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ABSTRACT

This project has been prepared because students see that the current Deep
learning system Is becoming popular and tends to be Knowledge in this area and it
will be necessary in the future. This project is designed to make it possible to know
that the neural network can predict whether the opinion of the person watching the
movie will have a positive or negative opinion. In order to be able to record this statistic
so that people who would like to see other movies can use the opinions of viewers
to make further decisions.

This research will focus on a neural network called BERT, a type of network
developed from a transformer. As user experiments saw that BERT was more effective
than other RNNs such as the LSTM GRU,so the authors chose this type of deep learning

was used in the research work above.
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2.2 Tensorflow

Tensorflow
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2.3 Deep learning
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2.4 Recurrent neural network
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2.5 Transformer
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wA Aneludiuinguadiusien

qmﬁwf‘j Sl e RNNs waz CNNs sinaiidesain vieludos Long-range
dependencies Lag Parallelisation Jududesiunfiudu Wowuin Transformer anunse
wideymieaesld wSaun

Transformer lsiauainaiinfisendn Self-Attention tnglaifie fe Tunsudarusay
M lumavzdenaulanmediieifos (related context) warfinuddsy (important
information) s1dugedldluiiontdam (ufitae Machine Translation) unuitazdios
aulalassadanausslen Seuszneuludemitlifeates

iseveUlILNT Iz InTuudnuaziiin

She loves cats because they are fluffy and cute.

dann31 Msvzula M “geu” Wi M “loves” Inlusioedi
199U AMuneUilouiu love Tuniwidingy

2.love 1%’@5’U she avdoaudsudy loves (verb-noun agreement)
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me‘mmwm “loves” azilueglsila onaaziduy i, N3ANY N30 LLlIﬂi‘“VN auunei n

lail¢danasio fin “loves” msvheunuil adeqfumsiauvesates Wiensuendwes

Y
a

fisdsueseg dsfiAntufe llisndusesgynesdussneulusuiesadulad A
wan viselal? iivsudtoyaunagaiddyAiismelunisininuvessiudn

sl FoRves Attention Mechanism o ianunsndssananayngiluuselon
wieuqiu me1ed wiazdfianudassde Setunlatn sannanddiiudoulunienq i
Lidentasylon uwiluwasiionty Tasedeidiuliuass fecssnatumaunits
Uszlen wiaglwdalludduneiiiioatestuiiy duie duannsadanisiu long-range
dependency lavgnsauiee

wnsEfosUsrananatussuselon vaneauensaziisant vilulild
Fully-connected Network Tuiae w3efifie Td Neural unit wazq siafiunne e wiAsTAnTY
#i Fully-connected Network 71kl Attention aougnnninuin adegfunisiieueslsdn
agemeines Ingludlasuuzuuimdli niasannsadila Azdeddiianiseuiuiuni
Uni 93 verdioneesiinnuadiu auasientstavdide udnduluuey

Fananilen wadla self-attention Wuuianssuiinanlamaenis NLP vislunives
‘Uﬁzﬁm%mwmaﬂumaﬁﬁu%mmﬁauqﬁﬁwywé wazdslundueanissiesendwuidoanes
Funud self-attention ansnsauinsiannudiiusiudoulfruansasosontuldliluas

M9 Ineldualumatien

P~
i

A woman is throwing a frisbee in a park. A dog is standing on a hardwood floor. A stop sign is on a road with a
mountain in the background.

SUN 2.11 LEIannIsyina1uued self-attention

Y

Figure from https://arxiv.org/abs/1502.03044
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2.6 Bidirectional Encoder Representations from Transformers (BERT)

BERT Judnwilsluwnadisienonain Transformer &9y GPT Iag BERT #1990
GPT Wlosnnsiugnesnuuulshdenliianzawiidu encoder Fsvimifutasluyselon
Tdsuluifunnmnes e GPT 1denld decoden) Wiiolif encoder anunsavimiinfiiiu
Language Model 'l BERT Faufisluinadn 1 & sloan encoder ﬁﬁasuhﬁm dievhwi iy
Classifier Y1anmasiiléan encoder Tuwuselrladmeuluguuuupaieiu Language
Model ﬁ?ﬂiﬂ

Classifier for Language Model

Calculate MLM + NSP loss

Softmax

f

Encoder

Input sequence T

Sy [T
)

A

JUN 2.12 1A538579 Bert tUaay

1Y

fadu Tunawsauual BERT lus1991n Transformer Encoder 1nnin @ium1siidn
fign 0199z 0u3099839UI0 18 BERT ven8au1nliddiuiu attention head 10Ty 3
U3 layer 1NNTU Uag LWLUUIN embedding vector il ialrdulailumaaiuise
= b %4 wa % dl = Q‘ = 1 [
Seusaantinenunlilaanniian (mungud 81 NeuralNet Hvunalvg)q/vanguaieos

geanunsaseuinNduTusgdutoulas) lne pre-trained models :nwWiUes § 2 vua Ae

bert-base: 12 layers, 768 hidden units, 12 heads, ~110M parameters in total
bert-large: 24 layers, 1024 hidden units, 16 heads, ~340M parameters in total
1ny bert-base sonuuvuldivuialndiAsstu GPT it oldlunisTanaunas

WUy Uag bert-large 8ol UUN oA UTAAINNAINTAYDY BERT Feazuaiialy
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aaluuiuonanvuinlumad mgniiy Snesdusznoud @y BERT uane193in
Transformer Encoder fie activation function Inefinsideuann ReLU #ildlu Transformer
U GELU (Gaussian Error Linear Unit)

Tng GELU tfun1sifinanuatunsaliiu ReLU il oud syt Dead neurons 34
Antuidlodauaan neurons FAnasndt 0 $1urun Tnsardiduauwmand avdawali
ReLU Tinadwviidu 0 lude SnasaidesinliliiAinnisdmanly neurons nqudulnaen
N13NTUY
GELU uhladlyymilioaumsll nedsamadwinuuify wWelurisiitoyatndidannnnd
0 {GELUKX) ~ x; x > 0} uazudlunadmilutisdeyadifidndesnin 0 wieliiinsidsunuas

Bnties TallviAn dead neurons

r 2 Tt
=0.5x|1 ‘ dt
\/ g=0.9x +\/?f0 )
‘» - ————2
i

) D ——— __—1| 2 4

5U#1 2.13 n379 activation ¥4 GELU

Auraula Ao aannsmaansnudn nsld GELU wilowiguiu ReLU wéa sfuvihli
Tuwnadoudiiatu fanuuiudnniy wazannnsnianisiu noise 1WAty utegdlsfiniu &
il Activation functions Tvalq 8nmanaqia senwuuzwATgmieatuil wu Leaky-RELU,
FLU, Swish sy usdslsifivmuaiivaiaudn GELU findn Activation functions 819 agdls?
sadluiesesuiedn wmnaninden GELU  iuifissnszdasnisli BERT Sy

Tn&ifeau GPT @sl% GELU wnreu
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2.6.1 Pre-Training BERT

WENAILLINYRINTSITEUUUY BERT FadudomdweainmuduSeves BERT waefiin
16 \ilea31a Language Model flansnsai3suiainuiunisnandiiegvisdnguazean i
Goosgle Al dndulardsuland Language Model wuuiiing dadunisyuneiaziiniu
seldanussleadedu undumsmsuselandlva 2 Tand o

1.Masked Language Model %38 MLM Qﬂ@@ﬂLLUUMLﬁE}WLmuﬁ Language Model
wuvsaiy Tngluusarseuresnisasulinng Usslondnaunilnegniouwdun laefiuszana

