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ABSTRACT

This project aims to develop)the - information estimate system-for-social online commerce in
order to apply the system for the retail sellers; wholesale sellers and manufacturers. This system
not only helps them to learn the primary sale information from total amount of buying and selling
but also the trading's period of time in order to estimate all of these information: This estimate
information can help them to know the exact amount of buying and producing, then they can
manage and run their business: buying, selling and transportation og their-goods to the customers
more quickly. In addition, this system can decrease the problems of waiting for goods of the
customers and overstocks: Because of this problem, developer have analyst and design the system

by data mining theory and -analystthe previous data with WEKA that train data to get the answer.
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Outlook Temp: Humidity Windy i’lay

Here are some association rules for.the weather data: "[suny  hot _hign false  no
) o .\ ) - - N~ sunny hot high true no
1. outlook = overcast . == play=yes ovepoNP f ieh false  yes
. 2, temperature = cool ==>  humidity = normal ™" "‘"‘f high | :a:se yes
. 3. humidity = normal & windy'= false® 7#=> _play =yes R 0 normalake  yes
‘ : 1.l . rainy cool normal - true no

. 4. outlook = sunny & play =no .- ==> " humidity = high
e 2 overcast coal  normal true  yes
* 5. outlook = su'nny & humidity = high . ==> pl'ay =no sunny  mild high false  no
6. outlook = rainy & play = yes ==> windy = false sunny  cool normal  false  yes
: 7. outlook = rainy & windy = false ==> play=vyes rainy ° mild  normal false  yes
* 8. temperature = cool & play = yes ==> humidity = normal sunny  mild normal .  true  yes
9. outlook = sunny & temperature = hot ==> humidity = high overcast mild high true  -yes
- 10. temperature = hot & play = no ==> outlook=sunny  |overcast hot normal | false vyes
: - rainy mild  high true no
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=== FPredictions on teat set ===

insté, actual, predicted, error, probability distribution
1 2 l:yes + *0.962 0.038
2 ? 2:no + 0.038 *0.962
3 2 2:nc + 0,038 *0.962
4 ? 2:ne + 0.038 *0.962
3 2 1:yes + *0.%82 0.038
6 2 2:no + 0.038 *0.%862
7 2 liyes + *0.962 0.03%
8 2 1l:yes + *0.88 0.02

=== Summary =—=

Total Humber of Instances 4]

Ignored Class Unknown Instances g

=== Detailed Accuracy By Class ===~

IP Rate FP Rate Pregcisicn Reecall F-Measure RCC Area Class

a 0 (1] ja] Q 2 yes
Q 0 4] o} ] ? no
Reighted Avg. NaW REV Hall HaN HalN Nal

=== Confusgion Matrix ===

ab <-- classiiied as
00| a=yes
00| b=nc
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[wItoor cruster sumror FUUEreT errorsT LI, YRS ToLII0uy
Missing values glckally replaced with mean/mode

Cluster centroids:

Clusters

Artribute Full Data 0 1 2 3 4

(200) (38) {40} {78) {28) (16)
shirt 0.62 1 i] 0.7438 1 0
longsleeveshirt 0.48 0 0.45 1 0 a
coat 0.47 0 0.4 1 [1} s}
dress 0.82 1 0 0.743¢ 1 0
jeana 0.41 0 0.5128 1 0.875
jacket 0.46 0 0 0.6154 1 1
leatherjacket 0.51 4] 0.55 0.9744 0.0714 0.125
t—-shirt 0.84 0.9474 1 0.9487 0.92B6 1

Time taken to build model (£ull training data) : 0.03 seconds

== Model and evaluation on training 38t ===

Clustered Instances

38 ( 19%)
40 ( 20%)
78 ( 39%)
28 { 14%)
16 (  8%)
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