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ABSTRACT

This project attempts to build an automatic answering system. The system must be able to
reply Frequently Asked Questions without strict format questions. The proposed system is
implemented using neural network for learning questions with the training Frequently Asked
Questions and their corresponding answers dataset. Once finish the training, the neural network can
correctly classify question and provide the right answer. The result system aim to replaced human
staff and capable of answering question comparable to the trained question answer pairs. Moreover,

the system can be easily trained on different set of questions answers pairs for other applications.
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message
response
message
response
message
response

Where do you live now?

I live in Los Angeles.

In which city do you live now?

I live in Madrid.

In which country do you live now?
England, you?

message
response
message
response
message
response

‘Where were you born?

I was born in Canada.
‘Where are you from?
England, you?

Where did you grow up?
I grew up in Texas.

message
response
message
response

How old are you?
16 and you?
What'’s your age?
18.

message
response
message
response

What is your major?

I’m majoring in psychology
What did you study in college?
English lit.

31.' 2.2 A0ENIMINBUNEL Sequence-to-Sequence model
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2.3.2 N-gram model
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31 2.8 K-Fold Cross Validation
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o

sunanaza Windu fie “aued lnu? erdyafidesnisrzdooglunuiany

q

w ¢§ ! s ' 1 r Y
nN1InNnNNnY “liﬂ‘i]’}ﬂﬁ’luﬂﬂliilﬂﬂTi‘ﬁﬂy,ﬂ umﬁJu 2 wmwwywlﬁun nN1TNnNNnY

. ' ' ' . o =) &
(greeting) HAZNA1IA (goodbye) UAATFDIVDI list DIAWANADINIT AD AW
' g4 aa 1 iz U i
uzilundunaszeglunuaanyiiu  uazTuseauna list Ao HUIANYUDING
£
o 1 o o o @ 1 =] 1
Vinmeuaznammnua1ay A9l [MInme, manaail laemindluruiany
w [ 3 -~ o =1 =~ 1 1
msvinmieaz Idloanaidesnis fe [1.0] uazmmilunuianynisnaia s
] ‘é = { o
IRiodwaidoenisiiu [0,1] Handunaiedousnilidadude “aued
e v
Tnu? Teaglummangnissinme daiu wwnaidosnisves “auied lnur
fo [1,0]
0o a 1A o d‘. o
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Tasaoilszamiion (Neural Network Model) 92 19191ANRAINNTAILIMN
o 4 o - w ¢ Ay &
paziueIAnaNIMImuInIfFsuiisudvienanaeanis e [1,0]
k4
waeaninduasnan ludnduTunuudiaeeTassielseamifion (Neural

Network Model) Bnasuio15un1 weight az bias Tz aw

e Loss //L___
unlfuan <’

3 weight uaz bia ~
Foang? \ Tianzay N
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3.2.4 Uszlanaumnangléa1u (User Input)
HudawwesmsiudeyanndlFourmudiudadodld Salse Toafidlddonoinne
Fuumenmuniay gy “aued i Tasszaidunad 141udszuoana lusuaeusie 1y
3.2.5 maumsdszanona (Responses System)
Hudruiiidoyaiildvindunavesdlduudrlnseviodszamifion (Neural
Network Model) iio14lumsiinseimemaoviiafigavosszun Tasazibunaii 1d5unnd14
wlasiludoyadmiumslFuuunsasuasindilszuiana lnonadng i 18z fuainniee
udJummﬁuwwjmgﬂum’Jﬂmai"l.ﬂuLm::ﬁmmﬁanﬁmamaqwmﬂwaﬁ'u 7 panuuuo1Ane
@ 91031 3.5 mﬂ%uﬂaum's5’@1msﬁmgaﬁwmwaﬁjmmmiﬁuﬂmagj 2 iuIAny Ao NINNY

' aAa Ay ¥ ) 3 A a
LAz NAIaN llﬁzﬂﬂuwﬂ‘ﬂqﬂi]Wﬂﬂ!uﬁﬂuﬂizTﬂﬂﬂuﬂu1ﬂ1ﬂﬁjbl“]f\11uﬂa “ﬁmﬂﬂ"l‘ﬁn?” TEUUY

