3 .
Hesmganamaluladmsaums pea,

(¥ L% A waa 4’ e G ad
m'swmmiziu*umﬂ‘nﬂzuumwaauuﬂauwaiﬂﬂ%msamuﬂmﬂ

q

Credit Scoring System using Neural Network

1o
a da daus ¢
qmm‘w WIANNaIAU

stiadse8161 46066326

d-'
2121587511

HEL.AS. ITNDY NI GILIAY

CRT LYY TJ]58;1'IZ éﬁiﬂ * a
et | WIINAOR
| "Hosayanamaluladmrsauna noa.”

sty umiiwesininsamswannszunam
nangasInenmansumtadia munvumalulagasaumne
madeui 2 Imsanw 2547
aazmaluTadmsaumne

ampumalulagwszoeundudnamnismanszl



4’ v Y o 9 4'4 va a A'l 9 a o ad
¥otiavo MsNAISZUUMS Iiazunuiooyladuwe lagldiisoainisn
Vnfnw UNAIFNIAN WadAndTa
c'ni = d
219138M1/3nm HALAT. AN NSYILIAY
SEHUMIANEN INNFEATUITUNAR v na lu Tadasaume
HUHIIB ANOINTAITAUNA
Unisdnmn 2547
o T
UNHAYD

TuTanveegsnodagiiuniinsuyduiuedege UTEMA1Y WeURITUAIUUNATIA
ad 2 o 0§ Y awv o o 1 AL luu‘:’lo Y aw o
wazATMsdesi lvusEndssauanudisurioguus uozamnmauiestuduil i ldusami
{ a 1 { = 4 T 3 é o]
Temanezifanqugndilinsan liatu 14 den1sldimaiinues Neural Network annsoudly
dy v b a o o 9 o 1 Y A o
PymitlaTaldlunmsInsizidnyazvesdoyauazdunnnqugndt iesvaan ey
Ya -ﬂ'
M3 dudevessuInsg
2 v @ A A A gy a Iy Y
Tasamistl ldvhnisfinuuagimunniesde meldgaolumsmszrvdnvazvesdoya
=Y v A wa a P o ¥ t Y o .. 9
uazAsamsIdazuuuiespiaduye Tanidoyanise 193gnA1u19i1 Data Mining Tauld
F=Y :ﬂ' v @ d 9/ o v  dd 9/ 9
INALAYDI Neural Network iNorm13duuuanuduiusyesdoya uazthwadwsn lduldlunis

Usziiiuani Wisaaanudsslums I udevsisuiars uazi 1¥nisinsanns Iazuuy

9

d‘ o a ﬁ'

[~{ (] =Y a a a -5
wosudaauwealu liledralidse@nsawunndsiiu

q



Title Credit Scoring System using Neural Network

Student Ms. Juthatip Pongtiprat
Advisor Asst, Prof. Dr. Worrapoj Kreesurade;j
Level of Study Master of Science in Information Technology
Major Information Science
Academic Year 2004
ABSTRACT

In the present, there is a high competition in business world. Many companies try to find out
the techniques and many methods in order to be number one and succeed in the market. Due to this
reason, many companies have many chances to have bad credit customer groups in their companies.
Neural Network technique can solve these problems by analyzing type of datas and classification
customer groups to reduce the risk of management,

This Project studies and develops system for credit scoring through the use of data mining by
using neural network in order to find relationship within the data. The result of such relationship will

be used to evaluate customer's credit effectively and reduce the risk of management.
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