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ABSTRACT

The thesis presents the development of an automated sushi pricing system by
image processing with a deep learning method. By classifying the types and prices of sushi
that customers choose through the camera. And payment system via QR code for deduct
money in the bank account. This system can reduce human errors and is convenient for
customer and reduces close contact in a new normal preventing the COVID-19 pandemic.
By this thesis developed by CiRA CORE, under the Ubuntu operating system version 14.04,
the program will process and display the results in the form of image symbols. The web
camera employs with the position sensor and the light source compensation sensor.
Experimental results from 8 number of sushi menus, the system works accurately and can

be applied to e-commerce as well.
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2.2.1 Supervised Learning
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5UN 2.2 M3L38U3WUU Supervised leaming

2.2.1.1 Regression [21]
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3) Fit a Model L@ankuuananIiigay
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6) Use Fitted Model for Predictions TkuUINanIiniung@ud@Insunis

ANANSa

2.2.1.2 Classification [21]
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2.3 walAN1558u3LYean [4],[5]
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2.3.1 Uofva3 Deep Learning [6]
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gll‘ﬁ 2.6 Convolutional Neural Network Architecture
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2.4.2.3 Mean Pooling
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2.4.3.1 Loss Function
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2.4.3.2 SoftMax Function [9],[10]
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2.4.4 lawavas Convolutional Neural Network (CNN)

2.4.4.1 AlexNet Model [11],[12]
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iummwyﬂwmm 22,000 %N’J@Myj Tu Image Net Large-Scale Visual Recognition Challenge
(ILSVRC) @3 Alex Net Wsagldyntasvae Image Net %ﬂﬂisﬂauﬁwgﬂmwﬂismm 1,000
awlunsaznaIanyg 1,000 578015 0 1nMRNoUTHUSEINN 1.2 S UAMAIMATIAABUAY
gnABg 50,000 NMNKAENINNAGRY 150,000 N1 Tumsusvananaamitvesdeyayntoyared

Image Net fianuazidenivainvategluvaen AlexNet Aanisiliveyanidnned daduguain

1%
v a v

Jaflvunaanandumnuazidunndfl 256 x 256 UBNAINULUNITEVD AlexNet ldaufanssutaay
Py A o ' a N 0o g va < a A va
29NINAIMNNSHNDUSUNAINUANARE AN Prsnsyilvinwalduunfiielviinea

wiaduegluiuseiuy

Max 158 Max
poaling pooling

a8

https://ichi.pro/assets/images/max/724/1*wzfINwJwIQkjWWvTosXhNw.png, [online]

Uil 2.14 an1ilnenssuvedlasiaing AlexNet

2.4.4.2 VGGNet Model [13]
1) WulaswreloUszamuuutu 16 Tngliuiaeeivss Maxpool uas
SoftMax

2) 14 Kernel 3x3 ThimSotewity

3) TfnanlunsUsznanauuiign

VGGNet (uinietelszamifionanninidefingy Visual Geometry v
Sondwosasaiude VGGNet Sufiunruimesusiudi q ves ImageNet AidnsAnuRnnan
7.3% ImageNet iuyndoyanmiifidresuneusznoudeiiofinsounquiian Tuussnsu CNN 4

fUszansnmANgn VGG ianulanwulusesanuissudng
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3x3 Conv, 64 3x3 Conv, 256 3x3 Conv, 512
3x3 Conv, 64 3x3 Conv, 256 3x3 Conv, 512
Maxpool
3x3 Conv, 256 3x3 Conv, 512
3 A
x C(IW 128 Maxpool Maxpool
3x3 Conv, 128 | 3x3 Conv, 512 FC 4096
Maxpool # \ ( l
\ | 3x3 Conv, 512 | Fc4096
( 3x3 Conv, 512 | FC 4096 |
Maxpool
==

https://towardsdatascience.com, [online]

