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2.1.1 Mshauveunilosdeya (Data Mining Tasks)
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2.1.1.1 MIIANQN (Classification)
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2.1.2.6 MIAATIZHAINY (Sequence Analysis)
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2.1.2.7 ms‘imﬂzﬁmmtﬁmmu (Deaviation Analysis)
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2.1.2 N3TUIUMIVOUNIDIYRYA (Data Mining Process)
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1. ﬂ1ﬁuﬂ1ﬂqﬂi$ﬁ¢lﬂ (Determining objective)
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3. d153990ya (Explore data)
[ 4 { a ° 0’1’
dumsmlassadegluuuvesdeyn oivzdnsanirlylduduaey
y ° ] ' a ad o yy U A o ]
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2.1.24 miaauuusiass (Modeling)
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2. ATIVABDUNICUIUNT (Review process)
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= J é 3/
NATUFIDYITY 1
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