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ABSTRACT

Nowadays, there are many methods to help in forecasting stock prices to make the most
effective. The forecast have too much method. The techniques used in forecasting stock prices are
a variety of techniques. In this study I will present its application to forecasting the stock price
using Neuro Fuzzy to build applications that are used to forecast stock prices, because this
method was popularity in present now. Neuro fuzzy is combining with Fuzzy logic and Neural
Network. This method was fixed the Fuzzy logic and Neural Network problems. That cause of

Neuro Fuzzy method was an efficacious method.
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214 ﬂ;]ﬁ“li‘?! (fuzzy rules)

el & = <

a o Y a a Ao o 99 ¥
'ZI‘VIEﬂﬂﬁLﬂﬂﬁﬂﬂﬂ%%ﬂ@ﬁlﬂﬁ%'lu'luﬁ'lﬂ Lm‘ﬂuElllllﬁ%:‘ﬂ'liﬂi%fgﬂﬂﬂl‘lﬁ']‘ull']ﬂ‘qum‘Vi‘u

w2 18un ngilasduuudi-uds (fuzzy if-then rule)

low

Jow >< high
0 : > Xy

i 2.7 Fredems iamiangudlenguesiled

¥ s ) F4
anawd 7 ansaieuiiunglugihlsz Toalddsil
- Y S P Y 9 :ﬂ 3
ngde 1: §1x, T low uae x, A1 low ABYA (x,, x,) LHUNGY ¢,
ngde 2 : f1x, A1 low Uz x, U1 high udadoyn G, x,) ilunqu c,
ng¥e 3 : &1 x, S high uas x, i low ndadeya (x,, x,) Wlungu c,

ngde 4 : &1x, T high 1Az x, T high udadeya (x, x,) dungu c,

4 o Y A o a aAad
e x, Hudaalsanlulian 1, x, Sudruts e luiian 2, low uag high Wluned

. s [ 1o @ [y 4 w v
141 (linguistic terms), $8YA (x,, x,) Wugdduvesingiidesmsiangy uag C,, G, C, uaz

I~ 1
c, Slunqudoyn 1,2,3 uaz 4
auydldngde 1,1=1,2, ..., L fugrduveang Ideyadiu x = [x, x,, ... x,] e n
[ o an 4 4 A ¥
Shsmaudavesdoyn W 4, Suwninmnlungden 1 G5k i wazldngudoyailu ¢, k=
1) 9
12, ...,KgﬂLmuﬁ'ﬂﬂﬂleaﬂgﬂmmmmm@ﬂu‘lﬁmﬁ
Y Y - - a v Y g 1::'] v
ng¥e 1: &1, I 4,, une x, fifh 4, uaz ... uaz x, e 4,, a0 Yoy xhungu G,
9/ 9 s a1 a Yy 9 [~ '
ngdle 2: &1 x, 511 4,, uaz x, A 4, uBz ... Bz x, UM 4, 4AD VoA X dhungu c,

' g

ngde I: 1 x, 61 4, uae x, U1 4, uaz .. uaz x, T 4, U Foua x Wungu C,
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2.1.5 Fuzzy Logic Systems

Fuzzy Logi

o 4
¢ Systems Lﬂmﬂuummmiﬂﬁzmawaé’aﬂﬁm%mn F91)52noUAIn

g 15’;11 4 971 A Fuzzifier ,Fuzzy rule base ,Fuzzy inference engine ,Defuzzifier Iﬂﬂmm

1 P=1 Y A d i [y
’ST’JH%%;’EJWH'I'VI(IUﬂﬁ‘]Ji&’N’mNﬁﬂllﬁﬂ@\'\\‘iﬂuﬂ\‘lu

| Fuzzifier szimhilumsudas mpue WlulWeglugdiunvesdauls

wunialsaan3afn (Linguistic Variable) tefaziirlyidamludou
4949 Fuzzy inference engine
[~ ] { ¥ {

Fuzzy mile base Hudmifusiusudeyavengeien #14lums
AVAY

) . g 1 2 o =
Fuzzy inference engine dudmidluununaiemsinuvesssuniles

= eé o @ A J
a'e)*nﬂmﬁmmmmm“lumimamLmumsﬂﬂﬁu%mmuuw Tag
st lumsdadule ummmn%ﬁauuuﬁ)zﬂluaﬂﬂnmﬂ%ﬂgms@u
UL veanguf e qf\'imwmmm“lumumwmﬂmmu
foyadulsdanIafn (Linguistic Variable) 990 Fuzzifier ioriun
< a 4 o
asdeldeionss uarannunmana awngigadimua ity Fuzzy
& g 9 [
e base Sufumiounalndmiuaauqumsldaimilumsudly
4 []

Ty SIMTaMIAIMUATMIYDINTARIIUNBMAIRDL

3 o3 1 A o k1 P A
Defuzzifier iWudauiiimauilasdoyaiignaiugu HasanNUnUngHa

910 Fuzzy inference engine “lﬁ'ﬂgli"lugﬂlmwm Crisp output

Crisp Fuzzy | Crisp
m;))(gi___, Fuzzifier jee—pp| inference =i Defuzzifier ‘_»out\;;ut
engine
Fuzzy
rule base

MW 2.8 MALEAINTZUIUNTNINIUVDS Fuzzy Logic Systems
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2.1.6 ¥Hiavesszuunglud
TumsUsgaaaIfendu (Function approximation) izunﬂgﬂmc‘fsm%ﬁ 3 yilalng) 9
lAun
1. 11 Mamdani
2. 3 1Ju10 Takagi-Sugeno-Kang (TSK)
3. 5211 Standard Additive Model (SAM)

sUuny  Mamdani  5IUWANIIBYIIY  (inference)  YDINY Tasdsmisdoudiu
(Superlmposmon) NNAKUEY ) ‘ll?.] m"lm‘ﬂmmummu ‘lNL'iEJﬂi‘”‘lJ‘ULLlI‘UH’J']Lﬂu
nonadditive rule model uAd1MsY TSK 1ag SAM umiﬂummmmmmumuﬂ (weighted

sum) VINNAL] NG diosutludoaplgade 3 29Bunsz Ui additive rule model

Fuzzy Rule-Based Model

Nonadditive Rule Medel Additive Rule Model

ko

Mamdani Model TSK Model SAM

d' T 2
A 2.9 nguvesazuungHad
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2.1.6.1 svuungWaduuy Mamdani
sepungiladuuy Mamdani Lﬁuiuuuﬂﬂsmuﬂsmymﬂuﬂmmsmwﬂmmmmma

Fouilsdsunn U xUx U x..xU, Su w

ﬂgﬁ 1: TF (x, is 4,,) AND (x, is 4,,) AND ... AND
(x,is 4,,) THEN y is C|

Ag#h 2: TF G, is 4,,) AND (x, is 4,,) AND ... AND
(x,is 4,) THENyis C, ...