=

1 a EY =1 1 = J 1 |€’, 1 1 =} 1
ﬂizmammmuwmmﬂummmmmtnznJmmg‘luﬁmwnuuu o L“r’]'l‘lﬁiiﬂﬂﬂzhﬂ'lizﬁ’]'lﬂ 0-1

i ednneenuilu [0.96204221,03795773]  ustaedidaniiuly1dfiezeglunuanns

u al A yra A @ L] ] o J o a - )
nmeuniga iWeszuuinaunanuieg lunuianges lsszuussmsgudneuwson 13
FMTUNQUUY ) DONUWLTAINA

o w =N & o7 o 1 3 A A & o =]
dmfumsaounaunuiininsaeunduLuugumnoueson 13 ¥9vi 14 Tany

3 [ o Y o B T "y o ! o A
‘UfJJJuﬁﬁTWS‘]JﬂTN]BUﬂﬂ‘iJlI'JLﬂH list uazuﬂnﬂixmmaumaxwmﬂmg"h LU NANTYITITR
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'ia'i’]JU'E]'IﬂilﬁﬂUﬂ'lﬂﬂlJLlju “ﬁ'ﬂﬁa” 'H‘%@ “a’m&ﬁ"lwu?” Llﬁ%ﬂ']iﬁﬂ‘ﬂﬂfl‘l]ﬁﬂ']ﬂﬁ? LYU E]'I'JJ’J']%J']U
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o [0.96204221,0.3795773]

output layer
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31 3.5 dreesmaumsdsyananalaedlidonunaunind «amailnue”

3.2.6 AUV UBUUL (Feedback Data)
o = @ & g ¥ Y vq o a1 v e
nasnnnszuuneunau A szuvg1ddlalszdiunianeledumiao
1 é o g
30 1 Feszuvzhdoeuenuzng 191l lUwanns gy
3.2.7 @IUMSUEAINE (User Interface)
6o N\ 2
Hudwdmiudladeudoyanielss Toamunut udrmiuasunsilszulawna
e l&wadnsveams Idneuninszun Favznanalss Toauazszuuaunniigldyaneiuszn
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Tumsaiudunedndinduez 19 React Hilu framework 04 Facebook 1ag1d

A Javaseript Tumsaaduneywdimau
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g1l 3.7 sellugdfuaasdonnuiiddawdon lfiszsuuuazszuuaeusin
ndunwaztudl like  dmSunsUen feedback  IHszuuidldRanelodmSumneuuazii

feedback nau THnRUszDVB TR UINBALS 2 AN A IR UATZ UL



=
unn 4

NMINEAUUATHANTITNAAD

4.1 yadoyanlylumsnaaes

[

a ] & ¥ ¥
yadoyanvueglugluuuves JSON FelsznoTufe 3 ga Asil

)
2) foyagn B 119U 15 Aad
)

YayayA C WU 15 AA1A

70819 4.1 Yoyaunaumnifulugiuuy JSON 1a A

{"intents": [
{"tag": "greeting",
"patterns”: ["a3a@", "ada@asyuY, "ada@sar, A, radadte, "dalvarl,
o - ag al 9 9 @
"responses”: ["@iaAvoURmAIZNT", "AloNwegudn", "aams Inwves lsasu"
3
{"tag": "gOOdbye",
"patterns": ["U18", "o 1",
= R oA o
"responses": ["VOURMALITUT", "UTuUNAUL", "BE1ANNTUN"]
¥
{"tag": "thanks",
"patterns”: ["UBUAM", "vouAMASY", "wiglAuInm@e”, "veURMULAL", "VYOURMA
o o & et
mypy ", "UAL", "UALAQ", "HAana"],
a dc.; g1
"responses": ["Uuﬂw'lﬂmw:"]

}5

a
L |
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(s19)