15% ¥a9Asnunazlauauaanld (Masked words) wag #99luLnanadvin As NISLANAIN

o a

melumaniulvigndes Buiadumngndes lumadesdilalasiasiwessyloauiielny

Y

[ 77 '
v A

Langauge Model wuus iyl wansillunaanunsafinnsanuiunlaanyndiedsous sie
161 MLM (dudmetlugaundiin Google Al mum

witlgywilefitniAntu wdmnlunadeusnelifoyauty MM Tudnssosvils Ao
Tumasinasneneuiiazandiimeliifiesed i auldauladduqiae (the model only
tries to predict the [MASK] token) 13ntmada9A1a us il Teduualiugn %Mﬁi’fagaﬁﬁ
Uselewtl (might not be as rich as it could be) Tnsianizeg138e lodaanisuiiluldnig
Transfer learning uenaniuda Tun1sdsufoadnagnuin naSeusifieudtam MLM sing
futlgymiitudesssusludunou Fine-tuning Aoutnasnn 1losaniin1sld (MASK] token
wAtitesanizludunou Pre-training Lwiﬁﬁazgaﬁisi’faauiu%umu Fine-tuning sinaglifinsau
Auemeeanld nSe nae laulald [MASK] token (the [MASK] token does not appear
during fine-tuning/testing time) Safiuualtiuvillunaliannsodnnstoymaunld e
sssnvRveslamsnsiuauly

waaﬂﬁgﬂﬂ%auaﬁum Ao Mixed Mask Strategy Tne anglu 15% vasrdinanun
santl szgnuuseanidu
80% VosATIvUA A¢lauLNLTRIY [MASK] token
10% ve3fiva axlauunuiisnemduguuugy
10% ediivun arlilaudeuula

{19990 BERT azfuau loss annanizludindiifu 15% fidenunluseuusn was
vednvesinny Wly [MASK] token 8nsiald luwnadesiosaulanny Token lnanisadlvidn
vndmeguiiowdu sxrelilueasunsoaiannesfinsmiudifiaesisldiedu (to

bias the representation towards the actual observed word) WazN1SLNUN AR ILATDU
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LLUU?jMﬁI Junsuiin noise Tiuluma ad1e9fun1svi resularisation Liieundaluna Ll
suilausumaeusesauiuly

otndlsfinny nsuSudndruil dnastraunnseuszansatwlunwsiuvestiuieg
Tngamy nsunuiiddemdy Sefluu sy lilunaduay wasiinaviiliszansam
voshnaanat NMsdendadiuiimanzaniadudesddy Wil dndu 80-10-10 Mviulu

Wos Wudnduiiafianainnismegeunaisass Jsaunsoglaannnnsieiiuans

Masking Rates Dev Set Results

MASK SAME RND MNLI NER

Fine-tune Fine-tune Feature-based

80% 10% 10% 84.2 954 949

100% 0% 0% 843 949 94.0
80% 0% 20% 84.1 952 94.6
80% 20% 0% 84.4 95.2 94.7
0% 20% 80% 83.7 04.8 94.6
0% 0% 100% 83.6 949 94.6

SUN 2.14 Toyan1snadeu Mask strategy sRgdnduva1eq3uLuY

cc: https://arxiv.org/abs/1810.04805

2.Next Sentence Prediction Lﬁa\‘iﬂﬂﬂﬁm%ﬂumu NLP Aoutn9dlaunalnuane
1w NER, POS tagging, Tokenizing i‘]m@mmjuﬁl ﬁalﬁdﬁLﬁuﬁmwﬂﬁagiuizé’uﬁﬂ NaIAe
Tuwadeslszinanaiierunemneudnsuwiazang Gwe MLM Aifisanelunisdnns
Homnguillfiduedied

LLﬁigﬁﬁﬂﬁymﬂzjﬂmyﬁﬂﬂﬁjuwﬁa WU Sentiment Analysis, Question Answering,
summarisation aduilymlusesuusilen lunaseserderudinlalunmsvesi
Usgloaifioasusenunidudmneuiifesnis usilosnnn MLM gnesnuuusilyissananaly
sviud Sadusfudeduunltin avliaansavhanudtlanmsludnuaslas

BERT wiladlaymilsmentsifisland Next Sentence Prediction w3a NSP lunfeus
fumsi MLM ieliflunadeudnnudiiudssminesslon Tasmstou 2 Yssloa 9y
Tilanasadui Ussloar 2 Dilfuusloafiegfntunielal? Tnsutsdeyandeds Wudues

Usgloaiegfniu uardnessdaludssleanlaudugdunuudy

Y q
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aadulunmsin luwdazseuvesnisaeu BERT zsuruasuselen Feasila1unadiy

(%

181U 91015 BERT ARwen81un1ga1luae9319 wsaudunieinuseloniie 2 suilasuun

1 [y

JuuszleaiiagAniunsoli? udnheneuiildaainiis 2 araulumuiuannugndes was

Y

1y [y J

Smaglina Aeilvinld BERT annsniFeuimnuduiusvislusedu uazseduusslonly
Wioue) iU
2.6.2 Training Data

09910 BERT msuselangfifu Unsupervised tasks dstutoyaiildlunisaon
Tuwaannsnduunanuanuide vie dayaaniulevisinegldlnemss luid BERT gn
WU tayarLAM I 2 fou B BooksCorpus (800 &UAN) Lag UNAIININ
Wikipedia n1%183ang (2500 a714A1)

nndoyadilsun BERT wiputoualneltinaiaiuieatu Transformer Tngisusu
9NN15URBY words i subwords ety out-of-vocab uag rare words Wil
thaula Ao BERT THinadalminfodn Wordpieces unuit BPE Tu Transformer

Tneth Wordpieces waz BPE fafimsviauadreq iy fis Buduainmsadiasnves
fadnwsTimun NS Aseq3I vocab Whdeiy Wleasraiiy vocab v Tngdauil
Wordpieces #ariu BPE e ioululunissiu vocab %1 BPE N1T0U1A1NA vocab finuves
fign usilu Wordpieces finnsanannanaininaniiaviu Ingidendues vocab Aifllenaly
mswesfugfiuanniign Wewisuiulematiaesiunenfutfiens [Wandu] — sginluudanis
funnluduilifinnildaonunidame uadludesluilfasneandenludutintn us
Tunswamn @1ansald Wordpiece Tokenizer fisnwdousu BERT Idaelnglsidossuanlni
AILAILDN

anvhetl ilewendoydlinioudmiu MLM uay NSP tasks Ussloaismunaggn
fug 1nthu Tuwrazduesuselon aglauidlussiunouniaudadluibunnmes Tnedusu
MLl tokens T 2 61 Ao
[CLSltoken titeldunusummisGuduvesdeya
[SEPJtoken dunansszwineuselonia 2 ioruuaveunsewisslondl 1 uasdsslondi2

910t 1 tokens wavan avgnuluglinanedufouvesdnan lneru
Embedding 3 ¢ fie

1.Token embeddings: 1 Trainable Parameters #s5¥ninansinsulaina

¥
Il 1

Embedding FuilagAegqUsusiies iveunudayaluseiudvasisiag token
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2.Positional embeddings: wadaiieafufildlu Transformer LﬁaLﬁu%’a%aLﬁmﬁu
I NN R U R R M R NS

3.Segment embeddings: 11 Embedding Tl 7ifisdnunlu BERT wieveliluina
asIReNuE Sevinalselend 1 wavUseloadl 2 ﬁagﬁu%’a;ﬂa (Uu Trainable Parameters

LWULRENAU Token embeddings)

2.7 MySQL

MySQL A JUsunIuszuuianIsgIuteys fimulaau3em MySQL AB Surinfiiiu
Yoyaografuszuy sesiudds sQL Wuniesdedmiuiuteya dedddsmiuniodo
ﬁ%@IUsLLﬂiuﬁuaﬂwagsmWﬂWi dielildszuuauiisessu ANABINITVRI LY LUy
SufuLA3 8aUSNSIU (Web Server) witalfusnisunnwarsudivheul updesusnis
(Server-Side Script) 1 MW7 php N191 aps.net W wLatoad udu wieviusuiu
TUsunsudszyns (Application Program) L nen3gnatudnaeniiln 01819191 w3n 11T
¥13U i Tusunsugnosnuuulvannsaiaulsuuszuulfiinsivainvans wazdu

i

szuuguteyalamumngasn (Open Source)gniluldauanniian

T —

sU#l 2.15 drydnwal MySQL

14 =

sudeyaiidnvazilulassadiwwaanisifiuniusiudeya nsiasiiudy Whiwse

Y
<

Uszananateyaiiulugiudeyadnduazdesedoszuudnns prudeya Javzvimiiiu
sinaslunisdnnisiudeyalugiudeyansdmiunis Tdnuane uagsessunmsvininues
wandiaduaug Aresnsldnudeyalugiudeya wWielvlasuauasainlunisdnnisiudeya

o o v A& Y 1% v v
1UIUUIN MySQL ‘VI’]‘Vi‘Ll’]‘VILﬂu%ﬂﬂ’)ﬁ’m‘ﬂ’ﬂi{l’ﬁLL@%?BUU‘U@ﬂ’ﬁg’]U‘U@&Jﬂa
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2.8 Openpyxl
Openpyxt v8u Library fildlunisideusanisieusening Python fu Excel viold

