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Data Mining Application for a Travel Agency
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In a traveling agency business, knowing customer behaviors and their requirements is
one of the most important thing. For good analysis and strategic planning, they need to collect
data and build a data warehouse. After that, they can employ data mining techniques to predict
customer requirement trends, such as places to go. The knowledge from analysis can support for

the marketing process.
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5. Regression [Prediction]
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6. Deviation Detection [Predictive]
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ClusterNo | Gender Age QOccupation Income Activities Sourcelnfo
1 M A(0-30) | Student, A(0-10000), Adventure, Website
individual | B(10001-20000) | Camping
2 M,F A(0-30), | Student, A(0-10000), Camping, Website,
B(31-60) | individual, | B(10001-20000), | Sightseeing | Magazine,
Government | C(20001-30000) Tour Agency
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