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ABSTRACT

In the present time, mobile telecommunication fraud has become a massive problem.
Mobile operators have been defined various types of fraud like SIM card cloning. Fraudsters can
use services or network without intention to pay. The telecommunication companies lose a large
amount of revenue to fraud as opposed to bad debt. This report presents an analysis in mobile
fraud activity using data mining to prevent and identify fraudsters in the future.

This project develops an application for analyzing fraud in mobile telecommunication
services using data mining and back propagation neural networks. This application has benefits to
prevent and protect the customers who tend to be fraudsters and also very useful for the company

to efficiently achieve the goal.
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TRAIN_ANLS : .
COLUMN NAME DATA TYPE
subr_numb ' INTEGER
age INTEGER
subr_age INTEGER
salary INTEGER
crim_amnt INTEGER
chng_addr INTEGER
numb_in_due INTEGER
numb_over_due INTEGER
avrg_usag MONEY(12,2)
Fraud INTEGER
Aldmah W Snssimiiinimssa
FRALD_ANLS
COLUMN NAME ; ; DATA TYPE
subr_numb INTEGER
age INTEGER
subr_age INTEGER
salary INTEGER
crlm_amnt INTEGER
chng_addr INTEGER
numb_in_due INTEGER
numb_over_due INTEGER
avrg_usag MONEY(12,2)
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subr_numb subscriber number 6611111111
gnd

age subscriber’s age mqvmqﬂf’ﬁ (‘3u) 1136

subr_age subscription’s age sLozTIUMg Lﬂu@'ﬂﬁ’ 1 890
Fududdauimaci)

salary Salary RuiAou 25000

crlm_amnt Credit limit amount satulumsdusns 4000

chng_addr Number of change address ﬁmauﬂ%: alums Lﬂﬁuuﬁmj 0

numb_in_due Number of in due payment $1UUA %’ Tlumsdsenu 20
AT

numb_over due | Number of over due "ﬁTu’Juﬂ%’ Alumssiszinu 4

payment NuMruATSEZIR

avrg_usag Average usage il°’lu’3m3umfd;ﬂﬁcl°1’f’1ﬁﬂ‘li 1200
ADLADY

fraud fraud FazvsIgnATiTIMS 0

a [
wo3a Sdeyaitu 0 uaaa

2 ¥ Ay v
feanruzysagndin 1y
Nesa Sdeymiiin 1 uaas
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Ve (0 o, min’)]+ min
max ,- min,

Algorithm: Back propagation
Method:
1) Initialize all weights and biases in network.

2) While terminating condition is not satisfied {

3) For each training sample X in samples {
4) //Propagate the inputs forward:
5) For each hidden or output layer unit j {
6) Ij= zn:W,-joi +8; ; //compute the net input of unit j
1
)] Oj= D, :_ T ;- /lcompute the output of each unit j
8) For each unit j in the output layer
9) Err,= O,(1- 0,)T;- 0,)3/! compute the error
10) For each unit j in the hidden layers, form the last to the first
hidden layer
11) Err;=0;(1-0 j)ZErrijk ; //compute the error
12) For each weight W,.j in network {
13) AWy = (1)Err;0; //weight increment
14) AWy =Wy + AWy ; }//weight update
15) For each bias & in network {
16) A8 ; =()Err; ; //bias increment
17) AB; =0;+A0; } //bias update

18) 1
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Load Data Complete

! & o 3
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“§ Training Result
Training Result
Training Error [MSE)  0.001766309
Total Epoch 100
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? Training Result
Training Result
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Training Result
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