AQ# L: IF (x, is A ,;) AND (3, is 4;,) AND ... AND
(x,is4,) THENyis C;

max j=1,n, Slugnlsznouit j vesiaulsdumna x y ifludlsiondnn, 4,
Lﬂuwwmywawam (consequence linguistic term) ‘wsmﬂuﬂaﬂwmm;ﬂuﬁmﬁvnmmﬂuam
(antecedent membership function) 1uﬂ§]°ﬂ i,i=1555L,C, L‘f]uwwmywawamwsa

Wm%’ummvﬂuﬁm%ﬂmﬂwamu (Consequent membership function) s!JENﬂ;]‘VI i

33MIvNENUIYY Mamdani
o k1 A . = o
Svuald szuvediuy Mamdani § 2 BUWA x, UAZ x, (antecedent) 1A 1 1DIAWA y

4%
(consequent) FadingHasdiiiu

IF x, is 4,, and x, is 4, THEN yis B, S WSu k= 1,2, ..., 7

(3 k4 Yt as 's v .
wasauedyan 1d lasn1s193Emsiaesddszneuuuungega-ga  (max-min

Q

., s ' v
composition) HazIsnsdansnils LABLUULMPIFA-HAY (max-product composition)
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a o 13 o
Fsm3daesniszneuuuungega-aiga

41y, () = max|min( u, (Input (i), 1, Cnput (/)] AWMSVE=1,2....r (2.10)
) ) |
/ . = o L
) [\ |
{ - 4 .
: P O\

MW 2.10 N50YUULVY Mamdani (Max-Min)

2.1.6.2 3xuUnWaAIUY TSK (Takagi-Sugeno-Kang)

szuungiledtiuy TSK svaglugl

agit 1: IF (x, is 4,) AND.(x, is 4,) AND ... AND (x, is 4,) THEN y; = fi(x, %, X) =
byythx i+ b,
agi 2: IF (x, is 4,) AND (x, is 4,,) AND ... AND{x, is 4,) THEN y, =[x, X,...%) =

byytb,x,* ... +b,x,

ﬂ:,]‘?l L: IF (x, is 4,)) AND (x, is 4,,) AND ... AND (x, is 4,,) THEN y, = WoFaodn(x, x, ...

x,) = b tb pxt... +b,X,
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@ { [ = o o
ia X, ]-—1 . n udlszaoud j vesdmlsduna x, y dudwlsenana 4, @
nanvesdods (consequence linguistic term) 115ﬂu.f_luﬁqmmmmfluﬁmﬂmmmmem
(antecedent membership function) 1‘uﬂ§]‘lﬂ i,i=1 .,Lf Li‘luﬁnmiwemumewamu

(consequent linear function) ﬂlﬂﬂﬂg]*i’l'ﬂﬁ i

JemseipnuuY TSK

o et a A o = Qs dy
1%5zuuﬂu’dﬂaﬂuwmmzﬂmmmvgﬂ UasunNHaIU

IF x is A AND y is B THEN z is z = fx,y)

[-Y

~ ~ a A J ~A [y 4
53111]%“15“)1’“1“] TSK Nﬂ@\iﬂ“ﬂﬁllﬁgﬂumﬂ'lﬂﬂﬂ ﬂﬂa 4 Y9A3U

If X is small and Y is small, THENz=-x+y+1
If X is small and Y is large, THEN z = -y +3
If X is large and Y is small, THEN z=-x + 3

If X is large and Y is large, THEN z=x +y + 2

2.1.6.3 szuuﬁmfmmumnmmgm (Standard Additive Model: SAM)
= T a =)
ssunilaguuunanuasgiy wu ssuuisduuuge Tula ¥5e Tsukamoto’s Fuzzy
9 E4
1 @ o o = T
System Tuszuuiidudeduasdenmeniiunainmaieny szuufledyos Mamdani ua
1 EY = =t A = o =
dveatony (consequent) vesngiadezgauaauiuflafuadadiflidduandnuuun
a . _ ! & 2t = 1 9 et
(@87 (monotonic membership function) FI3ZVUATHUVVUININATIIUITUAGUABSTONUAN
i lFonuinlil 5w_umqs'mi'Jmmﬂwwmﬁuﬂ"lﬂamqs';msa"lm\mmﬁﬂnms
uilasmflsdidluaisssuat (defuzzification) uhudalsensanannaiy Taoszuniled

unwgﬂﬂﬂﬂﬁﬂgﬁaﬁ

If X is small, THEN Y is C1
If X is medium, THEN Y is C2
If X is Large, THEN Y is C3
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(c) Each rule’s output (d) Overall input-output curve

mwﬁ 2.11 Tsukamoto Model
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2.2 #35Hw% (Neuro-Fuzzy)
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Faosn meld¥eiia1sHewFeuro-fuzzy) i l¥szuufanmsnaunmumstraulums

o o Y Y o g}g Y-S YIS =3 3 o 9 o
mmuamﬂfmngummmmguumamnaﬂizﬂenmmﬂauh anvai Wssuudmanse
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22.1 Usznnuosiinlsiled (Neuro-Fuzzy)
Taowalvesmssauduseneiizseamniasm waradaninneldaeiia Tsilyd
(neuro-fuzzy) seiisnpazveIMITINTunanmaiy Tasazuiiald 2 $§1wan Ao Cooperative
Neuro-Fuzzy System 11a& Concurrent Neuro-Fuzzy System
2.2.1.1 Cooperative Neuro-Fuzzy System
$i71sAasal5210n Cooperative Neuro-Fuzzy System uagimaiimsmau
pemduansdIues1sFaIY Taofszuufsaesiinnsdusziiauswideduluns

4 Y 4
s zuranaNonINaa NS

- e Lz
o RELES - SETS
NEURAL 22y l\
V. NETACORE - %) SYSTEM ‘

/= permaasiee i-."";.ﬁ?s;
MNN 2.12 Cooperative Neuro-Fuzzy System

2.2.1.2 Concurrent Neuro-Fuzzy System
v 9

117 15W#1)5210N Concurrent Neuro-Fuzzy System ﬁumwzﬁaﬂ'lﬁ'm"luh
=) ~ 9 9y o 1 a ad ~ a :1' W Y ]
fhlsaa msedaensudfussn el eamiisa uagiadaedniueg i lduiw
o T ‘ﬂ 9 g a ad P a 9 '
Sarnunavziiunis el ovesnsiaseamiisa nazfagaeindrllegu
nﬁzmumidnqfoua1mmﬁeuﬁ‘luszumﬁmﬁ’umﬁmu1inuﬂmﬂﬂ"lﬁ'mﬁﬂu Cooperative

