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ABSTRACT

This thesis is a part of Feature Clustering on Neural Network. The application use back-
propagation neural network. From the concept that back-propagation neural network has many
features und these may carrelaie wgeether. or not, Then in the development we will cluster some
features together and use them as mput of network and wrain network. After that we use trained
network’s weights 1o cluster teatures, We will called it as *Cluster Neural Network ™, Finally we

compare perfornmiance of “Cluster Neural Network™ with “*Back-propagation Nevral Network™,
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