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In this Project, we present the process of system development with data mining technology. It
also highlights the case study on inventory management system to provide the rationale of the strategy
to reduce the total of inventory, while mainfaining the same level of probability that a particular
customer‘s demand will be satisfied, which the main objective of inventory management. Before
adopting data mining techniques, preliminary the process of data preparation, integration and
transformation by use tool of data warehouse and OLAP server to prepare data for process of analysis

by technique of data mining for the efficiently and reliability. In additional we present the description of
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ABSTRACT

result to bring knowledge from data to solve the specific problem efficiently.
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§o woan3iae Usziandoya A AuArY/N)
ITR_UnitCostAmt Money 8 N
ITR_ReceiverDate Datetime 8 Y
ITR_ShipDate Datetime 8 Y

3 o t o 1Y o o R
M9l 4.3 marudumnadniveImsnseangannueaduisudh(M Incoming QC)

¥o uoan3iiag Usznndoya AL flusiracyn
IRI_ID Nvarchar 30 N
po_no Nvarchar 50 Y
line_no Int 4 Y
Receipt_Date "Datetime 15 Y
Car_license Nvarchar 30 g
Tank_no Nvarchar 50 Y
Qty_inspected decimal 18,2 Y
Net_weight decimal 18,2 Y
Gross_weight decimal 18,2 Y
Sizel decimal 18,2 Y
Toxic_level decimal 18,2 Y
QC_Result nvarchar 80 . Y
Remark nvarchar 255 Y
’ QC_note nvarchar 255 Y
product_id nvarchar 80 Y
Required_Date datetime 15 Y
Receive gty decimal 18,2 Y
Lot_no nvarchar 255 Y
Itemid DG varchar 80 Y
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¥o uoan3iiag Usznndoya A214817 Wusrinm)
ID int 4 N
IRI_ID nvarchar 100 N
Defect_Type nvarchar 100 Y
QC_Value decimal 9 Y

' ] 14
M3 4.5 MINIWALBIAMSTITDTNGAY (POM)

¥o oan3iiad Yszandoya A214817 sy
POM_PurchOrderID nvarchar 20 N
POM__VendorID nvarchar 20 N
POM_PurchOrderDate [ datetime 8 N
POM_ShipName nvarchar 60 N
POM_ShipAddress nvarchar 100 Y

H O'I J - o, 1
M13137 4.6 Ms NI WazdANsFade IngAuLAazIIwmMs (POT)

o uoan3iae Uszinndoya AW AuA1NIY/N)
POI_PurchOrderID nvarchar 20 N
"POI_POLineNbr smallint 2 N
POI_LineltemValAmt money 8 N
POI_UnitMeasure nvarchar 20 N
POI_ItemNarr:e nvarchar 200 N
POI_ItemID nvarchar 50 N
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M99 4.7 msmwﬂﬂixmnwamswnmauqmmw (M_Defect)

$o uoan3iad Uszandoya A28 dusiaym
Defect_ID nvarchar 20 » N
Defect Name nvarchar 100 N
Std_Value nvarchar 100 N
Defect name_eng nvarchar 100 Y
std_value_id int 4 N

maf 4.8 msrudumnlFlumsSaswoimsnsnaougunneoaTngAu(M_Defect Value)

§o uoaAn3iag Uszandoya UL WU TIY/N)
Defect_Value ID int 4 N
Symbol char 10 N
Defect_Value_One decimal 9 N
Defect Value Two decimal 9 Y

Tagensouaasnnuduiuivedaznaisiesdae 8015 laszunsudagili 4.1
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MA . D
:m—:::':m. :ﬂﬁgg: ITR_ftemiD" |, <UNDEF> __POM
IMA Classification  <LINDEF> O] ITR_TransHbs <UNDEF> POM_PurchOrderlD  <UNDEF>
IMA_UnitMeasure  <UNDEF> ITR_TransQty SUNDEF> O~ POM_VendoriD <UNDEF>
|MA_PHOE <UNDEF» ITR_TI:HSQItQ SUNDEF> POM_PurchOrderDate <UNDEF>
IMA_OnHandD{y <UNDEF» ITR..TH"STVP'& <UNDEF> PDMT_ShIpNim! <UNDEF>
IMA-Welght <UNDEES> | ITR_Reasan <UNDEF> POM._ShipAddress <UNDEF>
IMA—PmdFam <UNDEF> ITR_OnHandQtyPrior <UNDEF>
IMA_ProdModal <LINDEF> ITR_UnHC_ustAmt <UNDEF>
IMA—MaxStodtDty <UNDEF» ITR_ReceiverDate <UNDéﬁF> y
IMA-_MinStockQty  <UNDEF> ITR_ShipDate <UNDEF>
IMA_SafetyStockQty <UNDEF»> ¢
IMA_MinDrdeity  <UNDEF> POl
opgirsiinivi i POLPurchOrderiD  <UNDEF>
= POI_POLineNbr <UNDEF»
POI_LineltemValAmt <UNDEF>»
POI_UnitMe asure <UNDEF>