Neuro-Fuzzy System

EFURA
ZLvia

i NETWORK
SYSTEM NEURAL FUZZY
N ; - N

/NN 2.13 Concurrent Neuro-Fuzzy System

139311
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2.2.2 NEFPROX (Neuro-Fuzzy Function Approximation)

NEFPROX 1fiuiia Tsilasawanitafisnogiiuilszinn Concurrent Neuro-Fuzzy System
NEFPROX fluil2 15 er?1aTn0 Dr. Detlef Nauck ¥ NEFPROX gna319douan
NEFCON itag NEFCLASS Taeusazdezmnz lumsudilymiiaedy uaRT ey
adoiueging

NEFPROX (Neuro-Fuzzy Function Approximation) 93 Idfuaiunilamuheanuns

v
a3 a

A o v &R a AdYo o Y 9
dszanants vielumsnenseinaans geiialsflednindudntdenlflunsuniym
. : , P!
Aasunstseunanslaun ANFIS (Adaptive Neuro-Fuzzy Inference Systems) 34 NEFPROX
uag ANFIS aziintsiaufindesumsiuil ANFIS vzl uuile®uny Takagi-Sugeno-

1 :,' 9 a . A g w v Sy an 1Y)
Kang 418 NEFPROX uu%ﬂmzuuﬁmmmn Mamdani Iﬂﬂﬂﬂﬂﬂﬂ\iﬂ?ﬂNﬂUﬂl’ﬂﬂﬂNﬂu

2.2.2.1 Tnsears1uas NEFPROX

y 5 o g o ) A >
NEFPROX %a:uma’omﬂ‘us Glfuﬁ”;ﬂﬂum%zﬁaﬂymzﬂf{wﬂmzuuﬂmmiﬂﬂwﬂﬂ

48 4 & o ey g = A g 4 o ok o 4
Taof $uN 1 2zl uduve Input FUN 2 ﬂwummﬂgngﬂﬁﬂwuiﬂﬂﬁmium FUN 3 L

[~ 3 & 3 1 3 3 Y Y]
Wusuves output HIUDNIIN 3 Funal luugazsuves NEFPROX uuﬂzgm%uﬂuﬁ'w

9 4 g 1 :/’ [~ @ o Yy 9 d o ‘ﬂ =Y
LEUATY c}fatﬂumam'muufuztﬂumﬂmumﬁumwmﬂmga HazNINFUAN UL UTUITNUDY

Ad 1w
node NYBUADAU

Al

N,

L

B2

2

M 2.14 10599319999 NEFPROX (Neuro-Fuzzy Function Approximation)
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1INANA (2.14) Avn iy Inseari19 NEFPROX LY 2 Input 2 Fuzzy Set 4 Rule

2 a1 - ;’] 'S Y os Ad”
FINTUITOAANUDDAUN u‘ﬂ\(lﬂﬂ'nui"lﬂﬁ\iu

Rulel: Ifx1 is Al and x2 is Bl then C1
Rule2: Ifx1 is Al and x2 is B2 then C2
Rulel: Ifx1 is A2 and x2 is B1 then C1
Rule2: Ifx1 is A2 and x2 is B2 then C2

:,’ a A 3 a o 9 a kY = an 1w

Fufi 1 vieduduna dmualidoyadunaunuaie x TVUIANAMINY

v 1 3/

Fu 2 n3eFun MRS (Fuzzification Layer)

k4 [ ¥ ¥ Y b4 4 ]
$uit 3 niosungueilad (Fuzzy Rule Layer) Fufivzgnaistunindesyaludui 2
3 e =) :J' ot Y J ., A
Sud 4 vsedumsmAesdA U IANA (Output Fuzzification Layer)

b4 ] F 4
suh 5 niatumsialesiiiduannd (Defuzzification Layer)

2.2.3 M3i58u5¥89 NEFPROX
NEFPROX  tiluiiaTafled i lduaianiluduvesmstlszinansa viens

¢ & 'S
AanIe] Femsisouiues NEFPROX wwiSeuduintoyanvlusanlinaudussdanuild

Taeon luiia

= °

1] £
n133undues NEFPROX szi3uainniaaiwngiianeindeyaduna unzezinns

Q

14 F
Y w 9

A 4 9 4 9 ~ o ~ % A v 4 4 v
HfmJﬂg]ﬂﬁﬂwuuullﬂmamwﬂiﬁuﬂ‘nasﬂg] L‘Wi'lzﬂuuﬂid]ﬂﬁ'i'lﬁ’lluuuﬂg‘iluﬂgﬂﬂ’ﬂﬂy,ﬁ

=/
WRaouszLY

> Ay
2.2.3.1 Tuasulumsisous

TunsEuduvesn3iEouived NEFPROX (339101511 UA fuzzy partition Widuua
a i to o @ s
azdoyaduna ud luulludesimualdfudoyaeing uas NEFPROX 92314 fuzzy set
Tuszninensioud Jasrensadentlsznnvosiladimaiesldluuaas fuzzy partition

' a ~q 9 ey a !
1¥U W“ﬂ%tﬂiﬂﬂiﬂiﬂﬁﬂﬂmﬂﬂm‘ﬂuﬁm%mmuﬁmmaﬂn

if xela,b],

if xel[b,cl,

c
0 otherwise.

1R —[01], p(x) =
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=y o = 4
fi915041 NEFPROX System fill # dUNA X;,...,%, & B R,... R, 4oz m 1BIMUA

Vipeonr Yoy WAZRMUATH L=4(5;,1,)n(5,51,)} 's‘hﬁ%’ﬂ r (NI Tﬂmwiaw uUWNIWNLNA

s € R" g target 9UWA 1 € R™ NEFPROX ﬂ“ﬁﬂmasﬂmmumumumm

1.
2.

= a 9
snNaYBYaNIN (5,8 30 L

msanudiuaungn 4§ naudazdue x; €U,
w9 (s,) = max {u)(s,)}
il Tnuang R Ay
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mmnngwuﬂwu Lmum‘muﬂguu"lﬂmmwwﬂwuﬂ
Az mswauﬂmaaﬂg“lﬂu’lﬂmmmwmiﬂumwmmsmmmmmumﬁ'ﬂﬁ
muzaunnfledsunuiiueandn
V() = ax. {V(') )}
me‘luu fuzzy set 1ummwmiwuﬂ"lﬁmmmﬂwuuﬂﬂmmwfowm‘nuﬂ‘lﬂ
v® =lungfmuald  W(R,y,) =V,
mﬂgmﬁiwmuaﬂugm‘uagaﬂg

g y qg
1‘1.!'111!@’@1’1’]811??111?11 mean output 310 rule base

umsBeuiups NEFPROX wziimsissuuuuiiazseunseiaenti epoch aziSoui

> A ) o o Y Ao i el
%uﬂi%ﬂﬂﬁiﬁﬁ']ﬂlﬂﬂull‘ﬂ%\ﬁ%ﬂQﬂ‘ﬂ’lﬂ'\'ﬁlfiﬂu?‘ Tﬂﬂll'l‘ﬁﬂ'l'iﬂﬁu

