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ABSTRACT

Nowadays, prediction is important for business organization due to it was used as a trace
in business. There are many ways to predict but in this study interests neuro-fuzzy technique
which comprises Neuro-fuzzy System and Genetic Algorithm for prediction. This system is
divided in to two parts. In first part, Genetic Algorithm was used to develop the fuzzy rule base of
neuro-fuzzy system in order to receive the best fuzzy rule base for use in the prediction system. In
second part, the fuzzy rule base derived from first part was used for neuro-fuzzy training in order
to adjust some parameters in system. By this technique, system could predict accuracy data. From
this study, it was found that there are many factors including number of data, number of input and
error value that have an effect to data prediction. In addition, increasing of factors gave worse
result and took long time for prediction. From this testing, the result showed that this system

could predict output data as same as real data.
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Mutation chromosome
Compare fitness value of old chromosome and new
chromosome
Choose chromosome from old chromosome and new
chromosome
Until the number of the round of the fitness value of old chromosome
equal the fitness value of new chromosome equal the number of max
round
End
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Begin
Get input from user
Get best chromosome
Repeat
While not end of data train
While not end of input set
Set input vector to apply training input
Set target to apply training input
Fuzzification
Rule evaluation
Aggregation
Defuzzification
Find output
Find error
Fine center parameter of fuzzy system
Find sum square error
End while
End while

Until the root mean square error less than the error tolerate or the
number of round of training more than 300 rounds

End
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Begin
Get input from file
Get best chromosome from file
While not end of data test
While not end of input set
Set input vector to apply testing input
Set target to apply testing input
Fuzzification
Rule evaluation
Aggregation
Defuzzification
Find output
Find error
Find root mean square error
End while
End while
End
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