Hesayanazmaluladarsauma wizesuindiainnazts

.Y ] =1 Al a d
maannszuulassnedssamnenlagldIsmsnsizyinnula

DEVELOPMENT OF NEURAL NETWORK SYSTEMS USING
SENSITIVITY ANALYSIS FEATURE SELECTION

Tae

PIYARAT YUWAREE

¢l
21V IYNVINH

IA.A3.25NDY N3YIAY

O A
nuvedion..03434 H004434 5.9 22631
i ouil. s Aufh. 20 - S

dw [ | d! 2 %
swanuiiivdiumtisvednlasemsiacnszuuau
nangasInnmansuniamia s dvunalulagasauuna
=
aazmalulagmsaiuna
aatunaluladnszeeundudgammsananszily

maBaui 2 Unsfnmn 2549



DEVELOPMENT OF NEURAL NETWORK SYSTEMS USING
SENSITIVITY ANALYSIS FEATURE SELECTION

PIYARAT YUWAREE

A SYSTEM DEVELOPMENT PROJECT
OF THE REQUIREMENT FOR THE DEGREE OF
MASTER OF SCIENCE PROGRAM IN INFORMATION TECHNOLOGY
FACULTY OF INFORMATION TECNOLOGY
KING MONGKUT’S INSTITUTE OF TECHNOLOGY LADKRABANG
2/ 2006



COPYRIGHT 2007
FACULTY OF INFORMATION TECHNOLOGY
KING MONGKUT’S INSTITUTE OF TECHNOLOGY LADKRABANG



k4 Q/ ' =
1Yo ﬂ'liW@lu’lﬁz?J‘UIﬂ5\3‘Uwﬂi$ﬁ11’lﬁ’lﬂu

Tasl¥3Emsansizriarms

o & @ d =)
HpAn unaneiad ¢33
SHEAUDANE 48066414
B Inoendasumtindia
) -
I wa Tuladaseaume
YUV InMsasaUN
Umsenm 2549
deat ¢ A
115N UInn SALAT.ATHIY  NIYITAY
[ ¥) ]
YNANED

o Y. T o o 3
TuilegiiuiiInssedszamisngnldlumsahadusvvdnouieldlums
v & a o o o J i n’/l
udfymia Fadidendeyadunaldmmnzdeyaidifgfuoidnaveslnsadie 1dudandy
° 9 ] A n’: o o r =t
winlfuineveslassiwdseamisniubnas mswauissuyTasstsdssaninou lag
2, = ¢ [ o = 2, a 4
1¥33msTiangianul dumsmanuddguesdunalaslddtnmsinnzinnu s Tae
o o a o § o o o a ot
wimssiuranuuasngany luehunidlumsmanudidgvesduna Taezrim
o o ° o = 1 o é
anu B sedrduannun lunides udaniund i gap vesdunauAaza Feezlinis
] ] d' Y 4'1 o =3 =) [ v a - ~ Y [
fnuasinsi Bidtevhmsn/Souifiouiuat gap vea8uya 1 gap vesdunaliantiesnd
T {1 o 1 a n’: ] @ o v a
fnsindnua 13 naashdunaduhifinansgnuiuieianaveslnseing amisoauduna

3 ' & ° [} o ° a o J
ffusonnTnsevie 'l Feeeirld Iassvefivuiadnasuazinauldidssdnsamainniu



Title Development of Neural Network Systems

using Sensitivity Analysis Feature Selection

Student Miss.Piyarat Yuwaree

Student ID. 48066414

Degree Master of Science

Programme Information Science

Academic Year 2006

Advisor Assoc. Prof. Dr.Worapoj Kreesuradej
ABSTRACT

Now a day, neural networks are often used as models for solving several
problems. Feature selection for neural networks is an important technique to reduce the
size of neural network model. This project is about development of neural networks
system using sensitivity analysis for feature selection. Sensitivity analysis by computing
sensitivity matrix ~ is used to identify significant features for neural networks. Then,
insignificant features are pruned from neural networks. As a results, the neural networks

obtained from this pruning method are smaller size.
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S=0'xWxY'xV (2.13)
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