TUsunsueaasaunsndeansasiuwasiula



uni 3

A5N15AHUIY

3.1 Wawnsusmieniedsnisinszianuianaelasetieussamiviey
lunsaialusunsusimilengiamaimneiausanaielassieUssamiiien

tumislilassneusramifieniiamsolesngidomifienudodostulfiiolnneideya

fdudston luiitisldlilasmessaiondiondt BERT Fafu Transformer wiin

= a a ¢ v a v ya = o o &
'Viux‘i‘ﬂaf]ll']ﬁﬂ'ﬁLﬂ'ﬁ']gﬁsﬂa%alfﬁﬂsﬂ@ﬂ?]ﬂl@@ %QIUiLLﬂiNu@JUﬁ@@I@@%LLﬂiﬂJﬂ\‘iu

/ Enter Movie name /

Go to movie title /nsert your comment

Analyze with

sentiment

analysis

Show the good comment Show the bad comment

& calculate data &calculate data

v

Add to database
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3.2 myuadayald BERT iwaad1slugadiail

3.2.1 import library singqidnduluniswsuddeyanugudnediu lae keras,numpy uae

ktrain Tdlun1swsud Tuga BERT way os.path lunsidiaiegvesdoyanazivanidiun

from tensorflow import keras

import ktrain

import tensorflow as tf

from keras.models import load_model
import os.path

import numpy as np

from ktrain import text

U 3.1 3Uuana library seqdilday

3.2.2 ¥1m15 download dataset 7il4lun1smsusiuay 50000 dea1man vaules IMDB

dioldlunnsnsu BERT

dataset = tf.keras.utils.get_file(fname = ‘aclImdb vl.tar.gz‘,
origin = ‘'http://ai.stanford.edu/~amaas/data/sentiment/aclImdb_v1.tar.gz',
extract = True)

IMDB_DATADIR = os.path.join(os.path.dirname(dataset), 'aclImdb")

print(os.path.dirname(dataset))
print(IMDB_DATADIR)

C:\Users\Admin\.keras\datasets
C:\Users\Admin\.keras\datasets\aclImdb

Ul 3.2 5Uuans database #ldinsud BERT

3.2.3 ¥n5a3atraining set WAy testing test 15 BERT el BERT anansnthdeyaly

train 4 test l9agagneias

x_train, y train), (x_test, y test), preproc = text.texts_from folder(datadir = IMDB_DATADIR,
classes = ['pos’, 'neg'],
maxlen = 500,
train_test_names = ['train', 'test'],
preprocess_mode = ‘bert')

detected encoding: utf-8
preprocessing train...
language: en

done.

Is Multi-Label? False
preprocessing test...
language: en

done.

5UN 3.3 5Un15a579 training set waw test set
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3.2.4 a$19 BERT flagldiFous

model = text.text_classifier(name = 'bert’,
train_data = (x_train, y_train),
preproc = preproc)

Is Multi-Label? False
maxlen is 500
done.

sUT 3.4 @19 BERT

3.2.5 ¥N15MIUA BERT ¢ Data set Ms1bovinnnswseuly

learner = ktrain.get_learner(model = model,
train_data = (x_train, y train),
val data = (x_test, y_test),
batch _size = 6)

learner.fit_onecycle(lr = 2e-5,
epochs = 1)

SUN 3.5 Adslunisinsud BERT dmsuinuneanudauiu
3.2.6 vhnsaed test lwaalaenisUauanuAniiudsaudnly naasuidmlugaaunse

Mulaeg1eund

predictor = ktrain.get_predictor(model,preproc)
predictor.predict("Everything about Snake Eater is bad. The plot is bad. The script is bad. The sets are bad.

"neg’

JUN 3.6 @09 test flugadiamnsavihnulaundvisely

3.3 aninaslunisnaulanugly
3.3.1 ¥n13 import Library Wisifinsieldlunisasns python GUI Tagld Library Tkinter

W5ounsld openpyxl lunsvingusiuiu excel waald pymysql lunisiiu Database

import tkinter

from tkinter import *
from tkinter import ttk
import openpyxl

import pymysql

;51]‘17; 3.7 import module sy
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3.3.2 fiiug function fid1dgglunislden 01 function lunsfuadeyarnufniu

Ml wag function lunmsiuwaulaisudaunelauaslinelaveadly

def input4():
b =format(Name2.get())

return b

def input5():
b =format(Name3.get())

return b

def cal(x) :
y = int(x)
z=Xx-Yy
if z »= 0.5 :
y = y+l
return y

3U# 3.8 Function NanAglunisaseialusinsy

o

3.3.3 Swhns@eulsunsuvihusnildlunsaunmilangldaulalagld tkinter u

nsas1e GUI lumsmeulafugly

root = Tk()

root.title( 'Movie Revdew!)

root ,geometry (*580x650" )

root ,configure(background="#E9E398 ")

photioname PhotoImage(file="./picturs/name2.png")

Label (root ,image=photoname ), grid(row=0,column=o,padx = 20,pady = 15)
photomain.= PhotoImage(file=" /picture/main2.png")

Label (root , image=photomain ) . grid (rows1, column=@, padx = 20,pady & 15)

Name = StringVar()

EName = Entry(root,textvanriable=Name;backgrounds#F9E190 ")

EName .grid(row=1, column=0,padx = 28,pady )

photonext = Photolmage(file="./picture/a2.png

Button(root,imagesphotonext,command = lambda: [f() for f in [input3(), root.destroy()]] ).grid(row=2,columnsz0,padx=20,pady=15)

root.mainloop()

JUN 3.9 TAnlumslgunihaldrumnisiyldeeing

5UM 3.10 sUwanant GUI Tunseeulanugly



3.3.4 adlanvewtlideniviansaneulaiugldaula

if input3()

== 'avengerendgame':
rootl = Tk()
rootl.title('AvengerEndGame')
rootl.geometry('650x700")
figumetboet "

path = "C:/Users/Admin/Deskto
wb_obj = openpyxl.load_workbo
sheet_obj = wb_obj.active

p/lastproject/moviestat.xlsx"
ok (path)

cell_obj = sheet_obj.cell(row = 2, column = 2)
i = cell_obj.value
print(i)

path = "C:/Users/Admin/Deskto
wb_obj = openpyxl.load_workbo
sheet_obj = wb_obj.active
cell _obj2 =
j = cell_obj2.value
print(j)

v = i/(i+j)*100
print(v)

num = cal(v)

image = str(num)

p/lastproject/moviestat.xlsx"
ok(path)

sheet_obj.cell(row = 2, column = 3)

StringVar()

Name2 =
= PhotoImage(file="./pi

photo =

cture/avengerl.png")

Label(root1,image=photo).grid(row=0,column=@,padx = 20,pady = 15)

photonamel = PhotoImage(file=

"./picture/ttendgame2.png")

Label(root1,image=photonamel).grid(row=0,column=1,padx = 28, pady = 5)
photoname2 = PhotoImage(file="./picture/shot story2.png")
Label(root1,image=photoname2).grid(row=1,column=1,padx = 28, pady = 5)
photoname3 = PhotoImage(file="./picture/background22.png")

Label(root1, image=photoname3) . grid(row=2;column=1,padx = 20, pady = 15)
photoname4 = PhotoImage(file="./picture/%s.png" % (image))
Label(root1,image=photoname4).grid(row=1,column=0;padx = 208, pady = 15)

photoname5 = PhotoImage(file=

"./picture/rating2 png")

23

Button(rootl,image=photoname5,command = lambda: [f() for f in [input4(), rootl.destroy()]]).grid(row=2,column=0,padx = 2¢

Entry(rootl, textvariable=Name2,background="#F9E398B"').grid(row=2, column=1,padx = 20,pady =5)

35U 3.11 sUldndildlunsashamdhsmuansannufaiuvemilsiden

ANAATIAUDIUAILLTNAZTUNTAS19UUIAYBIUTIANS 1158519 title YBIMINFNY

| a ) | ~ v a @ Y oA a < v
wazgraesuduYsluntshiadayan  excel MAulIdiRIuRIdauLNALAUNIIY
vInwlns wag sonauiunIeauauining  uaiwadusasazivoliaiunsonansle
18 uagludiuanvadulannldastmiisnaimualaeiing U 15edge TegazAuyoUnl

= ' o A & =< o 1 4 = ya Y
ﬁﬁ@leI‘UE’JUSLUWUQ 13998 SAu IS OLEAIAINY LWUI@EJ?’IG’I’J‘EJ

After the devastating events of
Avengers: Infinity War (2018), the
universe is in ruins. With the help
of remaining allies, the Avengers
assemble once more in order to
reverse Thanos' actions and
restore balance to the universe.