Gonmmiingald (s,1) 1n L
v‘hmsﬂ'm'nmhﬁzﬁ'.immﬁvgm‘ﬁﬂamw%ﬁumﬁwmﬁ;ﬁﬂﬁuiﬁa
8, =t,—0,
alEsunlasdanilsves fuzzy set 1udMvBUOINA abcd Taviildsasns
Foui o >0
N W(R,y)t)>0

Ab,=0-6,-(c- a)-og -(1=W(R,y,)())

Aa, =0 -(c—a)-o, +Ab,

Ac, =—0-(c—a)-o, +Ab,
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& W(R,y)(E)=0
Ab,=0c-6, -(c—a)-o, -(1-W(R,y,)t.))
Aa, =sgn(t, —b;)-o-(c—a) 0, +Ab,
Ac, =sgn(t,—b,)-—c-(c—a)-o, +Ab,

. WA error YBING

Eg =0,(1-0,)- Y QW R, y))-1)19, |

yeUs

 alfeunlasaidaalsues fuzzy set luduvesBung abcd Taofildsasinig
Souj o>0

Ab=0-E,-(c—a)-(1-W(x,R)(0,))-sgn(o, —b)
Aa=-0-E,-(c—a)-A-W(x,R)0,)) +Ab
Ac=0-E,+(c—a)-(1-W(x,R)0,)) +Ab
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Create Mamdani_Rulebase()
for all patterns do

Compute_Pattern_Memberships(inputPartitions, input)

for all input in this pattern
for all linguistic variable of this input
max_index = max(linguistic)

end for /* for all linguistic variable of this input */

if max_index in rule base then

rule_mean += output data

rule dup+=1
end if /* end if max_index not in rule base */
else then

rule = create Antecedent(max_index)

Compute_Pattern _Memberships (outputPartitions, output)

for all linguistic variable of this output
max_index = max(linguistic)

end for /* for all linguistic variable of this input */

rule = add Consequent(max_index)

end else

end for /* end for all input in this pattern */
end for /* end for all patterns */

SelectBestRule()
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SelectBestRule()

for all rule
rule_mean = rule_mean / rule_dup

Compute_Pattern Memberships (outputPartitions, rule_mean)

for all linguistic variable of this output
new max_index = max(linguistic)

end for /* for all linguistic variable of this input */

if new_max_index <> old_max_index then
rule_consequent =new_max_index
end.
end for /* end for all rule */

Compute Pattern_MembershipsQ

for linguistic in Partition
Partition.linguistic.hit = MS_Degree(input, linguistic)

end for
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MS_Degree()
if linguistic.form = TRIANGLE then
if ((x >= linguistic.b) && (x < linguistic.c))
hit = ((linguistic.c - x) / (linguistic.c - linguistic.b))
end if
else
if ((x < linguistic.b) && (x > linguistic.a))
hit = ((x - linguistic.a) / (linguistic.b - linguistic.a))
end
else
hit = 0.0;
end if
end if
end if
else if linguistic.form = TRAPEZOID then
if ((x >= linguistic.c) && (x < linguistic.d))
hit = ((linguistic.d - x) / (linguistic.d - linguistic.c))
end if
else
if ((x < linguistic.b) && (x > linguistic.a))
hit = ((x - linguistic.a) / (linguistic.b - linguistic.a))
end if
else
hit = 0.0;
end if
end if
end if
else if linguistic.form = GAUSSIAN then
double tmp = 1.7 * (linguistic.b - x) / linguistic.a;
hit = Exp(-Pow(tmp, 2));
end if

return hit
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%> Rule List

Rule

¥ x1'= Inputh¥ 2 And x2 = InpitMf 2 And x3 = Inputh¥ 2 And x4 = InputMf 2 And x5 = inputh¥ 1 Then ..

i x1 = InputMf 2 And x2 = InputMf 2 And x3 = Inputh¥ 2 And x4 = InputhMf 1 And x5 = Inputh¥ 1 Then
K x1 = InputMf 2 And x2 = InputMf 2 And x3 = Inputh¥ 1 And x4 = InputMf 1 And x5 = Inputh¥ 1 Then

¥ x1 = Inputh¥ 2 And x2 = Inputh¥ 1 And x3 = Inputh¥f 1 And x4 = Inputh¥ 1 And x5 = Inputhf 2 Then .

¥ x1 = Inputh¥ 1 And x2 = Inputh¥ 1 And x3 = Inputhf.1-Andxd-=lnputMf 2 And x5 = Inputh¥ 1 Then

# x1 = Inputh¥ 1 And x2 = Inputh¥ 1 And x3'=Inputilf-2And x4 =inpit I T And x5 = Inputhf 2 Then .
¥ x1 = Inputh¥ 1 And x2 = InputMf 2:And x3°= Inputh¥ 1 And x4 = Inputh¥f 2'And x5= Inputhf 2 Then .
¥ x1 = Inputh¥ 2 And x2 = Inputh¥ 14And x3 = InputMf 2 And x4 = Inputh¥ 2 And x5'=.lnputMf 2 Then .
¥ x1 = Inputh¥ 1 And x2 = lnputh¥ 2 And x3-= Inputh¥f 2 And x4 = InputMF 2 And x5 = InputM.2 Then .

¥ x1 = InputMf 2 And x2.= Inputh¥ 2 And x3-= InputMf 2 And x4 = inputh¥f 2 And X5 = Input™f. 2Then
¥ x1 = InputMf 2 And %2 = Inputhf 2 Andx3-= Inputh¥f 2 And x4 = Inpth¥ 2 Andx5 = Inputhf 3:Then

f x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InpGtMf 3 And x5 = Inputhf 3 Then..
i x1 = InputMf 2 And %2 = InputMf 2 Andx3 = Inputh 3 And x4 = Inputh¥f 3 Andx5 = InputMf 4 Then .
# x1 = InputMf 2 And x2 = Tnputh¥ 3 Andx3 = Inputhf 3 And x4 = Inputhf 4 And x5 = Inputh¥f 4 Then'.,
¥ x1 = InputMf 3 And x2 = InputMf 2 And x3 = Inptth¥f 4 And x4 = InputMf 4 And x5 = Inputhf 4 Then .|,
#x1 = InputMf 3 Andx2°= InputMf 4 And x3 = Inputhif 4 And x4 = InputhVf 4 And x5 = InputMf 3 Then .