Ul 215 msidenlesves VGGNet

VGGNet Wlassgloussamuuudu 16 Tneslalifu Layer w93 Maxpool
uay SoftMax Tutumeugavine iSandn VGG16 andimenssuvinnueduuy aufauuudoudon
+ Tatusudng ANN ideusoogaanysal fodunmnssznaferivanitnenssy Tneagld
nsauNW 3x3 shriaaTetneiiitu neunsaunu 3x3 aesenianduluiuvdaiiiiadnig
POUUMTUsEAMBAMYBINITUUAL 5x5 1ie uaz Convolutions 3x3 WuudeuamusuTaumLUY

WANI19983 7x7 JURE? TADNITURIAUNINYDIANUT DT ULUULOUTY 3x3 dodnadnslu 5x5

5x5 receptive field 3x3 receptive field
https://towardsdatascience.com, [online]

sUfl 2.16 M5RTITULUY VGGNet
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fofvasniateuiures convolutions aidlumsunuiivils Aensiiléiisans
Havasnssniunuzuuuy RelU uazanuliidudaduinntuilildndanuiuguuuuaniy
Tndnudmnsesazdanfindudodilulundetefdndulurnadiuivesnuau iR
anas winuAnvesTmanfisduilelddinseaniulag VG WWuluaaes CNN Aifina
fugrusnnlasduguusnilduvudassuendunsludivresuamzuazgduuuiifani
FudousnTuieasyhandldfindt foghaduu ResNet 109 Microsoft Wufsuslud 2015 e

N8 ImageNet MEdRTIVORANAIN 3.6%

5
S fe6 fe7 fe8

pe ve ,
140 141> 512 ‘|‘ 1x1x4096 1% 1 x 1000
7 x7x512

11275 112 < 128
convolution+ ReLU

f ) max pooling

£ fully connected+ReLU

https://www.researchgate.net, [online]

SUM 2.17 NISUUSTUNITYIIULUY VGGNet

2.4.4.3 YOLO [14],[15],[16]
Wudanassy MUILUIAUANYEINISYNUIEAILALILEEYUINVDINED 99N
| [~ a | :’/ I % [} a a a < = |
AnudnRziluiindesty asdunseudeu Tnguddsi YOLO Tanua1unsouasa1msy wilendn
%3 acf d‘ 1 ‘:l'r-:l o U d‘ o o 1 % v}
9aNeI5UBY WU Faster R-CNN #13n13 virauludnwasnasyinugiunisveinsevdeuinguas
AatinglunaestiuluiukuuIaeipiwginglunded wd YOLO uuagyiuneninsauqay
(Y] 1 [~ [ 1 a I v v a A [} 1 I~ a
nouazaudziluvesingudiuieglunsevesnumdeuiuiliies  YOLO dninlumeils
mMsnsduinglunmlneazlugevdwisuuudadmsunutyaussivglugduuulassngle
Uszam (Neural Network) AWau1n8lUshnsun1e) C++ Wara1unsayinaIuuunulIgUseulIang
CUDA ¥84 GPU eniluagnammunziun1sussananan mwuy Real Time AMNaINNasdnss Jnle
Jag0u YOLO fimsiniunanan 3 13e349u YOLO, YOLO v2 waziagiume YOLO v3 lassasng
lasengUsyamifionaas YOLO whaziastu avdiConvolution Box 7WANAINAUWARENNIT
Tngluuan YOLO asuusnmesndu Grid Cell 1in 9 wagusiaz Grid Cell zgnyiiuieniy

o Al o 1 = [y 1 < PN S K% .
LUUF188Y Lilomeumigananasvesinguarauitazunazliingle lu Grid Cell
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1) A5 Ineazdinuda 45 wisusedunfinaninsealng
2) lasaedianudilaluingmlulasdditlinanaiunsainlase
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WSUADIUNLATAULUIUELDEN I
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- wuIAUARNEARY

