Data Analyst
Data Scientist
Data Analyst
Data Analyst
PETEVENE
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst

Data Analyst

description
Business Intelligence Analyst eGommerce Market Insights Data
Data Analysis Analysis Data Analysis manager
Opportunity to work in International environment. Have learned digital tools. Office located near BTS and MRT
Data Analysis role Tableau , Power Bl Python , SQL
Experiences in software development Strong analytical skills, Attention to detail Working hybrid, Flexible working hour
Microsoft PowerBl, Dashboard, ETL SQL, SAS, R, Python Capacity Planning and Performance Monitoring
Out of Stock Data Analyst Excellent of Analytic Skill Excellent for using Power Query, Python, SQL
Data Analysis Data Visualization Good in English Communication
Analyze, monitor and measure Department activities Provide financial analysis information Manage project as Project manager
Experience as Data Analyst Understand in SQL or database and Power Bl Experience as Data Studio
Data Management Data Analyst Business Analyst
Bachelor's dearee in Actuarial Sciences or Related Welcome new graduates Excellent in english communication
At least 2 yrs viorking experience in data analysis Strong analytical >an-do attitude
Experience of business data analysis (Marketing) Analyze marketing data and present the action plan Design, execut 2 data for business & Implement
Advanced SQL, VBA, Excel skills-Pivot table Experiences with ERP system Excellent in English (written and spoken)
Knowledge of SQL Data analysis Credit modelling business
Data Analysis Design and develop data structure Job security and development opportunity
Data analysis Passionate about football Gan do attitude
Supply Chain Analyst/ Logistics Analyst SRM Performance Specialist Power Bl query skill is a must
Good Command in English Knowledge of data analytic & visualization Analytical & Problem-solving skill
Data analysis Analytics Tools: Mainly Excel / SAS Credit product knowledge is preferred

UM 4.7 yadeyanaurinAuaz eI

MasINTWIATINETDInteYane 7 Tuneusidsaluiiie n1sauYerindlasiATeming

159ARDY N1TAUFIAY NITAUMBSNBIN BN N15USTUFSNYSLTUFRUWLAN N1sERdlIuee

YOI AZNTAUATLFRANNLNETIIINASIANANYIYDYRLATEe nltk AWTladeAI NI

mvualagdde uaznisulasionulveglusuinneslanazun 4.8 uae 4.9

job_title description

Data Analyst
Data Analyst
Data Analyst
Data Scien

Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst

O ®w N U h W N A O

Data Analyst
Data Analyst
Data Analyst
Data Analyst
Data Analyst
ETERGENA
Data Analyst

business intelligence ecommerce insight

analysis analysis analysis

opportunity international environment learned digital office located near mrt

analysis role tableau power bi python sql

software development analytical attention detail hybrid flexible hour

microsoft powerbi dashbeard etl sql r python planning monitoring

excellent analytic excellent power query python sql

analysis visualization english communication

analyze monitor measure department activity provide financial analysis information manage
understand sql database power bi

management busine

bachelor science related excellent english communication

yr analys s analytical attitude

business analysis marketing analyze marketing present action plan design execute business mplement

advanced sql vba excel pivot table excellent english written spoken

knowledge sql analysis credit modelling business

analysis design develop structure development opportunity

analysis passionate football attitude

supply chain logistics srm specialist power bi query must

command english knowledge analytic visualization analytical problem solving
analysis analytics mainly excel credit knowledge preferred

5UN 4.8 yadeyandwiaiuazeln
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analytical: 8.21693901497281193
business: 0.14674889211724642

applicant: ©.5528703265259215
proficient: ©.4191885940885718

JUN 4.9 nsudasternudunnnes

n3U7 4.9 1Wunswlasdernudunnmesiielireufiamesaiuisatlumuiale
soly

4.4 Naﬂ'ﬁaLﬂi’wﬁﬂ’]iﬁﬂui‘?ﬁ]%ﬂ%aﬂ
4.4.1 A3YNNBIALINABIUUYTU (Support Vector Machine)
mﬂmsa%ﬁﬂLLUUﬁi’waaﬂmiﬁauiﬂuaaLﬂ%ﬁ’aEﬁ%ﬁwwa%mLamma%um%ﬂumi‘vﬁmsiﬂ
Wnwemamadawazasainuslamngivendnla lamanuwliy a1eudiies ansenfulasen
AzLULENL fanng1edl 4.4
4.4.2 5n13anna8aadann (Logistic Regression)
mﬂmﬁa%qLLUUf\TWaam'ﬁL‘%auﬁmmm‘%mé”m‘iﬁmiamaaaa%aﬁﬂiumiﬁmwdﬂﬁﬂm
mamedauazasarineslamnziuendnle Ieannuwiy Aeafies Asonfulasaaziuy

N1 AINI519N 4.4

M13199 4.4 UsgdnSamnIsviuiegrasiuudnaeanisiseuivetnsas

nsideudvenaies | Ay | Aadwidies | AdGendy | ARzuuLeN]
Bwwesnnnes 86.93% 86.18% 86.93% 85.99%
LAY
Bnsanney 84.31% 83.62% 84.31% 80.93%
avdahn