f x1 = Inputh¥ 4 And x2 = Input™ 4 And x3:= InputMf 4 And x4 = Inputhf-3 And x5 = Inpath 3 Then

f x1 = Inputhf 4 And x2 = Input™f 4 And x3 = InputMf 3 And x4 = Inputh¥ 3 And x5 = InputMf 4 Then..
f x1 = Input™Mf 4 And x2 = InputMf 3 And x3 = Inputi# 3 And x4 = Inputhf 4 And x5 = Inputhf 4 Then- .
f x1 = InpitMf 3 And x2 = input™f 4 And x3 = input ¥ 4 And x4 = Inputhf 4 And x5-= Inputhif 4 Then ..
ff x1 = InpatMf 4-And x2 = InputMf 4 And x3 = InputMf 4 And x4 = InputM¥ 4 And x5 = Inputhf 3 Then ...

f x1 = InputMf 4And x2 = Inputh¥ 4 And x3 = InpUthf 3 And x4 = InputMf 3 And x5 = InputMf 3 Then

fx1 = inp@tMf 4 And x2'= lnput M 3 And x3 = Input M 3 Andxd = Inputhf 3 And x5 = Inputh¥f 3 Then ...
f x1 = Inputh 3 And x2 = Input™f 3 And x3 = Inpthf 3 And x4 = Inputh¥f 3 And x5 = Inputhf 3 Then =
f x1 = Inputh¥ 3 And x2 = InputM¥ 3 And x3 = inputMf 3 And x4 = Inputhf 3 And x5 = Inputhf 4 Then .

# x1 = Inputh¥f 3 And x2 = Inpthdf 3 And x3 = InputMf 3 And x4 = Inputh¥ 4 And X5 = Inputhif 4 Then
i x1 = Input™f 4 And x2 = InpUtMf 4 And x3 = InpLth¥ 4 And x4 = Inputh¥f 4 And x5 = Inputhif 4 Then

f x1 = Inputh¥ 4'Andx2 = InputMf 4 And x3 = InptMf 4 Andxd = Inputhf 3 And x5'=Inputh¥f 4 Then |

ool &
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1 38.35 21 2p.19 41 62.16
2 J835 22 S0 42 62.16
3 39:35 23 49.93 43 59.19
-+ 34.06 24 53.56 -4 58.85
3 29.43 25 Ly " 45 59.19
6 26.45 26 Dj/.53 46 60.51
7 29.26 p.o 5.2 47 56.87
8 31.58 28 512 48 54.56
9 28.77 29 5328 49 57.86
10 34.39 30 SIZ) 50 56.54
11 43.31 31 52.9 51 55.22
12 41.66 32 53.23 52 55.55
13 42.65 35 53.56 53 55.55
14 39.35 34 53.56 54 53.56
15 39.02 35 54.23 55 53.23
16 41.33 36 53.56 56 50.59
17 41 37 53.23 57 51.58
18 45.63 38 53.9 58 51.91
19 46.29 39 57.53 59 51.58
20 56.87 40 61.17 60 51.25
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1 84 11 79 21 79

2 82.5 12 81.5 22 83
3 80.5 13 82.5 23 85.5
B 80.5 14 80.5 24 86
5 82 15 78 25 87.5
6 82.5 16 71.5 26 85
7 80 {374 195 27 85.5
8 79:5 18 79 28 86.5
9 79 19 76.5 29 86.5
10 78.5 20 77 30 90
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Max Epoch 2000
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Nefprox Forecasting Chart
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Rule

1 = InpUtM¥ 0 And x2 = InpUtMF O AN X3 = INpUMY O Then y1 = OUtDAM 0
¥ x1 = Input¥ 0 And x2 = input V¥ O And x3 = inputh¥ 1 Then yi = Outputh¥ 1
¥ x1 = Inputh¥ 0 And x2 = Input¥ 1 And x3 = InputM¥ 1 Theny1 = OutputMf 1
¥ x1 = Inputh¥ 1 And x2 = Inputh¥ 1 And x3 = inputh¥ 1 Then y1 = OutputVf 1
¥ x1 = Inputh¥ 1 Andx2 = Inputh¥ 1 And x3 = InputM¥ 0 Then y1 = OutputV¥ 0
 x1 = Inputh¥ 1 And x2 = inputMF 0 And x3 = inputMf 0 Then y 1= Outputh¥ 0
Fx1 = Inputh¥ 1 And x2 = Inputh¥ 1 And x3 = Inputh¥ 2 Then y1 = Output MF 2
¥ x1 = Inputh¥ 1 And x2 = InputMf 2 And x3 = InputMf 2 Then y 1 =OutputhMf 2
Fx1 = InputhV¥ 2 And x2 = Inputh¥f 2.And x3 = InputMf 2 Then y1 = QutputVf 2
¥ x1 = Inputh¥ 2 And x2 = InputMf 2 Andx3 = inputMf 1 Then y1,=OutputMf 1
¥ x1 = Inputh¥ 2 And x2 = Inputh¥ 1 Andx3 = inputV¥ 1 Then y1'= Output V¥ 1
¥ x1 = Inputh¥ 1 And x2 = Inputh¥ 2 And x3 = Input V¥ 1 Then y 1 =Output Mf 1
Fx1 = InputM¥ 1 And x2 = InputM¥ 0 And x3 = InputM¥f T Theny1 = OutputMf 1
¥ x1 = InputM¥ 0 And x2 = InputM¥ 1 And x3 = Inputh¥ 0 Then y1 = OutputMf 0
¥ x1 = InputMf 2 And x2 = InputMf 1 And x3 = InputM¥ 2 Then y1 = Output V¥ 2

15 Rule
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% Rule List

Rule &
if x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 Then y1 = OutputMf 2
¥ x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 1 Then y1 = OutputVf 1

i x1 = InputMf 2 And x2 = InputMf 1 And x3 = InputMf 1 Then y1 = OutputMf 1

¥ x1 = InputMf 1 And x2 = InputhV¥ 1 And x3 = Inputhf 1 Then y1 = OutputVif 1

¥ x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 2 Then y1 = Output Mf 2

¥ x1 = InputMf 1 And x2 = InputMf 2 And x3 = InputMf 2 Then y1 = OutputVf 2

¥ x1 = InputMf 2 And x2 = InputMf 2 And x3 = Inputf 3 Then y1 = OutputMf 3

¥ x1 = InputMf 2 And x2 = InputMf 3 And x3 = InputMf 3 Then y1 = OutputMf 3

¥ x1 = InputhV¥ 3 And x2 = InputMf 3 And x3 = InputMf 4 Then y1 = OutputMf 4

i x1 = InputMf 3 And x2 = InputMf 4 And x3 = InputMf 4 Then y1 = OutputMf 4

i x1 = InputMf 4 And x2 = InputMf 4 And x3 = InputMf 4 Then y1 = OutputMf 4

if x1 = InputMf 4 And x2 = InputMf 4 And x3 = InputMf 3 Then y1 = OutputM¥f 3

f x1 = InputMf 4 And x2 = InputV¥ 3 And x3 = InputM¥ 3 Then y1 = Output¥f 3

i x1 = InputMf 3 And x2 = InputMf 3 And x3 = InputMf 3 Then y1 = OutputMf 3

i x1 = InputM¥f 4 And x2 = InputMf 3 And x3 = InputMf 4 Then y1 = OutputVf 4

i x1 = InputMf 3 And x2 = InputMf 3 And x3 = InputMf 2 Then y1 = OutputVf 2

I x1 = Inputh¥ 3 And x2 = InputMf 2 And x3 = InputMf 2 Then y1 = OutputMf 2

¥ x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputM¥f 0 Then y1 = OutputMf 0