WaiisuiunTernemsinUssiandoiausveiiningy 9 (RCNN 4
5I057) Fohmsemadudeiaueveglinindng 4 wazynefigamenisyinnisyiuenans 9 ass
awsuiuians q Tunmaadeenssu Yolo adneiu FCNN (ImqszhaﬂizmmﬁamLLU‘UL&@J;ULLU‘U)
WALAINIUAIN (Nxn) NTIASIHIY FCNN hagnaansAan1saInazil (mxm) datnenssutinigs
LLaﬂgﬂﬂwwéuwmiuﬂ§® Mxm  BAYaINSULARLNADIVRUANITASNSA 2 wavAduunazidu
ARNEdMTUNaDBUIAmEaItUY T1UsanTuInasseulniulldunaziivunlugnidunisng
PMnnsEAwIznIsiansaunsnaduingmidulymnsanaseifielasnssaniinmanin
TUaudafiinnassuaulakazALUIazluvesrana 1Aseay Convolutional LAsINSourudL
o 1 1 [~ o [y [ 1 3 =% <
YMUIYNTBUVBUIANANENEDILATANNLIAL T UYBIRaNEd S UNaRMaITY YOLO Hnntwweu
WALNUTEANSNINAITHTIIUIAEATY  LUUTIaIUUSINTTUSElevunaneUseNIstedsnng
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ATIRRUTNQUUUAN SUsUKIN YOLO 15300 Llesanisfmmruansaunisnsiadudndulaminis
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PUNYANNINIIENTUSELIANAIReansuTawUULSsalnillnedinaletesnin 25 Tadiuld
Usgnsfiges YOLO Tvimmmanilanifgnfiugunimieyiin1smansiy uaneneainviinsiauiy
Gounavwetianudelaueveglinin  YOLO  atiiun nvianunlusznineanisinausuuasiia
nageURIuILI sTateyauTunlagUSeefe Ut sunRenIuiNwMENUIINg Fast R-CNN
FaduisnisnnnduveenieniliAndeianaialunisudluiiundslugunmdmiuingilieann
llanunsausadiuuiuniilugninle YOLO azadsteRananlomatesninaswmiadioiiauiu

Fast R-CNN Usgmisiiany YOLO vinmsiseudnisilumunuvesinglaely Walasunisiingdu
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Rerfunmiidusssumfagnageuuueniniisa YOLO asiivsz@vsnminioninisnismsadu
Fugeu DPM way R-CNN faeszerveuiintie ilasann YOLO fidnunsinlugeisilentatios
fazusndesiflohluldiulannlmivieduneailinedn  laglueietisveusldnuai@an
awisuaifiemanisainseuaLLiaztes  uenanidsmanisainseuteulamiavaselunn
amadmiusunmmiontu  FamnemnuiieietevessilivanaialaniAeafuamiduuas
fmgitovmeluam n1308nkUy YOLO #elinisflnausuuuy end-to-end uagANsiSILUY
Goalnfluvaziidanssnvanuusiudlasedslige wadniausazieadazsinnonseuveuiun B
uazazuuumMTeiiudmiundoanaty azuuunnudesumardasieulfdiuinlueadany
laifledlaindesifnquazeuiudaaiingesiungld Tasunfisdvuarnudeiudy
Pr (Object) 10U vnlsifi¥nglumadiunsuuuardosuasiugud fozdusdonislinziu
arudetunifugadamiiogdleu (0U)  sewiendeswefuiufuae  usagnseu
Usznausmensaanziu 5 518Msliua x, y, w, h sazansidosiu fifn (x, y) wansgagudnang
YesnapsndiusiuTaUATRLTAaNIA AAMIRlAUNINKAEANEdlAgdUUS UAN
favn Tuflgamehueeudeiiuaziansds 10U semisndesinunefundesrusisiiuiula
1 wadninusaziwaddwihneanuiazfuresaananiuieuly C, Pr (Classic | Object) ANy
hasfumarignimundeulvuumadniediiing svihneamnisduvesemadissaiden
sowwadninlaghidilviviiundes B TurasnadeuisnarguemnuinazfurestuSeun
Fouluuaznsaanziunnaudeiuvesdazndes  Feiliisilazuuuanudesiuamesssiu
dmsunsiazndes Axuuuwaasdsfaiinnasdureseaati 9 Avnnglundeuarin

naesihwetuvagiuingiesle

Comv. layee  Comvoltand Laysrs Comn. layer  Comn

https://i.stack.imgur.com, [online]

