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3) C, = AprioriGen(L,..);

4) For all Transaction ¢t € Ddo

5) C, = subset(C,, t);

6) For all candidates ¢ € C, do

7) c.count++

8) end
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10) end
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L, = {Frequent 1-itemsets}

3)
4)
5)
6)
7

8)

9)

C, = AprioriGen(L, ,);
For all Transaction ¢ € D do
C, = subset(C,, 1);
For all candidates ¢ € C,do
c.count++
end

L, ={c€ C,|c.count 2 minsup}

11) Answer= U L,
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