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ABSTRACT

favorite data item. This method is data mining for discovery data association.

Data Mining System for Discovery Multi-Level Association Rules is used for mining

multiple levels of data association. The project use cumulate algorithm that process including of

data category so it will give more delicate information.
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3.4. 9ano3N1NBN3003 (Han and Fu. 1999)

o 1 ¥ v o Jdd da o v a L)
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o v _a a _a ) Lo 2 v am 4 2
Mauvesdanesfiuensesi(Algorithm Aprior) Fuilusaneiiuiugulugnisuduveans

o as ¥ 4 /A
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) A o . da 4 A i aa P
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L, = {frequent I-itemsets}
For(k=2;L,, #¢, k++) do begin
C, = apriori- gen (L, ,,min_sup );
forall transaction ¢ € D do begin
C, =subset(C,,1)
forall candidates ¢ € C, do
c.count + +;
end
end

L, = {c¢ eC,|c.count > minsup}

end
Answer = U L,
k
Ei (Y a2 a a
AINN 3.2 9ANDINUBNITDOT
insert into C,

select p.item,, p.item,, p.item,_,,q.item,_,
fromL,_ ,pL, ,q
where p.item, = g.item, ,..., p.item,_, = q.item,_,, p.item,_, < q.item,_,

N 3.3 MSMIAUFNVBI C,
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forallitemsets ¢ € C, do
forall (k-1)-subsets s of ¢ do
if (s ¢ L,,)then
deletec from C,
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L2-Itemsets : 4 Frequents

A C : total 2 transactions (50%)
Rule A => C [50, 100]
Rule C=> A [50, 67]

B C : total 2 transactions (50%)
Rule B => C [50, 67]
Rule C =>B [50, 67]

B E : total 3 transactions (75%)
Rule B => E [75, 100]
Rule E => B [75, 100]

C E : total 2 transactions (50%)
Rule C=>E [50, 67]
Rule E =>C [50, 67]

B C E : total 2 transactions (50%)
Rule B =>C, E [50, 67]
Rule C => B, E [50, 67]
Ruie E => B, C [50, 67]
Rule B, C => E [50, 100]
Rule B, E => C [50, 67]

Rule C, E => B [50, 100]

: lift factor = 1.33

: lift factor = 1.33

: lift factor = 0.89

: lift factor = 0.89

: lift factor = 1.33

: lift factor = 1.33

: lift factor = 0.89

: lift factor = 0.89

: lift factor = 1.33

: lift factor = 0.89

: lift factor = 1.33

: lift factor = 1.33

: lift factor = 0.89

: lift factor = 1.33
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Transaction | Items Bought
100 Shirt Clothes Footwear

200 Jacket, Hiking Boots / \ / \

300 Ski Pants, Hiking Boots . s

400 Shoes Cuterwear Shirts  Shoes  Hiking Boots
500 Shoes / \

600 Jacket Jackets Ski Pants
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L, = {frequent 1-itemsets}
For(k=2;L,, #¢,;k++) dobegin
C, = apriori-gen(L,,,min_sup );
forall transaction ¢ € D do begin
t =add - ancestor(t,T)
C, =subset(C,,?)
forallcandidatesc € C, do
c.count ++;
end
end
L, = {c €C,|c.count > minsup}
end
Answer = ULk,'
k

Mni 4.3 daneShuuda
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4.3 5ond37uAIYIAN (Algorithm Cumulate)
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transaction)
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ComputeT" , the set of ancestors of each item, from T // Optimiz 2
L, = {frequent I-itemsets}
For(k=2;L,_, #¢,;k++) dobegin
C, = apriori-gen(L, ,,min_sup );
if (k =2)then prune(C,) // Optimiz3
T" =remove - unnecessary(T",C, ) // Optimiz |
forall transaction € D do begin
t =add - ancestor(#,T")
C, =subset(C,,1)
forall candidatesc € C, do
c.count + +,
end
end
L, = {c €C,|c.count > minsup}
end
Answer = ULk,'
k

NN 4.4 dane3 NufAyan

4.4 M3 VRIDINLINNRIYAN

a ' ' ) Yo 4
NNNN 4.2 ﬂi11’411U~11411’Jﬂ141'!ﬁ1ﬂ15ﬂﬁﬁNﬂ]iN T* "lﬂ JU

MINN 4.1 0150 T* N uvinnsmhnauiany

Item Ancestors Set

Shirt {Clothes}

Jacket {Outerwear, Clothes)
Hiking Boots  |{Footwear}

Ski Panty {Outerwear, Clothes} . -
Shoes {Footwear}
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A a a ' 9 a a 1 o
Welimsisulszuranasugdoyaselimamy vssnygy vewdas loulunsu

A lTumsfuIua e dann

M3 4.2 gudoya D

Transaction | Items Bought

100 Shirt

200 Jacket, Hiking Boots

300 Ski Pants, Hiking Boots

400 Shoes

500 Shoes

600 Jacket

\J

T100 Shirt, Clothes

T200 Jacket, Hiking Boots, Qutwear, Clothes, Footwear
T300 Ski Pants, Hiking Boots. Quterwear, Clothes, Footwean

T400 Shaes, Footwear

T500 Shoes, Footwear
1600 lacket, Qutwear, Clothes

MUN 4.5 HaAIMSINLYI INY Ve Toriy asluusazniusasu

M1519% 43 AT Ci M3 4.4 1579 Li

Hemset Sup count Hemset Sup cound

{Shixt} 1 {Jacket} 2

{Jacket} 2
{Hiling Boots) 3

{Hiking Boots) 2
{Ski Pants) 1 —> {Ress) g
{Shoes) 2 {Clothes} 4
{Clothes} 4 {Outerwear} 3
{Outerwear}) 3 {Footwear} 4

{Footwear} 4



M1 4.5 1319 C2 A1319N 4.6 A1513 C2

Hemset — Pr—
{Jacket, Hiking Boots} {Jacket, Hiking Boots) 1
{Jacket, Shoes} {Jacket, Shoes) 0
{Jacket, Footwear} {Jacket, Footwear} 1

{Hiking Boots, Clothes} | —) {Hiling Boots, Clothes}

{Hiking Boots, Outerwear} {Hiking Boots, Outerwear})

{Shoes, Clothes} {Shoes, Clothes}

{Shoes, Outerwear} {Shoes, Outerwear}

{Clothes, Foot wear}
{Clothes, Footwear)

B RS S W W

{Outerwear, Foot wear}

{Outerwear, Foot wear}

M990 4.7 M1319 L2

Bemset Suppaxt
{Hiking Boots, Clothes}
{Hiking Boots, Outer weax}
{Clothes, Footwear}

B B W W

{Outexrwear, Footwear}

MM 4.8 1319 Uk Li

Hemset

§
g

{Jacket})
{Hfiking Boots}
{Shoes}
{Clothes}
{Outerwear)
{Footwear)
{Hiking Boots, Clothes}
{Hiking Boots, Outerwear}
{Clothes, Footwear)

Bk R OB A W A W R W

{Outer wear, Footwear}
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Rule Suppart Conf
Hiking Boots --> Clothes 33% 100%
Hiking Boots --> Outerwear 313% 100%
Clothes--> Footwear 33% 50%
Outerwear --> Footwear 33% 66%
Clothes--> Hiking Boots 33% 50%
Outerwear --> Hiking Boots 33% 66%
Footwear -->Clothes 33% 50%
Footwear -->Outerwear 33% 50%
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