{"tag": "ordering",
& & e 1 & a @ & a a & w
"patterns”: ["daxoduMegals?", "Fadumdale, "eendadud, "auledumazdadale,
e A, 8 X o v a v & o &
"ya3sdedumMntee”, "etnaeduni”, "auladuni, "daveadaler, "aulavesr, "endeves ],
1 £ L] .
"responses”: ["1.(ApnAUANABINSHazEuduFuMIunznd 2. lutunsumsasyerinld 1d
a A o a ' 'y Y w1 1 g s A as
Blavesgmuaziion (@uliumsae lag ludsldsvan) 3.1adeyafioguosnauazidonisnig
o a @ 1 g ) & X
F1528u 4.180ngUuUUMIIRTIINUUBUIUNITAITE"]

b

{"tag": "PaymentDestination",

"patterns”: ["SUEITaTITERUYa e IanTe T, "reRuiateniald vy, 91k
dareldider, mauGudaena e | Siedatemae e, edarenia 1§z, sroiatomaldl

117", "edaneni ldusonlar, "Hiszidutlatenia],

9 @ a

"responses”:  ["dmFuduMNaTatTziulaeneldwidydaval “a1misatisidy

o
) p v a zdi '

a { 1 [ o
daeneIe” uaasegidmuniennlumhdudmienduawuesidudiusgiuumannesy

finaldon dmsudeyaiudu]

3

{"tag": "Payment",

"patterns”: ["HUILAWITATITERUMIT 1A laThe, "seRudaler | 50080, "dszne
Tvur , "35dhsziaur],

"responses”: ["1.MaAuRulaiona 219050380 31510 4.11lwes wesia 517504

a o 4 T 1 1 [ a
Lﬂﬁlﬂl] 6.‘]J5ﬂ'liﬁu1ﬂ']iﬂ€}uu1ﬁu 7.MIHDUDNYHIULATIATAN"]

3,
{"tag": "Deliverytime",

v 1 a yqy 1 1 v 1 Aw a 9 '
"pattems": [”ﬂ’]i%ﬂﬁﬂﬁuﬂ’]i‘]ﬁgﬂgnﬂju']u%rﬂplulﬁﬁ?" ’ "i]ﬂffdﬁim" . "5@'5114?11“1”“7’]1'”1—1" .

1 i o @ i ) 9 § !
raasziA U "seuedndu”, "seveaunuua luez", " ldvesasu Ty, "ldueaiie Tnm,

"responses”: ["5zozinanlumstadeduiilastszunmansonsisaen laeinlumirdusm

v 1

v & A v oa g £ 1KY Aw a v
ﬂ']u‘U'J']lJ'E]‘Hi@T]ﬂ"IHﬁN‘U’ENﬂ?ﬂ'uﬂ"l‘UuﬂQﬂ']_lﬁﬂ']uﬂ'iﬁﬁuﬂ'l"]
1
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(GE))

{"tag": "Expressdelivery",
kY

"patterns”; ["HUSMIdATaUUAINYTe Tu?", "Tdawuale lvur, "Hdawuaiude” | "Tids
nuuey v, "Hdauumewanr),

"responses”: ["A11ATH IHUT AT “deaAIn” dmSUFUMLIFSTA"]

¥y

{"tag": "Deliveryondemand",

"patterns”:  ["AuMaEusogniadeniuiunsonaiiinesns lAnseo U, "ezdaiuiui
Avua lrin,

" " & w 1 & 1o 9 a ' ] 0w A4 o

responses”: ["szoziaanlumitadanziuegiug Idusmauaazisidas luawsodudy
A o w A v 34 -
wiemnuatuuaznauiuey 1d nallszezna lunsiadedum lavlseuaminsonsivaou
= | 1 @ e cg 1 ar .w a

I8 lundhaudduuniienieidauarsvesirdumvusgiuanuisududi]

b

{"tag": "Shippingfee",

"patterns”: ["A1UIN1TIAGIATIvA0L TAvIn lruer, "asvaeuadedale],

. o D4 ly ¥ Y a Yy A oA A
"responses“: ["ﬂ1U5ﬂ15%ﬂﬂQﬁuﬂ'lﬁ'lll'lﬁﬂﬂﬁ?‘i]ﬁi‘)ﬂhlﬂﬂ']ﬂiuﬁu’]ﬁu‘?ﬂﬂ’]uﬂ'ﬂﬂﬂﬂﬁﬂm

