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ABSTRACT

As highly business competitive era, many methods have been used to
analyze information in order to make the business decision. Data mining is a method used to
manage database by using CLARANS algorithm.

In this project, managed about Database segmentation by CLARANS algorithm. This
method can be used with large database by separating data into cluster which will be easy to use

in term of analyze the whole market or make customer relationship management.
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Set mincost to a large number;
Repeat g times
Create S by drawing s objects randomly from D;
Generate the set of medoids M from S by applying
the PAM algorithm;
If Cost(M, D) <mincost
Then
mincost = Cost(M, D);
bestset = C;
End-if;
End-repeat;

Return bestset;

1 3.1 msiheamyesdanesiiy CLARA

i{issnndanesiucLARAT UL ITAsduId w1 1Fu)se@nEniwuoents Database

. 4 o 1w 1 [ oo
Segmentation ﬁ\l'ﬂuﬂlﬁlu'lﬂ“]ﬂ\’ﬂf!“ﬂ']ﬂﬂ’]\uﬂu’d'lﬂig

v  as VR T, & Y 1
3.3 dano3NuluNITANLINgNUBYAUHNHGIUVRIM TAUNULU
33.1 dane3niu CLARANS
6’ 1 o [} at o 1 J a [] (- o o a AR
ngquiledraiiimsguinufivualng ldfsane lumsianuvesdansiny
CLARANZY Usz@nTninunadanesiiu CLARA flaziiauld lifin udedralsfa
a a o 1 1 o ' ] a { 4 n,:
YseAnsamfee hindnquiesniivuialnguinuuiuly Tasmwizd medoid AaNgatiu
hl llll 9 ] @ 1 d' o 1 é’ d' 9 o a A [
Wldegnelunguiietieiihmsguium minfidesmsinuysz@ngamuesnuentiuas
o 1 t 4 ] o o a o
Fosmsnszhldeglugivesrunisszoznadeseuiin Sane3fin CLARANS Suiludn
A 4 &
mMadenniladiuin
CLARANS (Clustering Large Applications based on RANdomized Search) E)gﬂu; SIETLN
n520UM3 114NN medoid 0BNNISIUIU k medoid Taolunrsmsenuisinns v lunsiv

LY

o ' d o o 4 19 v
fludnz InunszgauaasTasnguussseuidnd o k seuida lasTnuaresinuafieglndniu

] t 4
ot

v ' d a 4 A LA v v oo d oA Ay v
mQﬂlwﬂﬂ’JWHﬂﬂﬂ‘NTﬂUﬂ@‘Uﬁ)ﬂlWEN?)S'UL%ﬂ 19 medoid NUNNHANNU uulﬂuﬁﬂ‘}’llw‘ﬂﬂ?‘l



14

]
= L]

lundaz Inuafidiegluns v Tnuafieglndifivs kied) msrzhinuaszudasiemssandy

]
<

F2081D49 k medoid Tuunas Tnuafiiidnyazidu@eaiu Tun15vi Database Segmentation 71
'l 1BuasiiUsz@nSameuisadaldlaslde Cost function
unuiesdns 1nagnilunsfunisdisaziBen CLARANS sziinisdumniuuui
1 v 4 a ' {
(3031 serial randomized search WUAA® CLARANS wzi3u9inmisguidoninualaqiieg
o 1 A o 1 Y et o g = P Y
molunsuagimsquiden Inuafieg IndifvafuduindnnisTnua Taodia Cost vos
4 : J 1 4 )
Tnualndifesiignideniumniisfosnii Inuaiidensglunounsn CLARANS szidenld
a a4 ° & Y a ' E1 A °
Tnuaiioglndifssiiununazezinmsiden Tnualndifiva Tnuaden lauu tiessrims
¥ L ) v
aSuifion1UiSosq fafu CLARANS seimsidonguInualnd@veliiSoon sunseviald
Tnuafinelauda niesniimsdmuadesmuiivinfigaves Inuandesnishezasiedey
Y1 ' Y A Y e ' .. A a o =
10113reu Ao Tnuaildgniden 1Az linisssyiuidu local minimum iWen1snanidosds
a ' o da { ° o’: '
Fofanaiadieg lunisnmadwinanga CLARANS sziieuluduasuaieg lumsdum
v ¥ + ] ) t 4
local minimum $19nATI9IA InuansuTuAURd e uBen lemsfinuatisdmaunss
1Y) g Y J oo o a A 43 n’: A 9 d . 9
movdsnniuTnuadus Cost Adngaignidondunniufie lIuilu Clustering  ganiu
Tae1¥ maxneighbor iWudmununiigavesInuafieglndifsaiierhnisasivasy uasld
& e -4 { o a o
numlocal 11181171984 local minima #14 S10azBuavesdanesiiu CLARANS 9siaadna

31N 3.2

Set mincost to a large number;
Fori=1 to numlocal do ,
Randomly select a node as the current node C in the graph;
Initialize j to 1;
Repeat
Randomly select a neighbor N of C;
If Cost(lV, D) < Cost(C, D) Then
Assign N as the current node C;
Resetjto 1;
Else increment j by 1;
End-if;

Until j > maxneighbor;



15

If Cost(C, D) < mincost Then
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