¥ x1 = InputhVf 1 And x2 = InputMf 0 And x3 = InputM¥ 0 Then y1 = OutputMf 0

¥ x1 = InputM¥ 0 And x2 = InputMf 0 And x3 = InputVf 0 Theny 1= Output Mf 0

K x1 = InputMf 0 And x2 = InputMf 0 And x3 = inputMf 1 Then y1 =Output M 1

¥ x1 = InputMf 0 And x2 = InputMf 1 And %3 = inputM¥ 0 Then y1 = Output M 1

¥ x1 = InputMf 1 And x2 = InputMf 0 And %3 = Inputhf 1 Then y1 = Output Mf 1

¥ x1 = InputMf 0 And x2 = inputM¥ 1.And x3 = InputM¥ 1 Then y1 = Output VF 1

¥ x1 = InputMf 1 And x2 = Inputf 2 And x3 = Input¥ 1 Then y1 = Output Mf 1

¥ x1 = InputMf 2 And x2 = inputMf 1 And x3 = Inputh¥ 2 Then y1 = Outputvif 2

¥ x1 = inputMf 3 And x2.= inputMf 2 And x3 = InputMf 3 Then y1 = OutputMf 3

¥ x1 = InputMf 2 And x2 = InputMf 3 And x3 = inputMf 2 Then y1 = Output M 3 ~

43 Rule
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= Rule List L]

Rule

%1 = inputF 1 Andx2 = Input M 17And X3 = Inpt Wi 1 Then y1 = OutputVf 1
¥ x1 = InputMf 1 And x2 = Inptth¥f 1 And x3 = InputM¥ 0 Then y1 = OutputMf 0
¥ x1 = InputMf 1 And x2 = InputMf 0 And x3 = InputMf 0 Then y1 = OutputMf 0
¥ x1 = Inputh¥ 0 And x2 = Input V¥ 0 And x3 = InputMf 0 Then y1 = OutputMf 0
Fx1 = InputM¥ 0 And x2 = InputMf 0 And x3 = InputMf 1 Theny1 = OutputMf 1
¥ x1 = InputM¥ 0 And x2 = inputM¥ 1 And x3 = InputMf 0 Then y1 = OutputMf 1
¥ x1 = Inputh¥ 1 Andx2 = InputMf 0 And x3 = Inputh¥f 1 Then y1 =OutputMf 1
¥ x1 = InputM¥ 0 And x2 = InputMf 1,And x3 = InputM¥ 1 Then y1 = Outputh¥f 1
Fx1 = Inputh¥ 1 And x2 = inpth¥f 1 Andx3 = InputMf 2 Then y1 = Outputf 2
¥ x1 = InputM¥ 1 And x2 = Input M2 And x3 = InputMf 2 Then y1 = OutputMf 2
¥ x1 = Inputh¥ 2 And x2 = InputN¥ 2 And x3 = Inputh¥ 2 Then y1 = OutputMf 2
¥ x1 = InputM¥f 2 And x2 = InputMf 2 Andx3 = InputMf 1 Then y1 = OutputMf 1
¥ x1 = InputM¥ 2 And x2 = Inputh¥ 1 And x3 = Inputh 1 Then y1 = OutputMf 1
Fx1 = Inputh¥ 1 And x2 = InputMf 2 And x3 = InputMf 1 Then y1 = Outputf 1
¥ x1 = InputMf 2 And x2 = InputMf 1 And x3 = InputMf 2 Then y1 = OutputVf 2

15 Rule
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% Rule List

Rule

#F x1'= Input M 2'And x2 = inputMf 2 And x3 = Input W 2 Then y1 = OutputMf 2
i x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 1 Then y1 = Output Mf 1
¥ x1 = InputMf 2 And x2 = InputMf 1 And x3 = InputMf 1 Then y1 = Output Mf 1
¥ x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 Then y1 = OutputVf 1
i x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 2 Then y1 = OutputMf 2
K x1 = InputMf 1 And x2 = InputMf 2 And x3 = InputMf 1 Then y1 = Output Mf 2
¥ x1 = InputMf 2 And x2 = InputMf 1 And x3 = InputMf 2 Then y1 = Output Mf 2
¥ x1 = InputMf 1 And x2 = InputMf 2 And x3 = InputMf 2 Then y1 = Output Mf 2
i x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 3 Then y1 = OutputMf 3
i x1 = InputMf 2 And x2 = InputMf 3 And x3 = InputMf 3 Then y1 = OutputMf 3
i x1 = InputMf 3 And x2 = InputMf 3 And x3 = InputMf 4 Then y1 = OutputMf 4
K x1 = InputMf 3 And x2 = InputMf 4 And x3 = InputMf 4 Then y1 = OutputMf 4
i x1 = InputMf 4 And x2 = InputMf 4 And x3 = InputMf 4 Then y1 = OutputMf 4
 x1 = InputMf 4 And x2 = InputMf 4 And x3 = InputMf 3 Then y1 = OutputMf 3
I x1 = InputMf 4 And x2 = InputMf 3 And x3 = InputMf 3 Then y1 = OutputMf 3
K x1 = InputMf 3 And x2 = InputMf 3 And x3 = InputV¥f 3 Then y1 = OutputMf 3
¥ x1 = InputMf 4 And x2 = InputMf 3 And x3 = InputMf 4 Then y1 = OutputMf 4
Fx1 = InputMf 3 And x2 = InputMf 4 And x3 = InputMf 3 Then y1 = OutputMf 3
¥ x1 = InputMf 3 And x2 = InputMf 3 And x3 = InputM¥f 2 Then y1 = OutputMf 2
¥ x1 = InputMf 3 And x2 = InputMf 2 And x3 = Inputh¥ 2 Then y1 = OutputMF 2
¥ x1 = InputMf 1 And x2 = InputMf 1 And x3 = inputif 0 Then y1 = Output M 0
¥ x1 = InputMf 1 And x2 = InputMf 0 Andx3 = InputM¥f 1 Then y1 = OutputMf 0
¥ x1 = InputMf 0 And x2 = InputMf 1 Andx3 = inputf O Then y1 = OutputMf 0
¥ x1 = InputMf 1 And x2 = InputMFf 0 And x3 = InputV¥ O Then y1 = OutputMf 0
¥ x1 = InputMf 0 And x2 = InputMf 0 And x3 = InputMFf O Then y1 = OutputMf 0
i x1 = InputMf 0 And x2 = inputh¥ 0 And x3 = InputMf 1 Then y1 = OutputMf 1
¥ x1 = InputMf 0 And x2 = InputM¥ 1 And x3 = inputh¥ 1 Then y1 = Outputvf 1
i x1 = InputMf 3 And x2 = InputMf 2 And x3 = InputMf 3 Then y1 = OutputMf 3
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— Desire Output