1
U=

L] v o 3 1 o =1 73
AuanUIiIRUMINBgRYTaveInITadennaden”]

¥s

{"tag": "Returns",
Fuarld vy, "auveald vy, "Auvesldavsanlar, "Auvedldtha, "Aududlde.,

"responses”: ["gnAra s aauAum ldnelu 14 Sundinni lasudud

|

{"tag": "Canceled",

" w, ey a_o & & - noon s o & & o noon o non

patterns": ["RuUvzsAERMTIe laod1a]ls" , "unuFamdededale”, "endndalen, "ooin
anan”, "ldeenldudq ],
L A - 9 [ a 4 Yo

"responses": ["l.s‘mgsxuu 2.188NFUAIVBIRY 3.AA8ALEN 4.nT0ALLUNWOTY S.ﬂﬂﬂ‘i‘u

SMS #ugu"]

}3
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(910)

", mn

{"tag": "problem",
1 H 1 3 §
"patterns”: ["FUAAIU 1AL liasedundeens, "lasududidar, " lilddeduiinng, rda
YBINA"],

o a a { a
"responses”: ["fara a1 Igunuuvesumsaududieau lii landenniangdum

9 { a o 1 { & { 9o
voeqa lAasuiludadaFouioonds antuzezgnilasunielu 24 42 Tusnanarfigu 145y
Aua"]

}

0813 4.2 Veyaunaunmniiulugduuy JSON ya B

{"intents": [
{"tag": "greeting",
"patterns”: ["a3a@", "ai@AnTy", "adaA”, "ae", radaade, "dalvar,
"responses”: [*aaRusLAmTiaN”, "Alafimenndn’, "doens e lsnsur]
b

{lltag

n, n

goodbye",
"patterns": ["U18", "l90nU "],
=i S o a&'d L a
"responses”: ["ﬂauﬂmmn:m", "UAUNAUZ", "DU1auNauu"]
¥
{"tag": "thanks",
-7 ] y 1
"patterns": [”q.l'f)‘l]ﬂm", "‘U@‘qulmﬂiﬂ", "“H?Uulﬂu']ﬂmﬂ", "‘Uﬂﬁﬂﬂ!ugﬂﬁ", "‘UE]‘]_Iﬂ‘EHﬂ”"
o o & g &
"yaule", AL, "uALAT", "uAena",
"responses”: ["Uudﬁ"lﬂ‘ﬁ‘mu“’"]

}5
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(10)

{"tag": "computeris",

"patterns”:  ["IfIzAeNGeuneIfUeslst, "ImaonFouwneiuezls, "IrzaouFou
da'lar, "IrazaeuiFeues lther, "Asnuimaoun, "ReIfuIaInssunoNimes”, "Inlzaon
Foulsther, “Semzneuiaees Gouesls ],

a o ¢ 7 & IR

"responses”: ["FUUNIFITALUIT WOUAUIT LlAZTLULIATOVIY"]

| 8

{"tag": "carreer",

"patterns”: ["ou 1oz 15", "Fousu lilviesz 15, hawes s, "szaeverdwes s, au

L
Tvinls, "ana vy, "anauin, "anaute"],
3o [ .:f = = a '

"responses”:  ["Hau3INsAnEIRINMAngasaziianuduaenglunsesnuuy Tinsiz

Y ¢ &/ A\ \ & adh
wazainldsunsulszgndvesszuy nail Tudammisedsznoverdwituininsszuy