9nA15797 4.4 LLamUizﬁm%mwm'ﬁﬁwmwaqLLum"waaqﬂ'ﬁl,%fauifsuam,ﬂ%ﬂmﬁ%sﬁ’w
wosnnAes LT uTiA1ALLLUYINA Y 86.93% ArAuLiiwyindu 86.18% ASenAuMaiU
86.93% LagAAZLULLEN1LVNAY 85.99% Wazinn15an088aslIdnnnuliIon15annuaelannd
AAULLUNTY 84.31% ArAuTieawiniy 83.62% ANSENAUYINAY 84.319% WavAIAzLUL
LW 1L1AU 80.93%
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4.5 HAN1TIATIENNTEBUSITIEN

4.5.1 '?J%Lwai%ﬂmawma%u (Multi-Layer Perceptron)

MnmIaiauUTaenniouiidvinfeitmesidunseunanedulumsvhuedininee
mamadauazasasinuzlamunzfuerdnlaldmannuwiy arrnudiss ASenAuLazAIAzLLY
o1 Fang1efl 4.5

4.5.2 Flassreussamuuunaulgdu (Convolutional Neural Network)

mﬂmia%f'mmei’waaqmsSauiﬂ,ﬁ?ﬁﬁﬂé’asﬁ%Lwais‘fmmawaw%ﬂumiﬁwmadwﬁﬂw
manadauazasarinuzlamunztuendinla IHannuudy aaufiss Adenfuwazaazuuy

N1 AINI5I199 4.5

a a a ° ° = Y a =
A1919N 4.5 UigaVlﬁﬂqWﬂqi‘unqEJsUaﬂLL‘UU"\]']ﬁ@Qﬂ'ﬁLiEJUELGINaﬂ

n13REUZIBeEn AAaMiY | AAdnailes | AnFenAu | Adasuuuenl
Winesiuasou 85.62% 85.37% 85.62% 84.78%
i
Wlassveyszam 83.66% 81.32% 83.66% 81.86%
wuunauligdu

1NNINAN 4.5 kansUseansamnIsuIEYeLUYTIaeINITSsusITanlag T ine

= I~

WGURTOUNAITUT AANUUUULITY 85.62% ANAINULT UVIAU 85.37% ANSunAULYINAU
85.62% ayAIAzLUULON 1WU 84.78% wazidlasaieuszamuuuasuligtuiainiiuw
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tuneuiliiuduneulunisadauuuiiaeinisseuivenniosmeniwinney

from sklearn import svm
from sklearn.svm import SVC

clf = svm.Linearsvc()

clf.fit(x train, y train)
svc()

clf.fit(X train, y train)

= clf .predict(X test)

sUT A.1 JupeulunisanaiuuieeInisiseuiveunsasien v limey

N3UN .1 dregenisleulusunsudmeniwlnvenlunisainsuuudiaeamsisouives

<
GERN
14 o = Y a =
MANWIN A.2 NITEFIUUUTIAINITTEUSITGEN
TunouiilutunaulunisasiauwuudiasinisiSoudidednraunieaniun1w
Tnmou

i 1 sklearn.neural network import MLPClassifier
from sklearn.datasets import make classification
clf = MmpPClassifier(hidden layer sizes=(100,18) ,max iter=300)

it model

JUN A.2 Jupeulunisaiauuiaeinisiseuiidsdnmeniwinneu
n3UN A.2 Megrnslisulusinsusmigniwilnmeulunsaiiawuuinasimisiseus

YDUTIAN
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AMANUIN 3

fradranisiisulusunsuiva liineenianatatazasauineenady

o

MANUIN 4.1 A22E9lUTUNTUYBITUABUTTNIITHUSVDIUATIIABUUUTIABIITIN
NOSALINLADT HUVTU

tumeuilutuneunisiiAildainuuuitaeifideasulinluisnananuninee

inwenIawmadakarasainueniLdusendn

technical_skills

print(raw_skills)

o o 1 & = A a ¢ o Ao & 1 =
E‘UVI 4.1 MPUNTUABUNNTEULUTUATUINE AT IR N W NI UTURDDITN

n3UN 0.1 1 0uiegtuneunsleullsunsudsniw lmeuiiioTins e ivinyeng

a £ Ao & ! =
WAUALALATUNNBENAIUUNDDITN
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print({output.T)

e \
job title Data Analyst
technical skills [sql, php, excel]
soft skills [diagram, atmosphere, debug]

1 P
job title Data Engineer Data Scientist
technical skills [tableau, flask, nosql] [pyspark, ai, nlp]
soft skills [friday, energetic, postgresql] [exp, hive, digitalocean]

gﬂﬁ 4.2 NAANS VDI NWENINMATALAZ TS NEY

9n3U7 4.2 1 Junadnsvewinvennamaiauasasuzvinwendndudesdnindnszi

Joyatiningimansteya waglenstoya
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