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ABSTRACT

Presently, the data mining technics has applied to analyse customer behavior to react
appropriately and efficiently to customer demand. The purpose of project is to develop an
application program to analyse cause of churning in insurance business. C4.5 Algorithm, one of
the algorithms in Data Mining classification, was used in this project.

The classification tree and rule are the result of the application, can be used to analyse
cause of churning in insurance business and identify customer behaviour who will churn in order

to improve the marketing strategy for acquistion and retention customer to continue the service.
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16

—5/14><log2(5/14) (for rain)
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'
a0

Attribute outlook record NUA11U Attribute outlook Li‘_lumﬁ"himmfh %zqﬂﬁmuﬂiﬁ"lu
N subset A0 Sunny, Overcast 11AZ Rain AI8A1 weight WA 5/13, 3/13 uaz 5/13 A

' v
8101 W15 subset 1IN AT

Sunny 75 70 True Play 1
Sunny 80 90 True Don’t Play 1
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S v 9 @
decision tree 7119923 Ins9ar319dail
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outlook = overcast : Play (3.2)
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@avdu 5119 Leaf node u‘lumnmmqmaqammu 6 record $1UU error MARTU 1Y
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W Oracle Forme Runtime - [Data Mining Project} .f
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& Dracle Forms Runtime - [Data Mining Project]
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i Minimum datas i abranch: | 2 Set Default
g instances : 1000 Attribotes : 11 Peicentage Spiit : {‘-mw—"ﬁ
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A Oracle Forme Buntime - [Data Mining Project] . i
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M Oracle Forms Runtime

{Data Mining Project]

Tree ’ l Rule I Evaluate Model I Cancel Data

Eftelation : DATAINSURANCE -
EHNO_OF_CLAIM <=1 ?
CAH BHAND =~ AUDI : Active [5/1)]
R_BRAND = BENZ
R_BRAND = BMW : Active (5/2)
R_BRAND = FORD : Active (6/1)
R_BAAND = HONDA
E3CLAIM_AMT <= 3144.86
_YEAR <= 10
EMIUM <= 10000
UM_INSURED <= 190000 : Cancel {3/1)
UM_INSURED > 190000
E <= 34 : Active [10/1)
E> 34
EMIUM > 10000
|-SUM_INSURED <~ 310000 : Cancel {2/0)
BFSUM_INSURED > 310000
_YEAR > 10 Active (8/2)
LCLAIM_AMT > 3144.86 : Active (22/0)
HCAR_BRAND = HYUNDAI : Active (101} i
£}CAR_BRAND = ISUZU
E <= 32 Active (3/1)
£> 32
HCAR_BRAND = MAZDA : Active (11/5)
E}CAR_BRAND = MITSUBISHL

EMIUM <= 13000
¢ gngC_PERC <= 15: Active (1771}
i ISC_PERC > 1§
i i UN_INSURED <= 190000 : Cancel [8/3] i
i SUM_INSURED > 130000 : Active (14/3) M',;
| 2l W i Co g b SRS T TN £ % ]
I : :
Ji {
; § Evaluate Save ? Exit §
{ b |
L
f

|

ooy el B £ 3 U BN ¥ R 4.8 |
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W Oracle Forms Runtime - [Data Mining Project]

PreparsData |  Tres I Rule Ml Evaluste Model | Cancaiome_ |

i Active

Active

|54 NO_GF_CLAIM > 1 AND SUM_INSURED > 540000 AND PREMIUM <= 26000 AND CAR_BRAND = 15UZU" Active
{85 NO_OF_CLAIM > TAND SUM_INSURED > 540000 AND PREMIUM <~ D CAR_BRAND = ‘MITSUBISHI® Cancel
|56 NO_GF_CLAIM > 1 AND SUM_INSURED > 540000 AND PREMIUM <= 26000 AND CAR_BRAND = NISSAN' Active
57 NO_OF _CLAIM > TAND SUM_INSURED > 540000 AND PREMIUM <= 26000 AND CAR_BRAND = TOYOTA' Active
58 NO_OF_CLAIM > 1AND SUM_INSURED > 540000 AND PREMIUM <= 26000 AND CAH_BRAND = VOLKSWAGEN" Cancel
88 NO_OF_CLAIM > 1 AND SUM_INSURED > 540000 AND PREMIUM <~ 26000 AND CAR_BRAND = VOLVO" Active
780 WO_OF _CLAIM <='TAND CAR_BRAND = TSUZLi" AND AGE > 32 AND SUM_INSURED <= 740000 AND CAH_YEAR > 11 Active
61 NO_DF_CUAIM <= 1 AND CAR_BRAND = ‘MITSUBISHI* AND PREMIUM <= 13000 AND DISC_PERC > 15 AND SUM_INSURED ¢| Cancel

Tﬁﬁfmu <=1 AND CAR_BRAND = ‘TOYDTA® AND PREMIUM > 11000 AND CAR_YEAR > 5 AND CLAIM_AMT > 5850
“ﬁmmﬁmwmmﬁﬁwmwmmmmm "'ﬁ‘n“ﬁj
i A NO_GF_CLAIM > AND SUM_INSURED <='540000 AND CAR_BRAND = ‘HONDA' AND AGE <= 40 AND PRENIUN > 11800 | Active
72 NO_OF _CLAIM > 1"AND SUM_INSURED <= 540000 AND CAR_BRAND = HONDA® AND AGE > 40 AND PREMIUM <= 10000 [ Adtve
[ [NO_OF_CLAIM > 1 AND SUM_INSURED <= 540000 AND CAR_BRAND = HONDA® AND AGE > 40 AND PREMIUM > 10008~ | “Active ‘:J

Evaluate § Save ] : Exit |

3
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Tagnnugndeavesszuvaunsasiuam ldnn
Accuracy = Sensitive x (pos/(pos + neg)) + Specificity x (neg/(pos + neg)
Tag Sensitive =t _pos/pos
Specificity =t _neg/neg
o Y] o VoA ' . ~ ° ' ) ]
T pos umusmudeyadiotnanedlungu Positive Nausniiongu ldgndos
Pos  unusmudeyadletisioglungu Positive
t neg  unuswudeyadlodiafioglungu Negative Nawnsashnengulagndoa

neg  unuiwudoyadiedieioglungu Negative
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A% facke Forns Runtime - [Dats Mining Project]

(a) Fle Window x

Prepars Data E T ’ Rule A ]:rg‘:aluau Mod:nl

Fvaluate on Training Data

Training Data : DATAINSURANCE
Number of attribute : 11

Number of data : 800 records
Accuracy of Mcdel ~ 87.25%

Ewvaluate on Testing Data

Testing Data : DATAINSURANCE
Number of attribute : 11
Number of data : 200 records
Accuracy of Model = 85.10%
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Tree | Rue  |[Evaluate Model ||

Evaluate on Training Data

Training Data : DATAINSURANCE
Number of attribute - 11

Number of data : 800 records
Accuracy of Model = 87.25%

Evaluate on Testing Data

Testing Data : DATAINSURANCE
Number of attribute : 11
Number of data : 200 records
Accuracy of Model = 85.10%
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