5UN 2.18 MInsIdusunnlagandnenssulassaiiaves YOLO
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veninilonnuuinveseietendmninesnisiineusuuasnmaaeuisunazmioutuly
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Conv. Layer Conv.layer  Conv.layers  Conv.loyers  Comv.layers  Conv.layers Conn. loyer Conn. layer

7a7xbds2 3a3x192 1x1x128 1x1x256 M1z 3., 2xdci024
Maxpool layer  Maxpool loyer  3x3x256 3x3x512 3x3x1024 3x3x1024
2252 2:252 Ix1x256 1x1x512 23x1024

3xdx512 3:3x1024 3x3x1024+2
Maxpool Loyer  Maxpool Loyer
2242 2x242
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Ul 2.19 anndnenssuveslassaina YOLO
- 9231inYag YOLO
YOLO  fimsimundesnin@eitufiidaaulunisaanviuseuangos
desnnusaviwadniavhunaiissaesnasuavanunsaiildifissnanaiiadosifndeiiuid $ida
Sunuinglndidssiiuuuitaswousannsamanld Tasaameneulunsusngsinguuin
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wuiaeswenndilinuaiiifideuiisliaziBendmiunsaansainsouseusiiesandiu
antinenssuensfimweslunsduiegmaetuanamdunsaavinglurnefisdoshng
Anflaridumsgaudeilndifestulssansamnimmaduividumsgmderoantuariodiia
JeRanamwilouiulundewoulndn 9 AunassveulavuInlrglnedeRanandntosly
naesunlugsinlidunssusteianatndn 9 lundewuialdninade IOU  11nndnann

wvisanunvanvestaranaIafensuUaligndes

2.5 msvibiluunsgiu w3e Data Normalization [17]

msvhbiduinesgie  Wunisfuawenadnuaz  azdunsusualutiweunves
foyatieglurradeiulunsas Feature (Field) wagihaluuszananasio 1wy $1edeya [0, 1]
w3 [-1, 1] axldnadnsoglutisiifimundasiazi3onii Data Normalization Taeisiazfentily
Jansteyaneundidasiilunudayasialy

TunsUeudeyavesdanesiiu Machine Learning vang 9 1 fuaglianuisadudoya
vanuany Scale Iilagnse Tneisazdesdnduiiogyildu Normalization Aeufisazyinisteu
Joyalifulunald wavazyilidane3iudzanunsayinuld sndisg1agu L2 Loss w5e Mean
Squared Error fABauanssiusnn Loss fAazBannifuniga ilesanenddsaes sils
Feature Yt fisuailvaindn daslugindiendn szunde Feature Su 9 lunum usidnis
Normalize n Feature Tviu [0, 1] wiriiumun ﬁ%LLf’ﬁ]@mﬂfﬁﬁ n13sNormalization deya v

gane3Ny Gradient Descent @13158 Converge o577y

2.5.1 Rescaling (Min-Max Normalization)
Rescaling w38 visen1susuan lunsvhlideyanfiegeanuasanigalugluuy
= & v | v DR | v o 1 v
Wnsg Fatunisusualugisvesdeyalieglugie [0, 1] srenmsinAvedeyaianie