o

a s @ A = ) o o
nAnTIzRIzUY dnWeu Tlsunsuszy weze B lumsauneuiunesoun ]
b
{I'tag": Ilfirstll’
=\ = w 3 o a gf = = Y [T )
"patterns™: [ 1 Foudae dvaSuaneeziy, "1l 1 Foudalaer, "Sudadalem,
i T 7 = A o aa 9 AL o @ Vet i
responses”: ["FouIyug N 1 uazlifenssuthe nell duduanuains lovesdBou]
¥s
{"tag": "department",
"patterns”: ["Anninegaselnu, "Bausgaseluur, "lldnnadaler, lunedmdaler,
"pgdu InuvesumIneds”, "agnse lvuluue”, "egaseluuveue”, "aazegi luu,
"responses”:  ['81A151U{1IANI5IM AmLIAINTsUMAAT vaah 2 n1A3rInansu
AouiAes AnzinInssumani (auil 1 ¥eenanangd 1 1wAa1AnT2I HU9AIANT 21T
NFANNA 10520)"]
1
{"tag": "study",
" " " L mnn Ly ﬂ o Ul‘ nn q‘ L Ly n
patterns”: ["vangas", "vangantluda e, "neinundangas],
"responses”: ["http://www.ce.kmitl.ac.th/curriculum.php"]

}5
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(719)

mon

{"tag": "year",
"patterns": ["5ounil, "ﬁ%u", "ﬁ?ﬁwmu"],
"responses": ["4 ?J"]
s
{Htag": IlpWS",
kY
"patterns": "4, L‘il’]llﬁalml‘}fill”, "9y e, m’ﬁ"lﬁ'“lwu"],
"responses”: ["THANGATABIIDIT NI U180 1TW"]
¥
{"tag”: ligradell,
" " " ‘=I ! ] y y g
patterns”: ["InTAm A Ins" , "deunsage lnu, "Aoansageiy’],
i i i - Y 1 v A 43 o @ 1 =
responses”:  ["nsAmAsndIAny uandiisvinazuuudy duduilszinnmsivuaazil
=
AIANET"]
¥,
{"tag": "enter”,
) 1w £
"patterns”: ["ien Ty, wvavuge Tuy , "auseniduees T,
é’ L o 1 = =]
"responses”: ["UUAUINMUARLUUUIARZLAITAAET"]
8
{"tag": "activity",
= ?xla aa 3’4 a = a
"patterns”; ["AOATTUEDENE", "HAINTINNG", "AONTTN", "AUNTINWEE IMN", "AUNTTH
wazihy, "Ranssueesvsalar],
"responses": ["1.CE Smart Camp 2.CE Smart Career 3.91U1fye1v1331 4.09NITUVDIAUY
wazan1u"]
|
{"tag": "admission",
' Fa " T 9 1
"patterns”: ["SUBnaNY" | "Suidndnlun | @ T Feu 8y, "dq luEeu1d v,
9 w w
"responses”: [" 1AATY NUOAUUE"]
3
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(710)

{"tag": "woman",

a o

Y y%ﬂ 9y a q 19
"patterns”: ["HrgaiFeu lane" , "dngaiFeuld nu, " lilydaner,

o

Y
"responses": ["(3 61U TANAIWALZ"]

}

A10819 4.3 Yeyaunaumnniuluzluuy JSON ya C

{"intents": [

{"tag": "greeting",

n t " n)‘dll 1 Yo - " o dy" dy‘l =I"dS’ll ”W "

patterns": ["@I9A", "AIAAATU", "AITAV", "AN", "AITAIL", galva"],

"responses”: ["AiaAvoUgUiiIzLT", "AlaTinenudn’, "deenis Iaweslsaiu"]

| A

{"tag": "goodbye",

"patterns": ["U18", "lwoAu lWu"],

S; S W 4:!..4:! L | o’

"responses": ["UDUAMNLIZUT", "UIUNAUL", "DIIAUNAVNT"]

1,

{"tag“: "thﬂnksn,

"patterns”: ["YBUAM", "VDUAMUATU", narag lAuInIRY", "YPUAMULAZ", "VOUAMAL"
! o o 2 by
yaule”, "uAd”, "uAana”, "uaIna"],
" 1] IIQ d‘::. y l "

responses”: ["GUAN 1A% I8UL"]
35
{rltag'": "police",
o o o o & o ] 7 o
"patterns”: ["#1523", "IUBIA1TIV", " INTHIAITIV", "VOLUBTAITINNUDY", "HIUDTAITIY
=1 o o 1 = d o 5 Y 1