FUOI_{temNamae <UNDEF>

i / PQI_ltemiD <UNDEF>
IRI_ID <UNDEF> 7
po_no <UNDEF> M_Incoming_QC_Detail
line_no <UN}DEF> 1D <UNDEF>
Reeeipt_Date <UNDEF> IRL_ID <UNDEF>» Prepare_Mining_Desc
Car_llognse <UNDEF> | O« Defect_Type <UNDEF> e D 0
Tank_no <UNDEF> QC_Value  <UNDEF» cal Nade\  LAZOD
Qty_inspected <UNDEF> CuI_DEsn LAZ00
Net_weight <UNDEF> Cul—D-fect Y s
Gross_welght  <UNDEF». ¢ _ X
Sizel <UNDEF> /O’cm_su_mq BT
Toxic_level <UNDEF>
OC_Rasult  <UNDEF> g /
Remaisk <UNDEF> M_Dafect
poduild  <UNDEFs Defest D <ONDEF> M_Defed Value
R,qu;,,‘d Date <UNDEF> Defect_Name <UNDEF>» Defect_Value_ID  <UNDEF>
Receive_qty  <UNDEF> Std_Value <UNDEF> |py O Symbol <UNDEF»
Lot no <UNDEF> Defect_name_eng <UNDEF> Defect_Value_One <UNDEF»
ltemid DG  ‘CUNDEF> std_vatue_id <UNDEF> Defect Value_Two <UNDEF>

:; =t a [V 4 v g)
2 4.1 8or$ laezunsy uaasnnuduiuivedazms lugudeya
) ~ an a4 P e
1.91nA1519 IMA 31 ueansiiia niasnun 1daens 1yt
IMA_ItemID, IMA_ItemName, IMA_Price, IMA_ OnHandQty

v 4
2. 91131 ITR # usansiig nidennldfede Uil

ITR ItemID, ITR_TransNbr, ITR_TransQty, ITR_PriorOnHandQty, ITR_transDate,

ITR_TransType

] 1 4
3. 91NA15 M_Incoming_QC i ean3tiag nidenu 1¥aane Uil
IRI_ID, po_no,line_no, QC_Result, Lot_no, Qty_inspected
. - | aa a4 Yo 1 ay
4. 910A1519 M_Incoming_QC_Detail § uoan3dan Nidonuildnene 11U
IRI_ID, Defect_Type, QC_Value

3
5. 91AA13 POM 1 ueansiiag ndonu 1daene Ui
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POM_PurchOrderID, POM_PurchOrderDate, POM_OrderValAmt
6. 9107319 POI il weaAn3 T Adeninldaene il

POI_PurchOrderID, POI_POLineNbr, POI_LineltemValAmt, POl ItemID
7.910M5°19 M_Defect i toan3ing idonunldaanelui

defect_id, defect_name
8. 91NA1519 M. Defect Value i uoan3sig nidonunl¥aasio i

4
A
Defect_Value_ID,Symbol,Defect_Value_One,Defect Value Two
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select po_no+':'+lot no, defect_type, qc_value,
'QC Result' = case
when ltrim(rtrim(symbol)) = '<' then
--'Less than'
case when qc_value < Defect_Value_One then
1

else

end
when Itrim(rtrim(symbol)) = ">' then
--'More than'
case when qc_value > Defect Value One then
1

else

end
when ltrim(rtrim(symbol)) = *=' then
--'Equal’
case when gc_value = Defect_Value_One then
1

else

- end

when ltrim(rtrim(symbol)) = 'Between' then
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-~'Between'
case when qc_value <Defect_Value One and gc_value < Defect_Value Two then
1

else

end

End, QC_Result
from m_incoming_qc, m_incoming_qc_detail, m_defect, poi, m_defect_value
where m_incoming_qe.iri_id = m_incoming_qc_detail.iri_id
and defect_id = defect_type
and poi_purchorderid = po_no
and poi_polinenbr = line_no
and std_value_id = Defect_Value ID
and poi_itemid = @ItemID

order by po_no, line_no, defect type

(-3 Q" & v L] i o) 4
NNYARIAT SQL sx¥eu Teamsaqudniweyai lddado nuimmzainidonly

de Y ) Ay v o o ) g . o o
nreBudnhamdeyain 1dugudnnuluaisia Prepare Mining Taosziiusnadniveana

' ] ] 1 3 & o a & o_ o o
wwziluluudas Lot Twdazioulvlathaves Lot Huiidusdedsfidesrialumsiiudoya
A 1a g o o ' @
wou v 1&lihu 60 touluuazifumadnivesmsnadeuvosay Lot #0 Tasiidnyas

o 2
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M13N1 4.9 A152 Prepare_Mining (hudoyanadnivoaisias Lot

#8 Column Usziamdoya ANV ey
Lot No nvarchar 160 Y
Defectl Int 4 Y
Defect2 Int 4 Y
...... Int 4 Y
....... Int 4 Y
Defect60 Int 4 Y
Test_result Nvarchar 30 Y

H ° o { 8/ ° [~ ' ' v
VNNl aawadwin 1491nm1594 Prepare. Mining WS muniiumanuinziiuveudas