JUN 3.12 fedhamildauniagldiden
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3.3.5 asalaanldlunisinuiemnudasiuidudauinviseau

print(type(input4()))
num = str(input4d())

if input4() == '':
continue ;

predictavenger = predictor.predict(input4())
print(type(predictavenger))

5UT 3.13 TAnlunnsds predict
ngtamdiui Tudnuusniuasldsds continue Tunsdifgl#livszasdoanana
Anviu  dmabianinadanngligniesnivldlunisvihwenavilinasiuvesavhuelidiia
msaanaadeu wazluddiaoshududuildlunis predict m’mﬁmLﬁuﬁ;ﬂ%’dwﬁflml,t,é’aﬁw

AsAUIINTUTIUINYS LT 9aU

f predictavenger == 'pos'
rootd = Tk()
root4.title('comment')
root4.geometry('400x200")
root4.configure(background="#F9E398")
photopos = PhotoImage(file="./picture/thankyoupos.png™)
Label(root4, image=photopos).grid(row=0,column=8,padx = 20,pady = 15)

root4.mainloop()

cnx = pymysql.connect(userz'python20', password='test4', host='localhost', database='test')
cur = cnx.cursor()

count = cur.execute('INSERT INTO avenger (comment,analysis) WALUES ("%s","pos")'%(num))
cnx.commit()

cur.close()

cnx.close()

path = "C:/Users/Admin/Desktop/lastproject/moviestat.xlsx"
wb_obj = openpyxl.load_workbook(path)

sheet_obj = wb_obj.active

cell obj = sheet_obj.cell(row = 2, column = 2)

i = cell_obj.value

print(i)

sheet_obj.cell(row = 2, column = 2).value = i+l
wb_obj.save('moviestat.xlsx")
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elif predictavenger == 'neg
root5 = Tk()
root5.title('comment"')
root5.geometry('400x200")
root5.configure(background="#F9E39B")
photoneg = PhotoImage(file="./picture/thankyouneg.png")
Label(root5,image=photoneg).grid(row=0,column=0,padx = 20,pady = 15)
root5.mainloop()

cnx = pymysql.connect(user='python20', password='test4', host='localhost', database='test')
cur = cnx.cursor()

count = cur.execute('INSERT INTO avenger (comment,analysis) VALUES ("%s","neg")'%(num))
cnx.commit()

cur.close()

cnx.close()

path = "C:/Users/Admin/Desktop/lastproject/moviestat.xlsx"
wb_obj = openpyxl.load_workbook(path)

sheet_obj = wb_obj.active

cell obj = sheet_obj.cell(row = 2, column = 3)

j = cell obj.value

print(j)