Tvue, "Thiwesdsnae, "Tiwesdiseie, "UIAHAAIU"],
"responses": ["LL%GWTGJ@’]U 191"]
k
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(910)

{"tag": "fire",

"patterns”: ["udarvia Tl *@umdar, Il mwefdulvl | uefdumas, "vewed
AVINAL", "ﬁma%ﬁmwﬁaﬁ'ﬂ", "TNSHIALINAL"],

"responses”: ["u%’amg“lﬂ"lﬂn 199"]

5

{"tag": "traffic",

"patterns”: ["991.100", "yBLID3 92.100 Miloy" , "var.Fo8", "wesveaodoy'],

"responses”: ["9€.100 1137"]

¥,

{"tag": "travel",

"patterns": ["dsaieaiien” , "weidsaneaiior, "Aadedsaaneaiion”, "Tnsv
dsneuiion”, "Tueddsaeaiion e,

"responses": ["¢1529NBUT B 1155"]

b

{"tag": "road",

"patterns”; ["NNNAN", "AITIDNWHAN", "IUBTAITIINWKA", "AAADAITITNINAN",
"TNIMIdITI9NI9HaNe"],

"responses”: ["#1329N KA 1193"]

5,

{"tag": "kpp",

"patterns: ["nesllsimisw”, "wesneulsulswe, "Aedensarslswe, "Insnines
sdsun],

"responses”: ["neas1utsiv 1195"]

}s

{"tag": "carlost",

"patterns”: ["d950M10", "sagnu Tue", "Temousan v, "save", "udumasonie],

"responses": ["IS9MQTONIY 1192"]
b




33

(GL)

{"tag": "doctor",
"patterns”: ["UWnd" , "uNNIRARU", "Mup”, "INTHIMNL", "RAdENND", "MNDRARN"],
"responses": ["Lwaggﬂtau 1669"]
5,
{"tag": "electl",
"patterns”: [" IWuasvae , mueims liuasvane | "Aadens Iiunsrade,
"responses”: [T I 1ATHA 1130"]
{8
{"tag": "elect2,
"patterns”: [ Tolfrdaugiinar,  mweimslwihdaugiinee,  Aadens luihdon
giinar, "Insm IWdhdauginie,
"responses”: ["M3 MWW @ IUgNNIA 1129"]
}s
{"tag": "waterl",
"patterns”: ["UszihuasHale, nwesmslszihuasrair | "Aadenisdszihuasras,
"Tnsmidszdunsnaie],
"responses”: ["M13U521UATIAS 1125"]
5,
{"tag": "water2",
"patterns”:  ["szidaugiime’, "Aedenisdszihdaaugiiniey, weimsiszihdau
nima”, "Tnsmmstszihaaugiinian,

"responses": ["miﬂixﬂwﬁmgﬁmﬂ 1662"]

}
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4.2 M3l¥laws13 PyThaiNLP lumisdasimunIng
42.1 Yaglszasn
A 2 P ~ . )
oy 19au lausis PyThaiNLP Tumisdamniptine
4.2.2 MInaaeg
Any1Aa061auaz15 19970 PyThaiNLP  tWerhndouTdsunsy TaoSoufion
2 A @ o 5 o o
inseaiiolunisdaadiniy ne (engine) 3 15210 AD icu, dict 1AL mm

ynaunusiaei l¥lunmsneass Ao “adafinsunyaoen”

Tsunsw 4.1 WansumsdasimuIng
from pythainlp.tokenize import word tokenize

sentence = "addaAnTunndaen”

print (word tokenize(sentence, engine='icu'))
print (word tokenize (sentence,engine='dict'))
print (word tokenize(sentence,engine='mm'))

o o d 4 o °
f0814 4.4 waawin laanmssuldsupsuifandumssammung

[aAda®, 'asy, ‘Wi, 40", ton']
[aiad, 'Asuny, e, 1on]

[aiad, 'asuMY, ‘¥, 1on]