NN 4.24 wamsnaaeu 1nsU10vouuUaB IR 5

Rule

%1 = Input W 0 nd x2 = InpUt W 0 And x3 = Input ¥ 0 And x4 = Inputf 0 And x5 = Input V¥ 0 And". |
#x1 = InputMf 0 And x2 = Inputh¥ 0 And x3 = InputMf 0 And x4 = InputMf 0 And x5 = InputMf 0 And x...
# x1 = InputMf 0 And x2 = InputMf 0 And x3 = InptMf 0 And x4 = InputMf 0 And x5 = Inputhf 0 And x...
¥ x1 = InputMf 0 And x2 = InputMf 0 And x3 = InputMf 0 And x4 = InputMf 0 And x5 = InputMf 1 And x...
#x1 = InputMf 0 And x2 = InputMf 0 And x3 = InputMf 0 And x4 = InputMf 1 And x5 = InputMf 1 Andx...
#x1 = InputMf 0 And x2 = InputM¥f 0 And x3 = InputMf 1 And x4 = Inputh¥ 1 And x5 = Inputh¥f 1 And x...
#x1 = InputMf 0 And x2 = InputMF 1 Andx3 = InputM¥ 1 And x4 = Inputhf 1 And x5 = InputMf 0 And x...
#x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMF 1 And x4 = Inputh¥ 0 And x5 = InputMf 0 Andx...
¥x1 = InputMF 1 And x2 = Inputh¥f 1. And x3 = InputMf 0 And x4 = InputMf 0 And x5 = Inputh¥ 1 Andx...
#x1 = InputMf 1 And x2 = InputMf 0 And x3 = InputMf 0 And x4 = InputMf 1 And x5 = Inputhf 1 And x...
#x1 = Input¥f 0 And x2 = InputMf 0 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
¥ x1 = InputM¥f 0 And x2 = InputMf 1 And x3'= InpUtMf 1 And x4 = InputMf 1 And x5 = inputMf 1 And x...
#x1 = InputMf 1 And x2 = InputM¥ 1 And x3 = InputMf 1. And x4 = InputMf 1 And'x5 = InputMf 1 And x...
¥ x1 = InputMf 1 And x2 = InputM¥ 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
¥x1 = InputMf 1 And x2 = InputM¥f 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
#x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 2 And x...
¥ x1 = InputMf 1 And x2 = InputM¥f 1 And x3 = InputMf 1 And x4 = InputMf 2 And x5 = InputMf 2 And x...
¥ x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 2 And x...
#x1 = InputMf 1 And x2 = InputM¥ 2 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 1 And x...
# x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 1 And x5 = InputMf 1 And x...
#x1 = InputMf 2 And x2 = InputMFf 2 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
#x1 = InputMf 2 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 2 And x...
#x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 2 And x5 = InputMf 1 And x...
#x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 2 And x4 = InputMf 1 And x5 = InputMf 1 And x...
#x1 = InputMf 1 And x2 = InputMf 2 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
¥ x1 = InputMf 2 And x2 = InputM¥f 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
¥ x1 = InputMf 1 And x2 = Inputh¥ 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
¥x1 = InputMf 1 And x2 = InputMF 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
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% Rule List

Rule

i x1"="inputMf 2 And x2 = input W 2 And x3 = input W 2 And x4 = Input M 1 And x5 = input Vi 1 And x|

i x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
i x1 = InputMf 2 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
i x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
f x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
i x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = inputMf 1 And x5 = InputMf 1 And x...
i x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 2 And x...
K x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 2 And x5 = InputMf 2 And x...
i x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 2 And x...
K x1 = InputMf 1 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 2 And x...
i x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 2 And x...
K x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 2 And x...
i x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 2 And x...
i x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 3 And x...
i x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 3 And x5 = InputMf 3 And x...
i x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 3 And x4 = InputMf 3 And x5 = InputMf 4 And x...
K x1 = InputMf 2 And x2 = InputMf 3 And x3 = InputMf 3 And x4 = InputMf 4 And x5 = InputMf 4 And x...
¥ x1 = InputMf 3 And x2 = InputMf 3 And x3 = InputMf 4 And x4 = InputMf 4 And x5 = InputMf 4 And x...
K x1 = InputMf 3 And x2 = InputMf 4 And x3 = InputMf 4 And x4 = InputMf 4 And x5 = InputMf 3 And x...
¥ x1 = InputMf 4 And x2 = InputMf 4 And x3 = Inputf 4 And x4 = InputMf 3 And x5 = InputMf 3 And x...
i x1 = InputMf 4 And x2 = InputMf 4 And x3 = inputhf 3 And x4 = InputMf 3 And x5 = InputMf 4 And x...
if x1 = InputMf 4 And x2 = InputMf 3 And x3 =InputMf 3 And x4 = InputMf 4 And x5 = InputMf 4 And x...
x1 = InputMf 3 And x2 = InputMf 3 And x3 = InputMf 4 And x4 = InputMf 4 And x5 = InputMf 4 And x...
K x1 = InputMf 3 And x2 = InputMf 4 And x3 = InputMf 4 And x4 = InputMf 4 And x5 = InputMf 4 And x...
K x1 = InputMf 4 And x2 = Inputhf 4 And x3 = InputMf 4 And x4 = InputMf 4 And x5 = InputMf 3 And x...
K x1 = InputMf 4 And x2 = InputMf 4 And x3 = InputMf 4 And x4 = InputMf 3 And x5 = InputMf 3 And x...
i x1 = InputMf 4 And x2 = Inpit Mf 4 And x3 = inputMf 3 And x4 = InputMf 3 And x5 = InputMf 3 And x...
K x1 = InputMf 4 And x2 = InputMf 3 And x3 = Inputh¥f 3 And x4 = Inputf 3 And x5 = InputMf 3 And x...
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= Rule List