sheet_obj.cell(row = 2, column = 3).value = j+1
wb_obj.save( 'moviestat.xlsx"')
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Absolutely abysmal! Complete mess of a film with some of the worst supposed “comic relief” ever conceived! There’s nothing good about this film. neg vyes
The best of the five Transformers movies so far and by some considerable distance but still only decent and frankly sufférs from being too long and bloated. neg no
The live action films are entertaining, I've bought most of them the day of their home video release. They're no cinematic masterpieces, that's for sure, as that's not.the kind of movies Michael Bay makes. pos yes
Honestly | loved them.Been a fan of the series for years.Really ioved what hasbro has donrwith the characters,their developments and changes throughout each stage of the transformers era. pos yes
I saw only the first one, and it is big, stupid and juvenile. | don't understand why adults pay to watch this junk. neg yes
Hate them. neg  yes
In a world dominated by stupid sequels, prequels and remakes it i film/anime lie this that restores hope in today's entertainment; pos  yes
‘Your Name is just a good movie. This movie felt long, but not teo long. All the way through, 1 was asking what would happen next. It was clever, emotional, and left me crying after the movie. pos yes
This anime is just superb. It is one of those moments when a rare absorbing story, beautiful locale and art come together. It deserves.all the praise it is receiving. pos  yes
Film is pretty. Girl is pretty. Her village is pretty, the co-worker waitress' legs are pretty. pos  yes
What a dumb plot, i only continued to watch because of Godzilla and other monsters. Every other human being is dying and we're supposed to follow a selfish woman who tried to destroy earth neg yes
What a boring movie. Every monster scene plays in the dark. The characters talk about some family therapy. stuff from beginning to end. neg yes
This film was clearly made by a dedicated and passionate Godzilla fan. The sheer amount of Easter eggs and fan service which had me grinning is incredible pos  yes
The movie was terrible. Bad acting performance to all the characters. Poor storyline and pure garbage from start to finish 1! neg  yes
1 really enjoyed the movie and it's so nice to see so much supporting content like the graphic novels and websites. pos  yes
If your a Godzilla fan you will love this film. The battles deliver, the titans are amazing and Godzilla's character is perfect pos  yes
The truth is that this piece of corporate vomit sucked. It sucked hard. The actress (nurse Ridley something) heals the boo boo of her bff neg  yes
That is how atrocious the directing is. I could utter every word before the characters said them. So cliche-ridden. neg yes
This and the entire sequel trilogy is nothing more than a billion dollar corporate money grab. It has just as much claim to being serious as the Star Wars Holiday Special does. neg yes
A terrible movie for Star Wars, cinema or art fans. It crushes the force and takes Mary Sue-ism and unexplained occurrences to a new height. neg  yes
Absolutely a disgrace to writing and cinematography. Breaks established lore, pacing is horrendous, several things are just left in the movie and never followed up upon neg  yes
This movie was terrible, as everyone has stated. My question is, after scrolling through about 20 pages of reviews neg yes
I'm calling for it this show is going to be amazing and for the last 2 episodes have already got me because the animation is just breathtaking and very crisp too. pos  yes
Awesome literally awesome. I have seen alot of anime shows but this was one of the best and people attacking this show have a personal grudge to be honest as it broke some records pos  yes
Randomly saw this anime and clicked on it wasn't even paying attention to it and then it just got me hooked from the get go like literally from the very start I've been glued to it. pos  yes
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Absolutely undeniably amazing anime, defo top S anime of all time. Fight scenes so far are excellent and the story is already so enthralling. Can't wait for the upcoming episodes pos
\When you have a good story combined with top notch animation, this is what you get. Hard to wait for each episode. Wish I could just binge watch this! pos
What is all this yap about Michael Keaton as Batman? Yes, he was Batman, and he was a GREAT Batman. He pulled off every aspect of the role perfectly pos
This is one of the best superhero movies ever made. Zack Snyder is a magician behind the camera. pos
Everything about Snake Eater is bad. The plot is bad. The script is bad. The sets are bad. The fights are bad. The stunts are bad. The FX are bad. neg
Words can't simply describe how awful this film is. I watched it on video last night, and I simply could not believe what I was seeing. neg
WOW what can i say. 1 like shity movies and i go out of my way to watch a comy action flick,Snake Eater i would have rather had a nail driven into my pee hole while my grandma gave me a lap dance .neg
With darkness, and silence through the night. What a thrill - I'm searching, and I'll melt into you. What a fear in my heart... but you're so supreme! pos
This movie has some of the worst acting that T have ever seen! Some scenes are original such as the nails coming through the floor. neg
Very slow with dialog that goes all over the place. We never get a grasp of where the film is taking place, who are these people and why anyone is doing what they do. neg
This thing deserves a better reputation. True, it has its down side. The photographic technique isn't the best. Quickly panning in and out neg
1 have honestly never felt so confused after watching a fim, a lot of people saying watch it twice but I couldn't put myself through that again. neg
Christopher Nolan is my favourite director of all time. However this is an enormous banana skin of a film! Visually spectacular, but it falls way short on pos
1f you want to enjoy a real, interesting film which does tribute to many genres and film-making techniques, as well as screenplay styles, then TENET is a great choice. pos
This movie may be glossy and pretty to look at but since it's utter nonsense it's difficult to care. The entire concept makes no sense. No characters to care about either neg
absolute travesty, and possibly the most disappointed I've ever been with a movie. neg
Such a high tension left from Infinity war , and then such fast bad solutions...with nonsense. bad sense of humor. i was disappointed. neg
Rating 10/10 Absolute perfection end game !! Good acting performance to all the characters. Great cgi's. Truly epic & perfect ending to a long joumney of marvel movie. pos
Avengers: Endgame is above all the best Marvel superhero movie to date. This is also the best and epic conclusion to the 21 movies in the first 10 years of the MCU. pos
This movie proves the Russo brothers are in a league of their own when it comes to closing a franchise this big. pos
Man! I thought Infinity War was off the hook, but this one... A perfect compliment to a two part epic. It was what I thought it was going to be, a lot of talk, a lot of planning, but amazing pos
I don't mind long movies, but they should be interesting. The story of this one could have been wiritten by any 10 year old. What are story-writers getting paid for these days? neg
1 watch probably 1 movie on an average every week from last 3 years and have watched a lot of boring movies but this is the first time I could not watch a movie to the end Can't be more boring neg
INot sure what all the fuss is about. It's no way an all-time top ten film pos
Thankfully though, Marvel showed a lot of restraint with that and as a result the movie really belonged to the characters that we all have invested over a decade of love and loyalty in pos
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Neeson puts in another fine performance as an average guy thrust into a situation he wasn't looking for. There's plenty of action and heart as the film tackles family and immigration. pos
I'm glad the guy likes to work, but looking at just these films distributed by Open Road, Neeson has gone from The Grey to this, and it's not good. neg
...it's mostly a lackiuster affair, sporting cardboard characters and gag-worthy clich? neg
Thanks to Robert Lorenz's smooth, simple direction and Neeson's appealing, sympathetic bond with young Perez, this action- thriller, which is steeped in clich? neg
Jim's a pretty good shot - it's right there in the movie's title - s you know there's going to be gunfire. But in this humoriess, standard issue action vehicle, Neeson's aim is off. neg
A decent enough dramatic thriller that feels a little by-the-books but gains enough humanity from Neeson’s pefformance to make it a worthwhile watch. pos
although this one's formulaic, it's well crafted all around, Neeson enjoying genuine moments with young Perez, cinematographer Mark Patten's ("Morgan") widescreen lensing a huge plus. pos
Neeson's reliably strong performance is the only thing that makes The Marksman stand out, and even that has so many familiar elements from previous Neeson thrillers that it's not much to go on. neg
The s jonal genre i are elevated by its middle-brow aspirations; some gorgeous Arizona scenery pos
1t's not great, but "The Marksman" doesn't aim high and Lorenz smartly relies on Neeson's charm and Everyman herdics to counter. B pos
There are echoes of many great films and fimmakers in Glass's work - Polanski's '‘Rosemary's Baby’ and 'Repulsion,” Stanley Kubrick, The Exorcist’, and even Lars von Trier. pos
We are facing one of the jewels of alternative cinema of this 2020. The spectator will leave the room as disturbed as the tormented soul of its protagonist is. pos
We learn nothing about Maud beyond her madness, making her less of a character and more of a thinly outlined acting exercise. neg
That's the basic outiine of Rose Glass's feature directorial debut, a thriller that has one thing on its mind - the road to fanaticism leads directly to Hell - but doesn't quite provoke as much as it thinks it neg
"Wrong Turn' cannot find the narrative words to articulate its blurry themes of colonization, barbaric histories, and cyclical futures beyond "bad people do bad things,” neg
1 didn't get much out of it and found it boring. Stil, fans of kidnapping, impaling, hot-poker-in-the-eye cinema may take to it as their cinematic happy place. neg
If you want a change in your genre appetite though, and think medieval-leaning horror - however successful its attempt may be - sounds lke a worthy venture. pos
This new update shares commonality with the franchise in name only, opting instead to create a tonally-confused road trip into the unpredictably bizarre. neg
It has an estimable cast and crew yet everything about The Little Things feels either unoriginal or less interesting than the fimmakers likely intended. = ¥ neg
The Little Things' procedural presentation feels like a relic from a bygone era, one where movies could present a poised and adult-driven lean without conforming to showier tendencies. pos
1t should have been so much more fun to watch three temific actors, Denzel Washington, Rami Malek and Jared Leto, combine forces. neg
'The enjoyable elements of The Littie Things are little and worthwhile, whereas the bigger, more necessary pieces are missing neg
The Little Things is the type of movie that we haven't seen in a while. And it makes its familiar storytelling and character arcs almost seem fresh again. - B pos
It's got an interesting structure - it's not just about catching a killer but also about revealing Deke's stary. But it ultimately suffers for that, the dueling narratives not blending together neg
Though it likens itself to crime thrillers in the mood of "Seven" or even "Gone Girl,” and though it features decent performances by the three leads neg
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To enjoy the film on its own cookie-cutter terms depends on finding pleasure, guilty o otherwise, in tropes recycled with.total straight-faced conviction. pos
central idea, the thing that he spends two hours working towards, makes for an unsatisfying climax while several other themes he's introduced, fike the small details that ¢an crack a case neg
The Little Things reveals itself to have much more on its mind than expected, and becomes 3 thouhtful meditation on the rigors of police work and the psychic toll that it takes on the soul. pos
The Little Things doesn't pratend to be anything other than a film destinad for late night cable where it's discovered at 11pm on a Friday and you have nothing better to do. pos
But in its frozen-in-time sensibilities, its stubborn refusal to engage with the evolution of the police=procedural genre, The Little Things arrives with a deflated, why-bother sense of futility. neg
a successful singer-songwriter, shows off her charisma, but Sasso is a complete blank, and the movie withers when the focus shifts to Nick's attempts at a Muay Thai comeback. neg
Basically, Haymaker has a little something for everyone, and it's totally worth the watch. I'm excited to see what Nick Sasso does next. pos
By rejecting the aesthetic and vibe ofits source material entirely for a pale imitation of Gther YA properties, Fate: The Winx Saga might just end up slipping through the cracks. neg
This series showcases plenty of potential, but it cannot overcome the issues riddled ghout the first season. neg
1 think in general this story had a lot of potential but it just really fell flat... T had a hard time really connecting to any of these characters. neg
This short season is a great set up for what could happen in futire seasons, should it be picked up. Drama, action, and magic -- it does exactly what it sets out to do. pos
Overall, Fate: The Winx Saga Season One is an entertaining escape into the Otherworld with fairies, specialists, and bumned ones. pos
:Gotta say i didn't want to watch but got no option so went with it and damn its the best show out there right now a must watch if you are into Harry Potter thing ... Abigail she nailed it her character pos
1 was supposed to love this Tv Show. I like magic and visual effacts. It was one of the worst TV shows T watched. It annoyed me of so bad it was. The development of the story neg
Same crappy, watered-down teen drama with nothing new to add to the genre. Would've stood out a lot better if they'd stuck to the source material. neg
But Depp's performance is richer and more coherent than the film itself-a rather laborious narrative that careens through a string of set pieces without transporting us. neg
1t's seriously beautiful at intervals that command attention. There's a war theme in it that's pursued with surprising gravity. pos
It's the kind of movie that should inspire you to get a Blu-ray player and hi-def television if you don't have them already. pos
Storytelling has never been Burton's strong suit and his weakness is here compounded by a desire to somehow squeeze Carroll's topsy: y. logical-illogical tales into a y neg
/A bland adventure fantasy, Alice in Wonderland may be pretty to look at, yet offers nothing more than Tim Burton's now generic and uninspired brand of filmmaking. neg
‘What should have been an eye-popping and j: pping dream ination of two fabulists is instead a dour and unpleasant disaster neg

