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ABSTRACT

The PDPA law comes into effect. Make the collection of personal data a requirement for legal
support or prior consent from the data subject. For photography is one activity that makes it easy to
collect personal information. in this project, we want to develop a mobile application for taking
pictures with face detection. and identities that may appear in the image, along with alerting the user
and deleting/changing such image data as the user desires in order to conceal such personal

information.
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2.2.2. You Only Look Once: Unified, Real-Time Object Detection
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4.2.1 MINMN5ZVUAI99UIUHIN (Face Detection)
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o [ Y Y o a o o 9
3. miu1Tumamafnfa‘u‘l‘uwumﬂﬂfﬂ°uuaﬂwamﬂmuazmms‘ﬂﬂammﬂmm

4.2.1.1) M3@3gndoya Dataset

) 9 < ? ~ o @
N1TATENUDY A Dataset UJusllu@']f]ucluﬂ'lﬁlﬁiﬂllgﬂﬂ']Wﬁ']WﬁUﬂ']ﬁ

= 2L Yo o Y Yo A v 3 "o A 9
AndouTuaa Fegeni lavamseugiam1dnavua 5,000 31 Tasutiailugilnmndlowih
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Tagiinisuaveyasentilu 2 ya Tasgausnazinaviva 1,882 31/
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UAZYAN 2 ISUNIHUA 3,373 :.jﬂ ﬂ\iqﬁlﬂ‘ﬂ 4.18 uazgﬂ‘n 4.19 1MUY

Images Annotations Average Image Size Median Image Ratio
1,882 9,236 0.92 mp 1280%720
@ 0 missing annotations 3 4.9 per image (average) @, from 0.03 mp i Ewide

& 166 null examples <[> across 4 classes @ t012.98 mp

Class Balance

person 4,683 over represented
face 3,737

id_card 480 o= under represented
license_plate 327 a=m

under represented

Y 4
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Images

3,373

© 0 missing annotations
@149 null examples

Class Balance

person
Face
license_plate
id_card

Annotations

14,623

I3 4.3 perimage (average)
<[> across 4 classes

7,434

Average Image Size

0.82 mp

@ from 0.01 mp
@ to 11.08 mp

6,195
195 @

Y o
31 4.19 VoY@ Dataset yAN 2
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Median Image Ratio

1000%720

1Fwide

over represented
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r
; 90° Rotate

preprocessed clockwise

Go Back
A

90° Rotate

‘Add 90-degree rotations to help your model be
insensitive to camera orientation

Clockwise

Counter-Clockwise

Upside Down

When should | rotate my images? [

If orientation doesn't matter (eg they may be
taken in portrait/landscape mode or from
above).

v Foboflow Biog
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Taonaa91n91M135 Augment 1HnUNN 9 3Uud219285 119U Dataset Un i 29,310 31/
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a'lﬂjﬂsllu@ﬂum@Qﬂ'ﬁﬁﬂaQUI?\llﬂa wWuruaauveIn1sni Dataset
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Masen Buviinsinasuluma 3191HH11015U5Y Weight 1Wa 1111 loss oead

o Yy yad X o o . A A )
Lla3ﬁ"lll"lﬁﬂ@]ﬁ’ﬁ]ﬁ]ﬂ‘lﬂﬂu"lllﬂﬂﬂﬂellu T%ﬂz’mmmuuum%m Validate Dataset mm&m”l’;
9

=S Y g}/ U 1 A o 2’} % ) =S
MIHUA 365 E‘ﬂ Taei lurnaviua 320 720619 VUATUTLHIBUNIHUA 54 A29819 uazuﬂm

o g’/ @ 1
ﬂglﬁﬂuﬁﬂﬂu@ﬂﬂﬂﬂﬂ 141 979813

© 'python train.py --img 480 --epochs 50 --data coco.yaml --weights yolov5s pt

[» train: weights=vyolovSs.pt, cfg=, data=coco.yaml, hyp=data/hyps/hyp scratchrlow yaml, epochs=20, batcn_
github: Lp to date with htins: /fgithub.com/uliralytics fvolows
requirements: fcontent/requirements.txt not found, check faled.
TOLCWS &5 +7.0-145-g947 14fe Python-3.9,16 torch-2.0,0-+cu118 CUDAD (NVIDIA AL0D-SXM4-40GE, 40514

hyperparameters: Ir0=0.01, Irf=0.01, momentum=0,937, weight_decay=0.0005, warmup_spochs=3.0, war
ClearML: run 'pip install clearml' to autornatically rack, visualize and remotely train YOLOWS &7 in CleariL
Comet: run 'pip install comet_ml' to autornaticall track and visualze YOLOWS &7 runs in Comet

TensorBoard: Start with ‘tensorboard —logdir runs/frain’, view at httn: focalhost:6006,
Owerriding model yaml ne=80 with nc=4

from n  params module argurnents
] 11 3520 models. cormmon. Cony [3,32,86,2 2]
1 -1 1 18560 models.common.Cony [32, 64, 3, 2]
2 -1 1 18816 models.common.C3 [64, 64, 1]
3 -1 1 73984 models.common.Cony [B4, 128, 3, 2]
4 -1 2 115712 models.common.C3 [128, 128, 2]
5 11 295424 models.common. Comy [12g, =6, 3, 2]
6 -1 3 525152 models.common.C3 [256, 256, 3]
7 11 1180672 models common. Comy [256, 512, 2, 2]
g -11 1182720 models.common.C3 [512, 512, 1]
9 -1 1 8568396 models.common.SPFFE [512, 512, 5]
10 .11 131584 models.common. Cony [512, =6, 1, 1]
11 -1 1 0 torch.mn.modules upsarmpling Upsarmple — [Mone, 2, 'nearest']
12 [-1,6] 1 0 models.comrmon.Concat [1]
13 -1 1 361984 models.common.C3 [512, 256, 1, Falzse]
14 -1 33024 models.common. Comy [256, 128, 1, 1]
15 -1 0 torchion.modules upsampling Upsample [Mone, 2, nearest’]
16 [-1,4] 1 0 models.common.Concat [1]
17 -1 1 90880 models.common.C3 [256, 128, 1, False]
18 -1 1 147712 models.common. Comny [12g, 128, 3, 2]
19 [-1,14] 1 0 models.common.Concat [1]
20 -11 2968448 models.common.C3 [256, 256, 1, False]
21 -1 1 590336 models.common. Comy [256, 256, 3, 2]
22 [-1,10] 1 0 models.common.Concat [1]
23 -11 1182720 models.common.C3 [512, 512, 1, Falze]
24 [17,20,23] 1 24273 models.yolo Detect [4, [10, 13, 16, 30, 33, 23], [20, 61, £

Model summary: 214 layers, 7030417 parameters, 7030417 gradients, 165.0 GFLOPs
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