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ABSTRACT

Nowadays, there are tremendous data creating from running the companies. In order to
make use of the data and to find the best information for supporting decision making by the
managers, it takes some times and might not get the right information. Therefore, this problem
must be solved. The idea of data mining is brought in to handle the overflow data, to analyze for
useful information and to find the relationship of different data, etc.

This project is the development of Pruning Neural Network system using Sensitivity
analysis method which is one kind of data mining. It uses recognizing pattern and back
propagation learning method. The system helps in analyze and predict the trend of information,
To be able to develop this system, Microsoft Visual Studio.net 2005 is required in building neural
network and Microsoft SQL Server 2005 for data base.
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Activity Diagram : Training Neural Network
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Activity Diagram : Pruning Neural Network
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Activity Diagram : Testing Neural Network

nAYY Testing

_/

ymnaasylasevinlseamifion

N

HORIRDENENINATIOL

Tasevmlszomiion

Nand

510 4.10 uen 37 InszunsueTuwmsnadeu Inssiodssmmiiion

4.3 msesnuuUAMIABLUAIH (Class Diagram)

37

oSueszuumMs ey lnosmeesssuumsaauas Inseodssammioud w35 s e

»
Anpudnan 1agUde ludal

Class Diagram: BPNN

Neuron

Neural Network frmMain

Data Preparation

it 411 amalaezunsueTusmshnuuesszuumsdauds Inssnnlssmmiioy

ada e aanc
ﬁ'qmmmﬂznmwwumﬂ



38

NeuralNetwork

- Inputcount: Integer

- Inputdata: Double

- Hiddencount: Integer
- Outputdata: Double

- Outputcount: Integer
- weightarray(): Double
- input: Neuron

- weightarrayout(): Double
- hidden: Neuron

- biasoa(): Double

- output: Neuron

- biasha(): Double

+ Initialize(inputdata: Double, outputdata: Double, inputcount: Integer, hiddencount: Integer,

outputcount: Integer):Neuron

+ Feedforward(inputdata: Double, outputdata: Double): Double

+ Backpropagate(inputdata: Double, outputdata: Double, learning_rate: Double, momentum:

Double): Double

7% 4.12 eFV1wABIA NeuralNetwork

Neuron

- player: Integer

- poutputtraining: Double
- pindex: Integer

- perror: Double

- pbias: Double

- pinput: Double

- poutput: Double

- pweight: Double

+ Newl(player: Integer, pindex: Integer): Neuron
+ Logicticfunction(outputdata: Double): Double

31U 4.13 e3uwAe1Y Neuron
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frmMain

- iterate: Integer

- hiddennode: Double

- errorrate: Double

- aspecterror: Double

- learning_rate: Double

- myds: Dataset

- momentum: Double

- myda: SQLDataAdapter

- inputDataArray(): Double
- outputDataArray(): Double

+ savenn(inputcount: Integer, hiddencount: Integer, outputcount: Integer,weightin: Double,
weightout: Double, biasoa: Double, biasha: Double, learning_rate: Double, Momentum:
Double): String

+ loadnn(): String

+ testingBPNN(inputcount: Integer, hiddencount: Integer, outputcount: Integer,weightin: Double,
weightout: Double, biasoa: Double, biasha: Double, learning_rate: Double, Momentum:
Double, sample: Double): Double

+ trainingBPNN(inputcount: Integer, hiddencount: Integer, outputcount: Integer, learning_rate:
Double, Momentum: Double, sample: Double): Double

+ sensitivitycal(weightarray(): Double, iterate: Integer, learning_rate: Double): Double

qUf 4.14 8F1U10AAIA Testing

?2511INEBAYINAANT NeuralNetwork
S i 4
WTOANINAGIE NeuralNetwork 915085 103uasumMs™au lédede 1l
1 4
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