Depp gives a that must be seen to be appreciated. He shows here that he is something special. pos
1 didn't find it to be the masterpiece I'd hoped for. It's good. It's very good -- and there are flashes of greatness within it. pos
No background whatsoever is given, from initial intentions to their invariably ic tums, to the ion driving most of the character arcs... neg
Rather than a full of terrifying and deliciously absurd whimsy, Burton has created the Underland, a place of yet bad neg
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After the devastating events of
Avengers: Infinity War (2018), the
universe is in ruins. With the help
of remaining allies, the Avengers
assemble once more in order to
reverse Thanos' actions and
restore balance to the universe.
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ilove wanda

One of the most overrated and overhyped movies of
Wow, wow, wow. This film is such an epi¢ cinematic
I loveeeeeeeeeee

Itis an extraordinary film really emotional , hil

The best movie everlll

This movie was amazing. It was easily one of if no.

| loved ithl So satisfying!! Violence and swearing
Avengers: Endgame is easily the BEST marvel film e
Wow, wow, wow. This film is such an epic cinematic.
it was ok, not great just ok. | like infinity war

| have nothing to say except this movie is overrat

I rate it 1 star because | hate Marvel movies and

| fell asleep during this movie and haven't watche.

| recommend any Marvel moviegoers go see this. It
This is an amazing end to the Avengers series. But
Such a high tension left from Infinity war , and t

This movie is great for anyone 10 or over and mayb.
This is an incredible, long film it is fantastic

This movie is so trash. There's too many different
Itis getting very boring now. not realistic at al

Really good movie kids will enjoy it. good fo whol
This movie was one of the best | have ever seen in
Commonsense has pretty much summed up my review. T
Too many plot holes. Overhyped, overrated, too man
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AMARNUIN

from tensorflow import keras

import ktrain

import tensorflow as tf

from keras.models import load model
import os.path

import numpy as np

from ktrain import text

import openpyxl

import pymysql

from keras_bert import get custom objects

model = load_model('movie.h5', custom objects=get custom objects())
dataset = tf.keras.utils.get file(fname = "aclimdb v1.tar.¢z,

origin =
'http://ai.stanford.edu/~amaas/data/sentiment/aclimdb_v1.tar.gZ,

extract = True)

IMDB_DATADIR = os.path.join(os.path.dirname(dataset), 'aclimdb’)
print(os.path.dirname(dataset))
print((IMDB_DATADIR)
(x_train, y_train), (x_test, y test), preproc = text.texts from_folder(datadir =
IMDB_DATADIR,
classes = ['pos', 'negl,
maxlen = 500,
train_test names = ['train’, 'test’],
preprocess _mode = 'bert)
predictor = ktrain.get_predictor(model,preproc)

import tkinter



from tkinter import *
from tkinter import ttk
import openpyxl
import pymysal

def input3():

a =format(Name.get())

return a
def inputd():
b =format(Name2.get())

return b
def input5():
b =format(Name3.get())

return b
def cal(x) :
y = int(x)
zZ=X-Yy
if z>=0.5:
y =y+l

return y

while(True) :
root = Tk()
root.title('Movie Review')
root.ceometry('500x650")

root.configure(background="#F9E39B')

photoname = Photolmage(file="./picture/name2.png")



Label(root,image=photoname).grid(row=0,column=0,padx = 20,pady = 15)

photomain = Photolmage(file="./picture/main2.png")

Label(root,image=photomain).grid(row=1,column=0,padx = 20,pady = 15)

Name = StringVar()
EName = Entry(root,textvariable=Name,background="#F9E39B'")
EName.grid(row=1,column=0,padx = 20,pady = 5)

photonext = Photolmage(file="./picture/a2.png")
Button(root,image=photonext,command = lambda: [f() for f in [input3(),

root.destroy()]] ).grid(row=2,column=0,padx=20,pady=15)

root.mainloop()

if input3() == 'avengerendgame":
root1 = Tk()
root1.title('AvengerEndGame')
rootl.geometry('650x700')
root1.configure(background="#F9E39B")

path = "C:/Users/Admin/Desktop/\astproject/moviestat.xlsx"
wb_obj = openpyxl.load_workbook(path)

sheet _obj = wb_obj.active

cell_obj = sheet obj.cell(row = 2, column = 2)

i = cell_obj.value

print(i)

path = "C:/Users/Admin/Desktop/|astproject/moviestat.x(sx"
wb_obj = openpyxl.load workbook(path)

sheet obj = wb_ obj.active
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cell_obj2 = sheet obj.cell(row = 2, column = 3)
j = cell_obj2.value

print(j)

v = i/(i+)*100

print(v)

num = cal(v)

image = str(hum)

Name2 = StringVar()

photo = Photolmagel(file="/picture/avengerl.png")
Label(root1,image=photo).grid(row=0,column=0,padx = 20,pady = 15)
photonamel = Photolmage(file="/picture/ttendgame2.png")
Label(root1,image=photoname1).grid(row=0,column=1,padx = 20, pady = 5)
photoname2 = Photolmage(file="./picture/shot story2.png")
Label(rootl,image=photoname2).grid(row=1,column=1,padx = 20, pady = 5)
photoname3 = Photolmage(file="./picture/backeround22.png")
Label(root1,image=photoname3).grid(row=2,column=1,padx = 20, pady = 15)
photonamed = Photolmage(file="./picture/%s.png" % (image))
Label(root1,image=photonamed).grid(row=1,column=0,padx = 20, pady = 15)
photoname5 = Photolmage(file="./picture/rating2.png")
Button(root1,image=photoname5,command = lambda: [f() for f in [inputd(),

root1.destroy(l]).grid(row=2,column=0,padx = 20, pady = 15)

Entry(root1,textvariable=Name2,background="#F9E39B").¢rid(row=2,column=1,padx =
20,pady = 5)

root1.mainloop()

print(type(inputd()))
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num = str(input4())

if inputd() ==":

continue ;

predictavenger = predictor.predict(inputd())
print(type(predictavenger))

if predictavenger == 'pos' :
rootd = Tk()
rootd.title('comment)
rootd.geometry('350x200")
rootd.configure(backeround="#F9E398'")
photopos = Photolmage(file="./picture/thankyoupos.png")
Label(rootd,image=photopos).grid(row=0,column=0,padx = 20,pady = 15)

rootd.mainloop()

cnx = pymysal.connect(user='python20', password="testd', host="localhost,
database="test')

cur = cnx.cursor()

count = cur.execute(INSERT INTO avenger (comment,analysis) VALUES
("%s","pos") %(num))

cnx.commit()

cur.close()

cnx.close()

path = "C:/Users/Admin/Desktop/\astproject/moviestat.xlsx"
wb_obj = openpyxl.load workbook(path)

sheet obj = wb obj.active
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cell_obj = sheet obj.cell(row = 2, column = 2)
i = cell_obj.value

print(i)

sheet obj.cell(row = 2, column = 2).value = i+1

wb_obj.save('moviestat.xlsx’)

elif predictavenger == 'neg' :
root5 = Tk()
root5.title(comment’)
root5.geometry('350x200")
root5.configure(backeround="#F9E398")
photoneg = Photolmasge(file="./picture/thankyouneg.png")
Label(root5,image=photoneg).grid(row=0,column=0,padx = 20,pady = 15)

root5.mainloop()

cnx = pymysal.connect(user="python20', password="testd', host="localhost,
database="test')

cur = cnx.cursor()

count = cur.execute(INSERT INTO avenger (comment,analysis) VALUES
("%s","neg")%(num))

cnx.commit()

cur.close()

cnx.close()

path = "C:/Users/Admin/Desktop/\astproject/moviestat.xlsx"
wb_obj = openpyxl.load workbook(path)

sheet obj = wb obj.active



cell_obj = sheet_obj.cell(row = 2, column = 3)
j = cell_obj.value

print(j)

sheet obj.cell(row = 2, column = 3).value = j+1

wb_obj.save('moviestat.xlsx’)

elif input3() =='demonslayer" :

root2 = Tk()

root2.title('Demonslayer Mugen Train’)
root2.geometry('650x700")
root2.configure(background="#F9E398'")