WIBANaNa7 9 T Iagazinsihaddesnaniiluauuavinsmnsmedaesioya

r x—min (x)
" max(x)—-min (x) (14


https://www.bualabs.com/archives/1928/what-is-mean-absolute-error-mae-mean-squared-error-mse-root-mean-squared-error-rmse-loss-function-ep-1/
https://www.bualabs.com/archives/1928/what-is-mean-absolute-error-mae-mean-squared-error-mse-root-mean-squared-error-rmse-loss-function-ep-1/
https://www.bualabs.com/archives/631/what-is-gradient-descent-in-deep-learning-what-is-stochastic-gradient-descent-sgd-optimization-ep-1/
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2.5.2 Mean Normalization
Mean Normalization azilumsvieyafifidnuazadieiuuiusuin Rescaling

AUUY widzdaNuLanssiunldanalsnua1ige vinliyasues Output 91 [-0.5, 0.5] Hvauan

warau Beagyhlvianuaunaiuvens 2 419

; __  X—average(X)

(1.5)

max(x)—-min (x)

\5737TN2ziU Mean Normalization 8n35n15AnlasN151A1 Standard Deviation WU

msiiefiazld Output Neonundl Standard Deviation tJu 1 Inens1agi3enin Standardization

The
Normal
Distribution

Probability

Probability of Cases
n portions of the curve

Standard Deviations
From The Mean

umulative % 0.1% 2.3% 15.9% 508

2 5cores 4.0 3.0 2.0 -1.0 0 +1.0 +20 +30 +4.0
L 1 1 1 1 1 1 1 L

t
T Scores 20 30 40

https://www.bualabs.com, [online]

31]1'7; 2.20 n51N1s Standardization 9839 Mean Normalization
2.5.3 AISANUANIATFIU (Z-Score Normalization)

Standardization %38 Z-Score Normalization Aa n1sundeyaiilinuugianevse

Foyatidunaruihnshirfiawinduaug wazdrnudeavuanasgulavindunis
X = — (1.6)

lngdanesiuves Machine Leaming Ay o fafiilagresvihnsusullaeudeyaln

& & dl o = o & ] \ ~
LUULLUUUﬂ@qu%ﬂQUIﬂNLﬂﬁISUL‘V]iu IG]EJSUQLi'ﬁ]%maﬁLﬂUﬂ{LUEUSUENﬂWﬂﬁ']QLLagaUUL‘UEJQLUu
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wnsgulivng  narsmegeuidedldanfeaiuiuneunsulunisusudeya Validation Set

lLag Test Set

2.5.4 Scale to Unit Length [17]

ady =

Scale to Unit Length @p nmisnsalteuaiiandu Vector wazisnagyinnismseme

Y

Fuclidean Norm Liavinlsia1wes Vector USulmdupivas Unit Vector

’ X

= (1.7)
2.6 Intersection over Union (loU) [18]

Intersection over Union 1lumsiamnuusiudiweaniesmsiaduinglaslindnnisves
5IA3N 19U N1503993UlUY PASCAL VOC Tnesily Intersection over Union agifiunisnsaadu
eI TIaduUTmguUU HOG + Linear SVM Uawie3oens23du Convolutional Neural
Network (R-CNN, Faster R-CNN, YOLO *ia1 ) agnslsfiniudane3iiuaseilldasrsnisaanisaiiy
liddy  aednudevinaannmiudufionssinnsady Sangifiu Adawieundesos
youlwpiimanisallfidueinnlasisazussdulumanisly Intersection over Union Lile
Usziuaiowmsiaduing

1) nseureUAANLS AU onTauTeUIRATe (Wuiefifithetifundesueuiamain

1w 1

YANAFDUNTEYITINGUaRTI0gNInluNIN)

