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ABSTRACT

Nowadays, n.eural network model is being developed to simulate the think of human and applied
and used in many fields of work. Such as it can be applied to use in the time-series forecasting,
control, pattern recognition, image processing, and business fields as in this paper. In this report
describes the architecture and simulation of a feed forward network. The most wildly used and
easily recognition neural network is so-called backpropagation network. There is also the

simulation of working according to theory made by computer program to show of working.
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begin
specify network structure
random weight
loop
do while not end of input set
set input vector to apply training input
forward propagate to generate outputs
backward propagate to update error values
update weights
loop {do while}
until some square error less than error tolerate
save weights to files

end.

SEmsmameyTasetwidudunendail
begin
get input vector from file
get weights from files
forward propagate to generate an output
save output to file

end.
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. Stock Forecast with Neural Network

Stock Forecasting by Neural
Network Technique

U0 4.1 vaaswihoedmiumslfaullsunsy

v ] v
ndan g 1dhmuaduynangasuudivuseunsniidesnszinounemsqumanimin

U

£ 4
' a o ' (4
yoansi¥ou Toesening Tnuaduyn Tnuaduaeu o IMUAIAYN
& 1o v 0 ' o o A 1 0 '
Famnd1F livimsquanzi i hiannsaldaufddug lunfwe1d wnhezimsdy
' :‘ @ ' 1 o U 4 o <
Anhmiindenou miguazildlasmsnallu Random Weight iiio Tlsunsuihanuaioeg

uAAIHAANEBONIAIgLN 4.2



42

o

Stock Forecasting by Neural
Network Technique
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| . Stock Forecast with Neural Network

Stock Forecasting by Neural
Network Technique
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