A J J 1 § . L8] 1 o L}
Roulvilimanuiniuiisginmse lirumsnageugunmidumils vldldm e

mu Inseaanne Bdanisiean 4.10

3N 4.0 Mm3ni I lunisadraunsiaes Prepare Mining Probability

% Column Uszandoyn AT RTLREERING )
Citeria nvarchar 160 Y
Pass_Value int 4 Y
NoPass_Value int ’ 4 Y
Pass_Prob decimal 9 Y
NoPass_Prob decimal 9 Y

mafl 4.11 msni1Flumsitudeyanldaninmsyszunana training Prepare_Mining_Training

# Column Usziandeya AN dusrinymy
ItemID nvarchar 100 Y
Training_Date datetime 8 v
Criteria nvarchar 160 %
Pass_Value int 4 %
NoPass_Value int 4 %
Pass_Prob decimal 9 v
NoPass_Prob decimal 9 %
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2. fMida SQL dmSusrusdeyaeadauuudiasimeinsaldoyalagefondanms

YNNI

SELECT MonthNbr, round(avg(ITR_OnHandQtyPrior), 2) As MonthAverage,
round(avg(ITR_OnHandQtyPrior), 2) * round(avg(ITR_OnHandQtyPrior), 2),
MAX(TR_TransDate) As MonthLastDay FROM ITR,

(select ITR_ItemID, MAX(ITR_TransDate) As MonthLastDay, month(ITR_TransDate) As
MonthNbr, year(ITR_TransDate) As YearNbr

, max(ITR_TransNbr) As TransNbr

from itr

where ITR_ItemID = @ProductID

AND Year(ITR_TransDate) = 2004

Group By ITR_ItemID, month(ITR_TransDate), year(ITR_TransDate)) TransSummary
WHERE ITR_TransNbr = TransSummary.TransNbr

Group By YearNbr, MonthNbr, ITR_transNbr, TransSummary.ITR._ItemID

Order By YearNbr, MonthNbr

MINYARTI SQL sxFou Toamsnanqudnideyai ladadenummemuitouly

1 4
Y

#na 13 Tauru Stored Procedure h11¥ Tams1a Iniimu Tnseard e’y

M3 4.10 My lFlumsadranuuiasimsiinsizvideyad1omquy Time Series

#o Column Uszinndoya A sy
UnitNbr int 4 Y
Xcol int 4 Y
Ycol decimal 9 Y
XYCol decimal 9 Y
XSqr decimal 9 Y
LastDay datetime 8 Y

t 4
o @ A v a a °
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2.2 Time Series Data

o 3 A o . .
myded ldmdheemTondeyaiie1#lumsneinsaidromaiin Time Series

3. Select Technique
3.1 Classification Technique
a [ ) o ° ] '
wydsd ldamheemsnensaidoyannuuusiassmsuisnguussdoya
3.2 Time Series Technique

wyded ldamdheemsweins sideyadaunqud Time Series

M Import Data For Prepare Mining
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1 Classification Result . o -S-jgjn’-ﬂ
Result of Classification Mode!

Purchase Order ID ]mgmm vl
Purchase Order Line Number ]1 vl

020270031

PO Number | Li iltemID . |ltemName | QlyInspected Criteria | GC Value

»  03003/0031 1 0202/0031  ROAWHOA  FvsvvhodeA 2 [ivaevasndiu) 40.0000
03003/0031 1 0202/0031 ROAWHOA  #nmasvavhndeA 2000 [ra%n 4.6 mm.) 0.9000
03003/0031 1 0202/0031 ROAWHOA  $ramvavnndeA 2000 f#a%n 5.2 mm.) 1.8100
03003/0031 1 0202/0031 ROAWHOA  Frawvavnnimd 2000 [#17%n3.42 mm ] 7.0000
0300320031 1 020270031 ROAWHOA  Frvwrvavinnged 2000 [Wudrsnrmurnlasnd 0.4000
03003/0031 1 0202/0031 ROAWHOA  #vwnmvnmmA 2000 Wudvnnugmnnm 3.2000
03003/0031 1 0202/0031  RO4AWHOA  FramavhoduA 2000 LotNbe 12,4000
03003/0031 1 0202/0031 _ nowmm Fremvh muA 2000 Ve 8.0000

Qiiiﬂlllllllliliiﬁlll“ﬁllllll.lllllIllllllllllll“ﬂlllllllll
- Classification Prediction =+ ST et

RO4WHOA: #1333 nqua Pass Piobality 0.6083
ROAWHOA: #139130/41 nqnd No Pass Probality 0.0830

i
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' JtemiD | Month_No
|»  FDO4FR434D 4 2004 48 4727720
~ FDO4FR43A0 5 2004 36 57217200
FDO4FR43A0 & 2004 35
Prodct | [ ViewData | | roosrazag 7 2004 309 2721720
FDD4FR43A0 8 2004 456 8/31720(
Cancelied ' I:i“"mmnm a 2004 207 ’onn:!nsz
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