9 Y

2) NADINIONTOUVBULUNFLAIAIAAZIUIINLUUTIAB BT

lngasruinisindesveuinaesnilisnanunsald Intersection over Union e

. . Predicted bounding box

https://www.pyimagesearch.com, [online]
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https://www.bualabs.com/archives/532/what-is-train-test-split-why-split-train-set-validation-set-test-set/
https://www.bualabs.com/archives/532/what-is-train-test-split-why-split-train-set-validation-set-test-set/
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TugUiuuusasiiuiiesenaduingrensnsanuidinsemuneveneglugunm
nssureulniimanziuarailudunsluveinsauauaiiuAy axadudiden duiuns

AnunYndnvasnaiiunesiuileannnlanIun

Area of Overlap
loU =

Area of Union

https://www.pyimagesearch.com, [online]
JUN 2.22 nsAwinedarugieuyladeiowaldsiunvesnsivdousenitansey
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http://pioneer.netserv.chula.ac.th, [online]

JUN 2.23 nslinSunasasiinwaanndesludiaunn



27

PnamBalnunsuiiuul awnsenseildinmaeiidunisilasuwaanegsgnses
Wmszdduuines Flduusuassaudntes o Tuduiusi auludeszaudin ¢ Tudiu

A7119ANUN31D

2.8 WMANANTIALEIVDITTUUATU[20]
wedansdnuadluszuuidumsazgiitmnevesingfagdielanaggil iufl 3 wun
viiou Mufedeanisidemenasiliauaie Tned 3 wuu Ao
1) Dark Field Aemsiiunasidauadumeindng lusuuiezRauasasiouaintuauy
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WU Diffused Light iJuunastndauasuulaufivhliwaawuuseuiiemis laugae
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fuinitdudauasayliresdanuniousuuuuiidudauasiaenss
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3.1 aunsaluaziasesdenidlunisaniiunis

3.1.1 ADUNILNDS

JUN 3.1 nwAeuImes

M15197 3.1 peuamesNidauLayly Train Al naaudd feil

Graphics GeForce RTX 3060Ti/PCle/SSE2
OS 64 bits
Disk 164.4GB

Memory 31.2 GiB

Processor Intel Core I7 CPU 2.90GHz x 16
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3.1.2 naauAIUwAl TCM159

JUN 3.2 ndeaivua

M1319% 3.2 AuauUAvesgUnIal
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Resolution 1280 X 720P
Frame rate 30 Frame/min
Scintillation control 50Hz, 60Hz
Lens HD

3.1.3 lAs9E319Tu9au

(n) () (@)
U 3.3 ANRNIVDITUINY
(M Taseedsdunuduuy
@)  laseadrsdunudiudng

(A TASIASITUNUATUNAT
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3.1.5 Arduino Uno3

g‘ﬂﬁ 3.5 Arduino Uno3

M13199 3.3 AauUAveIULA Arduino
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Microcontroller

8-bit AVR family microcontroller

Operating Voltage 5V
Recommended Input Voltage 7-12V
Input Voltage Limits 6-20V
Analog Input Pins 6 (A0 — A5)

Digital I/O Pins

14 (Out of which 6 provide PWM output)

DC Current on 3.3V Pin 50 mA

Flash Memory

32 KB (0.5 KB is used for Bootloader)

SRAM

2 KB

EEPROM

1 KB

3.1.6 lugaudafaunieides Buzzer

U7 3.6 I@J@JaLﬁﬂLﬁauﬁwLﬁm Buzzer
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3.1.9 LU INAULYNLES GY-302 BH1750FVI
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19199 3. 4 ATNDLYULIDIINAINULULEINUArduino
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GND GND
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3.1.10 Micro Limit Switch

-

U 3.10 Micro Limit Switch
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Bright Image <10* Histogram of Bright Image

Dark Image Histogram of Dark Image
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n.3 Code twugasuinnawsuly LED wiaiaaing

© Acheive | Arduine 1813 (Windows Store 1.8420) - x
File Edit Sketch Tools Help

Achews
$include <BH1750FVI.h> //sensor AL aauE
BH1750FVI LightSensor (BHL750FVI::k DevModeContLowRes) [

int led=12; //vaaa WLED

int buzzer = 9; //Bu
int I = 0;

int recheck = 0 ;

int buttonPin = 2; frsw
int buttonState = 0;