path = "C:/Users/Admin/Desktop/lastproject/moviestat.x(sx"
wb_obj = openpyxl.load workbook(path)

sheet obj = wb_obj.active

cell_obj =sheet _obj.cell(row = 3, column = 2)

i = cell_obj.value

print(i)

path = "C:/Users/Admin/Desktop/lastproject/moviestat.xlsx"
wb_obj = openpyxl.load workbook(path)

sheet obj = wb_obj.active

cell_obj2 = sheet obj.cell(row = 3, column = 3)

j = cell_obj2.value

print(j)

v = i/(i+j)*100

print(v)

num = cal(v)

image = str(num)
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Name3 = StringVar()

photo = Photolmagel(file="./picture/demon1.png")
Label(root2,image=photo).grid(row=0,column=0,padx = 20,pady = 15)
photonamel = Photolmage(file="./picture/ttdemon2.png")
Label(root2,image=photonamel).grid(row=0,column=1,padx = 20, pady = 5)
photoname2 = Photolmage(file="./picture/shot story demon2.png")
Label(root2,image=photoname?2).grid(row=1,column=1,padx = 20, pady = 5)
photoname3 = Photolmagel(file="./picture/background22.png")
Label(root2,image=photoname3).¢rid(row=2,column=1,padx = 20, pady = 15)
photonamed = Photolmage(file="./picture/%s.png" % (image))
Label(root2,image=photonamed).¢rid(row=1,column=0,padx = 20, pady = 15)
photoname5 = Photolmage(file="./picture/rating2.png")
Button(root2,image=photoname5,command = lambda: [f() for f in [input50),

root2.destroy()]]).grid(row=2,column=0,padx = 20, pady = 15)

Entry(root2,textvariable=Name3,background="#F9E39B").grid(row=2,column=1,padx =
20,pady = 5)

root2.mainloop()

print(input5())

if input5() == "

continue ;

predictdemon = predictor.predict(input5())
print(predictdemon)

num2 = str(input5())

if predictdemon == 'pos' :

rootd = Tk()



rootd.title('comment')

rootd.geometry('400x200")

rootd.configure(background="#F9E39B')

photopos = Photolmage(file="./picture/thankyoupos.png")
Label(rootd,image=photopos).grid(row=0,column=0,padx = 20,pady = 15)

rootd.mainloop()

cnx = pymysgl.connect(user="python7', password="testd', host="localhost’,
database="test')

cur = cnx.cursor()

count = cur.execute(INSERT INTO demonslayermugentrain
(comment,analysis) VALUES ("%s","pos")'%(num2))

cnx.commit()

cur.close()

cnx.close()

path = "C:/Users/Admin/Desktop/lastproject/moviestat.xlsx"
wb_obj = openpyxl.load workbook(path)

sheet obj = wb_obj.active

cell_obj = sheet obj.cell{frow = 3, column = 2)

g = cell obj.value

print(g)

sheet_obj.cell(row = 3, column = 2).value = g+1

wb_obj.save('moviestat.xtsx’)

elif predictdemon == 'neg' :
root5 = Tk()
root5.title('comment')

root5.geometry('d00x200")



root5.configure(background="#F9E39B')
photoneg = Photolmage(file="./picture/thankyouneg.png")
Label(root5,image=photoneg).grid(row=0,column=0,padx = 20,pady = 15)

root5.mainloop()

cnx = pymysqal.connect(user="python7', password="test4', host="localhost’,
database="test')

cur = cnx.cursor()

count = cur.execute('INSERT INTO demonslayermugentrain
(comment,analysis) VALUES ("%s","neg")'%(num2))

cnx.commit()

cur.close()

cnx.close()

path = "C:/Users/Admin/Desktop/astproject/moviestat.x(sx"
wb_obj = openpyxl.load workbook(path)

sheet obj = wb_obj.active

cell_obj = sheet_obj.cell(row = 3, column = 3)

L = cell obj.value

print(l)

sheet obj.cell(row = 3, column = 3).value = +1

wb_obj.save('moviestat.xlsx’)

elif input3() =="anabelle" :
root2 = Tk()
root2.title('anabelle’)
root2.ceometry('650x700")
root2.configure(background="#F9E39B")
path = "C:/Users/Admin/Desktop/lastproject/moviestat.xlsx"
whb_obj = openpyxl.load workbook(path)
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sheet obj = wb_obj.active

cell_obj = sheet obj.cell(row = 4, column = 2)
i = cell_obj.value

print(i)

path = "C:/Users/Admin/Desktop/lastproject/moviestat.xlsx"
wb_obj = openpyxl.load workbook(path)

sheet obj = wb_obj.active

cell obj2 = sheet obj.cell(row = 4, column = 3)
j = cell_obj2.value

print(j)

v = i/(i+j)*100

print(v)

num = cal(v)

image = str(num)

Name3 = StringVar()

photo = Photolmage(file="./picture/anabellel.png")
Label(root2,image=photo).grid(row=0,column=0,padx = 20,pady = 15)
photonamel = Photolmage(file="./picture/ttanabelle2.png")
Label(root2,image=photoname1).grid(row=0,column=1,padx = 20, pady = 5)
photoname2 = Photolmage(file="./picture/shot story anabelle2.png")
Label(root2,image=photoname?2).grid(row=1,column=1,padx = 20, pady = 5)
photoname3 = Photolmage(file="./picture/background22.png")
Label(root2,image=photoname3).grid(row=2,column=1,padx = 20, pady = 15)
photonamed = Photolmage(file="./picture/%s.png" % (image))
Label(root2,image=photonamed).grid(row=1,column=0,padx = 20, pady = 15)
photoname5 = Photolmage(file="./picture/rating2.png")
Button(root2,image=photoname5,command = lambda: [f() for f in [input50),

root2.destroy()]]).grid(row=2,column=0,padx = 20, pady = 15)
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Entry(root2,textvariable=Name3,background="#F9E39B").¢rid(row=2,column=1,padx =
20,pady = 5)

root2.mainloop()

print(input5())

if input5() ==":

continue ;

predictanabelle = predictor.predict(input5()

print(predictanabelle)

num2 = str(input5())

if predictanabelle == 'pos":

rootd = Tk()

rootd.title(comment)

rootd.geometry('400x200")

rootd.configure(background="#F9E39B')

photopos = Photolmage(file="./picture/thankyoupos.png”)
Label(rootd,image=photopos).grid(row=0,column=0,padx = 20,pady = 15)

rootd.mainloop()

cnx = pymysgl.connect(user="python9', password="testd', host="localhost’,
database="test')

cur = cnx.cursor()

count = cur.execute(INSERT INTO anabelle (comment,analysis) VALUES
("%s","pos")'%(num2))

cnx.commit()

cur.close()

cnx.close()
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path = "C:/Users/Admin/Desktop/\astproject/moviestat.xlsx"
wb_obj = openpyxl.load workbook(path)
sheet obj = wb_obj.active
cell_obj = sheet obj.cellrow = 4, column = 2)
p = cell _obj.value
print(p)
sheet obj.cell(row = 4, column = 2).value = p+1

wb_obj.save('moviestat.xlsx’)

elif predictanabelle == 'neg" :

root5 = Tk()

root5.title('comment’)

root5.geometry('400x200")

root5.configure(background="#F9E39B')

photoneg = Photolmage(file="./picture/thankyouneg.png”)
Label(root5,image=photoneg).grid(row=0,column=0,padx = 20,pady = 15)

root5.mainloop()

cnx = pymysgl.connect(user="python9', password="testd', host="localhost',
database="test')

cur = cnx.cursor()

count = cur.execute(INSERT INTO anabelle (comment,analysis) VALUES
("%s","neg")'%(num2))

cnx.commit()

cur.close()

cnx.close()

path = "C:/Users/Admin/Desktop/lastproject/moviestat.xlsx"
wb obj = openpyxl.load workbook(path)
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sheet obj = wb_obj.active
cell_obj = sheet obj.cellrow = 4, column = 3)
y = cell obj.value
print(y)
sheet_obj.cell(row = 4, column = 3).value = y+1
wb_obj.save('moviestat.xlsx)
elif input3() =="frozen" :
root2 = Tk()
root2.title('frozen’)
root2.ceometry('650x700")
root2.configure(background="#F9E398")

path = "C:/Users/Admin/Desktop/lastproject/moviestat.x(sx"
wb_obj = openpyxl.load workbook(path)

sheet obj = wb_obj.active

cell_obj = sheet obj.cell(row = 5, column = 2)

i = cell_obj.value

print(i)

path = "C:/Users/Admin/Desktop/|astproject/moviestat.x(sx"
wb_obj = openpyxl.load workbook(path)

sheet_obj = wb_obj.active

cell_obj2 = sheet obj.cell(row = 5, column = 3)

j = cell_obj2.value

print(j)

v = i/(i+j)*100

print(v)

num = cal(v)

image = str(num)