4.2.3 aswaminanes
1 [ o 1 2 o o 91 A A v
11INN1INAABINYI “AFuny” gndand lumioudu swwiulddunsede icu 14

o 2d o : . o dd o 91 :
woaansidu sy, Wy uaziasesile dict woy mm lAnadwsitlu asuny aglidiunsedielu

o = o

ar -] . 1 o ci 1 a Aé =y a
ﬂ“l‘iﬂﬂﬂ?ﬂ?‘kl']llﬂﬂ (engine) LIADZA UN1T ﬂmmm"lmmmnmaﬂu”l.ﬂ HIVSHWHANUAITNHUY
9

1 g as Li o
yesmuazmsrh lUilnduunszuy Wallaasiden iz auduilymalsnisnaaeuauiaiud

Q

A oA W g . | v W 9 A o Pl
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4.3 M31¥1avus13 PyThaiNLP lumsunmia
(Y] d
4.3.1 Tnglszaan
wefnyIns 1491 laus s PyThaiNLP Tunisudeiia
4.3.2 35MIinaaes
AnpdredauazmslFauianduudmnalulaysis pyThaiNLP  tWerhu@ou

Tusunsy Taedn 1 lunsnaane As a3 le, dpaniu , 9oy, 1 vy uasTivae

das o_Aa
I‘l]ﬁllﬂ‘ill 4.2 ﬂ’ﬂﬂﬂiuﬂ'l‘i!lﬁﬂ?f-lﬂﬂ'l‘ﬂﬂﬂﬂ

from pythainlp.spell import *
sentence = ["ash", "Hoanw", "deEu", "™, "Avdo" ]

for word in sentence:
a=spell (woxrd)
print(a[0])
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4.4 mliWanFudammu nauasandulumsudmaalulaus1s PyThaiNLP

4.4.1 Yagiszaan
oA aznaassllenFudasiniz Inouasassuudsianiz Inslu
lavs13 PyThaiNLP
4.4.2 3EMInaneg
Anydaeiauazns ldauiedsudasinim Insuazfansundmnaniu nely
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Tsunsu 4.3 Wandudamne lnauazWaniulumsuiiifa

from pythainlp.tokenize import word tokenize
from pythainlp.spell import *

sentence = "dafdnupuieian”
a = word tokenize(sentence, engine='icu')
print (a)

for word in a:
b = spell (word)
printyb)
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Tnsenelssanineu (Neural Network) @1%131 1 hidden layer (tae 2 hidden layer
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453 ayulraminaasy
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1 hidden-layer vs 2 hidden-layer

0.8 { mmm 1 hidden-layer
N ? hidden-layer

0.7 1
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31 4.5 nFaumavanuukudvelnswiesdszamifen (Neural Network) @1%5U1 hidden
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31 4.10 Confusion matrix NngasnIAIENUGvelAsINEszaNIfEN (Neural Network)
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Confusion matrix
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NO.1 accuracy = 1.000000
NO.2 accuracy = 1.000000
NO.3 accuracy = 0.600000
NO.4 accuracy = 0.800000
NO.5 accuracy = 0.600000
NO.6 accuracy = 0.600000
NO.7 accuracy = 0.600000
NO.8 accuracy = 0.400000
NO.9 accuracy = 0.750000
NO.10 accuracy = 0.500000

average accuracy = 0.685000
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NO.1 accuracy = 0.375000
NO.2 accuracy = 0.857143
NO.3 accuracy = 0.714286
NO.4 accuracy = 1.000000
NO.5 accuracy =0.714286
NO.6 accuracy = 0.571429
NO.7 accuracy = 0.571429
NO.8 accuracy = 0.428571
NO.9 accuracy = 0.571429
NO.10 accuracy = 0.428571

average accuracy = 0.623214
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NO.2 accuracy = 0.875000
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NO.4 accuracy = 0.750000
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NO.6 accuracy = 0.750000
NO.7 accuracy = 0.875000
NO.8 accuracy = 0.857143
NO.9 accuracy = 0.714286
NO.10 accuracy = 0.714286

average accuracy = 0.803571
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