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ABSTRACT

Now, Forecasting is very important in each organization. When Information
System is developed to use in every field, and including stock forecasting. The stock
is a higher risk investment than others. When stock price analysis is suitable for
bl;ying or selling, is important to direction to be. There are many techniques that use
to forecast. One method be used that the human brain copying called “Neur;l

Network”.
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Wi Forecast Stock by Linear Neural Netuwor K

Y 10day : 2070272003

Stock Code

= Learning Rate : Acception Ervor :
Start Date : Last Date: Count:
Train Data(%): Test Data(%):
Significance of Data : Transform Data :
Min Data : Max Data :
No. of Input Node: No. of Hidden Node:

Do you want to Train Network : .4

Enter data or press PF4 to end.
[ 1 lANSI TCPAP 1589 L 000D

;asuml ﬂ & m o lg 88.0.0.210 A Expronng - forecast J @_]ﬁ‘uunﬁ 3 - Micros ! @0 Snagit/32 l mﬁ%

ci o
3UN 3.1 venmuaasmsiiauvedlsunsy

Today : 11)sunsuazuaasiunilagiiv
Stock Code : T1¢{ 19l dsiauoaru

o A Vv b4 o '
Forecast Day : 11)5unsnazuaaaiunoannvoyagameniioegluszuy
P YYq ¥q 1w ~ J A a | pr
Learning Rate : 17519 1a60351m3i500] 433m13en3190 09 1
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Test Data (%) : Tﬂsummzv’iwmsﬁﬂmJi’fmgawﬁa%1ﬂpﬁ“lﬂff’“ldﬁmamﬂuﬁsuﬁﬁﬁmﬁ Train
(100 % - Train %)

Significance of Data : Wil$1d8ns iivoyamunsaiivzianmaldfnesigusd

Transform Data : Glﬁ’éﬁl%tﬁﬂﬂ’jwzﬁmﬁ Transform Data 113?’892‘1‘14‘1;’34 0.1)
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Max Data : 11/sunsuaziansmigeganvoniv’ld

No. of Input Node Glﬁ/éclﬁﬁﬁm’m Input

£

No. of Hidden Node : 14§14 1a%1147u Hidden
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y_ 9 o o X = o Y o ot b4
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Foregecdst Stock by Neural

Forecast

29/11/2002 » 25.89

0271272602 . 26.11
8371272802 p 26.83
084712720082 26.14
06/12/72602 » 26.12
69/1272002 . 25.64
1171272802 . 24.33
12712726062 22. 22457
1371272002 v 22.81
16/12/2002 . 23.20
1771272602 23 . 23.48
1871272002 2. 22.93
1971272002 . 22.63
20712720062 . 22.91
23/12/2002 . 22.53

Connect to the " 0 utlack
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4.1 mansaudeyn

Soynit 19 lumsnanes 11nan www.setorth Tasinjudandounelusiedud

2/07/2002 3B 10/03/2003 3iimsinsey Tasmanhdeyaiilalddeynnallugwdeya

[} [ 4
i TABLE FORE-STOCK {i510asiouanail

A131970 4.1 51waziBuaves TABEL FORE-STOCK

FIELD DESCRIPTION
STOCK simfumurmIandnnIng
STOCK-DATE Juyiniins TRADE
PRICE s111a
4.2 M3Input Data

videyariu ITD (MaAruan) i ldTunnmswiendeyaunimsiszulanagquun

F o ') A ] '
Tuweafuielddmiumsmenselluniiamisenaidaamih

Today : Tsunsuazuaasiunilegiiu

Stock Code : ITD

[Y) Aw 9/ 9 :id 1
Forecast Day : Idsunsuszuaasiundanndeyagahentegluszuy

Learning Rate : .000005
Acception Error : .0000000001

Cycle : 1000

9
o 9/

Start Date : TUsunsuszuaasiuiiGuduvesdoyaditiy
1Y { d
Last Date : Tlsunsussuaasiuiigamevesdeyainy
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Count : Tdsunsusziuansiniudeyafidy I luszuuimua
Train Data (%) : 80

Test Data (%) : T1sunsuazinann1y (100 % - 80%)
Significance of Data : 0

Transform Data : yes

Min Data : Tlsunsuszugasmirgaiivensy'ld

Max Data : Tsunsuazuaasirgqaqafiveuiula

No. of Input Node : 2

No. of Hidden Node : 2

Do you want to train Network : Yes

4.3 HANINATLY
[ t 4 "
91015 Train W 10 5un5U39A51 1000 581 92 1dvimdanlinstSum Tasdtiasen

4 ad -] o
unIsn uuuumwsawzmmw"lﬁ'

e

- {1910 Input Node 7 111) Hidden Node 1 j #ai
W,, = 0.01,W,,=0.40, W, = 0.83, W,, = 1.02
- im1¥n97n Hidden Node 7 j T1) Output Node it
W, =049, W, =0.54
o miinf 8uims Test oz 1Wdoynsenisedt 4.2 feil

A15139 4.2 #am3 Test Y99 Input Node = 2, Hidden Node = 2, Output Node = 1

’3’11‘71 Trade 51M1A  Normalization 31A1Forecast Normalization

s1tla 31A1 Forecast
28/01/2003 225 0350961539  24.0549968 0.425721
29/01/2003 22.1 0331730769  24.0977616 0.427777
30/01/2003 22.1 0331730769  23.7412496 0.410637
31/01/2003 22 0326923077  23.6352528 0.405541
03/02/2003 222 0336538462  23.5394896 0.400937
04/02/2003 222 0.336538462 23.704496 0.40887
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05/02/2003
06/02/2003
07/02/2003
10/02/2003
11/02/2003
12/02/2003
13/02/2003
14/02/2003
18/02/2003
19/02/2003

20/02/2003

21/02/2003
24/02/2003
25/02/2003
26/02/2003
27/02/2003
28/02/2003
03/03/2003
04/03/2003
05/03/2003
06/03/2003
07/03/2003
10/03/2003

¥

22.8
22.8
22.1
21.2
21.6
21.4
20.5
20.3

20
19.3
174
174
17.4
17.1
15.6
15.7
16.7
NS,
17.5
16.9
16.6
16.4
15.2

0.365384615
0.365384615
0.331730769
0.288461539
0.307692308
0.298076923
0.254807692
0.245192308
0.230769231
0.197115385
0.105769231
0.105769231
0.105769231
0.091346154
0.019230769
0.024038462
0.072115385
0.110576923
0.110576923
0.081730769
0.067307692
0.057692308

0

23.7575152
24.3319904
24.4910064
23.8207472
22.773488
22.9180064
22.8324976
21.9177552
21.487736
21.1474896
20.3977536
18.393008
17.8895024
17.8895024
17.6022544
16.086496
15.7847504
16.768736
17.7997504
18.011744
17.437248
16.9910048
16.7200016

0.411419
0.439038
0.446683
0.414459

036411

0.371058
0.366947
0.322969
0.302295
0.285937
0.249892

0.15351
0.129303
0.129303
0.115493

0.04262
0.028113

0.07542
0.124988

0.13518

0.10756
0.086106
0.073077

{oyas1nilanazs1m Forecast uinsnans ez Tddaziln 4.1

21
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