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ABSTRACT

In the modern world of the business operation, it is difficult to avoid competitions. Any
activity needs to enter into a competition. Collecting information and using information are
important parts which are used for the best benefit to plan a strategy and to gain an advantage with
a competitor. Data mining is one of the choice that can improve the effectiveness of systematic
operation.

This project propose data mining process by use Self-Organizing Map algorithm for

clustering data so to combine data preparation and exploration system with data mining.
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Pls, Select Choice SQL
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¢ Join Table Execute
54 g CODE EXAMPLE =
ISELECT customer.”, zone.zone_name INTO
temp_BeforeClean
- FROM customer INNER JOIN zone ON
icustomer.zone_id = zone.zone_id
= .
1]4 9 v 9
JUN 4.2 U199 UUBYA
9 ' i,y
4.3.2 U995 UVULNNANAIY SOM
[#® Seli-Organizing Map
Create New Map | Deplogment Map |
General ;Advame%
InputVector Set Parameters 7
petal_|_M... ] petal_w_.. | sepal_|_.. |{sepalw_. i : Map Widths - e
0.0677966.. 0.0416666.. 0.2222222.. 0.625 z 1 —
0.0677966... 0.0416666... 0.1666666... 0.4166666...
0.0508474.. 0.0416666.. 0.1111111.. 05 Map Heights : 1 :‘!
0.0847457.. 0.0416666... 0.0833333.. 0.4583333
0.0677966.. 0.0416666... 0.1944444.. 0.6666666.. Ensilin: [oeeatain
01186440.. 0125 0.3055555.. 0.7916666... peflon 10.000001
0.0677966.. 0.0833333.. 0.0833333.. 0.5833333. % oS -
0.0847457... 0.0416666.. 0.1944444.. 0.5833333.. Learning Rate : 01
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Output Patterns Input Data Information :

cluster 1 :
cluster 2 :
cluster 3 :

0.57 0.52 0.43 0.29
0.75 0.79 0.65 0.41
0.09 0.08 0.21 0.61
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Number of Inputvectors :
InputLayer Dimension :
Trained lterations

Current Epsilon
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