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Nowadays, there are varied kinds of doing business via internet. Because there is intense
competition, each of the websites has to develop their strategies for attracting customers. One of
the strategies is to realize and understand customers and plan strategies for doing business that
meets customers’ requirements. The purpose of developing the project is clustering customers
into similar groups and offer appropriate promotion to customers.

technique is used for categorizing, which its results can give us not only more understanding of
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customers’ requirements but also an opportunity to set out market aims more distinct.
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FOR i = 1 TO NumberOfObjects
Mindistance = Distance(X][i],O_prototypes{1]) + gamma* Sigma(X[i],C_prototypes[1])
FOR j =1 TO NumberOfClusters
distance = Distance(X[i],O_prototypes[j]) + gamma* Sigma(X[i],C_prototypeslj])

IF (distance < Mindistance)
Mindistance = distance
cluster = j

ENDIF

ENDFOR
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Clustership[i] = cluster
ClusterCount[cluster] + 1
FOR j = 1 TO NumberOfNumericAttributes
SumInCluster{cluster,j] + X]i,j]
O_prototypes|cluster,j] = SumiInCluster[cluster,j)/
ClusterCount[cluster]
ENDFOR

FOR j =1 TO NumberOf CategoricAttributes
FrequencylInCluster[cluster,j,X[i,i]] + 1
C_prototypesjcluster,j] = HighestFreq
(FrequencyinCluster,cluster,j)

ENDFOR

ENDFOR

317 3.2 uaaadaneSAiuveenTzuUMT initial allocate

7Moves =0

FORi=1 TO NumberOfObjects

E:I'o find the cluster whose prototype is the nearest to
object i. Same as Figure 2)

IF (Clustershipli] <> cluster)
moves + 1
oldcluster = Clustershipl[i]
Clustership[i] = cluster
ClusterCount[cluster] + 1
ClusterCount[oldcluster] -1
FOR j =1 TO NumberOfNumericAttributes
SuminCluster{cluster,j] + X[i,j]
SuninCluster[oldcluster,j] - X[l,j]
O_prototypes]cluster,j] = SuminCluster[clusterj] /
ClusterCount[cluster]
O_prototypes[oldciuster,j] = SumInCluster {oldcluster,j] / ClusterCount[oldcluster]
ENDFOR
FOR j = 1 TO NumberOfCategoricAttributes
FrequencyinCluster[cluster,j,X[i,j]] + 1
FrequencylInCluster{oldcluster,j,X[i,j]] - 1
C_prototypes[cluster,j] = HighestFreq(cluster,j)
C_prototypes[oldcluster,j] = HighestFreqg(oldcluster,j)
ENDFOR
ENDIF
ENDFOR
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M99 3.1 uaaeriavesdoyanoziini ludls

Attributes Type
Age Numeric
Gender Categorical
Province Categorical

M1 3.2 nansteyanvzimmi luile

Age Gender Province
16 Female Central
28 Female Bangkok
22 Male North
13 Male Central
32 Female Bangkok
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24 Male North
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30 Female Bangkok
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Age Gender Province
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28 Female Bangkok
22 Male North
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Object qagudnaevesnguii 1
28 16
Female Female
Bangkok Central
Cost function = (28 —16)” +0.4(0)+0.2(1)
=144+0+0.2
=144.2

o fSvuisuniungui 2

M3199 3.8 iaaamsulSuuifioy object MgAgUINaTIYBINGNA 2

Object : Qﬁquﬁnnnmmnéuﬁ,z»
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Age Gender Province
16 Female Central
22 Male North
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