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Consumer Feedback Informing System
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Academic Year 2018

ABSTRACT

At present, marketing competition has increased dramatically. Therefore, entrepreneurs
need to use product advertising terms in order to attract consumers to use such products. If product
advertising terms do not match product properties received by consumers, it would inevitably affect
decision of consumers to use other products instead. As a result, entrepreneurs need to give
precedence to consumer feedback on products. In which entrepreneurs will know consumer
feedback information about products, they have to collect information from inquiries or view
information on websites on the internet. These processes take such a long time, so this method is
quite difficult to develop and improve products. Therefore, this project aims to solve the problems
mentioned previously by creating

A web application that provides consumer feedback information about products so that
entreprencurs can apply the information obtained from the system in marketing research and

product improvement.
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A1514 2.1 WANHINNVBIM(AD)
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<head>

<title>Consumer Feedback Informing System</title>
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Manipulates

a a <
31 2.6 umRalmaaIsneulnsaes
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<!DOCTYPE html>
<html>
<title>Consumer Feedback Informing System </title>

<body>

<h1>HTML Code</hl>
<p>This is example.</p>

</body>
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2.7.7 Foaoa (CSS)
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M0E14 2.4 MIWaUMM I Foatoa

body {
background-color: white;

hl
font-weight: bolder;
padding: 20px;

P {
font-family: Athiti;
font-size: 18px;
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3.2 gmﬂfr"lﬂa:uﬂsu (Use Case Diagram)

Consumer feedback informing System

Login —ecpxtend>> Display login error

View keyword

T sentiment

Entrepreneur

Add favorite product

Sofloke

31 3.1 gmaalaezunsu
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3.2.1 inedeanusz U (Actor)
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class TestSpider (scrapy.Spider):
name = ‘Test’

url = ‘https://www.cosmenet.in.th’

def start requests(self):
yield scrapy.Request (

‘{}/ranking/1947/Body-Cream’ . format (self.url),
self.parse,

)

def parse(self, response):
soup = BeautifulSoup (response.body, ‘lxml’)

if soup.find(class_=‘content main-content’ :
print (“Pass”)
else:

print (“Failed”)
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Experiment Set

Feature set

Experiment Set

Feature set

UB

1. Logistic Regression | Unigrams 9. Logistic Regression Uni + Trigrams
U UT

2. Bernoulli Naive Unigrams 10. Bernoulli Naive Uni + Trigrams
Bayes Bayes

U uUT

3. Logistic Regression Bigrams 11. Logistic Regression | Bi + Trigrams

B BT

4. Bernoulli Naive Bigrams 12. Bernoulli Naive Bi + Trigrams
Bayes Bayes

B BT

5. Logistic Regression Trigrams 13. Logistic Regression | Uni + Bigrams +
T UBT Trigrams

6. Bernoulli Naive Trigrams 14. Bernoulli Naive Uni + Bigrams +
Bayes Bayes Trigrams

7K UBT

7. Logistic Regression Uni +

UB Bigrams

8. Bernoulli Naive Uni +

Bayes Bigrams
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3.4.6 anturinneanuianniideudynassnan (Sentiment Predictive Function)
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Sentence Sentence
Sentence Sentence
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have aspect of
product property
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Experiment Set Feature set Validation Test
Accuracy (5-fold) Accuracy

1. Logistic Regression Unigrams 0.7436 0.7295
U

2. Bemnoulli Naive Bayes Unigrams 0.7309 0.7

8]

3. Logistic Regression Bigrams 0.9155 0.9022
B
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Experiment Set Feature set Validation Test
Accuracy (5-fold) Accuracy
4. Bernoulli Naive Bayes Bigrams 0.9154 0.8818
B
5. Logistic Regression Trigrams 0.6986 0.6795
T
6. Bernoulli Naive Bayes Trigrams 0.6977 0.675
i
7. Logistic Regression Uni + Bigrams 0.9491 0.9455
UB
8. Bernoulli Naive Bayes Uni + Bigrams 0.8627 0.8523
UB
9. Logistic Regression Uni + Trigrams 0.805 0.8022
UT
10. Bernoulli Naive Bayes | Uni + Trigrams 0.7886 0.7727
P
11. Logistic Regression Bi + Trigrams 0.9127 0.9023
BT
12. Bernoulli Naive Bayes | Bi + Trigrams 0.8995 0.8795
BT
13. Logistic Regression Uni + Bigrams+ 0.9481 0.9386
UBT Trigrams
14. Bernoulli Naive Bayes | Uni+ Bigrams + 0.8741 0.8614
UBT Trigrams
15. Logistic Regression Uni + Bigrams + 0.95 0.9455
UB/IG Trigrams
JIG>=1G
16. Logistic Regression Uni + Bigrams + 0.95 0.9409
UBT/IG Trigrams
,1IG>=1G
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