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Abstract

Software-Defined Network technology is an approach which change the internal structure of
network devices in which Control plane is separated from devices and centralized as Controller. SDN
Controller can be programmed and control by common programming language. Therefore, intelligence
and automatic management have been brought into Networking

In this paper, we propose a Deep Learning model for Software Defined Network called Link
Bandwidth Utilization Prediction Application, work based on the Long-Short Term Memory (LSTM)
Recurrent Neural Network. This proposed Network Application run within the RYU SDN Controller,
Which can acquire the Network Traffic information from network devices and send to the Network
Application for learning and modelling of LSTM neural network. The proposed Network Application
could predict the Bandwidth Utilization of network links within the SDN Network in advance. This
Network intelligence lead by SDN technology could make Re-routing before those specific links

become congested and decrease the rate of packet loss.
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