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ABSTRACT

Data Mining necessaries to useful for analyze huge data. We use that result to do
marketing strategy and make decision with business plan. There are many Data Mining
mode] to use but we almost interesting and often using is Clustering Model which have
K-means algorithm to do data grouping. Job scheming will create tools to do data grouping
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A15191 2.1 Business_Info

Age Rent_Period Buy
23 3 No
36 1.5 No
20 L5 No
27 2 Yes
20 1 No
50 2.5 Yes
36 1 No
36 2 Yes
22 2.5 no

SQL #MFU Decision Tree vosiataeiutiaihy 2 ya dmsvileteuiozedns
1. SQL %3 root node ﬁx’iﬁy
SELECT B.Rent_Period , B.Buy , COUNT(*)
FROM  Business_Info B
WHERE B.Rent Period >2
GROUP BY B.Rent Period , B.Buy

v
HaaWFves SQL HiAp

$ LY. o a
ﬂ1‘§1\3ﬁ 2.2 HARNTUDY SQL 91171 root node

Rent_Period Buy Yes No
1 0 2
1.5 0 2
2 2 0
2.5 1 1
3 0 1
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2. SQL @M%Y node M child N9 U9 root A9
SELECT B.Age, B.Buy, COUNT(*)
FROM  Business_Info B
WHERE B.Age>25
GROUP BY B.Age, B.Buy

3
HAadWEYes SQL iAo

4 v o ar $ .
ﬂ‘ﬁ‘Nﬁ 2.3 NATAWTUDY SQL 9151 node ﬁlfﬂu child 1719921984 root

Rent_Period Buy Yes No
20 0 2
22 0 1
23 2 1
27 1 0
36 1 2
50 1 0

HadWET 1A91nuday THUAYDY Decision Tree (36791 AVC set (Attribute Value, Class
label ) 91nda8dedhedunziiu 2 AVC sets iito 19 Iumssangugndn
2. Haseauia e Haseanindsn (Neural Net)

Suma TuTosftiiannmudfednwilynlssang Artificial Intelligence:AI {014
TumssuradiflsiFuninagudeya 35nmsves drsoaiia (e edesSenididui
Artificial Neural Networks #38 ANN) ifu3smsiilfinfesSeudandredieduuny udain
(Train)  IHsz0v'1838nResRaudTamfindrednld lulassadnvesiiaseniingg
UsgnoudluTnua (node) d 15U Input — Output uaznIstlszulana nszviweylulnseadis
s 91 141A Input layer, Output layer itag Hidden layers n151/szutanavesiiasoaiine:

as [ o v v ' ; o [ v { [ a
orensaam s Inuadg 9 T layer manll dmsudiedregad 2.3 iWumsdinsied

= LY P 9 a o
wuuReatugdn 2.2 lulassadwuuviiiseania
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ANUYNADY
> Model Usage ( Classification )
) o vy o < i o o
i Model dam$ulddeaan himeivanneu (Unseen data) Tnsszsimsdmuanaa
T9inu Object Inaifi 1811 vSevinnedivenyimnuiidesnts
2.2 Prediction
o Ay Y A 1w ' 1 = o
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3. Database clustering %30 Segmentation

'
AA v

malamIaavuiavesdoyadlon1ssaungudlsitdnyuzidaiu13doiy
Aoy vidmimiwsooud lduenngugniieeniilu 3 nqu Ae
1. nguAiiseldgs (>$80,000)
2. nguiiise ldwnans (825,000 to $ 80,000)
3. 9101481 (Less than $25,000)
uazmeluusagnguiaoneoniiy
- Have Children
- Married

- Last car is a used car
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- Own cars

First Segment (High mcome)

= W Have Children

Second Segment (Middle mcome) 7/ Married
V//////A Last car is a
used ca
Thir d Segment (Low income)

m Own cars

gﬂ‘?l 2.4 1708614 Clustering
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4. Deviation Detection
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maiai 19 lunsasvaon mediaey v3olnsnsantaou sauﬁamsmawmﬂunwim
ﬂlea%ymm‘luTsmuqmﬁmﬂsm

S. Link Analysis

9M3IMNIYVDI Link Analysis 1D M5a319 Link 7156091 “associations” 331319 Record
178 130 NGUYI Record Tugudoya Link analysis awnsautisoonily 3 ¥iia do

- Associations discovery

- Sequential pattern discovery

- Similar time sequence discovery
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Customer Segmentation

3.1 ANUHNIBUBY Customer Segmentation

Sn.
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13914 UD4 Direct k-means clustering algorithm

function Direct-k-means()
Initialize k prototypes (w,,..., w,) such that wi=1,j € {l,...,k}, 1€ {1,...,n}
Each cluster C, is associated with prototype W,
Repeat
For each input vector i,, where1 € {1,...,n}, do
Assign i, to the cluster C,- with nearest prototype W
el i -w | S|i-wl,j € {1,...,k})
For each cluster C,wherej € {1,...,k},do
Update the prototype w; to be the
centroid of all samples currently
inC;, so that w; = Zi,ec, L/ C,|
Compute the error function:
k
B=3 i -w, I
J=1ieC,

Until E does not change significantly or cluster membership no longer changes
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4.3.3 Activity Diagram
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