Rule ~
W3 Input Vi T And x2 = Input ¥ 1 Andx3 = InputiVi 17And x4 = Input W 1" And x5 = Input¥ 0'Andx... |
#x1 = InputMf 1'And x2 = InputMF 1 And x3 = InputMF 1 And x4 = Inputh¥ 0 And x5 = InputMf 0 And x...
¥ x1 = InputMf 1 Andx2 = InputMf 1 And x3 = InputMf 0 And x4 = InputMf 0 And x5 = Inputh¥f 0 And x...
¥ x1 = InputMf 1 And x2 = InputMf 0 And x3 = InputMf 0 And x4 = inputMf 0 And x5 = Inputh¥ 1 And x...
#x1 = Inputhf 0 Andx2 = InputM¥f 0 And x3 = InputM¥f 0 And x4 = InputMf 1 And x5 = InputMf 0 And ...
#x1 = InputM¥ 0 And %2 = Inputh¥ 0 And x3 = InputM¥ 1 And x4 = InputMf 0 And x5 = InputMf 1 Andx...
¥ x1 = InputMf 0 And x2 = InputMf 1 And x3 = Inputh¥ 0 And x4 = Input V¥ 1 And x5 = InputMf 1 And x...
¥ x1 = InputMf 1 And x2 = Inpath¥ 0 And x3 = InputMf 1 And x4 = Inputh¥ 1And x5 = Inputh¥ 1 And x...
#x1 = InputMf 0 And x2 = Inpt V¥ 1 And x3 = InputM¥f 1 And x4 = InputMf 1 And x5 = InputM¥f 1 Andx...
#x1 = InputMf 1 And x2 = InputMF 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
#x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
#x1 = InputMf 1 And x2 = InputMf 1 And x3 = Inputh¥ 1 And x4 = InputM¥f 1 And x5 = Inputh¥f 1 And x...
#x1 = InputMf 1 And x2 = InputMf 1 And x3 = Inputhlf 1 And x4 = InputMf 0 And'x5 = InputMf 0 And x...
#x1 = InputMf 1 And x2 = InputM¥f 1 And x3 = InputMf 0 And x4 = InputMf 0 And x5 = InputMf 0 And x...
¥ x1 = InputMf 1 And x2 = Inputh¥ 0 And x3 = InputMf 0 And x4 = InputMf 0 And x5 = InputMf 0 And x...
¥ x1 = InputMf 0 And x2 = InputMf 0 And x3 = InputMf 0 And x4 = InputMf 0 And x5 = InputMf 0 And x...
#x1 = InputMf 0 And x2 = InputMf 0 And x3 = InputMf 0 And x4 = InputMf 0 And x5 = InputMf 0 And x...
# x1 = InputMf 0 And x2 = InputMf 0 And x3 = InputMf 0 And x4 = InputMf 0 And x5 = InputMf 0 And x...
#x1 = InputMf 0 And x2 = InputMf 0 And x3 = InputMf 0 And x4 = InputMf 0 And x5 = InputMf 1 And x...
#x1 = InputMf 0 And x2 = InputMf 0 And x3 = InputMf 0 And x4 = InputMf 1 And x5 = InputMf 1 And x...
# x1 = InputMf 0 And x2 = InputMf 0 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
#x1 = InputMf 0 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 0 And x...
#x1 = InputMf 0 And x2 = InputMf 0 And x3 = InputMf 0 And x4 = InputMf 1 And x5 = InputMf 1 And x...
#x1 = InputMf 0 And x2 = InputMf 0 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
#x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
¥ x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 0 And x...
#x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 0 And x5 = InputMf 1 And x...
#x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 0 And x4 = InputMf 1 And x5 = InputMf 1 And x... -

82 Rule
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% Rule List

Rule

i x1= inputMf 2 And x2 = input M 2 And x3 = input Mf 2 And x4 = input W 2 And x5 = inputh¥ 1 And x|
K x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 1 And x5 = InputMf 1 And x...
K x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 1 And x...
K x1 = InputMf 2 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 1 And x5 = InputMf 2 And x...
K x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 1 And x4 = InputMf 2 And x5 = InputMf 1 And x...
¥ x1 = InputMf 1 And x2 = InputMf 1 And x3 = InputMf 2 And x4 = InputMf 1 And x5 = InputMf 2 And x...
¥ x1 = InputMf 1 And x2 = InputMf 2 And x3 = InputMf 1 And x4 = InputMf 2 And x5 = InputMf 2 And x...
i x1 = InputMf 2 And x2 = InputMf 1 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 2 And x...
K x1 = InputMf 1 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 2 And x...
K x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 2 And x...
K x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 2 And x...
K x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 2 And x...
¥ x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 2 And x5 = InputMf 3 And x...
i x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 2 And x4 = InputMf 3 And x5 = InputMf 3 And x...
¥ x1 = InputMf 2 And x2 = InputMf 2 And x3 = InputMf 3 And x4 = InputMf 3 And x5 = InputMf 4 And x..
K x1 = InputMf 2 And x2 = InputMf 3 And x3 = InputMf 3 And x4 = InputMf 4 And x5 = InputMf 4 And x...
Fx1 = InputMf 3 And x2 = InputMf 3 And x3 = InputMf 4 And x4 = Inputif 4 And x5 = InputMf 4 And x...
K x1 = InputMf 3 And x2 = InputMf 4 And x3 = Inptit Mf 4 And x4 = InpitMf-4 And x5= InputMf 3 And x...
Fx1 = InputMf 4 And x2 = InputMf 4 Andx3 = inputMf 4 And x4 = InputMf 3 And x5 = Inputh¥f 3 And x...
¥ x1 = InputMf 4 And x2 = InputMf 4 And x3 = InputMf 3 And x4 = InputMf 3 And x5 = Inputhf 4 And x...
K x1 = InputMf 4 And x2 = InputMf 3.And x3 = InputM¥ 3 And x4 = InputMf 4 And x5 = InputMf 4 And x...
K x1 = InputMf 3 And x2 = InputMf 3 And x3 = InputMf 4 And x4 = InputMf 4 And x5 = InputMf 4 And x...
i x1 = InputMf 3 And x2 = inputMf 4 And x3 = InputMf 4 And x4 = InputMf 4 And x5 = InputMf 4 And x...
Fx1 = InputMf 4 And x2 = InputMf 4 And x3 = Input¥ 4 And x4 = InputMf 4 And x5 = InputMF 3 And x...
¥ x1 = InputMf 4 And x2 = InputMf 4 And x3 = inputhif 4 And x4 = InputMf 3 And x5 = InputMf 3 And x...
¥ x1 = InputMf 4 And x2 = InputMf 4 And x3 = InputMf 3 And x4 = inputMf 3 And x5 = InputMf 3 And x...
K x1 = InputMf 4 And x2 = InputMf 3 And x3 = InputMf 3 And x4 = InputMf 3 And x5 = InputMf 3 And x...
Ix1 InputMf 3 Andx2 = mwawxs Ier3N\dx4-m1M3de5 Irwll3/‘ndx..
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