Serial.beqin (9600} ;
LightSensor.begin() ;

pinMode (led, OUTPUT) ;
(buttonPin, I
(buzzer,

arduina Una an GOMS

gﬂﬁ n.3.1

© Acheive | Arduine 1.8.13 (Windows Store 1.8.42.0) - al X
File Edit Sketch Tools Help

Acheiva

i Loop ()

uintlé t lux = LightSensor.
nt("Light: ");

nt (lux) ;
Serial.println(" lux");

jel 1000) ;
(LightSensor

Serial

Serial

-=40) //ARpwArmnaIaxusdlA

tLightIr

alWrite (led, LOW) ;

/ /aenTenAaun iWkosn MAI LK

lWrite (led, HIGH) ;
(500);
alWrite (led, LOW) ;
(500) 5

}

buttonState = digitalRead(buttonPin);

if (I != buttonState )




© Acheive | Arduino 1813 (Windows Store 1.842.0)
File Edit Sketch Tools Help

Acheivs
delay (500) ;
}
buttonState = digitalRead(buttonPin);
if (I != buttonState )
{

I = buttonState;
if ((buttonState == LOW)&& (recheck==0))

{

alWrite (buzzer, LOW); //na sw
500) 7

te (buzzer,

H) 7
tin{"Power On");

Serial.

recheck=1;

ln({recheck);

SH) //Uany sw unsoudilileTraduduan 0 now disddiamSnunn

italWrite (buzzer,

Serial.pr 1("Power Off")}?

recheck=0;
Serial.pr

n(recheck) ;

giﬁi n.3.3
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n.4 nsgulusunsuvanvtuazsavewithgdsiutinisansaiglagldnie

JavaScript

6 Home | Help

Save Project  Open Project sToP AddScene  Remove Scene  Clear Scene  Save Scene  Load Scene @
— 1.62d
E -
“ Main | ACAproject
-] -
i —
= BoiLyyd : Crab
= ou : 1 8

l xmdua: : 10 uin I
() ——
=2

(g\ s meourionua : 10 un

5
g

Fant: sawasdee

size: 403

1 var obj cat = paylead.DeepDetect.cbj_count|

Doy DD Jne

gﬂ‘f/’i n.4.2
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n.5 Mseulusunsalunisuenvthgduazsna1vewitginag QR code Tuns

\ng Website lagldn1w1 Python

Home | Help

save Project | Open Project sToP Add scene || Remove Scene || Clear

Main | ACAproject

ORPpIBDDD IO

®

14
g

't = payload.DeepDetect.obj_count|

o
si
(5]
-
B
B
a
K
=
[
s
.

sUii n.4.4
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n.6 nMs@gulusunsalvilinnsuannihgdnieides lngldlavaScript

Main | ACAproject

1 ifelse

( payload.DeepDetect.obj_count[0].name

( payload.DeepDetect.obj_count[6].name == 'SeaEqg' )

= ( payload.DeepDetect.obj count[0].name == ‘SalmonBurn

@
=
(S )
m
B
B
e
.
=
B
e
,(Q

( payload.DeepDetect.obj_count(6].name

Ul n.4.5

1.7 N5 38UIUSLASUAN NS UIUABUNISTI52 U LaeldJavaScript

@

Save Project | Open Project sTOP. AddScene || Remove Scene | Clear Scene | SaveScene  Load Scene S

Main | ACAproject

/ / 2
-~ / f
s S / I
/
1 payloa nod: 'CLEAR ) -7
- 4 / /

1]
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n.8 Maligulusunsudmiunishinsay® TneldlavaScript

Home | Help

Save Project | Open Project sToP AddScene || Remove Scene | Clear Scene | Save Scene | Load Scene s

;\ Main | ACAproject

L1

ACAproject
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