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ABSTRACT

Time Series Forecasting is to present data gathered consistently from the past to predict a
tendency of data in the future. The stock price is the time series data with the movement of the
non-linear data. Forecasting stock price to help make the decision to invest in purchasing and
selling the stock can be made in many ways. The forecasting will have to be appropriate for the
stock price. One of the efficient methods is to use An Artificial Neural Network together with
Hybrid multi-component nonlinear system to predict and recommend whether the purchasing and
selling the stock should be made or not. Furthermore, it can be able to decrease a risk and to

obtain the most worthwhile return from the investment.
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