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2.9 Threshold Thresholding
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Hex Code Decimal Code

Color Name
#RRGGBB (R.G,B)
- Black #000000 (0.0.0)

White #FFFFFF (255,255,255)
Red #FFO000 (255,0,0)
Lime #00FFO0 (0,255,0)
Blue #0000FF (0,0,255)
Yellow #FFFFOO (255,255,0)
Cyan/ Aqua #00FFFF (0,255,255)
Magenta / Fuchsia #FFOOFF (255,0,255)
Silver #COCOCO (192,192,192)
Gray #808080 (128,128,128)
Maroon #800000 (128,0,0)
Olive #808000 (128,128,0)
Green #008000 (0,128,0)
Purple #800080 (128,0,128)
Teal #008080 (0,128,128)
Navy #000080 (0,0,128)
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2.11 Connected Component Labeling
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2.11 Histogram of Orientation Gradient (HOG)

Wushusnaaidnuas (Feature Extraction) siwils fimthitlumsuvasgunmitisuedy
dnwnizyasnin RGB iy Blocks of Edges ielinouinnasannsauasgunmild lne
Gradient v81 HOG nunefian1sisveavaningluninesnun uay Histogram Aanistduadadinlu
vinaiaulafivoulufimmdluuannnindu §s HOG tuarulasminauinvesnin ni1e x 672 x 3
(channels) WeglusUvasnninesnndnune (Feature vector) Ssazdoaiinmsuiuaililiinnines
ANy iz Inefindnntsamanl

auuAdnmiisiaulafen miindsaunily AwsniidesitAonisuiuruiaveanwliid

Fns1duvIn U 1: 2 Fasrazusvruinn wliildu 64 x 128 Tnaduninuniuidenvays

IA ¥ o L ) A &
UMDYV 720 x 475 TAinNI1sAnA WA USUILINNIWAILAABINTS

Original Image : 720 x 475

35U 2.10 Preprocessing AmAuaty
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JUADUABUIADNNTYN Normalization {iBIANISAULEIUDININNDIILFIRARDAN NN
o o - &Q ﬂfl = 1 =l |HI . .
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normalized vector=
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al' v fe] & £ 1 1 | - = ¥ 1
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3.2.1 License Plate Detection
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3.3.4 Aperture
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Sensor: 1/3” Progressive Scan CMOS
Resolution: 2688 x 1520

Framerate: 30 fps

Focal Length: 2.8 fixed lens
Minimum illumination: 0.01 Lux
Dynamic range: 120 dB WDR
Aperture: F1.6

Angle of View: Horizontal 103 degree

S/N ratio: 50 dB

gﬂﬁ 3.2 Hikvision 4 MP IR Fixed Bullet Network Camera
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batch=&4
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§ batch-64
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width=512
height=512
channels=3
momentum=0. 9
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exposure = 1.5
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padel
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[1] Histogram of Orientation Gradient

WaaTin; https://www.learnopencv.com/histogram-of-oriented-gradients/
[2] OpenCV

wmasiian: https://opencv-python-
tutroals.readthedocs.io/en/latest/py_tutorials/py_tutorials.html
(3] Support Vector Machine

wwidefiun: https://blog.statsbot.co/support-vector-machines-tutorial-
c1618e635e93
(4] You Only Look Once

G R ITa https://pjreddie.com/darknet/yolo/
(5] Connected Component Labeling

e TiN: https://homepages.inf.ed.ac.uk/rbf/HIPR2/label.htm