Name3 = StringVar()
photo = Photolmagel(file="./picture/frozen2.png")
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Label(root2,image=photo).grid(row=0,column=0,padx = 20,pady = 15)
photonamel = Photolmage(file="./picture/ttfrozen.png")
Label(root2,image=photoname1).grid(row=0,column=1,padx = 20, pady = 5)
photoname2 = Photolmage(file="./picture/shot story frozen.png")
Label(root2,image=photoname?2).grid(row=1,column=1,padx = 20, pady = 5)
photoname3 = Photolmagel(file="./picture/background22.png")
Label(root2,image=photoname3).¢rid(row=2,column=1,padx = 20, pady = 15)
photonamed = Photolmage(file="./picture/%s.png" % (image))
Label(root2,image=photoname4).grid(row=1,column=0,padx = 20, pady = 15)
photoname5 = Photolmage(file="./picture/rating2.png")
Button(root2,image=photoname5,command = lambda: [f() for f in [input50),

root2.destroy(l]).grid(row=2,column=0,padx = 20, pady = 15)

Entry(root2,textvariable=Name3,background="#F9E39B").¢rid(row=2,column=1,padx =
20,pady = 5)

root2.mainloop()

printinput5()

if input50) == "
continue ;
predictfrozen = predictor.predict(input5())
print(predictfrozen)
num?2 = str(input5())

if predictfrozen == "pos':

rootd = Tk()

rootd.title('comment’)
rootd.geometry('400x200")
rootd.configure(background="#F9E398')
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photopos = Photolmage(file="./picture/thankyoupos.png")
Label(rootd,image=photopos).grid(row=0,column=0,padx = 20,pady = 15)

rootd.mainloop()

cnx = pymysgl.connect(user='python11’, password="test4', host="localhost,
database="test')

cur = cnx.cursor()

count = cur.execute('INSERT INTO frozen (comment,analysis) VALUES
("%s","pos")%(num2))

cnx.commit()

cur.close()

cnx.close()

path = "C:/Users/Admin/Desktop/\astproject/moviestat.x(sx"
wb_obj = openpyxl.load_workbook(path)

sheet obj = wb_obj.active

cell_obj = sheet_obj.cell(row = 5, column = 2)

z = cell_obj.value

print(z)

sheet _obj.cell(row = 5, column = 2).value = z+1

wb_obj.save('moviestat.x(sx')

elif predictfrozen == 'neg':

root5 = Tk()

root5.title('comment')

root5.geometry('400x200")

root5.configure(background="#F9E39B'")

photoneg = Photolmage(file="./picture/thankyouneg.png")
Label(root5,image=photoneg).grid(row=0,column=0,padx = 20,pady = 15)



root5.mainloop()

cnx = pymysqal.connect(user="python11’, password="test4', host="localhost',
database="test')

cur = cnx.cursor()

count = cur.execute('INSERT INTO frozen (comment,analysis) VALUES
("%s","neg")%(num?2))

cnx.commit()

cur.close()

cnx.close()

path = "C:/Users/Admin/Desktop/lastproject/moviestat.xlsx"
wb_obj = openpyxl.load_workbook(path)
sheet obj = wb_obj.active
cell_obj = sheet obj.cell(row = 5, column = 3)
x = cell_obj.value
print(x)
sheet obj.cell(row = 5, column = 3).value = x+1
wb_obj.save('moviestat.xlsx')
elif input3() =='tenet" :
root2 = Tk()
root2.title(tenet)
root2.geometry('650x700')
root2.configure(background="#F9E39B')
path = "C:/Users/Admin/Desktop/\astproject/moviestat.xlsx"
wb_obj = openpyxl.load workbook(path)
sheet obj = wb_obj.active
cell _obj = sheet obj.cell(row = 6, column = 2)
i = cell_obj.value

print(i)
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path = "C:/Users/Admin/Desktop/\astproject/moviestat.xlsx"
wb_obj = openpyxl.load workbook(path)

sheet obj = wb_obj.active

cell_obj2 = sheet_obj.cell(row = 6, column = 3)

j = cell_obj2.value

print(j)

v = i/(i+j)*100

print(v)

num = cal(v)

image = str(hnum)

Name3 = StringVar()

photo = Photolmage(file="/picture/tenet.png")
Label(root2,image=photo).grid(row=0,column=0,padx = 20,pady = 15)
photonamel = Photolmage(file="./picture/tttenet.png")
Label(root2,image=photonamel).grid(row=0,column=1,padx = 20, pady = 5)
photoname2 = Photolmage(file="./picture/shot story tenet.png")
Label(root2,image=photoname2).¢rid(row=1,column=1,padx = 20, pady = 5)
photoname3 = Photolmage(file="./picture/background22.png")
Label(root2,image=photoname3).grid(row=2,column=1,padx = 20, pady = 15)
photonamed = Photolmage(file="./picture/%s.png" % (image))
Label(root2,image=photonamed).grid(row=1,column=0,padx = 20, pady = 15)
photoname5 = Photolmage(file="/picture/rating2.png")
Button(root2,image=photoname5,command = lambda: [f() for f in [input50),

root2.destroy()]]).grid(row=2,column=0,padx = 20, pady = 15)

Entry(root2,textvariable=Name3,background="#F9E39B").¢rid(row=2,column=1,padx =
20,pady = 5)

root2.mainloop()



print(input5())

if input5() == "

continue ;

predicttenet = predictor.predict(input5())

print(predicttenet)

num2 = str(input5())

if predicttenet == 'pos' :

rootd = Tk()

rootd.title('comment’)

rootd.geometry('400x200")

rootd.configure(background="#F9E39B)

photopos = Photolmage(file="/picture/thankyoupos.png")
Label(rootd,image=photopos).grid(row=0,column=0,padx = 20,pady = 15)

rootd.mainloop()

cnx = pymysqgl.connect(user="python12', password="test4', host="localhost,
database='"test')

cur = cnx.cursor()

count = cur.execute(INSERT INTO tenet (comment,analysis) VALUES
("%s","pos") %(num2))

cnx.commit()

cur.close()

cnx.close()

path = "C:/Users/Admin/Desktop/astproject/moviestat.xlsx"
wb_obj = openpyxl.load workbook(path)

sheet obj = wb_obj.active

cell_obj = sheet_obj.cell(row = 6, column = 2)

s = cell obj.value
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print(s)
sheet_obj.cell(row = 6, column = 2).value = s+1

wb_obj.save('moviestat.xlsx)

elif predicttenet == 'neg':

root5 = Tk()

root5.title('comment’)

root5.geometry('400x200")

root5.configure(background="#F9E39B')

photoneg = Photolmage(file="./picture/thankyouneg.png")
Label(root5,image=photoneg).grid(row=0,column=0,padx = 20,pady = 15)

root5.mainloop()

cnx = pymysal.connect(user='python12', password="test4', host="localhost',
database='test)

cur = cnx.cursor()

count = cur.execute('INSERT INTO tenet (comment,analysis) VALUES
("%s","neg")'%(num2))

cnx.commit()

cur.close()

cnx.close()

path = "C:/Users/Admin/Desktop/astproject/moviestat.xlsx"
wb_obj = openpyxl.load workbook(path)

sheet _obj = wb_obj.active

cell_obj = sheet obj.cell(row = 6, column = 3)

f = cell_obj.value

print(f)

sheet _obj.cell(row = 6, column = 3).value = f+1
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wb_obj.save('moviestat.xlsx’)

elif input3() == 'exit' :
break;
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