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ABSTRACT

Nowadays, Artificial Intelligence (AI) has involved in many applications with continuous
develops and improvements. It has been used in many fields to reduce workload and save time. Al
can make a prediction on most difficult problems by learning behavior from the data set and making
models to solve them. This project applies Al to an android application for inventing a music mobile

application that can predict and suggest a music which tends to be favored by the user.
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2.5 Java Programming Language
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2.6 Integrated Development Environment
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2.7 RESTful Web Service
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2.12 Content Delivery Network (CDN)
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Volunteer ID | Node Size Epochs SSE ACC TP TN | FP | FN
1 3 7800 40.74566647 83.74384256 142 28 25 8
2 11 8500 22.33612121 91.13300493 116 69 15 3
3 2 4600 56.7360942 82.75862069 154 14 35 0
4 6 6800 40.97666279 85.22167488 119 54 17 13
5] 11 8300 22.55421482 95.07389163 80 113 2 8
6 9 9900 40.93818036 84.2364532 45 126 9 2%
[/ 12 8000 17.04391738 96.55172414 101 95 2 5
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Without Decreasing Learning Rate
Volunteer ID | Node Size | Epochs SSE ACC TP TN FP F
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4 6 9500 2480174947 91.62561576 127 39 12 5
3 11 8200 21.14513312 90.64039409 76 108 7i 12
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Volunteer No. ANN (%)

1 69.45

2 50.73

3 69.45

4 60.59

5 46.3

6 65.51

J 63.54

8 60.59

9 64.03

10 51.23
Average 60.14
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Volunteer No. ANN (%)

| 28.57
2 34.48
3 46.8
4 40.39
5 38.92
6 40.88
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9 46.31
10 44.34

Average 43.99

StdDev 9.91
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