v

dinveayanan wizeoNIndIMANIZ

) / W

o ll..!

l. AL n;‘

ms(.\mf.v.\w

A~7\'»'A~x~z\. S

N\irases ST g TITTTOmR
mg ! wndle
S :

ANZAIADATAUNA

antumalulagnszasuinadInunmsalanseus

AcH
Wi%A

7]

U

'Jﬁﬂ/ﬁUﬂ']ﬂ%ﬁULW@ﬂ?iﬁﬂU'] mmu VL@JE]UZU']G]GLVUWVL‘L YU EBUAIUNITAN

ﬂﬁﬁmtﬁlﬂm&ﬂwmumuuam uag maqmaaamLmﬁumLaﬂmiv]ﬂmqmmiuﬂﬂiﬁu



“y

(3]

Ll

felasims (mwilne) mifnwlaliouilsudssaninmsavaiansueniuvdesssuyiilng
léteyaanamvareyunes

wiaildy Qusgld eusveluladansaund a9a.

Ussd¥aulszann 2556 ﬁ?’lmuﬁuﬁlﬁ%'umiaﬂ’uaqu 50,000 um

|4
o

soslmYimeidy 19 Aaus 1 panAs 2555 B3 30 Augneu 2556

o o % v aw % | Vv o oW

Yo - ana mtlasins wavy 'Jﬂﬂsamsmawsamsq NUWUAUFINR wazdlug
LsAasunns lofindiss  ausmalulafansauma a9a.

2u8 Uiy wiena AuzvAluladansauned .
UnARLa

. L3 Q = =) o o A’ .7 -
swmuauuﬁmLauawamiﬁnmLUsamﬁauUisawsmwmaw|ﬂuﬂmmsnwwaqsﬁmm
= % . 7 XY v o a
Wan1s9aun N (Matting ngldfoynaan nawmadayuiies TasldvianisAnenusouifioy
Ussdnianwn1sienunasssuei . aannistdmnluladniswisseyemauin (Depth) A@snwiiles
i awvareyuse st luinsisnmwg e S udieu Ui nmsuen
& o adda o w & v w v o 6 v o
mwiiumaesssuyAniedlutiagiu mn‘uasgaizasanmlmmnnaawmaquum vildause
o 1 a 73 45’ ‘o a 1 LY e v
MAUAFIUUIUA MRTANEY NUudlasusSiusauss ialnusnluls waslngmsldfayaszesin
1 (v v lﬂl v v 1 = I = 4&’ LY ., o
swnutdeyalunwilannndosdienimuuuung WUUsEANS N mlunaslen A WAL a5 SSUE R

gefuniisnslideyadiiueenufien

ArdAey (Keywords) Digital matting, Alpha channel, .Blue screen rmatting, Depth sensor, Chroma key



'y

LB

Research Title A Comparative Study on the Performance of the Natural Background
Segmentation Using Multiple-View Images

Faculty: Information Technology

Researcher: 1. Assoc. Prof. Dr.  Nopporn Chotikakamthorn
2. Mr. Man Tamiyakul
Abstract

This report present theresults of a study on“the performance of the technique to
separate natural background for matting using images from multiple.views. In this study, an
efficiency of the proposed.technique was conducted and compared,with the current
technique. From depth information obtained using a multi view camera, the foreground
image area can be separated-automatically from the background area. By ‘wsing depth
information with the.image data from cameras, we found that the efficiency ‘of natural
background separation from this method is better than the/ method. which using color data

only.

Keywords Digital matting, Alpha channel, Blue screen matting, Depth sensor, Chroma key.
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